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KAKETTI KACUETTEPI BAP DKCTPYJIAHTTAPABI ATTY MAKCATBIHIA
MOJUAMUJ (ITA) KACUETTEPIH 3EPTTEY

Ceneobaun I'., bopanobaesa I.
X./locmyxameoos amvinoazvl Amvipay yHueepcumemi
e-mail: gulnaz.senebai@mail.ru_,_gulayna.boranbaevaO2@mail.ru

AHaarTna

Makanana mojauamMua HEri3iHAeri 3KCTPYAAHTTapIblH (PU3MKA-XUMUSIIBIK >KOHE KYPBUIBIMIIBIK
KacCHeTTepiHe IKCTPY3HUs MapaMeTpiepiHiH acepi 3epTTenreH. JKypriziren Toxipudenep HOTUKECIHIE
TEeMIIEpaTypa, KbIChIM, OypaHIa >KbULIaMJBIFbl OHE KOCHIMIIA MOIH(HKAaTOpIapbiH (TJIHIIEPHH,
Si0, Tanpk) yieci MaTepHaNIbIH MEXaHHKAJIbIK OEpIKTIriHe, WUITIMTITIHE KOHE TEPMHSIIBIK
TYPaKThUIBIFbIHA aWTapIIbIKTall BIKMAT €TeTiHI aHbIKTaNIbl. ONTHUMAaNAbl TEXHOJIOTUSIIBIK XKaFaaniap
petinge temneparypa — 220-230 °C, kpickiM — 60 6ap, Oypanaa xbutgamabirsl — 40-50 aita/muH, an
wiactudukaTop peTiHae rauuepual 5—7/% kenemiHAe KOJJIaHy YCHIHBUIAAbL. AJIBIHFAH HOTHXKEIEp
NOJIMAMHUJ] SKCTPYAAHTTAPBIHBIH CarachlH OacKapyFa FBUIBIMH HeETi3 00Ja OTBIPBIN, OJAPAbIH
OHEPKACIITIK jkKoHEe (hapMalleBTUKAIIBIK callajap/a KOJIJaHbLTy MYMKIH/ITIH KeHEUTe/I.

Tyiiin ce3aep: mnoauaMua, SKCTPY3Us, MEXAaHUKAIBIK KACHETTEP, TCPMUSIIBIK TYPAKTBUIBIK,
MoaudukaTop.

Kipicrie. Kazipri 3aManfpl FBUIBIM MEH TEXHHKA JAMYBIHBIH MaHBI3IbI OAFBITTAPBIHBIH Oipi —
MOJIMMEPIIIK MaTepuajap OHAIPICIH KETUAipy. Ocipece, >KOFapbl OEpiKTIK IMeH CEeHIMILUIIK Tajam
erinetin canamapaa nonuamuarep (ITA) keHiHeH KoJJaHbIC TamkaH. byn marepuanmap e3iHiH
MOJIEKYJIaNbIK KYPBUIBIMBIHAAFBl aMUATIK OalIaHbICTApJbIH apKachlHIA JKOFapbl MEXaHUKAaJBIK
OCpIKTIKKe, TO3yFa JKOHE TEPMHUSIIBIK ocepiepre TO3IMAUITIMEH, COHJAi-aK XHUMHUSIIBIK
UHEpTTUIIriMeH epekuieneHeni. [lonuamMun HeriziHAe ajblHFaH 3KCTPYJaHTTap TOKbIMa OHJIPICIHIE,
MallliHa JKacay CajachblHJa, TaFraM XoHe (DapMaleBTUKAIBIK OHEPKICINTE KOJJIAHBIC Taba OTBIPHIII,
MaTepUalITaHy IbIH 3aMaHayH JKETICTIKTEpiH HAKThl OHIIPICTIK MiHACTTepAl miemyre OarbiTTayaa[l],
[2].

JlerenMeH, MOTMAMHUATEPMAIH KacHeTTepi TeK OJapIblH OacTamKbl XUMUSIIBIK KYPBUTBIMBIMEH
FaHa aHbIKTaNIMalAbl. OKCTPy3Us NPOLECIHIH TeMIepaTypaiblK pPEKUMIEP], KbICHIM JEHTell,
KOCBhIMIIIa MOAU(UKATOpIap MeH IutacTU(UKATOpIapAbIH Yieci MaTepHallIblH COHFbI KacHeTTepiH
aiitapabikTail e3repreni. ConabikTaH IIA HerisiHaeri SKCTpyJaHTTapAbl >koOajayjga TEK ILIMKI3aT
camachlH FaHa €MeC, COHBIMEH KaTap OHJIPICTIK-TEXHOJOTHUSIIBIK MapamMeTpiepAl FhUIBIMU TYPFBIIAH
Heri3/iey aca MaHbI3bl. bys1 GarbITTarsl 3epTTeysep Oip JKaFbIHAH TCOPUSIIBIK MOHTE He 00Jica, eKiHIIi
JKaFbIHAH TPAKTHKANBIK TYPFhIIaH HWHHOBAIMSUIBIK MaTepHalijap >KacaydblH ©3eKTI MoceJelepiH
HIenryre MyMKIHAIK Oepei.

3epTTey JKYMBICHIHBIH MAaKCaThl — OKCTPY3HMsl OJiCi apKbUIbl KaKeTTi KacuerTepi Oap
AKCTPYIAHTTAPAbl ATy YIIIH MOJUAMUATIH (U3NKA-XUMMSUIBIK *KOHE KYPBUIBIMJIBIK €peKIIeTIKTepiH
KEIIEeH 1 Typ/e 3epaeney.

Ochl MaKcaTKa COMKeC KeJieci MiHAeTTep KOWBUI/IB:

1. TonmuaMuATIH KYPBUIBIMIBIK-MOP(OIOTUSIIBIK CUIIATTaMaapbIH TANIAY;

2. DKCTpy3Hs TPOIECIHACTI TeMIepaTypa MEH KBICBIMHBIH MaTepHall KaCHETTepiHEe BIKITABIH
aHBIKTAY;

3. KoceiMima MoaudukaTopiap MeH IUIACTH(QHUKATOPIAPABIH MOJUAMHI SKCTPYAAHTTAPbIHBIH
camaJbIK CUIaTTaMasapbiH JKeTIAipyAeri peliH alKbIHAAY,

4. DKCTpy3Wsl apaMeTpliepiH OHTAMIaHABIPY apKbUIBI KOKETTI KaCHETTepre he dKCTPYAAHTTap
amy >KOJIIapblH YCHIHY.

[Mommamuarep anram per XX FachIpJbIH OpPTAachlHAA CHHTE3JCNIN, Ka3ipri TaHda OJEeMIIK
NOJIMUMEp OHJIPICIHIE CTPATErHsUIbIK MaHbI3bl Oap Marepuangap KarapblHa eHni. OmapiablH imiHzae
nonuamua-6 (I[TA-6) »xone mommamua-6,6 (ITA-6,6) KeHiHEH KONIAHBUIATBIH TYpJiepi OOJIBII
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TaObuTaAbl. OAeOu nepekTepae kepcerirenaeu [2, 4], sKCTpy3us >KargaiyiapblH JYPHIC TaHAAy
MOJMAMUATEPAIH KPUCTANIBIK KYPBUIBIMBIHA, MEXaHUKAIBIK OCPIKTIrT MEH CepHIMALIIK KacCHeTTepiHe
Tikeae ocep eremi. Kasakcramaplk — 3eprreymiiiepain  eHOekrepinme  [6]  MuHepammbl
TONTBHIPFBIIITAPABIH  KOCBUTYBl IOJIMAMHJI HETI3IHIEriT MaTepualgapIblH MEXaHHKAJbIK >KOHE
TEPMUSUIBIK TYPaKTBIIBIFBIH apTThIpyFa MYMKIiHAIK Oeperini monenaenred. ConbimMen karap, Abdul
Khalil >xone opintectepinin [3] 3eprreynepiHie NONMMAMHI KOMIO3UIHMSIIBIK JKYHEIEpiHiH
(bapMalieBTHKAIIBIK KAICyjla OHAipiCiHae KOJIaHy MyMKIHIIKTepi FRUILIMK TYPFBIAaH Herizaenarex [4],
[9].
Marepuanmap MeH 3epTTey d11icTepl. 3epTTey KYMBICHI OipHEIIe o3apa 0alIaHbICTBI KE3ECHIEPIe
JKY3€ere achIpbUIIbI, OJIAp/IbIH dpKanchIchl monmaMuATiH ([TA) sKCTpy3UsUIBIK OHICYACT KACHETTEePiH
KeleH i Oaramayra OarbpITTAJIIBL.
Herisri momumep peTiHie OHEPKACINTIK KoaHyAa KeH Tapanrad nmonmamua-6 (ITA-6) tannan
aJIBIHJIBL. ByJ1 TaHay OHBIH MOJIEKYJIaIbIK KYPBUIBIMBIHBIH TYPAKTBUIBIFbl MEH KOFapbl MEXaHUKAJIbIK
cumarTamajapbina Herizaensi. KocsiMIza KOMIIOHEHTTEp peTiHAe eKi TYpili ()yHKIMOHAIIbI TOTAFbI
acTu(uKaTopiaap — [NIMLUEPUH JKOHE TMOJMATWICHITIMKONb eHri3uigi. OnapislH MakcaTbl —
MaTepHaJIBIH MUITIIITITIH apTThIPY *KOHE CHIHFBIITHIFBIH ToMeHAeTy. COHBIMEH KaTap, MHHEPaJIbI
TONTBHIPFBIIITAD (KPEMHHUI JUOKCH[I, TallbK) MaiganaHbUIAbl. ByJl TONTBIPFBIITAPIBIH CHTI31yi
MOJIMAMHJ] MATPHLIACBIHBIH MOPQOJOTHICHIH ©3repTy apKbUIBI OHBIH OEpIKTIK JKOHE TEPMUSUIBIK
KAaCHUETTEPIH KaKcapTyFa MYMKIHAIK Oepi.

3epTTey JKYMBICHI 3€pTXaHAJIBIK ACHIEWe EKIINIHEeKTI SKCTPYyAEpAe KYprizinmi. DKCTpy3us
napaMeTpiiepiH TaHJay Ke3iHJAe XaJlbIKapalblK ToXipuOenepre cyieHe OTBIPbIN, TeMIepaTypasiblK
muamazoH 210-260 °C  apaneireiHga Oenrinennai. bynm apanbikTa TOMMaMUATIH - OalKBIMAIIBIK
TYTKBIPJIBIFBl ~ AlTapibIKTall ©3repicke  YIIBIpalbl, COHABIKTAH MAaTePUAIJbIH  KYPbUIBIMJIBIK
KacueTTepin 0ackapy MYMKIHIIT apTaabl. DKCTpy3us nporecinaeri KpicbiM 40-80 Gap apanbiFbiHIa
ycraniel, Oya MarepuasniblH OIpKeNKlI ThIFbI3JATYbIlH KaMmTaMmachl3 eTyre OarbITTanabl. bypanna
xbutnamabirel 4060 aiiH/MUH apayibIFbIHA ©3TePTLUIII, MOJIUMEP OAJKBIMACHIHBIH JTHUCICPCHSIIBIK
KaO11eTi MEH TOMOT€HILTITT OaKbLUIAH/IBI.

[TonmmamMu OSKCTPYJAHTTApBIHBIH camajblK CcUNaTTaMaiapbl  Oipkatap (u3HKa-XUMHAIIBIK,
MEXaHUKAJIBIK 5K9HE MOP(OJIOTUSIBIK 9/1iCTEP apKbUIbI KeIIeH 11 OaraaH/Ibl:

- DOU3MKA-XUMHSJIBIK Tajaay. YJTUIEepAiH XUMHSUIBIK KYPBUIBIMBI MEH (yHKIIHOHAJIBIK
TONTAPbIHBIH ~ TYPaKTBUIBIFBIH ~ Oaranmay MakcateiHma uH(pakeibul — cnektpockonus  (FTIR)
kommanbuiael. CoHbIMEH Katap, auddepenimanasl ckanupieynn kamopumerpus (DSC) apkbuibi
NOJIMaMHU/J] MaTPULIACBIHBIH KPUCTAJIAaHY A9PEKEC] )KOHE TEPMUSIIBIK TYPAKTHUIBIFbI aHBIKTAJIJIBI.

- MexaHuKaJBbIK ChIHAKTApP. DKCTPYIaHTTapblH OEpIKTIK cunaTraMmaiapbl omOedan chlHAK
MalllMHalapbIHIa enmeHai. Herisri kepceTkimTep peTiHAe CO3bLIy OEpiKTiri, CepmiMALIiK MOy
JKOHE CBIHYFa JICHIHTI CaNBICTBIPMAJIBI y3apy aiblHAbl. bysr mapamerprep MaTepuanablH MaiganaHy
KAaCHUEeTTEpiH KelleH Al Oaramayra MyMKiHaik Oepai [6],[7].

- Mopdosiorusiibik 3eprrey. DKCTPYJIAHTTapAblH 1K1 KYPBUIBIMBIH TajAay 3JIEKTPOHABIK
CKaHUPJIEyIllT MHUKPOCKONHUS OMICIMEH J>KY3€re achIpbULIBL. Byl omic TONTBIPFBIN O6JIIeKTepiHiH
MaTpuIaga Tapary OIpKENKITITiH, COHAa-aK MUKPOXKAphIKTap MEH KYPBUIBIMIBIK aKayJapAblH Oap-
JKOFBIH aHBIKTayFa MYMKIH/IK Oepi.

Kyprizinren omicTeMenik KelleH MNOJUaMUJA SKCTPYJAHTTApbIHBIH KAaCHUETTepPIH KOIKbIPIIbI
TYPFbIIaH KapacTbIpyFa MYMKIHAIK Oepin, TEXHOJOTHSUIBIK MapaMeTpiepAiH MaTepuai carachlHa
9CepiH TOJNBIK CUTIATTayFa xKarmai kacaasr [11],[12].

Hotwxenep meH tankpuiaynap. JKyprisuireH 3epTTey HOTHDKENepl NOJIMAaMUJ HeTi3iHJeri
OKCTPYNAHTTAPIBIH KaCHETTEPi TEXHOJOTHSUT BIK MapaMeTpiiepre — TEMIEPaTyPajIblK PEKUM, KBICHIM,
OypaH/a KbUIIaMABIFbI )KOHE KOChIMIIIAa MOAN(UKATOPIIAPIbIH TYPl MEH MOJIIIepiHe — TiKenel Tayenai
eKEeHJIrH aHbIK KepceTTi. Opbip (akTop MaTrepHalblH  KYPbUIBIMIBIK-MOP(HOIOTUSIIBIK
epeKIIeNiKTepiHe, MEXaHUKAJIBIK OCpIKTIriHE XKOHE TEPMUSUIBIK TYPAKThUIBIFBIHA ©31HAIK BIKIA €TTi.

DKCTPY3Hs MPOIECIHE TEMITEpaTypabIK IUAINa30H ISy MOHTE W€ €KEHJIIT alKbIHIAJIbI.
210-230 °C apanbIfblHIA aJbIHFAH YATUIEPAIH KYPBUIBIMBI CAJIBICTBIPMANbl TypAe Oipkenki OoJbl,
OJIapJiblH MEXaHMKaJblK CUIaTTaMallapbl JKOFapbl JeHreiae caxkrtanabl. by karmaliza co3bury
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OepikTiri opra ecenmnen 68—72 Mlla apanbirsinaa Tipkenai. byn kepcerkimrep [TA Ti30ekTepiHiH
OHTAIIbI OaFBITTATYBIMEH KOHE KPUCTAIIaHy AOPEKECIHIH TEHrepiMIUTIriMEeH TYCIHIIpiae .

Kecte 1 — DkcTpy3us napameTpliepiHiH NOJIHMAMU SKCTPYIaHTTAPBIHBIH KaCHETTEepiHe acepi

Ne | Ikerpysus | Kocbimina Cosbury | Cepnimainn | Coinyr | Tepmusiabt | Mopdosiorusii
napamerpJje | Mmoaupukar | OepikTir | ik moayJ, | a K BIK epeKuIesiK
pi op i, MIIa | I'Tla JeHiHI | TYPaKThLI

i bIK (AT,
yapy, | °C)
%

1 | T =210 °C, | Xok 68 2,5 120 — KypbuibiMbI
P =40 6ap, n Oipkenki, 0Oipak
= 40 KybICTap 0ap
aitn/mMuH

2 | T =230 °C, | KXok 72 2,8 135 — Mopdodosorusicet
P =60 6ap, n TBIFbI3, KybICTap
= 50 a3
aitH/MuH

3 | T =250 °C, | KXok 55-58 2,6 100 — MuxkpoxapbIKTa
P =80 6ap, n p maiina GonraH
= 60
aitn/mMuH

4 |'T =225 °C, | I'nuuepun 70 2,7 185 — Kypbuisim
P =60 6ap, n | (5%) OipTeKTi,
= 40 OarpITTAITYBI
aitH/MuH YKOFapbl

5 | T =225 °C, | SiO: (5%) 71 2,9 140 +15 TonTteipFbii
P =60 6ap, n OipKernki
= 40 JTUCTIEpCUsIaHFa
aitH/MuH H

6 | T =225 °C, | Tanbk (5%) | 70 2,8 138 +20 Kypbuisim
P =60 6ap, n HEBIFaliraH,
= 40 KyBICTap
altH/MUuH azaiiraH

(Eckeprty: kecTe aBTOP/bIH 3€pTTEy OapbIChIH/Ia KYPACThIPbUIFaH)

Temnepatypa 250 °C-taH >XoFapbl KeTEpUIr€HIe MaTepuaiiblH OepiKTIK CHUIMlaTTaMalaphbl
adtapibikTaii Temenaedi (55-58 MIla). byn KyObuIbIC TIOMAaMUT MOJIEKYJAIBIK Ti30€KTEpIHIH
lIIiHapa TEePMUSUIBIK JECTPYKIUSFa YIIbIpAaybIMEH, CYTEKTIK OaiaHbICTapIblH JIcipeyiMeH KoHE
MaKpOMOJIEKYJIaJIapIbIH  Y3bIHIBIFBIHBIH KBICKAapybIMeH OaimaneicThl. COHBIMEH KaTap, JKOFaphl
TeMIeparypaja eHJeNreH yariiepae 0eTki KabaTTarbl TYCIHIH CapFarobl )KoHEe KYPbUIBIMHBIH O1pTEKTi
emectiri Oaiikannel [3]. byn dakT skcTpy3ust ke3iHze TemrepaTypaliblK PeKUMIl 197 OakbUIaydblH
MaHbI3IbUIBIFbIH JTOJNICNICH I
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DKCTpy3usa NapameTpepiHiH NoMamMug 3KCTpyAaHTTapbiHbIH KacueTTepiHe acepi

Co3biny 6epikTiri (MMNa)

180 CbiHyFa feitiHri y3apy (%)

160 [

KepceTkiwTep
= =
N »
o o

=
o
o

3KCnepuMeHT Xafaalnapsl

Cyper 1.OkcTpy3uss mapameTpiiepiHiH TOJHMAMH]l SKCTPYIaHTTApBIHBIH KacHEeTTepiHe ocepi

OKCeTpy3us KbICBIMBI MEH OypaHja *bUIIAMBIFEI J]a MaTepuall KaCUETTEepiHe allKbIH ocep €TTi.
KeicbimubiH 40 Gap AeHreiinae ajablHFaH YJTUIEp callbICThIpMalibl TYpAE OOpHbUIIAK KYpPBUIbIMFA He
Oonca, KpicbIMHBIH 60—80 Oapra geliH apTybl 3KCTPYJAHTTapIbIH MOPQOJIOTHSIIBIK THIFBI3IbIFbIH
kymeiTTi. Hotmxkecinne omapapiy cepmimaimik monayni 2,6-2,9 I'Tla nenreitine aeiiin ecti. byn
KYOBUIBIC KBICBIMHBIH apTybl Ke3iHJIe MaKpPOMOJIEKYJaIap/IblH THIFbI3 OpPHAIACYBIMEH JKOHE
KYpBUIBIMAAFbI 00C KYBICTapbIH a3atobIMeH TYCiHAipinesai [8].

bypanna sxpuigaMasirsl 40 aitH/MuH OosFaH jKaFaaiaa yATUIepAiH KYPbUIBIMIBIK TYPAKTBUIBIFbI
CaKTaJIbIIl, OJIapIbIH KacheTTepi OipKaibInThl 0016l Anaiga 60 aiiH/MUH-TE )KETKEH Ke3J1e IKCTPY3Hs
NpPOIECIHAe apThIK KBICBIM MEH YHKeNic KymrTepi Oaiikambim, MmarepuaiablH OeTki KaOaThIHAA
MHUKpPOXKApBIKTAp TY31IyiHE anbin Kenmi. byn skarmail ynriHiH okaiambl OEpiKTITiH TOMEHJETIN KaHa
KOWMaii, OHBIH Y3aK Mep3IM/Il Maiijajiany TYpaKThUIBIFbIHA Ja Tepic acep ereni. OChIIaH dKCTPY3Us
nporiecinge OypaHaa >KbUIAAMIBIFBIH IIaMaZaH ThIC apTThIPY TEXHOJIOTUSIIBIK TYPFBIAAH THIMCI3
eKkeHIr1 aHpIKTanasl [ 10].

3eprrey OapbIChIHIAa KOCHIMIIA MOJU(HUKATOpIap MEH IUIaCTH(UKATOpPIAapAbIH yiecl ailKblH
OaliKasabl.

[munepuH KOCBUIFAH  YATUIEPAiH  UIATIITITG  adTapibikTaii  apTTel. ChIHyFa  JAeHiHTI
canpicTeipMaiibl y3apy 120%-man 185%-ra neitin ecti. byn HoTwKenep TIWIEPUHHIH TMOJMAMMU
MaTpPHUIACBIHJIAFbl  MOJIEKYJIANBIK ~ KO3FAJIFBIIUTHIKTEl  KYIICHTIN, MaTepHalAblH  IJACTUKAJIBIK
KaCHETTEepIH KEeTULNIpeTiHiH Kepcetedl. Ocbutaiima, ThaunepuHal 5-7% KeleMmiHAEe eHri3y
AKCTPYIAHTTAP/IbIH (PYHKIIMOHAIABIK CUITaTTaMaIapbliH €/19yip jKaKcapTaibl.

S102 xoHEe TalbK CUSKTBI MUHEpaJIbl KOMIOHEHTTEp KochlUiraH yiaruiepaiH DSC HoTmxenepi
ONapJiblH ~ TEPMUSIIBIK  TYPaKTbUIBIFBIHBIH ~ 15-20 °C-ka  JKorapblUlaFaHblH — KepcerTi. byi
TOJITBIPFBIITAPABIH MaTpUla IMIHAE TUCHEPCUSIaHYbl >KbUTYOTKI3TIIITIKTI PETTEN, MOJIUMEPAIH
BIJIBIpayFa Kapchl TYpy KaOijeTiH apTThIpAbl. MyHHail HOTHXKeE, acipece, )KOFapbl TeMIIepaTypabIK
JKarainapaa naianaHbulaThlH MaTepHaijap YIIiH aca MaHb3Abl. byn dakrop (apmaneBTHKAIBIK
KarcyJsa KaObIKIIalapbl MEH TaFaMJIbIK KanTaMa eHIIpicl YIIH epeKIe KYHIbI.

ONEKTPOHJBIK CKAHUPIJIEYIIl MHKPOCKOIUS  YATUIEPIAIH  KYPBUIBIMIBIK  €pEeKIIeNIKTepiH
allkpIHAayFa MYMKiHAIK Oepai. MuHepanabl TONTHIPFBIINI EHTI3IITeH YATUIepae OeneKkTepain
OipKeJKi JucriepcusIaHFanbl Oalkanmbl. By mMarepuaniblH KYPBUIBIMIBIK TYTACTBIFBIH apPTTHIPHIIL,
MeXaHUKAJIBIK OEpiKTIKTIH ocyiHe bIKnai eTTi. COHbIMEH KaTap, INIAaCTU(HUKATOpP EHT131IreH YATiaepae
MaKpOMOJIEKYJIanapAblH OaFbITTATYbl apTHII, KYPbUIBIMHBIH O1pTEKTUIEHY1 aHBIKTAJI/IbI.

XKyprizinren ToxipudenepaiH KUBIHTHIFbI MTOJIUAMH]T SKCTPYIaHTTAPBIHBIH KaCHETTEPiH OacKkapy
YIIIH TEXHOJIOTHUSIIBIK TTapaMeTpIep Il 191 TaHAay KaKET eKSHIH JTJIeIIe ],

OnTumanasl )karaainap Keneciie aHbIKTaIbI:

- Temmeparypaibik pexum — 220-230 °C,
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- KbICBIM — Imamamen 60 6ap,

- Oypanzaa xeuaaMabsirsl — 40-50 aiin/muH,

- rutacTuuKaTop peTiHAe MHIepuH Il 5—/% KeeMiHae KOJIIaHy.

byn mapamerprnep momuamMua SKCTPYIAHTTAPBIHBIH KYPBUIBIMIBIK TYTACTBIFBIH KaMTaMachi3
eTil, OJapJblH MEXaHUKAJBIK OEpIKTIrI MEH TEePMUSUIBIK TYPAKTBUIBIFBIH apTThIpa/bl. AJIbIHFaH
HOTHDKETIEp OHEPKOCINTIK JIEHTeWIe AKCTPY3WSUIBIK IPOILECTI OHTAWIAHABIPYFa JKOHE KaKeTTi
KacueTTepi 0ap PyHKIMOHAIIBI MaTepHaIIap allyFa FUIBIMU Heri3 6ona anansl [2], [5].

KopbITbiHIBL.  3epTTey HOTIKENepl NOJIMaMUA HETI3IHAET] SKCTPYAAaHTTApAbIH KacHeTTepi
TEXHOJIOTHSUIBIK MapaMeTpliepiH (TeMIepaTypaiblK PeKUM, KbICBIM, OypaH/a *KbUIAaMIBIFbI) KOHE
KOCBIMIIIAa MOJAU(UKATOPIAPIBIH TYPi MEH MOJIIIepiHe alKbIH TOYEIl eKeHiH nanenaeni [1].

1. TemneparypanbiH acepi. 210-230 °C apanbiFbIiHAa alIbIHFAH YITLIEP )KOFaphl MEXAHUKAJIBIK
oepikrikke (68—72 MIIa) sxoHe KypbUIBIMIBIK OipTekTimiKKe re 00bl. 250 °C-TaH )orapbl OHICITCH
yaAriiepae noaruamMu/l Ti30eKTepiHiH illiHapa TEPMUSIIBIK IECTPYKIHUACH )KYPY HOTHIKECIHIE OEPIKTIK
55-58 MIla-ra neitin Temenaeni. byt skcTpy3us ke3iHae TeMnepaTypansl o1 OaKblUIayIbIH MaHbI3bIH
KepceTe/i.

2. KpicbIM MeH Oypan/a KbL1IaMABIFbIHBIH dcepi. KpicsiMuabIH 60—-80 Gap apanbIiFbiHIa apTysl
yJIrinepAaiH MOpQOIOTUsIIBIK KYPBUIBIMBIH HBIFAUTHIMN, cepmiMaiIik Moaymin 2,9 I'Tla-ra neitin
x)eTkizmi. Jlereamen, OypaHaa ®KelaaMIeFsl 60 aliH/MUH JCHTeHiHE )KETKEH/IE apTHIK KbICHIM
ocepiHeH MUKPOXKapbIKTap maiaa OO0k, MaTepHal carnachbl TOMEHIC/II.

3. MoaudukaTopjaapabIiH pPeJri.

— I'munepuHHIH eHri311yl SKCTPYIaHTTapIbIH HUITIIITITIH apTTHIPHII, ChIHYFa JEHIHT1 CaTbICThIPMAIIbI
y3apyabl 185%-ra xeTkizi.

— Munepannsl TonteiprsimTap (SiO2, Tanbk) DSC HoTHxkenepi G0MbIHIIA TEPMUSIIBIK TYPAKTBUIBIKTHI
15-20 °C-ka >xorapsLiaTThl. by TaraMIIbIK KanTama skoHe (papMarieBTUKAIBIK KarcyJiaaap
OHIIpICiH/C aca MaHbBI3/IbI.

4. Mop(}oorusiiibIK Tajagay. DIEeKTPOHIBIK MUKPOCKOIHUS HOTH)KEJIEP] TONTHIPFBIIITAPIbIH
OipKesKi TucrepCcHsIaHFaHbIH JKOHE KYPBUIBIMHBIH HBIFAlObIH KOpceTTi. byl MaTepuan bl OepikTirin
apTThIpyFa *KoHE y3aK Mep31M/Il aiiiaaHy TYPaKThUIBIFBIH KAMTaMAachl3 €Tyre MyMKIH/IIK Oepei.

XKanme! anFana, moarMaMul HET131HAET1 SKCTPYAaHTTAP bl aly YIIiH ONTHMAJIbI
TeXHOJIOTHSIJIBIK mapameTpJiep petiane temneparypanbl 220-230 °C apanbirbiaa, KbicbiMabl 60 6ap
neHreninae, Oypanaa kpuiaamasrbiH 40—-50 aifH/MUH apanbIFbIHA YCTAI, MIACTH(PUKATOP PETiHIE
rHIepun i 5—7% KeJieMiHjIe KOJIaHy YChIHBLIAIBI.

by HoTHIKETIep MOIMaMUT SKCTPYAAHTTAPBIHBIH CalallbIK CUMIaTTaMallapblH 0acKapyAbIH FBIIBIMU
HeT13/epiH KaJbIITaCTHIPBIN KaHa KoiMail, oapabl @HEPKICINTIH 9pTYpJIl cajalapblHIa — TOKbIMA
OHJIIpiCiHe, TaFaMJIBIK KanTama xacay iCciHJe >koHe (apMalleBTUKAIIBIK OHIMIEP e — TUIM/II
KOJIJJaHyFa MYMKIHJIIK Oepe/i.
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Apnnarmna

byn makamaga nemmonao3a MuKpoTadmbIKTapeiaelH, (MCC) ambiny omictepi, KYpBUIBIMJIBIK
epeKIIeNiKTepi MeH (HU3UKA-XUMISUIBIK KAaCHEeTTepl KEeMIeHAl TYple KapacThIpbUIAbL. 3eprrey
oapeiceiama SEM, XRD xone FTIR onictepi konmanbuibiil, MCC-HbIH MOp()OIOTHACH, KPUCTAIBIK
uHACKCI MeH (QyHKIMOHAIABI TonTaphl aHbIKTA bl Hotmxkenep MCC-HBIH MeXaHUKAIBIK OEpiKTiri
JKOFaphl, TUAPO(PMIBAUIT aWKbIH JKOHE TOJBIKTAH OWOJIOTHSUIBIK BIIBIPAWTHIH MaTepual CEKEHiH
kepcerti. byn xacmerrep MCC-ubl (QapmaneBTuka, TaraM ©HEpKCiOi, KYPBUIBIC XOHE KamTama
UHAYCTPUSCBIHAA  KOJJIAHYIbIH  FBUIBIMH  HeEri3iH  Kypaiinel.  Kaszakctan — karjgaiibiHga
ayBUTIIAPYAIIBUTBIK KaIBIKTapbiHa cyiieHe oThiphill, MCC eHAipiCiH TaMBITy CTPATETHsUIBIK MaHBI3Fa
ue.

TyidiH ce3aep: LEII0I03a MUKPOTAIIIBIKTAPEI, MOP(OIOTHS, KPUCTAIIBIK KYPHUIBIM, (hHU3HKa-
XUMUSUIIBIK KaCUETTEP, OMOIOIIMMED, SKOJIOTHSUIBIK MaTepuaniap.

Kipicne. XXI| racbipapIH FBUIBIMUA-TEXHOJIOTHSIIBIK aMy KE3€HIHAE SKOJOTHSUIIBIK TYPAKTBUIBIK
MeH OMOCOMKECTLTIK Mocenenepl FalamablK JSHIeiae epekie MaHbI3ra ne 0omia Oacramel. Jloctypii
MOJIMMEPITIIK MaTepHUaIapAblH KOpIIaFaH OpTara THUTI3ETIH Kepi ocepi — OJapIblH OHUOJOTHSUIBIK
BIIBIPAMANTBIH/IBIFBI, Y33aK yaKbIT OOIbl TaOWUFATTa CaKTalybl — OYTIHI1 KYHHIH 0acThl 3KOJIOTHSIIBIK
Karepsepidiy 0ipi 6ombim oTbip. OChIHAAN *KaFnaka TaOUFH TEKTI, SKOJOTHSIIBIK Kayirci3 opi KaiTa
JKaHAPTHUIATBIH PECypcTapFa HETi3AeNTeH kKaHa OyblH MaTepualapbiH 13[1ey — 3aMaHayu FhUTLIMHBIH
CTpaTerusuIbIK OarbIThiHA aitHa bl [1], [4].

ConapaplH imniHge mesutono3a Mukpotaitmbikrapsl (microcrystalline cellulose, MCC) epekire
OpbIH anajbl. byn Onomonumep ©31HIH MOJEKYJANbIK KYPBUIBIMBIHBIH OIpereiIiriMeH, TallbIKTHIK
Mop(honorusicbiMeH koHe (hYHKIMOHAIIBIK KaCHeTTepiHiH KeH crekTpiMeH epekiieneneni. MCC — tex
TaOWFY IIWKI3aTTaH aJBIHATBHIH, OMOJIOTUSIIBIK TYPFBIIAH BIIBIPAUTHIH JKOHE IKOJIOTHUSIIBIK OeiTapan
marepuai[2]. OHbIH (apmalieBTHKaIaH 0acTan KYpbUIBIC HHAYCTPUSACHIHA ACHIHTI KEH KOJIaHY asChl
FBUTBIMH KayBbIMIACTBIKTBIH Ha3apblH KYHHEH-KYHTE apThIiT OThIp [3].

3epTTeyniH e3ekTuliri OipHene (axkropiaapMmen aikbiHaanansl. bipinminen, MCC — Ka3zakcran
YIIIH CTPAaTeTHsUTBIK MOHTE We Marepual. PecnmyOnmka TeppUTOPHACHIHAA AaybUIIIAPYaNIbUTBIK
KanapikTapel (MakTa cabarbl, cabaH, TEXHUKAIBIK MaKbUIIAp) KETKLTIKTi, ONapiasl ©HACY apKbUIbI
KOFapbl KOChIMINIA KYHIBI oHIM anyFa 0omnaabl. Exiamminer, MCC 3KoNIOTHUTBIK Ta3a jKoHE MMITOPTKA
TOYENAUTIKTI TOMEHIETETIH OMOMONUMEDP PETIHE «KAChUI SKOHOMHKA) KOHIEHIIMACHIHA TOJBIK cait
Kejeni. YUniHmmiaeH, anemaik FeutbiMua dneduerrepae MCC-HbIH MOpdoIOTHACH MEH KacHueTTepiH
3epTTey alTapibIKTail TepeH XYpri3uireHiMeH, 1OHBIH OTaHMABIK IIMKI3aTTaH AJbIHY epeKIIeTKTepi,
TEXHOJIOTHSUIBIK OeiiMIe Tyl MEH OHIIPICTIK dJIeyeTi i Jie TOJNBIKKAH bl 3epTTenmMereH[6].

OcpiFan opaif, Makanaga MeJUTI0JI03a MUKPOTAIIIBIKTAPBIHBIH ANBIHY OMicTepl, KYPBUIBIMIBIK
napaMmerpiiepi MeH (U3MKa-XUMUSIIBIK KacHeTTepl KyHem Typle TalJaHajbl, COHAAi-aK OJiapIblH
OoJamakTarel KOJIJaHYy TIEpCIeKTUBaaphl MeH KazakcTaHn KarmaWbIHAAFbl FHUIBIMH-OHIIPICTIK
MaHbI3bI alKbIHAaIAbI[7].

Martepunanaap mMeH Herisri agicrep. 3eprrey )xymbicbiHa Ka3akcraH sxkaraaiibiHAa KeH TapajiFaH
TaOWFY IIUKI3aT Ke3[epi mainanmaHpuinbl. Herisri Oacramkbl MaTepuan peTiHIEe MakTra cabarbl,
eJUTI0NI03aFa 0ail aybUIIIApyamIbUIbIK KaIIBIKTAphl KOHE araml Maccachl anblHAbl. [1Iukizar ammabia
aja KeMTIpUIiN, YHTaKTalbIll, OPTraHUKAJbIK XoHE OeHOpraHWKaNbIK KOCHalaplaH MEXaHHKAIBIK
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Ta3zapTyaaH eTKi3UAl. bysl Ke3eHHIH MaKcaThl — TANIIBIKTAPIbIH OIPTEKTUIINH KAMTaMachl3 €Ty JKoHE
JIMTHUH MEH TeMUIIC/UTIONIO3aHbIH OacTankel Meiepin temenzaery [3], [5].

XUMHSJIBIK peareHTrep.

- Hatpuii rumpokcuai (NaOH, 10-15%) — nurHuHII JKOHE T€MHUIICIUTIONIO3aHbI KOK YIIH
KOJITAHbUIJIBI;

- Ty3 kpiukputel (HCI, 2-5 N) sxone kykipt Kpiikeuibl (H2SO4, 2—-3 N) — 1emiroio3aHbiy
aMop(Thl ailMaKTapbIH bIABIPATY YIIIH TUAPOIJIN3 MPOLIECIH/IE Mai1aTaHbUIIbI;

- JlucTriieHreH cy — yIruIep/al maro koHe OedTapanTanaplpy YIiH KOJJaHBUIIBL.

Herisri amicrep.

1. Iemrroi03a MEKPOTANIIBIKTAPBIH ATy 9IiCTEPI.

- Anneia ana cinrinik exuaey (NaOH epitinaiciage 70-80 °C temmeparypazia 2—3 carat 00iibl);

- Kprkpuiaeik ruaponns (HCl memece H2SOs epitinaicinae 80-90 °C temneparypana 1-2
carar);

- VibTpaabiObicThIK quctepeusiiay (20 ki sxuinikre, 15-30 MuHyT).

2. KypbUIbIMIBIK Talgay oaicTepi.

- Ckanupreymri aiektporasl Mukpockomnus (SEM): MCC TanmubiKTapbliHBIH MOP()OIOTHSIIBIK
KYpBUIBIMBIH CUTIATTAy YIUiH [2];

- X-coynenik qudpaxims (XRD): MCC yiriniepiHid KpUCTaIAbIK HHISKCIH €CENTey YIIiH;

- FTIR cnekrpockomnusicel: MCC kypambiHarsl Herisri gyHknuonanasl Tonrapasl (—-OH, —C—
O-C-) anbikray yuiH[5].

3. DusMKa-XUMUSJIBIK TaIIay SAiCTepi.

- TepmorpaBumeTpusiibiK Tanaay (TGA): KbUTYJIBIK TYPAKTHIIBIKTEI OaFaiay YIiiH;

- Mubdepenrmanapr  ckanupneyin — kanopumerpus — (DSC):  MCC-HbIH — TepMHSIIBIK
ayBICBIMJIAPBIH 3EPTTEY YIIIiH;

- Cy ciniprimrik ceiHakTapbl: MCC-HbIH ruapodmibIiIiria 6aranay yuiis;

- Mexanukanslk cbiHaktap: MCC Herizingeri yarinepaiH OepikTiri MEH CepHiMILIIK MOMYIiH
aHBIKTAy YILIH.

Ocwl matepuanmap MeH oxictep kermeHi MCC-HBIH KYPBUIBIMIBIK, MOP(OJIOTHUIIBIK KOHE
(GYHKIIMOHANABIK KACHETTEpiH JKaH-)KAKThl CHUMATTaN, OHBIH KOJAaHy MYMKIHAIKTEpiH FBUIBIMU
Heri37eyre MyMKIHJIIK Oep/ii.

HoTu:kesnep mMeH TajKbLIayjdap, 3epTTey HOTIKENEpl LEIUTI0JI03a MHUKPOTANIIBIKTAPBIHBIH
KYpbUIBIMABIK HapaMeTpJIepiHiH ajlblHy OICIHE TOyesal eKeHIH aHblK KepceTTi. SEM Ttannmaynapsl
KBIIKBUIABIK THAPOIU3JIEH OTKeH YITUIepAiH OipKenKi AUCIEepPCUsUIaHFaH, KbICKA dpi CalbICThIpMaJbl
TYpZAe Teric OeTKeNl TalbIKTap TY3€TiHiH OalkarThi[2]. MyHnnaii mopdonoruss MCC-HbIH *KOFapbl
KPUCTAIJBIK JIOPEKECIH KaMTamachl3 eTefli, OyJl ©3 Ke3eriHae OHBIH MEXaHUKAaJbIK OEepIKTITiH
apTThipansl. Kepiciniie, MexaHukanblK oHaeyaeH anbiuFan MCC yarinepinae TalbIKTapIblH Y3bIH,
0lpaK KypbUIBIMIBIK JedekTiaepre 0ail ekeHIH KepeMmi3; Oyl osiapabl KOMIO3UTTIK MaTepuanjapia
KoJIJaHy OapbIChIHAa Oenrisi Oip meKTeynep Ty Ablpaibl.

Kecre 1.
L{emTr0s1032 MUKPOTAIIIBIKTAPBIHBIH KYPBUIBIMIIBIK KOHE (PH3MKA-XUMHISUTBIK KACHETTepi
3eprrearen kacuer | Hormaxke FouibiMu MaHbI3BI
Mopdomorust (SEM) | 10-50 Mmxm auamerp, arperat Ty3y | JMCIEpCHSIIBIK — TYPaKThUIBIKKA  JKOHE
Oeimainiri KOMIIO3UTTIK KaCHeTTepre acep eTei
Kpuncranapix o xome If  dazanmapembiy | Kpucranasik WHJEKC MCC-np1H
KypbuibiM (XRD) KOCIAChl, MHKi3aTKa Toyeni [5]. OEpIKTIriH aHBIKTANTBI
OYHKITHOHATTBI ['upoxcuit TonTapbIiHbIH KONTIrl, — | Moaudukamnusra HKEMIITIK,
tortap (FTIR) OH, —C-O—C- curnanmapst MOJIUMEPITIK MaTPHIIaJapMEH aJre3HsIChI
YKOFapbl
MexaHUKaJIbIK XKorapsl  cepmimainik  moxyni, | Kypbuisic KOHE KOMITO3UTTIK
KacHuerTep OCPIKTIK KOPCETKIIITEPI KOFAPHI MaTepuaniap  YIIiH  apTHIKIIBUIBIK
Oepeni
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Cy ycray kabineri I'mapodunpainik  xorapel,  cy | @apmaneBTHKaga talieTka
CIHIpY KaOi1eTi allKbIH BIIBIPAFBITITHIFBIH APTTHIPAJIBI
Kbutynbik 280-350 °C apaibIFbiHa | OHIEY TEXHOJIOTHsUIApbIHAA
TypakThlIblK (TGA) | TepMUSUIIBIK BIABIPAY OacTasa bl TEMIEPATYPabIK IMIEKTEPIl ECKepyi
Ka)KeT eTel
Buonorusieik Mukpoopranuzmaep OCEepiHEeH | DKONOTHSUIBIK ~ TYPFBIIAH  IUIACTUKTI
BIIBIPAFBIIITHIK TOJIBIK, BLIIBIPAJIbI aJIMacThIpyFa MYMKIHIIK Oepei

(Eckeprty: kecte aBTOpABIH 3epTTEY OapBICHIH/IA KYPACTHIPHLIFaH)

XRD normxenepi MCC yirinepinae neiuioao3anbi lo skoHe I aymmoTponTapeHBIH KOCIIAChl
OaceiM exeHiH kepcerTTi. [lukizaT ke3i makra Oonran ynrinepae lo ¢azaceiHbIH yieci )KOFapbl O0JIBIT
mIbIKCca, aram MaccacbiHaH ainsiaFaH MCC ynarinepinae Ip dopmacer 6aceiM Gosnbl. bysr kKyObuibIC
MCC-ubiH  MOPQOJOTHAIBIK ~ OIPTEKTUIIrIHE, MEXaHUKAJBbIK OCpIKTIriHE JKOHE  XHMHUSJIBIK
TYpakTbUIbIFbIHA Tikenedl biknan ereni. [lemex, MCC-HbIH KoJiJjaHy cajlachlH TaHJayJa IIUKi3aT
KO3iHIH TaOMFaTHIH €CKEPY CTPATETHSUIBIK MaHbI3bI 0ap (pakTopra aiHaIAIbI.

FTIR cnexrpockonusiinblk aepekrep MCC KypbUIBIMBIHAA TUIPOKCUI TONTAPBIHBIH alKbIH
OaceMIbIFbIH pacTansl. by tonrapasie kentiri MCC-HbIH 0€TKI peakIHsIbIK KaOlleTiH apTThIPHII,
OHBI TYPJl XUMHSUIBIK Moaudukanmsuiapra ukemai ereni. by skarmaitk MCC-HBIH TTOJMMEPIIiK
MaTpUIllaJapMeH  OailIaHBICBIH ~ KYIICWTINl, OHBIH KOMIIO3UTTEPACT]  QAre3HsUIbIK  KaCHETiH
s)kakcaptaapi[2],[3].

Mexanukanslk ceiHaktap MCC ynrinepiHiH cepmiMIuUTIK MOIYJl MEH OepiKTIriHIH >KOFapbl €KeHiH
alFakTa/pl, ocipece KPUCTAIIBIK Jopekeci xorapel ynrinepae. byn kacuer MCC-Hbl Onononumepii
KOMITO3UTTEP YILIiH apMaTypiaylibl areHT PEeTiHAe KOJIJaHyIbIH TUIMAUIITIH Adnenaeiai [6].

Cy ycray kaOinmeti OoiiprHIIa >xypriziiren ceiHakTap MCC-HBIH TUApOGWIBAI TaOUFATHIH
pactajapl. ['MIPOKCUI TONTAPBIHBIH OETKI KOHIIEHTPAIMSACHl HEFYPJIbIM JKOFaphl OOJFaH CailblH, CYy
CiHIpy KaOumeri aptambl. bynm QapMareBTUKaNbIK KOJJaHyaa MaHbI3Oel pest arkapaiasl: MCC
TabJIeTKaIap IbIH bIIBIPAFBIIITHIFBIH KYIISHUTII, AOPLTIK 3aTTapAbIH OMOXKETIMALIITIH JKaKcapTaabl [7].

Ll,enmono3a MUKpOTaJillblIKTapblHbIH Kacme‘r‘repi XoHe onapblH FblJIbIMU MaHbI3bl
Mopdonorusa (SEM) | 7
Kpuctanablk KypbinibiMm (XRD) 8
dyHkumoHanael TonTap (FTIR) 9
MexaHukanblk KacneTrep [ 9
Cy ycTay kabineTi [ 8
MHKbinynblk TypakTbiiblK (TGA) [ 7

BronornsaneiK biAblpaFbilUThIK [ 10

0 2 4 6 8 10
FbINbIMU MaHbI3AbINbIK AeHreni (LapTThl WKana)

Cypert 1. lenmtono3a MUKPOTAIIIBIKTAPBIHBIH KACHETTEP1 JKOHE OJapJIbIH FBIIBIMU MaHBI3bI

Tepmorpasumerpusutblk Tainayiap MCC-upg 280-350 °C apanbiFblHAa TEPMUSUTBIK BIABIPA
OacTaliTBIHBIH KOpceTTi. by Temrieparypa anana3oHbl OHBI TEPMOTUIACTHKAIIBIK MaTpUIIAIapFa KOCyFa
MYMKIHJIIK Oepce zie, xKorFapsl TeMiepaTtypaislk mnporecrepie MCC-HbIH Aerpaauuschid 00JabIpMay
YILiH apHaibl TEXHOJIOTUSIIBIK OefiMey KaxeT [4].

buonorusnbiK bIABIparbIITHIK TypFbickiHaH MCC ynrinepi TaburM MHKpPOOpraHM3MIEP.IiH
ocepine Te3 OepinetiHi Oaitkanasl. byn kacmer MCC-HBI SKONOTHSIIBIK Kayilci3 Marepuasaap
KaTapblHJa €peKIIeNIeHIpiN, KanTaMa MHAYCTPHUICHIHIA IUIACTUKTI alMacThIpaThlH Oajama peTiHje
KapacThIpyFa MYMKIHJIIK Oepeni [1].
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Anwiaran HoTIOKeTep MCC-HBIH KYPBUIBIMBI MEH KaCHETTepl apachlHa TiKeJIeld KOppemnsius
0ap exeHiH Janenaeini: Mopdonorus — KpUCTAABIK KYPBUIBIM — (DU3MKa-XUMUSUIBIK CHIIaTTamMaliap
apachIHAaFbl OailJlaHBIC OHBIH KOJIAAHBUTY THUIMIUIITIH aHBIKTaWIbl. MoceeH, KPUCTAJIbIK WHICKC
xorappl MCC yirinepi KypbUIBIC XKOHE KOMIO3HMTTIK MaTepualapAa apThIKIIBUIBIKKA He 0oJca,
ruapoduisaiairi skorapel MCC  yirinepi (apManeBTHKa >KoHE TaFaM ©HEpKociOiHae Kelipek
cypaHnbIcka ue [7].

Kazakcran afmaiibIHIa aybUIIIaPyaIIbUTbIK KTIbIKTapbl Herizinae MCC eHIipy TEK FHUIBIMU
JKaAHAIBIK KaHa €MeC, COHBIMEH Karap SKOHOMHUKAIBIK THIMJI IIemiM 0ok TaObLIambl. by enmig
«OKachUl 3KOHOMHKA» KOHIICTIIUSCHIHA COMKEC OJKOJOTHSUIBIK Ta3a MaTrephajjap HapbIFbIH
KaJBIITACTRIpYFa Yyiec Kocaasl. COHBIMEH Karap, OTAaHIBIK INHKI3aTThl TNaiJaliaHy HMMIIOPTKa
TOYENAUTIKTI a3alThIN, (hapMaleBTHKa, TaMaK ©HEPKOCiOl jKOHE KYPBUIBIC cajlajlapblHIAFbl YITTHIK
OHJIIpiCTIH Oocekere KaOUIETTUIIrIH apTThipa anajsl [6].

KopsIThIHABL. Kyprizinren FBUTBIMH Tanuay HOTHIKECIHIE IEJLTF0JI03a
MuKpoTanmbiKTapbiHbiH (MCC) Ka3ipri 3aMaHfbl FBUIBIM MEH OHIIPICTE CTPATETHSUIBIK MaHBI3Fa He
OuomnonMMep eKeHMIr aikpiHaanabl. OnapAblH ajblHy OAICTEepl KOIKBIPIBI KOHE OpPKAMCHICHIHBIH
©31H/IIK apTHIKIIBUIBIKTAPbl MeH mekTeyiepi 6ap. KypeutbiMasik epekmeniktepin tangay MCC-HbIH
(GYHKIIMOHAJIBIK KACUETTEPiH TYCIHYre Heri3 Ooiabl: MOP(OIOTHICH, KPUCTAIABIK TOPEkKEC] KOHE
THJIPOKCHIT TONITAPBIHBIH KOMTITT OHBIH KeH KOJIIAHBUTYbIH KAMTaMachl3 eTe/Ii.

MCC-npIH (pHU3UKa-XUMHUSIIBIK KaCHETTEPl — KOFAPhI OCPIKTIri, ruaApO(HIIbIIri, OMOJIOTUSIIBIK
BIIBIPAFBIIITHIFEl JKOHE KBUIyFa TO3IMAUIIIT — OHBI (papmaleBTHKa, TaraM OHEpKaciOi, KypbUIBIC,
KOMITO3HUT JKOHE KarTaMa HHIYCTPHUSCHI CHSKTBI OPTYPIIi cajlayiap/ia KoJIaHyFa MyMKIHIIK Oepe/ti.

Kazakcran ymrin MCC-HBIH ©3€KTUIIT aybUIIIapyalbuIbIK KaJABIKTAPBIH KOFaphl KOCHIMINA
KYHJIbI OHIMI'€ aifHAJABIPy MYMKIHIITIMEH, SKOJIOTHSUIBIK Ta3a TEXHOJIOTHSUIAP/bI JaMbITyFa KOCKAaH
yJIeCIMEH JKOHE HMMITOPTKA TOYCIUIIKTI TOMEHJIETY oJeyeTiMeH Tikenel OaimanpicThl. COHIBIKTAH
6omnamakra MCC eHJIpICiH KOJIFa KOO TeK FHUIBIMH €MeC, COHbIMEH KaTap SKOHOMMKAIBIK MaHbI3bI
30p CTpaTErUsIIbIK KajaM 00sbIn Tadbbutaasl] 1-7].
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ABSTRACT

Document similarity analysis plays a central role in natural language processing (NLP)
applications such as plagiarism detection, information retrieval, and question answering. Classical
statistical models like TF-IDF or distributed word embeddings such as Word2Vec provide efficient
document representations, yet they fail to capture deeper semantic nuances, especially in cross-lingual
and domain-specific contexts. This study evaluates transformer-based embeddings (BERT and its
derivatives) as a document vectorization technique and compares them against traditional baselines.
The experimental findings on a multilingual academic dataset demonstrate that contextual embeddings
significantly enhance semantic similarity analysis, achieving improvements in both accuracy and
robustness. Furthermore, a hybrid pipeline that integrates TF-IDF with BERT embeddings is proposed,
striking a balance between semantic depth and computational efficiency. The results indicate the
promise of transformer-based models as the backbone of scalable, real-world document similarity
systems.

INTRODUCTION

The exponential growth of digital text across the internet, academic repositories, and enterprise
systems has intensified the demand for robust document similarity methods. Applications range from
plagiarism detection in academic institutions to recommendation engines and legal text analysis. The
main challenge lies in representing text in a way that preserves both syntactic and semantic
information while ensuring scalability for large corpora.

Classical approaches such as the Vector Space Model [1] and TF-IDF weighting have long been
used for document retrieval. However, these models primarily capture word frequency statistics and
ignore context, leading to poor generalization across languages and domains. Neural word embeddings
such as Word2Vec [2] and GloVe improved representation quality by embedding words in continuous

vector spaces, yet they still produce static embeddings, unable to capture polysemy.
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With the advent of transformer-based models, most notably BERT [3], contextualized
embeddings have become the de facto standard in NLP. They capture rich semantic dependencies by
leveraging self-attention mechanisms, producing embeddings that are context-sensitive. More recent
models such as Sentence-BERT [4] and SimCSE further optimize embeddings for semantic similarity.
Despite their effectiveness, transformers are computationally intensive, raising concerns for
deployment in real-world, large-scale applications.

This paper contributes by:

1. Providing a comparative evaluation of TF-IDF, Word2Vec, and BERT embeddings for document
similarity tasks.

2. Proposing a hybrid TF-IDF + BERT pipeline to achieve both efficiency and semantic accuracy.

3. Discussing the trade-offs of accuracy, scalability, and computational complexity in document

similarity systems..

METHODOLOGY

2.1 Dataset and Preprocessing
The experiments were conducted on a multilingual academic text dataset consisting of 5,000
document pairs manually annotated with similarity scores (0-1). Preprocessing involved tokenization,
lowercasing, stopword removal, and lemmatization. For BERT, subword tokenization (WordPiece)
was applied.
2.2 Models Evaluated
o TF-IDF (baseline): Represents documents as high-dimensional sparse vectors.
e Word2Vec: Generates dense word vectors by training on large corpora. Document vectors were
obtained by averaging word embeddings.
o BERT (base model): Contextual embeddings were derived from the [CLS] token representation
of each document.
e Hybrid TF-IDF + BERT: Combines statistical TF-IDF features with BERT embeddings to
enhance performance while reducing runtime costs.

EXPERIMENTAL RESULTS AND DISCUSSION

3.1 Quantitative Results
Table 1. Comparative performance of models

Model Accuracy (%) F1-Score Avg. Processing Time (per doc)
TF-IDF 72.4 0.71 0.12s
Word2Vec 78.9 0.76 0.20s
BERT (base) 89.6 0.87 0.85s
Hybrid (TF-IDF | 91.2 0.89 0.65s
+ BERT)
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The results show that transformer embeddings clearly outperform both TF-IDF and Word2Vec
in terms of semantic similarity accuracy. The hybrid model further improves the performance,
benefiting from BERT’s contextual richness and TF-IDF’s efficiency.

3.2 Analysis

Several insights emerge from these findings:

o Semantic depth: BERT embeddings capture contextual meaning, outperforming frequency- and
co-occurrence-based methods.

« Efficiency trade-off: While BERT is accurate, it is nearly 7x slower than TF-IDF. The hybrid
model alleviates this limitation by filtering candidates with TF-IDF before applying BERT
refinement.

o Cross-lingual robustness: Preliminary tests suggest that transformer embeddings are more stable
across languages compared to TF-IDF, which is heavily language-dependent.

« Scalability concerns: Despite high accuracy, transformer-based methods may be prohibitive for
real-time systems unless optimized with distillation, pruning, or approximate nearest neighbor

search.

CONCLUSION

This study has highlighted the strengths and weaknesses of traditional and transformer-based
document vectorization models. The results confirm that transformer embeddings, particularly
BERT, provide superior performance in similarity detection tasks. At the same time, the hybrid
approach demonstrates a practical pathway for achieving both scalability and semantic precision.

The contributions of this work are twofold: first, establishing empirical evidence of BERT’s
advantage over TF-IDF and Word2Vec in multilingual settings; second, proposing a hybrid
architecture that reduces computational burden without sacrificing accuracy.

Future work will investigate cross-lingual similarity detection using advanced multilingual
transformers (e.g., XLM-R, LaBSE) and explore efficient deployment strategies such as knowledge
distillation and sparse attention mechanisms. These directions will pave the way for real-world

adoption of neural similarity systems in education, law, and enterprise information retrieval.
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POJIb KPUIITOBAJIIOTBI B COBPEMEHHBIX IPECTYIVIEHUAX

Mycanupoeé boramoex Theyoaesuu

AHHOTAaLUA

B naHHONl cTarbe MPOBOOUTCS UCCIECJOBAHME METOAOB OCYIIECTBICHHMSI HE3AKOHHOMU
NESITeIbHOCTH C MPUMEHEHHEM LU(PPOBBIX (PMHAHCOBBIX MHCTPYMEHTOB. AHAIM3UPYIOTCS Pa3INYHbIE
CXEMBI, HCIIOJIb3YEMBIE JUII OTMBIBAHUS JICHET, (PMHAHCUPOBAHHS TEPPOPU3MA M JPYTUX MPECTYITHBIX
neiictBuil. PaccMarpuBaroTCs OCHOBHBIE MHCTPYMEHTBI M TEXHOJIOTMH, TaKUE€ KAK KPUITOBAIIOTHI,
BUpTyanpHble yacTHele ceTd (VPN) u geuneHTpann3oBaHHBIE OMPIKH, KOTOPBIE HCHOIB3YIOTCS IS
peanu3aly TaKuX CXeM.

Ocoboe BHUMaHHE YJENAETCS pPUCKaM M BBI30BAM, CBSI3aHHBIM C AHOHMMHOCTBIO U
TPAHCIPAaHUYHOCTHIO LUPPOBBIX (PUHAHCOBBIX MHCTPYMEHTOB. OOCYXIar0TCsl MEpbl, NPUHUMAEMBbIE
roCyJapCTBAaMH M MEXKTyHAPOIHBIMH OpraHU3alUsIMU JJisi 00pbOBI C MPECTYMTHOCTHIO B TAHHOH cdepe,
BKJII0Yasl 3aKOHOJATEIbCTBO, COTPYAHUYECTBO MEXIY CTPaHAMU M HMCIIOJIb30BAaHUE TEXHOJOTHH A
MOHMTOPHHIA U BBISBIECHUS MOJO3PUTEIbHBIX TPAH3AKLINHI.

KiroueBble €J10Ba: KpUITOBAIIOTA, PECTYIUICHHS], aHOHUMHOCTb, TPAHCIPAaHUYHOCTh, 00ph0a C
IPECTYITHOCTBIO, 3aKOHO/1aTENbCTBO, (PUHAHCOBBIE MPECTYIIICHUS

B ycnoBusx rinobanuzanuu ¥ nuppoBU3aLUY SKOHOMHUKH KPUITOBAIIOTA, KAK MHHOBALIMOHHBIH
(UHAHCOBBIH MHCTPYMEHT, NpUOOpeTaeT Bce OoJiblliee 3HAUYEHUE B COBPEMEHHOM MHpE. OTOT
UGPOBOH aKTUB, UCHOJNB3YIOLIMHA KpunTorpapuueckue MeToabl A olecrieyeHHus 0e30MacHOCTH
TpaH3aKUUNA W PEryJMpPOBAaHUS SMUCCUHM, OOJIAJaeT psAJOM XapaKTEPUCTHK, JENAIOLUX €ro
IPUBJIEKATEIbHBIM KaK Ul 3aKOHHBIX IOJb30BaTeNeH, Tak U JUI NpeJCcTaBUTeNIell KPUMHUHAIBLHOIO
Mupa.

KpunroBamora XxapakTepu3yeTcs BBICOKOH CTETNIEHbIO AaHOHMMHOCTH M JIELEHTPAIU3aLUHU, YTO
MO3BOJIIET €l (PYHKIIMOHUPOBATh BHE TPAJAULMOHHOW (PMHAHCOBOM CHCTEMBI U TOCYJIaPCTBEHHOI'O
pEeryJaupoBaHMs. OTH CBOMCTBa CO34alOT  OJIATONPUSATHBIE  YCIOBUS S MCIIOJIB30BaHMS
KPUNTOBAJIOTEI B IPECTYNHOW JI€ATEIbHOCTH, BbI3bIBasi OOECHOKOEHHOCTh CO  CTOPOHBI
rOCyJJapCTBEHHBIX OPraHOB M MEXYHAPOIHOIO COOOIIECTBA.

[lenb maHHOM CTaThU - AaHAINU3 POJIM KPUITOBAIIOTHI B COBPEMEHHBIX MPECTYIUICHUSIX, U3YUEHHE
METOIOB €€ NpPUMEHEHHS B HE3aKOHHBIX CXEMaX, a TakXe OleHKa H(PQPEKTUBHOCTH Mep,
OpEeIIPUHUMAEMbIX ISl MPOTUBOAECUCTBUS 3TUM sBieHUsAM. Oco0oe BHHUMaHuE OyleT yAEIeHO
BBI30BaM, ¢ KOTOPBIMU CTAJIKUBAIOTCS IPAaBOOXPAHUTENIBHBIE OpraHbl U CTPYKTYPBI PErYJIMpPOBaHUs, a
TaK)K€ BO3MOKHBIM ITyTSM UX PEILICHUS.

AKTyanbHOCTh HCCJEIOBaHUS OOYCIIOBJIEHA HEOOXOIUMOCTBhIO Pa3pabOTKU KOMIUIEKCHBIX
CTpaTeruii Mo MpeloTBPALICHUI0 U MPECEUCHUIO NPECTYIUIEHUH, CBA3aHHBIX C MCIOJIb30BAaHHEM
KpUNToBatOTHL. [loHMMaHne MeXaHM3MOB, JEXKaIlUX B OCHOBE 3TOTO (PEHOMEHA, UMEET KIH0YEBOE
3HaueHue st hopmupoBaHus dPPEKTUBHBIX MEXaHU3MOB 3aIUTHI M O0OeCTICUeHHs] 0€30TaCHOCTH B
U(PPOBON IKOHOMHUKE.

«CornacHo ouenkam Opranuzanuun OOwveaunenHbix Hamuit (OOH), cBeime 80 mporeHTOB
KHOEepIpecTyIUICHNH COBEPIIAlOTCS B paMKax TOM MM MHON (OpMBbI OPraHU30BaHHOM JesTeIbHOCTH,
BKJItOUYasi GopMUpoBaHHE YEPHOTO phIHKa» [1].

OnHOM U3 KITIOUEBBIX OCOOCHHOCTEH KPHUIITOBAIIOT SBISETCS UX aHOHUMHOCTB. TpaH3akUuu He
TpeOyIOT yKa3aHUS JIMYHBIX JAHHBIX, YTO JeJlaeT HMX MPUBJIEKATEIbHBIMU JJIsi MPECTYIHHUKOB,
JKEJAIOIUX CKPbITh CBOM JEHCTBUSA. JleLEHTpaau30BaHHBIM XapakTep KPUITOBAIIOT I03BOJSET
00XOUTh TPAIUIMOHHBIE (DUHAHCOBBIE CHUCTEMBI, YTO 3aTPYAHSET OTCIEKHBAHHUE M KOHTPOJb 3a
JBUKEHUEM CPEJICTB.

KpunroBamoTbl  HCNONB3YIOTCS B pa3dUYHbIX  (OpMax MPECTYNHOH  J1eATeIbHOCTH.
[IpecTynHMKN HCNONB3YIOT KPUOTOBAIIOTHI I OTMBIBaHHMS JOXOJOB, IOJIyYEHHBIX HE3aKOHHBIM
nyteM. C MOMOIIBIO aHOHUMHBIX KPUITOOUP)K U MUKCEPOB OHU MOTYT CKpPBITh UCTOYHHUK CPEJCTB U
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JIeTAJIN30BaTh MX. XakKepbl 4yacTo TPeOyIOT BHIKYN B KPHUITOBAIIOTE 32 BOCCTAHOBIICHHE JOCTYIA K
3aM(POBAHHBIM JAHHBIM. JTO CBSA3aHO C TEM, YTO TAKUE TPAH3AKIMU CII0KHO OTCIIEIUTh.

KpunroBaytoTel CTaHOBATCA Bce Oojee MOMYJSPHBIMA B TEHEBOW SKOHOMHUKE, BKIIIOYas
TOPTOBIIIO HAPKOTUKAMH U OpYyXKHeM. [IpecTymHUKN UCIONB3YIOT UX Ui pacd€ToB, YTOOBI N30€XKaTh
0oOHapyKEHUSI.

«MacmTabbl HapKOTOProBid B VHTEpHETE C MCIOIB30BAaHHEM KPHUIITOBAIIOTH MPOJODKAIOT
YBEJIMYUBATHCS] IPUMEPHO CO CKOPOCTHIO 44 MJTH J10J1. B TO» [2].

«KynuThb 3anpernieHHble TOBaphl B CETH CTaHOBHUTCS Bce mpoie. s storo yepe3 Tor Gpaysep
JIOCTaTOYHO ITOCETUTh OIpe/esIeHHbIN caliT, Hanpumep, Hydra - kpynHeiiias Toprosas Iiomajgka mno
npojaxke HapKoTUKOB. [Ipu 3TOM Ha caiiTe ecTb HHCTPYKIMH, KaK PABUIIBHO CO3JaTh KPUIITOKOIIEIEK
Y COBEPIIUTH oriaty» [3].

Ha namr B3risig, «rocyaapcTBO HEM30€KHO OyAeT CTANKMBATHCS C MPOOJIEMON TEXHUYECKOU
BO3MO>KHOCTH U 3aKOHHOCTH CBOMX JIEHUCTBUU I10 3aKPBITHIO0 TAKUX CAlWTOB, 10 TEX IOP, TOKA JaHHBIN
BOIPOC HE OyIeT MOCTABIEH MO MEKYHAPOAHBIM KOHTPOJIb, KaK, HAPUMEpP, OAHKOBCKHE OTIEpaLIAN»
[4].

CyIecTBYIOT CXEMBI, TAKHE KaK «ITUPaMUIa» U «(PUHAHCOBBIE JIOBYIIKIY», KOTOPHIE HCHOIB3YIOT
KPUNTOBAIIOTHl JUIsi OOMaHa MHBECTOPOB. MOILIEHHMKH OO€LIAl0T BBICOKME JOXO[bl, HO B HTOTre
MCUE3aI0T C BJIIOKEHHBIMHU CpeACTBaMU. MOIICHHUYECTBO BKIIIOYAET B c€Osl pa3IMUHbIE CXEMBI, TAKHE
Kak (unmHr, MomeHHU4YecTBO ¢ ICO (nmepBu4HOE pa3MmelleHue MOHET) U APYyTue BUIbl OOMaHa.

B mHactosmee Bpems Hu B PecnyOimmke KaszaxcraH, HM B MHPOBOM COOOIIECTBE HE
OCYLIECTBIISIETCS LIEHTPAJIIN30BAHHBIM YyUET JOXOMO0B, MOJIYYEHHBIX C MCIOJb30BAHUEM BHUPTYaJIbHBIX
BAJIIOT B INPOTUBONPABHBIX LENsAX. TeM He MeHee, aHAINW3 OTIENbHBIX TEHAECHUUH B oOaacTu
KPUMMHOJIOTUH B JaHHOMH cepe npecTaBiseTcs BO3MOKHBIM.

Ha cerogusmHuii 1eHb mpouecc OOHATMYMBAHHUS KPUOTOBAIIOTHI  XapaKTEpU3YeTCS
OTHOCHUTEJIBHOM MpOCTOTOW W AocTynmHocThio. Cpenu Hambosee pacrnpoCTpaHEHHBIX U HaAEKHBIX
METOZIOB KOHBEpPTAllMM KPHUNTOBAIIOTHI B (uaTHylo Bamory Ha Teppuropun CoxapyxecTBa
HezaBucumebix 'ocynapcts (CHI') MOXHO BBIAETUTH CIIEAYIOIINE:

KpunroBantoTHble OoOMEHHbIE MIaTQOPMBI: BBIOOP OCYIIECTBISETCS B MOJNb3y HAIEKHBIX
CEpBUCOB C HEOOXOAMMBIMM HAIpaBJIEHUS MM OOMeHa. [ mpoBelneHHs] Onepanuu IM0JIb30BaTellb
3anoiHseT (GopMy 3afBKM U OCYyLIECTBisieT omaaTy. OCHOBHBIE NpPEUMYIIECTBa JAaHHOTO METoAa
BKJIIOYAIOT:

- OmnepaTHUBHOCTb: TpaH3aKIMM 3aHUMAIOT OT HECKOJbKUX MHMHYT 10 5-10 MuHyT B
3aBHCHUMOCTH OT HaIlpaBJIeHUsI OOMEeHa U CKOPOCTH MOATBEP)KICHUS ONEepallii B CeTH OJOKYEHH.

- PazHooOpa3ue HampaBieHUIl: BO3MOXKHOCTh KOHBepTaluu B OaHkoBckue cuera (COepOaHK,
Tunbkodd, Anbda-bank, [Tpusar24 u ap.), MexayHapoansie miatéxubie cucrems! (Visa/Mastercard),
a TaKXke dJIEKTpOHHBIE TuiaTéxkubie cuctembl (Qiwi, Annekc./lensru, Payeer, Advcash, PerfectMoney,
Kanuranucr u ap.).

- HenocraTku: puck B3auMOAEWCTBHSA C MOUIEHHHMYECKMMHM IUIaTGopmMamH, 4To Tpedyer
TIIATEJILHOTO BbIOOpa HAA&KHOTO cepBHca C Xxopouleid pemnyrauueil. IlpaBuna ucnonb3oBaHus
OOMEHHBIX MJIaTPOpM pPErIaMEHTHUPYIOTCS IOJb30BaTENbCKUMHU cornameHussMu. Kypc oOmena
yCTaHaBJIMBACTCS HA ONpeAeNEHHbII BpeMEHHOW UHTepBal (00bIYHO 15 MHUHYT), B TeU€HHE KOTOPOTO
orepanus J0bKHA ObITh 3aBepIlieHa B COOTBETCTBUHU C YCIOBUSMHU COTJIAlIeHHs. B mpoTuBHOM citydae
3arpoc MOXKET ObITh aHHYJIMPOBAH WJIM NIEPECUUTAH [0 HOBOMY KypCYy.

Jly1g ocyliecTBIEHUS ONEpaly MOJIb30BATENI0 HEOOXOIUMO MPEAOCTaBUTh aJIpeC AIEKTPOHHON
MOYTHl M PEKBU3UTHI AJIEKTPOHHOT'O KOIIENbKa WM OaHKOBCKOTO CYETA JUIS MOJIyYEHHS JEHEKHBIX
cpeacTB. MHOrHe cepBUCHI IPeIaraloT IPOrpaMMBbl JOSITBHOCTH JIsl IOCTOSIHHBIX KITMEHTOB.

KpunroBamoTHele OUpKU: 4Yepe3 OOMEHHBIE MIYHKTHI MOYKHO BBIBECTH TOJBKO Haunboiee
nomyisipable kpunroBamoTsl (Bitcoin, Ethereum, Litecoin, Ripple, Monero, Dash, Dogecoin, Zcash,
Ethereum Classic). B To >xe BpeMmsi, OUpKU NPEAOCTABISAIOT IUPOKUN CIEKTP KPUIITOAKTUBOB JUIS
pOBeJCHNUS (PMHAHCOBBIX ONepaluii, BKIo4as TokeHbl ctanaapta ERC20.
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Bup>xu B3BICKHBAIOT TOProBbIe COOPBI, KOTOPBIE MOTYT OBITH 3HAYUTEIBHBIMH IPU OTEpaIHsIX
¢ (hmaTHOM BamtoTol. MHpOpMaLns 0 KOMUCCHAX BCerja JOCTYITHA B COOTBETCTBYIOLIMX pa3zeiiax Ha
caifre oupxu. OJ1HaKo He Bce I1aThOpMBbl IOIEPKUBAIOT ONepaluy ¢ (GUaTHOM BaTIOTOM.

OnekrpoHHble miaTé&xueie cucreMbl (EPS): takue cepuckl, kak Advcash, Capitalist, Payeer,
Epayments u npyrue, npefocTaBisioT BO3MOXKHOCTb CO3JaHUs JIEKTPOHHOIO KoulejabKa B (puaTHON
Bamore. Komenék MoXer OBITh TMONOJHEH C HCIOJIb30BAaHMEM KPHUIITOBAIIOTHI, TIOCJIE YEro
KOHBEpTallUsl CPEJICTB OCYILECTBIsAETCS aBToMaTHuyeckd. [lonydeHHble cpeicTBa MOTYT OBITh
BBIBEJICHHl M OOHAJMYEHBl PA3JIMYHBIMH CIIOCOOaMU, BKIIOYash OAaHKOBCKME KapThl, MEPEBOJBI,
HAJINYHBIE U IPYT'HE METO/bI.

OOMeH ¢ (U3NYECKUMHU JHIAMHU: YYaCTHUKH HAXOMAAT JIPYr Apyra Ha CHEIHMAIM3UPOBAHHBIX
(dopyMax U 3aKJIHOYAIOT CIEJIKH 110 0OMEHY KpUITOBAIIOTHI HA (PUATHYIO BAIIOTY.

Cy11ecTBYIOT HEJETAIIbHBIE CEPBUCHI, IIPEIOCTABISAIONINE YCIYTH MO0 OOMEHY KpPUIITOBAJIIOT.
3HauyuTeNbHbIE 00BEMBI CPEICTB, NOJYUYEHHBIX IPECTYIHBIM ITyTEM, IPOXOJAT Uyepe3 O(pIIOPHbIE 30HbI
C TPaIUIIMOHHO MEHEE CTPOTUM KOHTPOJIEM 32 (PUHAHCOBBIMU MOTOKAMH.

OfHUM U3 COBPEMEHHBIX M BOCTPEOOBAHHBIX METOJOB JIETAIM3allUd HE3aKOHHBIX JI0XOJI0B
ABJIIETCS OTMBIBAaHUE 4epe3 BeO-pecypchl, NMpeaJiaraiolliie yCIyrd a3apTHeIX urp. Yepes Takue
w1aThopMbl MPOXOAUT IMPUMEPHO TPU YETBEPTH BCEX HE3aKOHHBIX BHUPTYaIbHbBIX (DUHAHCOBBIX
CpPEZCTB.

«Ilo panabiM  kommanuu Trend Micro, 3JIOyMBINUICHHMKM BC€ 4Yallle MCIHOJIb3YIOT
BUPTYaJIbHYIO BAJIIOTY JJI1 COXPAHEHMs] CTOMMOCTH KpUNTOBAIOT. [l 3TOro OHM NpuoOperaroT
UTPOBbIE TOKEHBI MOIYJSAPHBIX BUPTYaAJIbHBIX WIP, KOHBEPTUPYIOT MX B KPHUITOBAIIOTY, a 3aTeM
00OMEHMBAIOT Ha (pUATHBIC IEHBIU Yepe3 CIICUATN3UPOBAHHBIE CEPBHUCHI [5].

«Emé onHol kareropuedl mNpecTYIJIEHUH, CBA3aHHBIX C HCIHOJIb30BAHUEM KPHUITOBAIIOT,
ABJIAIOTCA CIy4yau, KOrJja BUPTyaibHasl BAJIIOTA BBICTYINaeT 00BEKTOM MPECTYIHOIO MocsiraTtenbeTa. B
CBSI3U C OTCYTCTBHEM IIPaBOBOTO CTAaTyca Yy KpPUIITOBAIIOT, MMEHHO 3Ta KAaTEropus MpecTyIICHUH
JEMOHCTPHUPYET Hanboee 3HaYnTeIbHbIN pocT. B mepBom kBaprane 2019 roga 6pu10 3adukcupoBaHO
XMIIEHHE IUQPPOBBIX BT Ha cymMMy 356 MIIIMOHOB JOJJIApOB, @ YOBITKM OT HE3aKOHHOTO
INPUCBOEHUSI CPEACTB AoCTUIIN 851 MWILIMOHA [0JIJIapoOB, COTJIACHO €KEKBapTaIbHOMY OTUYETY
amepukaHckoil kommanun CipherTrace. 2710 00ycnoBieHo cHeun(pUIecKUMU OCOOCHHOCTSAMHU
TEXHOJIOTHH, O KOTOPBIX YIIOMHUHAJIOCh paHee» [6].

JIvna, 3aHMMAlOIIKECs XUIEHUEM KPUIITOBAIIIOT, IPUMEHSIOT pa3HOOOpa3HbIe METO/IBI:

1. Ucnonp3oBaHne  (UIIMHIOBBIX  AJEKTPOHHBIX  KOLIENbKOB.  BBHuAy — HexenaHus
NoJb30BaTee BBOAMTH BPYUHYIO JJMHHBIE CTPOKH CIIy4allHBIX CHMBOJIOB, UYBCTBUTENIBHBIX K
peructpy, OOJBIIMHCTBO M3 HUX NpUOEraloT K (QYHKIMM KOMUPOBAHHUSA W BCTaBKU Ui yKa3aHUS
aZpecoB, Ha KOTOPBIE OCYILIECTBIIAETCA OTIpPaBKa KPUNTOBAIIOTHL. BpenoHOCHBIE NPOrpaMMsl,
U3BECTHBIE KaK «KIHUIEPhl» WIN «TOHIIUKU Oydepa oOMeHa», 0OHApYKHUBAIOT (akT UCIOIb30BAHUS
Oydepa oOMeHa A BPEMEHHOI'O XpPAaHEHHUs ajJpeca KPUNTOKOIIENbKa M HHULUUPYIOT CLEHApH,
3aMEHSIOIINNA KOPPEKTHBIM aipeC Ha aJpec 3JI0YMBIIIIEHHUKA. B pe3ynbrare »epTBa, 3a4acTylo HeE
OCO3HAaBasi MPOU3OIIEIIIEr0, OCYIIECTBISET MEePEBO HUPPOBOM BAIIOTH HA CYET, KOHTPOIUPYEMBIN
IIPECTYITHUKOM.

2. Co3nanne (UIIMHTOBBIX calToB. [IpecTymHUKH MOTYT HMUTHPOBATH TMOIYJISPHBIE PECYPCHI,
4yT0Obl OOMaHOM BBIHYJUTH I10JIb30BaTeNeil PacKpbITh KOH(UICHIMAIbHYI0 HH()OpPMAILUIO WIN
BBITMIOJHUTD JIEHCTBUS, BEIyIIHe K HECAHKLIMOHUPOBAHHBIM OTIEPAIUSM C KPUIITOBAIIOTOM.

3. KpaynuuBecTuHroBsle  MpoekThl.  Pa3BuTHe  HOBBIX ~ MoJeneil  KOJJIEKTHBHOI'O
unBectupoBanus, Takux kak ICO (Initial Coin Offering) u [PO (Initial Public Offering), npuseno x
MOSIBICHUIO MOIIEHHUYECKUX KOMITaHUM, cOOMpPAIONIMX CpEeACTBa B KPHUITOBAIIOTE 0€3 HaMepeHus
OCYHIECTBIISITh MPEANPUHUMATENBCKYIO NeATeNIbHOCTh. COrjlacCHO MMEIOIIMMCS JaHHBIM, OoJiee Tpex
yeTBepTel KpayadaHaMHIOBBIX IPOEKTOB, SBJISIIMCH MOIIEHHUYECKHMHU.

4. Co3gaHne MHBECTUIIMOHHBIX (DOHI0B, OTIEPUPYIOLINX KPUIITOBAIOTON. YUUTHIBAsE BHICOKYIO
BOJIATUJIBHOCTh KPUIITOBAIIOTHOTO PHIHKA U OTCYTCTBHE MPABOBBIX rapaHTUM 3alUThI BKJIAJUYUKOB Ha
MOMEHT CO3/IaHUSl TaKuX (POHIOB, MOXKHO IPENNONOKUTh, uTo Oosee 40% M3 HUX MOIJIM HMETh
KpUMMHAJIbHbIE LIeJIM. BBUAY TOr0o 4TO KpUNTOBAIIOTA HE IPU3HAETCA 00BEKTOM I'PaKAAHCKUX MIPaB B
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YrOJIOBHO-TIPABOBOM  MpaKkTHKE, JEHCTBUS TakuX (OHIOB CIOXKHO KBATU(HUIMPOBATH  Kak
MOIIEHHUYECTBO.

Bce st oOcTosTENBECTBA TOJUEPKUBAIOT HEOOXOIUMOCTh BHECCHUSI U3MEHEHUH B MEXaHU3M
YrOJIOBHO-NIPAaBOBOM cuCTeMbl. B ycnoBusX cTpeMUTENbHOM LUGPOBU3ALMM  OOLIECTBEHHBIX
OTHOLIEHUH OTEYECTBEHHAsl IOPUAMYECKAs JIOKTPUHA OTMEYaeT JAECTPYKTUBHOE BO3JEHCTBHE
MH(POPMALMOHHO-KOMMYHUKALMOHHBIX TEXHOJIOTUH HA YroJOBHO-NPABOBYIO CUCTEMY, YTO IOJIY4HJIIO
Ha3BaHME «JU3PYINLHUsA YrojJoBHOro mpasa». OCHOBHOW 3ajauell ajanTalyuy yrOJIOBHO-IIPaBOBOIO
MeXaHU3Ma K IMPOTUBOJACHCTBHUIO IPECTYIJICHUSM, CBSI3aHHBIM C HCIOJIb30BAHHEM LHU(POBBHIX
TEXHOJIOTUH, SBISETCSA MPEOI0JICHHE TPAIUIIMOHHOTO, HEIIU(PPOBOTO MOAX0/1a K YTOJIOBHOMY IIPaBY.

BHenpenne KuOepHETHYECKHX TEXHOJOTMM M LUGPOBBIX METOJAOB B  IPECTYIHYIO
JeSITeIbHOCTD MMPUBOAMUT K HEOOXOIMMOCTH MOAEPHHU3ALINN YTOJIOBHOTO 3aKOHOJATEIHCTBA.

Ha nam B3ruiap, Ui JOCTHXKEHHS JaHHOM Lieny Heo0X0AUMO:

1. [IpoBecTn pAeTanpHBIM aHaNM3 M ONPEACIUTh ONTHUMAJIbHOE KOJIMUYECTBO COCTaBOB
IPECTYIUIEHUH, HENOCPEICTBEHHO CBA3aHHBIX C HH(GOPMALMOHHON O€30MaCHOCThI0 M 3alllUTON
UH(pOpMalUH.

2. MoguduuupoBaTh  CYIIECTBYIOIIME  COCTaBbl  MNPECTYIUIGHWH,  3aTparuBarollue
MH(POPMALIMOHHBIE OTHOIIEHHUS, TyTEM HX «OLU(POBKI».

3. Pazpabotare crenuaaM3upoBaHHbIE HOPMbI, HalpaBlIeHHblE Ha IPOTUBOACHUCTBUE
COBPEMEHHBIM yTpo3aM KUOEpIpPEeCTyHNHOCTH B BUPTYaJIbHOM cpene, B Cllydasx, KOI/la ajanTanus
TPaJULMOHHBIX COCTABOB MIPECTYIJICHUN OKa3bIBACTCS HEAOCTATOUHON WIIN HElLleIeco00pa3HOM.

Y4uThIBass TEXHUUECKHUE OCOOCHHOCTH HOBBIX IU(PPOBBIX PELICHUN, HEOOXOAMMO 00eCTIeUnTh
pa3paboTKy  €IMHOr0  MEXKAYHapOJHOrOo  IPaBOBOTO  PEryJUpOBaHMs, OCHOBAaHHOIO  Ha
YHU(PUIMPOBAHHBIX CTAaHJIAPTaX MPOTUBOJACHCTBUS KHOEPIIPECTYTHOCTH.

CoBpeMeHHbIE JOCTHXKEHUSI B 001acTH HMHGOPMALMOHHOM 0€301aCHOCTH IMOIYEPKUBAIOT
HEOOXOUMOCTh PpAaCIIMPEHUs] MEXIyHapOJHOIO IPaBOBOIO COTPYAHMYECTBA B JIaHHOM cdepe.
OpHako CyllecTBYIOIIME MIPABOBBIE JOCTH)KEHUS HE MO3BOJISIOT TOBOPUTH O HAJIMYMU IMOJHOLIEHHON
MEXIYHApOJAHOW TMpaBoBOM 0asbl, KoTopas Obl oOecrneunBaia >PEGEKTUBHOE B3aUMOJICHCTBUE
rocyJIapcTB B BOIIpOocax MHPOPMALMOHHONW O€30MaCHOCTH.

HeobOxonumMo Takke OTMETHTb, UYTO B JAEATEIbHOCTH IMOJAPA3/JEIIC€HUN MO MPOTUBOJACHCTBUIO
KHOEpIPEeCTYITHOCTH IPaBOOXPAHUTENBHBIX OPraHOB HMMEIOTCA NpoOJeMbl 10 MaTepUabHO-
TEXHHUYECKOMY  OCHAIICHHMIO,  YKOMIUIEKTOBAaHUIO  KBaJIU(PUIMPOBAHHBIMU  CIIELUATIUCTAMHU,
OTCYTCTBHIO YETKMX MEXAHHW3MOB B3aUMOJEHCTBUS C AJMUHUCTPATOpPaMH CaWTOB IO BOIPOCAM
npoUIAKTUKH, TPETOTBPAILICHUS U PACKPBITHS YKa3aHHBIX YTOJOBHBIX ITpaBOHApYIIEHUH [7].

Taxoke B X0/1e 10CyA€0HOTO PAacCIeJOBAHUS CI0KHO IMOHATH BBISIBJICHHBIE SKCIIEPTaMU JE€TalIN
COBEpUICHHBIX KHOepaTak, OLIEHUTh COAEPKATEIbHYIO YaCTh 3aKI0YEHNUS] KOMITbIOTEPHO-TEXHUUECKOM
DKCIEPTU3bl M MPOU3BECTH JONPOC IOJO3PEBAEMBIX, COBEPIIMBIINX HAKa3yeMbIE B YTOJOBHOM
MOPSAJIKE IPABOHAPYLICHHUS.

KpunroBantoTsl, 6€3yClI0BHO, OTKPBIBAIOT HOBbIE BO3MOKHOCTH JIIsl (PMHAHCOBBIX OIEpaLui,
HO WX AaHOHUMHOCTb M JEIEHTPAIM30BaHHBIA XapakTep TaKXKe CO3Jal0T PUCKH, CBS3aHHBIE C
NPECTYIHON IesATeTbHOCThI0. boph0a ¢ MCIonb30BaHUEM KPUIITOBATIOT B MPECTYIHBIX IEAX TpeOyeT
KOMIUIEKCHOTO TOJXOJa, BKJIIOYAIOIIET0 PEeryJupoBaHUE, MEXAYHapOIHOE COTPYAHUYECTBO U
TEXHOJIOTUYECKHEe MHHOBaMHU [8]. BaxkHO HaxoquTh OamaHCc MEXy 3alIUTOH MpaB MoJib30BaTeNnei u
obecrnieueHreM 6€30MacHOCTH (PMHAHCOBOI CHCTEMBI.

«B Kazaxcrane ocyIecTBIsS€TCs MOINBITKAa CTPOUTEILCTBA 3aKOHOIATEIbHON U HOPMaTUBHOU
0a3bl BBIITycKa U 000poTa HUPPOBBIX aKTUBOBY [9].

B cootBerctBuM ¢ monoxenusmu crated 115 m 116 I'paxxmanckoro kozgekca PecryOmuku
Kazaxcran [10], uudpoBble akTUBBI BKIIOYEHBI B NepeueHb 0OBEKTOB I'Pa)KIaHCKUX IpaB HapaBHE C
JPYTUMH BHJIaMH UMYILECTBA.

[Tonsite, BuAbl LUGPOBBIX AaKTUBOB W OCOOEHHOCTH HX 000pOoTa pEryIupyroTcs
3akoHonaTenbcTBOM PecnyOnuku Kazaxcran, a Takke akramMu MexIyHapoaHOTO (PMHAHCOBOTO
LIEHTpa «AcCTaHay.
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Cornacno 3akony PecryOmuku Kazaxcran «O mudpossix aktuBax B Pecybnuke Kasaxcrany»
(myHkT 4 crathu 1), MUPPOBON aKTUB ONpeAeNseTcs KaKk HWMYIIECTBO, CO3/aHHOE B 3JIEKTPOHHOM
dopMe ¢ HCHOIB30BAHUMEM KPUINTOrpaUUYECKUX CpPEACTB U KOMIBIOTEPHBIX TEXHOJOTHH. ITO
UMYIIECTBO HE OTHOCUTCS K (DMHAHCOBBIM MHCTPYMEHTaM M MPEACTaBIsIeT COOOH 3IEKTPOHHYIO
dbopMy TTOATBEPKICHUS UMYIIECTBEHHBIX mpas [11].

Taxoke B yKa3aHHOM 3aKOHE 3aKpEIUICHO, YTO HU(POBOM aKTUB HE (PYHKIMOHUPYET B KaUeCTBE
cpencTna miarexa [11].

OpHUM U3 BHJIOB IU(POBBIX AKTHBOB SIBIISETCS IU(PPOBON TOKEH, KOTOPBIH MpPEICTABISET
co0O0M 3JIEKTPOHHOE CPENICTBO yuéTa, 0OMEHA U MOATBEP)KICHHUSI UMYIIIECTBEHHBIX IIPaB.

Cornacno cratbe 1 3akona PecnyOmuku Kaszaxcran «O mudpoBsix aktuBax B PecryOnmke
Kazaxcran», B Hacrosiiee BpeMs LU(QPOBbIE aKTUBbI KJIACCU(PHUIMPYIOTCA Ha OOecledYeHHbIE U
HeobOecnieueHnuble [11].

OGecneyeHHbie TU(PPOBBIE aKTUBHI (TOKEHBI) BKIIOYAIOT MU(PPOBOH TOKEH M WHBIE MU(PPOBBIC
aKTHUBBI, KOTOPBIEC YI0CTOBEPSAIOT UMYIIECTBEHHBIE PaBa Ha TOBAPBI U/WIN yCIYTH, IPEIOCTaBIIEMbIC
JIMLIOM, BBIITYCTUBLIMM OOecrieueHHbIH LU(ppoBOil akTHB. Buabl o0ecnieueHHbIX IU(POBBIX AKTUBOB U
nepeveHb MpaB, YAOCTOBEPSIEMBIX HU(MPOBBIM TOKEHOM, YCTAaHABIUBAIOTCS JIMLIOM, OCYIIECTBIISIOIIAM
BBINTYCK IIM(POBOro TOKEHa, B COOTBETCTBUHM € 3aKOHOAaTeNbcTBOM PecnyOnnku Kazaxcras.

HeoGecrieuennbie 1mmdpoBbie aKTUBBI (KPUNTOBAIIOTHI) TPEICTABISIOT CO00HM IH(pPOBBIC
TOKEHbI, KOTOpbIE MOJIYYEHbl B KaUeCTBE BO3HAIPAXKJEHHs 3a y4acTHe B 00ecClIeYeHUH KOHCEHCyca B
OJI0KYEHH-CHCTEME B COOTBETCTBHH € 3aKOHOAaTenbcTBOM PecnyOmmku Kaszaxcran.

3akoH PecnyOmuku Kazaxcran «O 1mudposbix aktuBax B PecnyOiuke Kaszaxcran»
yCTaHABJIMBAET, YTO K obOecnedeHHBbIM HHU(poBbIM akTuBaM oTHOcsTcs Utility Tokensl n Security
TOKEHbI, KOTOpBIE BBIIIYCKAIOTCS B MOPSJIKE, HNPEAYyCMOTPEHHOM 3aKOHOJATeNbCTBOM PecmyOiuku
Kazaxcran [11].

Taxke yCTaHOBJICHO, YTO NpPaBO Ha ILM(POBON aKTHB (TOKEH) MOJITBEPXKAACTCS 3alMChIO B
OyoK4eiiHe Ha pacrpene€éHHON TuIaTopMe NTaHHBIX JUIIOM, OCYIIECTBISIONIMM BBITYCK ITH(PPOBOTO
aKTHBA, B COOTBETCTBUU C 3aKOHOJaTeabcTBOM PecryOnuku Kaszaxcras.

Cnenyetr otmMeTuTh, uTo 3akoH Pecnyonuku Kazaxcran «O nugposbix aktuBax B PecryOinnke
Kazaxcrany» conepkuT ornpelenéHHbIe OrpaHUYEHHs] B OTHOLIEHHH HU(POBBIX Security TokeHOB. B
YaCTHOCTH, YKa3aHo, 4TO U(POBON aKTUB HE MPEIOCTABIIAET NpaBa Ha (PUHAHCOBBIE HHCTPYMEHTHI U
He J1aéT ero COOCTBEHHUKY MJIM BIJIAJEIbI]y COOTBETCTBYIOIIUX IpPaB B OTHOIIEHUH IOPUANYECKOTO
muma [11].

JlaHHO€ T0JI0’KEHUE MPENIOoaraeT, YTO TOKEHNU3alUsl aKTHBOB, KOTOPbIE MOIJIM Obl MOANAIaTh
[OJl peryiupoBaHue (UHAHCOBBIX MHCTPYMEHTOB, B HACTOSILEE BpeMs SIBISETCS 3alpeuiéHHONW Ha
tepputopun Pecriyonuku Kazaxcras.

B ynomsiHyTOM BBIIE 3aKOHE pErJIaMEHTHpPYeTCs, 4YTO JHMHCCHS U oOpalleHue
HeoOecleYeHHbIX HU(POBBIX aKTHBOB, TAKUX KaK KPUITOBAIIOTHI, JOMYCKAIOTCS HCKIIOUUTEIHHO B
npenenax MexayHapoIHOro (PMHAHCOBOTO IIEHTpa «AcTaHay.

Takum oOpa3zom, B KazaxcraHe B HacTosllee BpeMsi OCYLIECTBISIOTCS MEphI MO pa3paboTKe
HOPMATHBHOM 0a3bl, pEryIupyOIIeH YMUCCHIO U oOpamieHne udpoBeIX akTUBOB. C OJTHON CTOPOHBI,
3aKOHOJIATeNIbCTBO IMPHU3HAET LU(POBBIE AaKTUBBI B KadecTBE OOBEKTOB TPAXKAAHCKUX NpaB U HE
3ampeniaeT uxX dMHUCCHI0 U oOpamienue. C Ipyroi CTOPOHBI, «TOKCHH3AIM» aKTUBOB U OOpaIleHHe
U(PPOBBIX TOKEHOB BO3MOXHBI HMCKIIOYUTEIBHO Ha TEPPUTOPUH MeEXIyHapOIHOrO (HUHAHCOBOIO
LEHTpa «AcCTaHay.

Tem He MeHee, B 3akoHonarenbcTBe KazaxcraHa oOCTarOTCS HEPEIIEHHBIMH HEKOTOpBIE
Bonpockl. Hampumep, He fdaHbl omnpeAeNeHuss TMOHATHI  «KPUITOKOMIIENEK»,  «Topsauuil
KPUITOKOIIENEK», «XOJNOJHBIA KPHUIITOKOLIENEK», «BUPTYAIbHBIM CUET», «KPUITOOHPKA»,
«OopraHuzanys TOproB LU(POBBIX akTHUBOB». Takke HE YyCTaHOBJEHBI MpaBUja B3aUMOJEHUCTBUSA
MEXIY KpUIITOOMpX)aMU M OaHKaMU BTOPOTO YPOBHS, a TakXkKe MX KIMEHTaMU — (PU3NYECKUMH H
IOPUANYECKUMH JUIIAMH.
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Kpome Toro, He omnpeneneHsl TpeOoBaHUS K KNOepOE30MacHOCTH KPUITOOUPK M MOPSAIOK UX
HasoroobmoxxeHus. He pemieHsl BOMPOCHL  YNpaBleHUs PUCKAMM M BHYTPEHHETO KOHTPOJIS
NEeSITeIbHOCTH KPUIITOOUPK.

BaxHpIM acriekToM SIBISETCS MPOIECC JIeraau3aluu HU(PPOBBIX AKTUBOB, HAXOAALIMXCS B
pacIoOpsKEHUU TIpaxJaH. DTH MOJO0XKEHUs HMEIT KIKYEBOE 3HAuY€HHUE, IOCKOJbKY Ha MX OCHOBE
OyayT pa3zpalaTbIBaThCs MIPABOBBIE MEXAHU3MBI PEryIUPOBaHUs cephl IHUPPOBBIX AKTUBOB.

B pamkax maHHOro mcciemoBaHus OblI MPOBENEH aHAIM3 POJU KPUIITOBATIOT B KOHTEKCTE
COBPEMEHHBIX IPECTYyNHBIX AesHUW. HecMoTps Ha 3HAYMTENbHBIM MHHOBALIMOHHBIA ITOTEHUUAT U
HEPCHEKTUBBI JIETAJbHOIO MPUMEHEHUS, KPUNTOBAIIOTHI CTAIM MHCTPYMEHTOM [UIS OCYILECTBIICHUS
pPa3NIMYHBIX TPECTYNHBIX ONepaluii, TaKUX KakK JIeraju3alus JO0XOAOB, (HHAHCHUPOBAHUE
TEPPOPUCTUYECKOH NeATETbHOCTH U MOLIEHHUYECTBO.

JletanbHbI  aHANWM3 BBIIBWJ, YTO AHOHUMHOCTH M JCLEHTPAJIM30BaHHAs IPHPOJA
KPUITOBAIIOT O0JIEr4aloT UX UCIOJIb30BAHUE B MPOTHUBOIPABHBIX LEsIX. TeM He MeHee, mporpecc B
00JTacTH TEXHOJOTMA W YCHUJICHHE MEp pPEryJupOBaHHUS MOTYT CYIIECTBEHHO CHH3HMTh PHCKH,
CBSI3aHHbBIE C IPUMEHEHHEM LIU(PPOBBIX BATIOT B IPECTYITHON JAESITEIbHOCTH.

Cnemyer mOMYEPKHYTh, YTO KpPUNTOBATIOTHI Takke O0O0JaNarOT TOTCHIMAIOM IS
UCMOJIb30BaHUSI B 3aKOHHBIX IENIAX, BKJIIOYas MEXIYHapoAHble (MHAHCOBBIC OINEpPaLUU U
WHBECTUIIMOHHBIE cTparerud. OIHAKO Ui MHHHMH3AIUM [OTEHIMAJIbHBIX PHUCKOB Tpelyercs
JlaNipHelIee COBEPLICHCTBOBAHUE HOPMATHBHO-TIPABOBOM 0a3bl M YKpEIUIEHHE MEXKIYHapOJHOTO
COTpYAHHYECTBA B cpepe MPOTUBOACHCTBHSI KHOEPIIPECTYITHOCTH.

Takum 00pa3oM, KpUNTOBAJIIOTHI MPEACTABIAIOT CcOOOW amOuBaleHTHbI  (eHOMEH,
TPeOYIOUNI KOMITJIEKCHOTO ¥ BCECTOPOHHETO MOJX0/1a K PEryJIMPOBaHUI0. DTO MO3BOIUT 00ECIICUNUTh
rapMOHUYHOE COYETAHNE MHHOBAIIMOHHOIO pa3BUTUS U 3 (EKTUBHOMN 3aIIUTHI OT IPECTYIHBIX YTPO3.
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TY¥TBIHY HECUECI MEH XAJIBIKTBIH KAPKDBIJIBIK CAYATTbBIJIbIT'bI
APACBIHJIATBI ©3APA BAMJIAHBIC

booicex Tozocan

«Typany Ynusepcumemi, 2-xypc

Fouvimu orcemexwiici: Kacvimoexosa I'.P.,
ookmop PhD, ooyenm

Anmamul Kanacwi

Kazipri 3amanayn Korama TYTHIHYIIBUIBIK HECHEJEY XaJIbIKThIH Kap>KbUIBIK Ka)KeTTUIIKTEepiH
KaHaFaTTaHJBIPYIbIH KEH TapajfaH KypainapblHblH Oipi. COHFBI JKbULAAPBl TYTHIHY HECHeEJepiHe
CYPaHBICTBIH TYpPaKThl eociMi Oadkambill oTbIp. by ypaic, Oip KaFblHAH, 3KOHOMHKAJIBIK
OCNCEHIUTIKTIH apTyblH KOpCeTce, eKIiHINI JKaFblHAH, MXEKe TYJIFalapblH Kap)KbUIBIK IIEIIiM
KaObU1AayJaFbl OUTIKTIITIH, SFHH KapXKbUIBIK cayaTThUIBIK JEHIeliH Oaranayra MyMKIHIIK Oepe/i.

KapXpUTbIK cayaTTBUIBIK JKEKE TYJIFaHBIH KAap)Kbl PEeCypcTapblH THIMII Oackapy KaOuleTiH,
HECHEeINliK MIHAeTTeMeNepAl TYCiHYyiH, Toyekennepai Oaramam, AypbiC MIemiM KaObuimaih OimyiH
KAMTUTBIH MaHbI3IBI (hakTop. XalbIKTBIH KAP)KbUIBIK CAyaTTHUIBIK JEHIei HECHEIK MiHe3-KYJIBIKKA
TIKeNIeH ocep eTil, Kapbl3 ally MEH OHbl OTey YPAICIHAE LIeHIyI pen atkapaibl. TYThIHY HecHeCiHiH
KOJDKETIMJIUTITT MEH OHBI TMaiJalaHy MOJACHHUETIHIH KaJbITacybl MEMIIEKETTIH Kap>Kbl HAPBIFbIHBIH
TYPaKTBUIBIFBI MEH XaJbIKTBIH OJEYMETTIK ol-ayKaThblHAa TIKeNed bBIKMadl eTeTiIH MAaHbI3/IbI
Mocelnenep i Oipi Ooneim TaObIambl. OChl TYPFBIIAH ajfaH]a, TYTBIHY HECHECI MEH KapiKbLIBIK
cayaTThUIBIK apachlHIAaFbl ©3apa OalIaHbICTHI 3ePTTEY ©3€KTI 9pl MPAKTUKAIIBIK MAaHBI3bI 30p FHUIBIMU
OarbITTapABIH KaTapblHa JKaTaIbl.

Kazipri 3amaHfbl HapbIKTHIK IKOHOMHKA >KaFlallblHAa TYTBIHY HECHeNey >KYHeci XallbIKThIH
QJIEYMETTIK OHE 3KOHOMHKAJIBIK OEJICEHIIINH apTThIPYJbIH MaHbI3[bl KypajblHa aiHaiabl. ATtamn
aliTKaH7Ja, TYTBIHY HEeCHecCi a3aMaTTapJblH TYPMBICTHIK KKETTUIIKTEPIH oTeyre, Typii Tayapiap MeH
KBI3METTEP/I1 0TI TeJey apKbUIbl CaThIN allyblHA MYMKIHJIK Oepeni. KaszakcTanma COHFBI KbUIIAPHI
TYTHIHY MaKCaTbIHJaFbl HECHe KeJeMi eIoyip YIFaibll, OHBIH KOJDKETIMALIIr apTTel. byn ypaic
XaJIBIKTBIH KapKbUIBIK MYMKIHAIKTEPIH KEHEUTKEHIMEH KaTap, Oenriuii 6ip ToyeKenaepre e ol allThl
apTHIK Kapbl3 XKYKTeMeci MEH TejieM KaOimeTCi3Miri »karaainapsl kuined Tycti. MyHaail axyanbiH
TybIHJIaybIHa cebenm OojaThiH OacThl (akTopiapiblH OIpl — XaJbIKTHIH KApPXKBUIBIK CayaTThUIBIK
JeHreiiniH TeMeHairi. KapKplablK cayaTThUIBIK TE€K KapamaiibiM OiTiM JeHreliH FaHa eMec, COHbIMEH
KaTtap aJaMHBIH KapKbl KypajJapblH IYpbHIC TMaianaHa amy KaOUIeTiH, y3aK Mep3iMIi jKocmapiiay
JaFIbLUIApbIH, TOyeKenal Oarajmay MYMKIHIAITIH e KaMmTuael. Hecue amy »kayamnTel IiemriM, amaiijga
KOIITETeH azaMaTTap OHbI CaHAJIBI TYPAE eMecC, KapKbUIBIK JKOCMapiiay MeH OoJaiiak TejieM KaOuleTiH
eckepMmei KaObL1aaiiab!.

Ocwl 3epTTey >KYMBICHIHBIH MakcaThl Ka3akcTaH XaJIKBIHBIH TYTBIHY HECHECIH TaiiTanaHy
TOXKIpUOECIH KapXKbUIBIK CayaTThUIBIK JEHTeWiMEeH OaillaHBICThIpAa OTBHIPHIN Taujaay, Herisri
npoOieMaapsl aHBIKTAy JKOHE OJIapJbl IICHTy JKOJIAAphIH YCBhIHY. Bysl MoceleHi 3epTTey enjeri
TYPaKThl SKOHOMHKAIBIK JlaMyFa J>KOHE a3aMaTTaplblH KapKbUIBIK Oll-ayKaTbhlH apTThIpyFa Yiec
KOCAThIH ©3€KT1 MIHAECTTEePAIH O1pi OOJIBIT TAOBLIA/IBI.

TyTeIHY Hecueci OV JKeke TyJIFajgapra TYTHIHY TayapiiapblH CaThINl aly HeMece KbI3METTepre
aKbl TeJiey MakKcaTbhlHIa OAHKTEp MEH e3re Jie Kap)Kbl YibIMIapbl TapanblHaH OepuUIeTIH Hecue TypI.
By Hecue azaMaTTapbIH aFbIMIAFbl KAPXKBUTBIK KOKETTUTIKTEPIH KaHAFaTTaHABIPY YIIIH KbICKA )KOHE
opra Mep3iMre Oeputeni. TyTbIHY HecHuecl >KeKe TyJIFalapiblH 6©Mip camacblH apTThIPHIM,
HSKOHOMHUKAIIBIK OCTICEHAUTIKTI BIHTAIAHABIPAIBI.

Kazakcranma TyThIHY HECHEC] KeTiec Typiepre OemiHeml:

- UnmoTekanblk eMec MakcaTTarbl HECHE — TYPMBICTBIK TE€XHHKA, knha3, OKy, AeMajbIC CHSKTHI
MakcaTTapra oepinei;
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- benin Tteney necueci (Kaspi Red, Home Credit 1.6.) caTbin anblHFaH TayapJblH KYHBIH
OipHerue aiira OeJin Teseyre MyMKiHAIK Oepeni;

- KpenutTik xapranap ukemai Hecuesney Kypajibl peTiH/Ie Mai1anaHblIabl;

- ABTOHECHeNEp KOJIiK CaThIIN alyFa OarbITTallFaH;

- MukpoHecuenep marblH coManap/ia, >KbUiaM paciMIeNeTiH Kapbl3 TYpi.

Byringe OaHKTIK OHIMIEPHAiIH KOJDKETIMIUIrI, COHBIH INIHAE OHJIAWH Hecuesey, MOOWIbII
OaHKUHT, HECHEIIIK JIUMUTTEP XaJbIK apachlH/a TYThIHY HECHECIHE CYPAHBICTHI apTTHIPHII OTHIP.

KapKbUTbIK cayaTTBUIBIK OYJT aaMHBIH KEKe KapiKBICBIH 0acKapy, Kap KbUIBIK IIEHIM KaObU1Iay
JKOHE y3aK Mep3iMi Kocmapiay KaOUIeTiH CHIATTauThIH OLTiM, TYCIHIK OHE JaFablUIap KUBIHTHIFBI.
OECD anbIkTamacel OOWBIHIIA, KAPKBUIBIK CAyaTTBUIBIK JKEKEe TYJIFaHBIH KapiKbUIBIK MoceJeliep/ie
JIYPBIC TIETIIM KaObLIAaYhl YIIIH KOKETT1 OLTiMre, TaFablFa )KOHE CEHIMTE he OOJIYHI.

KapsKbUTBIK cayaTTBUIBIK KeJIecl HeTi3r1 KOMIIOHEHTTEP/ICH TYpaJibl:

- Kapxpuiplk  OU1iM  malibI3ABIK MeJIepieMenep, HUHOIAIUS, Hecuelney LapTTapbl Typaibl
aKmapaTThl TYCIHY;

- KapKpIbIK MiHE3-KYIBIK TaOBIC TIEH IIBIFBIHABI €CENTeY, KUHAK Kacay, KapbI3bl YaKbIThUIbI
KauTapy;

- KapxpibIK ke3Kapac 0onamakThl )kocnapiay, KapsKbUIbIK ToyeKen i Oaramay.

XaJbIKTBIH Kap KBUIBIK CayaTTBUIBIFBI )KOFAphl OOJIFAH CAaWbIH, OJap HECHE ally MCH MaiJlalany
MOceJIeNIepiH/Ie OMJIAHBIN OPEKET eTeli, apThIK Kapbl3 JKYKTEMECIHEH, KEHIKTIPIITeH TeJeMaepiacH
YKOHE albINImyIaapaan aynak oonaast [1].

1- Kecte . KapKbUIbIK cayaTThUIBIKTBIH HECHEIICYTe dCep €Ty MEXaHU3MI

MexaHu3MHIH Cunarramacsl Kap XbUThIK cayaTTBUTBIKTHIH podIi

Ke3eHl

Hecueni Tyciny | Hecue — maprrapsl,  maibiabik | JKorapbl KapXKbUIBIK CayaTTBUIBIK aJaMFa
MeJepieMe,  TeleM  KeCcTeci, | Hecueé  IIapTTapblH  HAKThl  TYCiHyTe
KOCBIMILIA TeJIEMIED MEH | MyMKIHAIK Oepeni, aid TeMeH JeHreii
aillplnnysigapsl Outy TYCIHOEYIILTIKKE QKeJIe .

Hecueni amy | Kapxkpuiblk — karmaiiasl — Oaranay, | Kap)KbUIbIK cayaTThUIBIK ©3 MYMKIHAIKTEPIH

HIemIiMi HECHE MOJIIEPIH KOHE Mep3iMiH | AypbIc Oaranar, apThIK Kapbl3fa OaTbIpyaaH
aHbIKTAY CaKTailpl.

Hecue any Hecue paciMmaey, KaxerTi | CayaTThl KapXKbUIBIK OUIIM  paciMaeyai
KyXKaTTapAbl  JKMHay,  OaHKTEH | KEHUIJETeIl MOHE YaKThUIbl paciMjieyre
HECHEHi aly CEITITIH TUTI3E].

Hecue teney | Kapbi3asl mep3iMinge Tosey, TeeM | KapKbulbIK — cayaTThUIBIK — TeJeMAEp.l

XKoHE OacKapy

KECTECIH caKTay, O/ KEeTTey

YaKTBUIBI )KOHE TOJIBIK ©T€yre KOMEKTecesl,
KapbI3/ibl 0aKbplIay/1a YCTayFa bIKIAT €TeIl.

Hecue Kapeznpr  kaiita KapKbUTaHnbIpy, | KapKbUIbIK — cayaTThUIBIK — TOyEKeAep/Ii
ToyeKelAepiH TeneM  KaOUIeTiHIH ~ e3repyiHe | aJblH aja Oaranam, KaXeTTi IIapanap
Oackapy JaibIH 00Ty KOJIJJaHyFa MYMKIHJIIK Oepe/l.

TyTelHy HecueciH THIMII MaifanaHy TiKeJIed KapKbUIBIK CayaTThUIbIKKA OalIaHbICTHI.

Kapxpuiblk  cayaTsl

JKOorapbl asaMarTap:

HECHENIK IIapTTapibl

MYKHUAT OKBIN, MaWbI31ap/Ibl

CaJIBICTBIPa/ibl, ©3 TaOBIChIHA Caif HeCHe aylajibl, HECHENIK TapUXTHIH MaHBI3IbIIBIFBIH TYCIHE/], TOJIEM
KaOlIeTTUIIriHe colikec Hecue KallTapy >KOCIapbIH KacauIbl.

AN KapXbUIBIK cayaTchl3 a3amartap keOiHece: HecueHiH HakThl KYHbIH (JKTCM — XbpUIabIK
TUIMII ChIHAKbl MeJIIepiIeMeciH) TyciHOel Kapbl3 anaabl, Oeiin Tesiey Hemece '>KeHLT"' Hecue
OHIMJIEPIH apTHIK TYTHIHAJbI, YaKBITBUIBI TOJEM >KYpriz0eil, KOChIMIIa IIbIFBIHAPFa YIIBIPANHIbI,
OipHerie 0aHKTEH KaTapblHAaH HECHE aJIbIl, Kapbl3 )KYKTEMECIH aybIpaaTasi(1- kecte) .

COHIIBIKTaH KapXKbUIBIK CayaTThUIBIKTHI apTTHIPY TYTBIHY HECHeNey HapbIFbIHAAFbl TYPAKTBUIBIK
IIEH a3aMaTTap/blH KapXKbUIBIK OJ-ayKaThlH KamMTaMachl3 €TyAlH OacThl IIapThl OOJIBIN TaObLIa/bI.
Conrsl xbuIapbl Ka3akcTanaa TYThIHY HecHeNey HapbIFbl KapKeIHAb! 1amyna. KP ¥aTTeik bankiHig
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nepekTepine cyheHcek, 2024 KbUIABIH COHBIHIA JKEKE TYJIFajapra OepiiireH TYThIHY HECHENepiHiH
JKANMBI KenieMi 7,5 TpIH TEHrelCH acThl, OYJ OTKeH XBIIMEH calbICThIpraHna mamameH 15-20%
eCIMJIi KepceTei.

KazakcraH XalKbIHBIH Kap>KbUIBIK CayaTTBUIBIK JICHT€H1 COHFBI )KBUIIAPHI OIPTIHIEI apThII Kelie
JKaTKaHbIHA KapaMacTaH, ol JjJe TemeH jAeHreine Kaiubinm otbip. OECD (DxoHOMUKAIBIK
BIHTBIMAKTACTBIK JKOHE JaMy YHWBIMBI) OJKYPTi3T€H XalbIKapaiblK 3eprreyiepae Kasakcran
TYPFBIHIAPBIHBIH KAP>KbUIBIK CayaTThUIBIK JCHI€H1 OpTalla KOpCeTKIIITEH TOMEH €KeH1 aHbIKTaIFaH.

2023 xbutbl KP Kapbpl HapbIFbIH peTTey JKoHe AaMblTy areHTTiri (APP®P) sxyprisren
cayaJlHaMa HOTHIKeC1 OOMBIHIIA:

1.Pecnionnentrepaiy Tek 34%-b1 rana JXTCM (KbULABIK THIMAI CBIMAaKbl MOJIIEpIeMect)
YVFBIMBIH TOJIBIK TYCIHETIHIH KOPCETKEH,;

2.47%-bI HECUEITIK APTTAPABI TOJBIK OKBbIMAH, "TEK KOJI KOsl CaJlajibl" CKeH;

3.28%-p1 aii caifbIHFbI TAOBICHIHBIH 50%-1aH acTaMbIH HECHE TOJICYTE KYMCAMIbI;

4.60%-ra >XybIFbI 63 Kap>KbICHIH KOCHapIaMaiibl )KoHE KUHAK >KacaMaiabl.

KapKbLIblK cayaTThUIBIFBI TOMEH a3aMaTTap >Kui Ke3/1eCeTiH Heri3ri nmpobiemanap:

1.Hecue mapThIHBIH MaHBI3IbI OOJTIKTEPIH TYCIHOCY;

2. ApTHIK HecHe aiy koHe OipHele OaHKKe Kapbi3 00Iy;

3.Kemisnci3 Hecuenepai oiyianOacTaH aiys;

4. A¥i callbIHFBI TOJIeM/Il TAOBIC KOJIeMiHE caif Kocmapiaamay;

5. KaiiTapy Mep3iMiH KEIIiKTipy, HOTH)KECIH/Ie albINITyJI MEH ©CIMITYJ1Iap KUHAKTATYBI.

AJ Kap>KbUTBIK cayaThl )KOFaphl a3amMaTTap:

1. Hecune mapThiH MYKHAT 3€pTTEiIL;

2.KapbI311b1 KaiiTapy MyMKIHJIIT1H aJIbIH alla eCenTeIi;

3.Hecue Tapuxbsina moH Oepei;

4. KoceiMina TabbIc KO31IEpiH 13ACH I HEMece KUHAK JKacaiibl,

5. TeTeHIie xaranaap KOpbIH KYpy/Ibl MaHbI3bI €T ecenTenmi[2].

Ocpinaiima, Kap>KbUTBIK cayaTThUIBIK TIEH TYTHIHY HECHECIH AYPHIC MalijaiaHy apachlHIa THIFI3
Oaitmanpic Oap. KapXpUIBIK cayaTTBUIBIK JICHTeHl apTKaH CalblH HECHEIIK TOYEKeINIep a3asibl, aj
azaMaTTap/IbIH KapKbUIBIK 9N-ayKaThl KaKcapabl.

KapkbUIbIK cayaTThUIBIK — OYJT aJJlaMHBIH ©3 Kapa)xaThIH THIMA1 OacKapy, »ocrapiay, )KHHAKTay,
WHBECTHUIMSIAY JKOHE KApXKBUIBIK TOyEKeJAepAl TYCIHIN, AYypbIC WIennM KaObUiaay KaOiieri.
Kazakcranma KapKbUIBIK CayaTTBUIBIKTBI apTTBIPY ©TE ©3€KTI Mocene, ce0edl KomnTereH azamarrap
KapKbIHBI OacKapyla KUBIHIBIKTApFa Tam OOIBIN >KaTajJbl: HECHUEre TOYeNAUTK, apThIK IIbIFbIH,
YKUHAKTBHIH 00JIMaybl, Kap)KBUTBIK aJIaSKTHIKKA YPBIHY KOHE T.0.

2-kecre. KapKbUTbIK cayaTThUIBIK aHBIKTaMaJIapbIHBIH CalbICTHIPMACHI

YiibiM Kap kbUIbIK cayaTThUIBIKTBIH aHBIKTaMachl Heri3ri snemenTrepi
OECD KapXbUIblK cayaTTBUIBIK — Oy KapKbUIbIK | -  KapKbulblKk — O17TiM-
OUTiM MEH JaFabulap >KUBIHTBIFBI, agamaapra o3 | KapKburbik JaFapLIap-
KApKbICBIH THUIMJII Oackapyra >koHe Jypbic | MiHE3-KYJIbIK
IHIEHTIM KaObl1ayFa KOMEKTeCe 1.
Kazakcran KapxpUIblK cayaTTBUIBIK — JKeKe aJaMHbIH | -  KapkpUiblk — OUTiM-
Pecny6nukacsl KapKbUIBIK ©HIMJAEp MeH Kbi3MeTTepai Tycinyi | XKocnapnay- Kopray
¥oarreik  banki  (KP | sxoHe €3 KapKBICBIH KocmapJar, 6ackapy »oHe
¥b) KOpFray KaOineTi.
Hyuuexysimk  6aHk | KapKbUIbIK cayaTTbUIBIK — KApKbUIBIK OHIMIED | -  KapXpUtblk — OLTiM-
(World Bank) MEH KbI3METTEp Typajibl akmapar MeH OiniM, | AKmapaTTaHabIpy-
COHJIali-aK AYphIC KapKbUIBIK HIemiM Kadbuinay | [llemim kaObuigay
JIaFbUIAPBIHBIH )KUBIHTBIFBL.
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Kazakcranmarsl Kap>KbUIBIK CayaTThUIBIKTBIH Ka31pri sKaF1aiibl:

1. Kanmer nmeHreiti — XanblKapaiblK 3epTTeyliepre cyheHcek, KazakcTaHmarbl Kap>KbUIBIK
CayaTTBUIBIK JEHTEH1 JIeMIIK opTalla KOpCEeTKIIITeH TOMEH, OipaK COHFBI XKbUIAapbl OIpTIHACT OCim
KeJIe/Ii.

2. Kacrap apaceiana — Kapskbira KaTbIcThl OUTIM MEH Aarapuiap kericneiiai. Mekren nen KOO
OarmapinamachliHaa OYJ1 OAFBIT €HII-CH I SHT131IIM KaThIp.

3. Epecekrep apacbiaaa — Hecuenik xKyKTeMe Kell, KOIIIIIrT HECUEHIH HaKThl MIAPTTAPbIH TOJIBIK
TyciHOe# .

4, VlaTepHeT anasKTapblHAa aJJIaHBIN Kally >KaFdaimapbl — KWl Ke3Jecedi, Oy Ja KapiKbLIbIK
cayaTThIH TOMCH/IITIH KepceTeni(2- kecte).

3-kecte. KapKbUIBbIK cayaTTBUIBIKTBI apTTHIPY JKOJIIAPHI:

Kangam Tycinaipme

1. Brojker xyprizy AW calibIHFBI KipiC ITEeH IIBIFBIHIBI )Ka3bIIl OTHIPY — KAP)KbIHBI OaCKapyIbIH
OipiHII KaJaMBbl.

2. Xunak xacay TaObIC TyckeH calibIH Oenriii Oip MalbI3bIH KUHAKKA CAJIBII OTHIPY.

3. KapxsI Typassl oKy KiranTap, oHnaiia Kypcrap, Makajgagap oKy apKbUIbI OLTIMII apTThIPY.

4.Hecwueni nypeic | Hecue anapia maibi3ipIk MOJIIIEPIAEMEH1, THIM/II MOJIIIICPIIEMEHI, TOJIEM

naiianany HIAPTTAPBIH MYKHUST 3EPTTEY.

5.AnasKThIKTaH cakTaHy | bedTaHbIc ciTemenepre oTiey, Aepoec MaJIIMETTEP/ i eIIKiMTe Oepmey.

6.MuBectunus Heriznepin | Jlenosut, akius, oOauranus CHsIKThI KypajaaapMeH TaHbICY.

oty

Kazakcranma KomkeTiMi 6actamanap MeH pecypeTap

- KP Kapkpl HapbIFbIH pETTEy XOHE IaMBITy areHTTIrl — XaJbIK apachblHIa Kap>KbUIBIK
cayaTTbUIBIKTBI apTThIpyFa OarbITTaIFaH OaraapiaManiap Kypriseui.

- Fingramota.kz kap>KbUTBIK cayaTThUIBIKKA apHAIFAH MEMJICKETTIK aKMapaTThIK MOPTaL.

- Kapxbl yibIMAApBIHBIH OKBITY OaFaapiamanapbl — KelOip OaHKTEp MEH MHUKpPOKapiKbl
yiibIMIapbl T€TiH BeOMHApIap MEH KypcTap YChIHAIbI.

- Mexkrentep men JXOO-mapma moH pertinie enrizy 2020 >xpuigaH Oactanm MeKTeNTepae
Kap KBUIBIK CayaTThUIBIK AJIEMEHTTEP1 €Hr1311e 0acTabl.

KapXbUIblK cayaTTBhUIBIK TeK Oail 00y YIIiH eMec, Kap>KbUIbIK KayINCi3AiK MeH TYPaKThUIBIKTHI
KaMTaMachl3 €Ty YIIiH MaHb3abl. Ka3akcTan azamarTtapbl Oyl OarbITTa HEFYpJBIM KeIl OUIIM alibl,
JaFbUIApbIH 1TaMBITCA, COHIIATBIKTHI €J1/11H SKOHOMHUKAJIBIK dJIeyeTi Ae apTa Tycei(3- kecre).

KapKbUTBIK cayaTTBUIBIKTBI PTTHIPY KOJIAAPHI

1. binim Gepy xyieciHe eHrizy

- Mekren neH yHUBEpCUTET OaraapiaMachlHa KapKbUIBIK CAyaTTBUIBIK IIOHIH HEMECEe MOJYIIH
€HT3Yy.

- Kapxsb! Herizaepi, O10KET Kypy, HECHE )KOHE WHBECTUIIHS CallaJlapbliH OKY.

- IlpakTukanblK cabakTap MEH TPEHUHITEpP OTKI3Y.

2. KoraMapIK aKnapaTThIK HaAyKaHIap

- MemiekeTTik opranzpap, OaHKTep KOHE KapXKbl HHCTUTYTTapbl apKbUIBl  Kap KbUIBIK
CayaTTBUIBIKTHI apTTHIPyFa apHAIIFaH KeH ayKbIMJIbI KaMITaHHsIIAp YHBIMIACTHIPY .

- Tene-paguo Oarnapiaamanapsl, oJIEyMETTIK JKeIIepae TYCIHIAIpYIep Kyprizy.

3. OHnaiiH pecypcTap MeH KypcTap

- Fingramota.kz cuSKTBI MEMIIEKETTIK OPTAIAAP MEH apHaiibl MOOMJIIB/I1 KOCHIMINIATAP aPKbLIbI
Kap>KbUIBIK O111M Oepy.

- Terin onnaitn kypcrap MeH BeOMHApIApIbl YUBIMAACTBIPY, SPTYPIIi IEHIeHIeTi ay AUTOPUsFa
OarpITTAIFAaH MaTepUaIap ’kKacay.

4. TlpakTHUKaJbIK JaFIbUIapabl JAMBITY

- JKeke OrwmKeTTi Kocmapiay, IIBIFBIHAAPAL OaKbLIay XKOHE >KWHAKTAy OOWBIHINA HAKThI
KATTBIFyJIap KYprizy.
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- Hecue any sxoHe Teney TopTiOi Typabl TOJBIK akmapar oepy.

- KapXbUIbIK anasKThIKTaH KaJlail cakTaHy KepPeKTiriH yipery.

5. bank neH Kapxbl YHBIMAAPBIHBIH KATHICYBI

- BaHkTep KIMeHTTepre KapKbUIBIK KeHec Oepy /i KYLICUTYy.

- Temen maiipi30eH Hecuesep MEH KUHAKTay OHIMAEpIH HacuXarTay.

- JKacrapra apHanran apHaiibl OaFaapiamanap xacay.

6. ’Keke MOTHBAIUSHBI APTTHIPY

- KapXbUIbIK MaKcaTTap KOIOFa )KOHE 0JIapFa )KETYre KOMEKTECY.

Kap KbUTbIK TOyeICi3 ik MeH KayINCi3AiKTIH MaHbI3ABUIBIFBIH TYCIHIIPY.
KapKbUTbIK TaOBIC MBICAIIAPBIH )KOHE OKUFAIap bl 0OJIicy.

YKIMETTiH KOJ/1aybl MEH 3aHHAMAJIBIK PETTey

KapKbUTBIK CayaTThUIBIKTEI KOTEPMETICHTIH Oarnapiamanapra cyocuausuiap oery.
Kap KbUTbIK KBI3MET KOPCETYIIUIEPIiH alllbIKTBIFBI MEH YKayarKepIIUIria apTTeipy[3].

TyTeiHy Hecueci MEH XaJbIKTBIH KapXKbUIBIK CayaTTBUIBIFBI apachlHAA THIFBI3 OailmaHbic Oap.
Kazipri 3amanna TyThIHY HecCHeci aJamjaapra KaKeTTi Tayapiiap MEH KbI3METTepi CaThil aiy
MYMKIHJIITiH Oepin, eMip camachlH jKaKcapTyFa CENTIiriH Turiseni. JlereHMeH, HeCHEHI AYpPBIC KoHE
caHasbl nmaigananfay KapKbUIbIK KUBIHIBIKTapFa, KApPbI3/AbIH 6CyiHE JKOHE aJlaMHBIH JKeKe OIOKeTIH
Oackapyaa Macenesnepre 9Keinyli MyMKiH. XaJIbIKTBIH Kap>KbUIBIK CayaTThUIBIFBI )KOFaphl OOJIFaH CaibIH,
oJlap TYTHIHY HECHECIH THIM/Ii 9pi *KayallKepIIUTIKIeH KoaaaHaabl. Kap:KbUIbIK cayaTThUIBIK JETeHIMi3
aJIaMHBIH aKIIa aFrbIHJApbIH JKOCTApJay, Kap>KbUIBIK OHIMIEP MEH KBI3METTEpIiH epeKIICTIKTepiH
TYCiHY, ©3 Kap>KbIChIH AYpbIC OacKkapy KabineTi. MyHail anamaap HecHe mapTTapblH MYKUST OKBIIL, 03
TelleM KalijeTiHe colikec KapbI3 ananubl. Onap apThIK Kapbi3JaH ayliak OOJIBIN, ©3/EPiHIH KapKbUTBIK
JKaFJaiblH TYpaKThl yCTal anajpi[4].

AN KapXbUIBIK CayaTTBUIBIFBI TOMEH aJaMap Kem KaFjaija Hecue MIapTTapblH TYCiHOEH,
KOKETTUTIKTEPIHEH THIC Kapbi3ra Oaranbl. By onmapapl SKOHOMHUKAIBIK TYPFBIJIAH QJICIPETIiN, CTpecc
NeH KUbIHAbIKTapra nymap ereni. Con cebGenTi Kap)KbUIBIK OiTiM MEH JaFAbIHBI apTTBIPY ©Te
MaHbI3/Abl. XalbIKTBIH KAapXKbUIBIK CayaTThUIBIFBIH KOTEPY TYTHIHY HECHECIH ayphic OacKapyra
MYMKIHJIIK Oepei, 0J1 03 Ke3eriH/e jKeKe aJlaMHBIH KOHE KOFaMHBIH KOHOMHKAJIBIK TYPaKTHUTBIFBIH
cakrayra biKnan ereii. CoHbIMeH Oipre, TYThIHY HECHECIHIH KeJeMi MEH KOJ YKETIMIUTIT XaJlbIKThIH
Kap >KbUIBIK CayaTThUIBIFBI JEeHTeiiHe OalmaHbICThl. Erep amammap KapKbUIBIK OlTIMMEH KapyJiaHOaca,
HECHEHIH KeIl 0OJybl KapbI3JbIK JargapblcTapra ajbll Kendyl bIKTuMasl. COHIBIKTaH MEMJIEKET IeH
Kap>Kbl YHABIMIAPhl XaJbIKThl KAp)KBUIBIK CayaTTBUIBIKKA YHpeTyre OarbITTalFaH Oarmapiamalap/ibl
KEeHIHEeH eHrizyl KaxeT. MyHnall mapanap TYTbIHY HECHECIH JAypbIC NaijalaHy MOJIEHHETIH
KaJIBIIITACTBIPBII, aJaMIap IbIH KapKbUIBIK JKaF/1albIH jKaKcapTyFa CENTIrH TUT13e1l.

KopeiTa aiiTkaHna, TYTBhIHY HeEcHeCl MEH KapXbUIBIK CayaTTbUIBIK — Oip-OipiMEH TBHIFbI3
OailnaHbplcTl yFbIMAAp. TYTHIHY HeCHeCl XalbIKThIH JKOHOMHUKAJBIK ©MIpPIHAE MaHbI3bl PeJl
aTKapajbl, OipaKk OHBIH OH HOTH)KETe KOJ JKETKi3yl XaJNbIKTHIH KapKbUIBIK OUTIM JeHreliHe Tikemneu
OaiinmanpicTbl. COHABIKTAH KapKBUIBIK CAayaTTBUIBIKTBI apTTBHIPY XaJbIKTBIH JKEKE JKOHE JKaJIIbI
HYKOHOMHUKAIIBIK dN-aYKAThIH KAMTaMachl3 €TYyIiH MaHBI3/bI MIAPThI OOJBIN TaObUIaAbl. Byl OarbITTaFsl
KYMBICTBI JKYHell TypHae XKYpridy TYThIHY HECHECIHIH THIMJl KOJJAHBUTYbIH KaMTaMachl3 €Tirl,
QNIEYMETTIK TYPAKTHUIBIK MIEH KapXKbUIBIK KAYyIMCI3TIKTI HBIFAUTAIbI.
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COBEPIIEHCTBOBAHME TEXHOJIOT' MY ITIPOU3BOACTBA XJIEBOBYJIOYHOM
MPOAYKIHUHU C JOBABJIEHUEM CEMSH HYTA JJIA IOBBILLEHUSA EE
®YHKIIMOHAJIBHBIX CBOVICTB

Hypanuna I'yavoana Hypowcanoena

Maeucmpanmxa 2 Kypca 06pazoeamenbHol RPpocpamMmvl OUOMEXHON02USA
Cesepo-Kazaxcmanckuil ynugepcumem um. M. Kozvibaesa

Hayunwiti pykosooumens: ookmop PhD Kanmapéoaesa Inemupa Epoonosna

AHHOTAIUSA

B crarbe paccMOTpeHBI BO3MOXKHOCTH TmpuMeHeHust cemsH Hyta (Cicer arietinum) B
TEXHOJIOTUM TPOU3BOJCTBA XJIEOOOYJIOUYHBIX H3ICNUI C IENbI0 MOBBIMICHUS UX (YHKIMOHAIBHBIX
cBoiicTB. [IpoBeneH aHamM3 XHMMHYECKOTO COCTaBa CEMSH HyTa, IIOKa3aHbl IMPEUMYIECTBA HUX
UCTIOJIB30BaHUS B XJI€0OMEKapHOH MPOMBIIUIEHHOCTH. [IpeaoxKeHpl BApHaHThl BHECEHUSI CEMSTH HYTa
B PELENTYPY, ONpeAeIeHbl ONTUMAaIbHbIE JO3UPOBKH U METOABI IOATOTOBKH CHIPbS.

VYcraHoBieHO, 4yTO J00aBiieHHME CeMsiH HyTa B KosnyectBe 5—15 % oT Maccel Myku
CHOCOOCTBYET MOBBILICHUIO COJEp’KaHMs Oellka, MUILIEBBIX BOJIOKOH, BUTAMMHOB M MHUHEpaIbHBIX
BEIIECTB, a TaKKe YylydmaeT (yHKIHMOHAIbHBIE CBoiicTBa xieba. [lomyueHHbIE pe3ylbTaThl
HOJATBEPXKIAIOT IEPCIEKTUBHOCTh HCIIOJIB30BaHUS HYyTa JJI CO3JaHMs XJI€OOOYJIOUHBIX H3AEIHi
(YHKIMOHATHHOTO HA3HAYCHHUS.

KiroueBsie cnoBa: xieboOynounsie uzpenusi, HyT (Cicer arietinum), ¢yHKIMOHAJIbHBIC
NPOIYKTHI, IIUIIEBast HEHHOCTH, TEXHOJIOTHS POU3BOICTBA

BBenenne

AKTYaTbHOCTh HCCJICIOBAHHS 00YCIIOBJICHA HEOOXOIUMOCTHIO TIOBBIIICHUS OUOJIOTUICCKON H
(GYHKIIMOHATBPHOU IIEHHOCTH XJIe00OYyNMOuHBIX u3fenuil. HecMoTpss Ha mupokoe pacrnpocTpaHEeHHe
xyieba B palyioHE HACEICHHWs, €ro OeJKoBas COCTaBISIOMIAs XapaKTepusyeTcs IeHUIITOM
HE3aMEHUMBIX aMHUHOKHCIIOT, OCOOCHHO TM3MHA, METHOHUHA U TpunTodana. OAHUM U3 HANpaBIECHUI
COBEPIIICHCTBOBAHUS TEXHOJIOTHH XJICOOTICUCHUS SBIISCTCS UCITOJIB30BAHUE HETPATUITMOHHOTO CHIPHS
— cemsH HyTa (Cicer arietinum). HyT oTinMuaeTrcst BBICOKMM cojaep:kaHueMm oOenka (1o 25 %),
MUIIEBBIX BOJIOKOH, BUTAMHUHOB T'pyINIbl B, MUHEpabHBIX BEIIECTB U aHTUOKCUAAHTOB, YTO JEJaeT
€ro IICHHBIM UHTPEANCHTOM ]IS CO3/IaHUs (DYHKITMOHATBHBIX TPOJTYKTOB TTUTAHHUS.

MaTtepuajibl 1 METObI

B kauecTBe 00BEKTOB HCCIIEAOBAHMS HCHOJIB30BATIKMCH: MuieHn4Has myka | copra (TOCT
26574-2017), cemena nyta (I'OCT 8758-76), mpoxoku xnebonekapusie npeccoBanubie (IOCT P
54845-2011), comb moBapennast (I'OCT P 51574-2000). MccnepoBanust MPOBOAMIHMCEH B YCIOBHUSX
nabopaTtopuu nuieBsIx TexHonoruit CeBepo-Kazaxcranckoro ynusepcurera M. M. Ko3piOaeBa.

Metonpl BKITIOYAITK OIEHKY OPTaHOJENTHYECKHX CBOKMCTB (IIBET, BKYC, 3amax, CTPYKTypa
MSIKHUIIIA), ONpeieTIeHHe XUMUYECKOT0 COCTaBa M OMOTEXHOJIIOTHYECKUX XapaKTEPUCTHK TECTa.

Jlnist cpaBHEHUS pa3pabaThIBAIMCh BApUAHTHI XJieba:
* Ha IPOKIKAX C HyTOBOM MYKOU;
* Ha IpOXKax ¢ MyKOW MPOPOILEHHOTO HYTa;
* Ha 3aKBACKE C HyTOBOM MYKOW;
* Ha 3aKBacCKe C MyKO# MPOPOLIEHHOT0 HYTA.
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TexHoJI0rHYecKasi KapTa
HaunmenoBanme nzgesans: «Hyrosblii xj1eo»

No | HaumeHOBaHUSI CHIPHA Pacxox ceipes Ha 1 moprinto, TpaMm
1 Myka nmennynas 1 copt 270

2 HyroBas myka 125

3 Jpoxoxu 6

4 Comnp 7

5 Bona 241

Boixon noaydadpukara 600

Bouixon 520

TexHoJIOrn4ecKni mpouece
TecToMecunbHON MalllMHBI €KY 3aJI0)KUTh [IPOCESIHHYIO MYKY, HyTOBYIO MYKY, APOXJKH, COJIb U
MoCTereHHo BBecTH BoAy. [IpousBectu 3amec Tecra.
JlaTh BpeMs Ha OTJICKKY TecTa B TeueHue 60 MuH.
['oToBoe TecTo moaenuTh Ha 3aroToBkH 1Mo 600 rpaMm, OKPYTIIUT U BBIIOKUTH B (JOPMBI,
MIOCTaBUTh HA PAaCCTOMKY Npu KOMHaTHOM Temneparype 30-40 MUHYT.
Temmepartypa nmocagaku B gyxoBounsiii mkad 200 °C, Bpems Boeineuxu 40-45 MunyT
(pucyHoK 2).
PesyabTaThl M 00cyKI1eHNE
Y CcTaHOBIIEHO, YTO MpHU A00ABICHUN HYTOBOM MyKH (5-15% OT Macchl MIIIEHUYHON MYKH)
YBEIIMYHUBACTCS COJIepKaHUe Oellka U MUIEBBIX BOJIOKOH B XJie0e, YIIydlIaeTcsi ero MUHEpaIbHBIN
coctaB. OpraHonenTuyeckas OleHKa oka3aia, 4YTo U3JeNIns MPHUOOPETatOT 30JI0TUCTHIN IIBET U
n€rkuii opexoBbid BKyC. [Ipu comeprkannu HyToBOM Myku 60s1ee 30% BKyC CTAaHOBUTCSI HHTCHCHBHBIM
U TpedyeT 6aaHCUPOBKU PELETITYPHI.
Pe3ynbrarhl mcciaenoBaHM MOKa3alid, YTO MCIOJIb30BAHUE HYTOBOM MYKHM U MPOPOILIEHHBIX
CEMSH HyTa CIIOCOOCTBYET IOBBIIICHUIO MHUIIEBONH M OWOJIOTMYECKON IHEHHOCTH XJIe000YIOUHBIX
uznenuil. Opra”onentuyeckas oneHka (pucyHok 1,2) mokasana, 4To M3AeIHs ¢ J00aBICHHEM HyTa
uMenu OoJiee BBIPaKEHHBIM BKYC U apoMaT, a CTPYKTypa MSIKHUIIIA OTIHYanach OONblIed MOPUCTOCTHIO
Y DJIACTUYHOCTBIO.
CyMmMmapHas KoJIM4YecTBEHHAs OLleHKa IPOAYKTOB MpeCTaBleHa B Ta0IuIE 5.
Tabnuia 5 — CymMmmapHast OlleHKa KauecTBa XJ1Ie000yI0UHBIX U3/IeTTUH C TOOABICHHEM CEMsTH HYTa.

No HaumeHoBaHue mpoaykra KonuuecTBenHas oreHka
1 Xneb Ha JpoXKIKaX C HyTOBOH MyKOH 795.0
2 X1eb Ha APOXOKAX C MYKOH TPOPOIIICHHOTO 743.0
HyTa
3 Xneb Ha 3aKBaCKe C HyTOBOW MyKOU 725.0
4 X71e0 Ha 3aKBacKe C MyKOU IIPOPOIIIEHHOTO 667.0
HyTa
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Pucynok 1 — OpranonenTtiueckas olieHKa xje0a Ha IpoxkiKaX ¢ HyTOBOH MYKO.
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Pucynok 2 — Opranonentuueckast olieHKa xjie0a Ha 3aKBacke ¢ HyTOBOH MYKOM

3akirouenune

B xoxe ucciaenoBanuu ObUT coOpaH MaTepuai, HEOOXOIUMBIN ISl HAIIMCAHUS CTAaThH, a TAKKe
NPOBEJICH 0030p JINTEPATYPHI 110 TEME TUCCEPTALIMHU JJIs IOATOTOBKU M HAITMCAHUS IUCCEPTAIIHU.

B pesynbraTe HaydHO-HCCICIOBAaHUU OBLIO MPOBEICHO WCCIEAOBAHWE B paMKax BBIOpaHHOMU
TEMbl W BBEICHHS MAaruCTepcKod TUCCepTallii, B YaCTHOCTH, HCCIICOBAaHUE, CBSI3aHHOE C
orpeneneHueM J1adbopaTopHOit paboTHI.

Taxoke ObUT H3YYEH MPOLIECC MPOU3BOJICTBA XJieOa M3 HYTOBOH MYKH, UCCIICIOBAHbBI €ro (PU3HUKO-
XUMHUYECKHE TTOKA3aTeli, a TAaKXKe BIIMSHHUE TEXHOJOTHH 0O0pabOTKM HyTa Ha Ka4eCTBO KOHEYHOIO
npoaykTta. Ocoboe BHUMaHuE ObLIO yAETECHO U3YUYECHUIO MPEHMYIIECTB HYTOBOTO Xje0a, TaKhX Kak
€ro BBICOKAs MUIICBAs IICHHOCTh M OE3TJIIOTCHOBBIM COCTaB, YTO JIENAe€T €ro aKTyaJbHBIM JUIS
pa3IMYHBIX KaTeropHuil moTpeOuTenei.

Ha npotsbkeHun HamucaHUs JUCCEPTAIlUU MOSIBUIACH BO3MOXHOCTh YCOBEPIICHCTBOBATH CBOU
3HaHMUS B OONACTH OMOTEXHOJIOTMH, TMHUIIEBBIX TEXHOJOTHH, HCCIEI0BATEIbCKOW AEATEIbHOCTH W
pa3paboTKH HHHOBAIIMOHHBIX TIPOIYKTOB.

[TonmydyenHble OaHHBIE M BBIBOABI OyAyT MHCIOJNB30BAHBI JJs JdajbHeWmeld paboThl Haj
MaruCTEepPCKOM JUCCepTAIlMe M COBEPIICHCTBOBAHKS METOIOB ITPOU3BOJICTBA HYTOBOTO XJieOa.

Takum o00pa3oMm, MpUMEHEHHE CEMSIH HyTa M TPOAYKTOB UX TMepepabOTKH B TEXHOJIOTHH
XJIe000YIJIOUHBIX H3CIUH TMO3BOJISIET CYIIECTBCHHO MOBBICUTh WX OHOJOTHYECKYIO IIEHHOCTh M
dbyHKIIMOHAIBHBIE cBoWicTBAa. Hambomnee mepcrneKTUBHBIM HaNpaBIEHUEM SIBIISIETCS HCIIOJIb30BAHHE
MPOPOIICHHBIX CEMSIH HyTa, YTO 00ECIIeYNBACT YIYUYIICHHEe aMUHOKUCIIOTHOTO COCTaBa, MMOBBIMICHUE
OpPTaHOJENTUYECKUX XapaKTEPUCTUK U MPOATICHUE CPOKOB CBEKECTH MPOIYKIIUH.

[TommydeHHBbIE pe3yJbTaThl MOJATBEPIKIAIOT IIEJIECO00Pa3HOCTh BHEAPEHUS HYTOBOW MYKH H
MPOIYKTOB €€ mepepaboTKH B IPOMBIIUICHHOE XJIeO0neKapHOe IPOU3BOICTBO.
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INTRODUCTION

In recent years, the economy of Kazakhstan has faced increasing challenges related to inter-
enterprise indebtedness, inefficient trade credit mechanisms, and liquidity shortages that collectively
undermine economic stability and growth. Many non-state businesses, especially small and medium-
sized ones, have trouble moving money around because settlements take too long, and no central
authority can handle many company transactions [1, 2]. These wastes make supply chains riskier and
make companies less competitive in domestic and foreign markets. Traditional ways of clearing money
and settling debts depend greatly on organized banking systems, court cases, or government mediation
[3]. These methods work, but they often take a lot of time and money, and businesses that do not have
a lot of legal or administrative resources can not use them. So, there is an urgent need for a new and
effective system that allows businesses to work together on their finances without needing a third
party.

To fill this gap, this study suggests that non-state businesses in Kazakhstan create and use a
decentralized method for mutual offsetting. The system is meant to be a platform that makes circular
debt settlements possible by using blockchain technology to support a multi-party clearing process.
Blockchain provides an unchangeable, shared ledger that lets businesses check their responsibilities
clearly in an automated way. With smart contracts and real-time transaction auditing, it is possible to
settle many debts and receivables without using fiat currency or a government bank [4, 5]. The idea
behind this study comes from the group action theory, which is used in economics and sociology.
According to this theory, businesses will likely join group systems like mutual offsetting if the
expected benefits, like lower transaction costs, better liquidity, and less legal liability, are more
significant than the costs or risks for each business [6, 7]. Building trust among players is very
important for the success of this kind of system.

A Bayesian modeling method is used in this paper to model what the proposed offsetting system
is likely to do in different economic and business situations. Bayesian inference is excellent for
systems with uncertainty, network dynamics, and adaptive behavior because it lets you use what you
already know and update your predictions based on new data [8]. Simulated situations test how often
offsetting transactions work, how they affect liquidity distribution, and how well the system generally
works. The main goal of this study is to create and test a mutual offsetting system based on blockchain
that is especially made for non-state businesses in Kazakhstan. This study aims to determine if the
system is possible, how well it works, and how it might affect the enterprise's cash flow and financial
security. To do this, the study first creates a decentralized structure that uses blockchain technologies
to allow debt clearing between businesses. The framework aims to make settlement processes more
automated, open, and built on trust, without using fiat currency or government banks.

Bayesian modeling techniques are used to simulate enterprise behavior to test how robust and
flexible the suggested system is. This lets the model consider probabilistic uncertainty and guess as
new information comes in. The simulation checks essential performance indicators like the overall
success rate of mutual offsets, the improvement in liquidity across the network, and the level of
business engagement, all while changing structural and behavioral parameters. In addition to technical
research, the study also wants to develop policy ideas that can be implemented. Some of these are
figuring out what institutions, rules, and infrastructure investments are needed to make the system
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work and grow in Kazakhstan's complex business environment. By using new technologies, economic
models, and policy analysis, the study aims to help bring Kazakhstan's financial coordination systems
up to date in theory and practice.

The following key questions guide the research:

i. How can a blockchain-based mutual offsetting system improve liquidity among non-state
enterprises in Kazakhstan, and what enterprise-level factors (such as network connectivity, transaction
history, and liquidity balance) determine its success?

ii. How does the application of Bayesian simulation enhance the prediction and adaptability of
offsetting outcomes under uncertainty, and what institutional and technological barriers must be
addressed to implement this decentralized financial coordination system effectively?

This study is essential for both scholarly and real-world reasons. In the academic world, it adds
to the new area of decentralized finance (DeFi). It shows how collective action theory can be used in
real-life economic systems with non-government organizations. It shows how Bayesian simulation can
be used to test systems with many complicated actors that rely on each other and operate in an
uncertain environment. The study uses cutting-edge blockchain technologies to offer a workable,
scalable answer to a persistent economic problem: the debt between businesses. If the suggested
system is implemented, it could cut down on transaction delays, legal fees, and cash flow problems,
improving the economy overall. It also fits with Kazakhstan's national goals for going digital,
decentralizing the economy, and updating the technology in banking infrastructure.

LITERATURE REVIEW

The issue of inter-enterprise indebtedness and circular debt has been a significant topic of
academic inquiry, particularly in transition and developing economies [9, 10]. In many post-Soviet
countries, like Kazakhstan, businesses often have trouble getting cash because payments are late along
the supply chain [11]. There are mutual clearing systems in Ukraine's energy sector that show that
circular debt clearing mechanisms help lower systemic risk by letting linked firms cancel out each
other's debts, which means there is less need for direct financial transfers [12]. His research showed
that these kinds of systems, when controlled properly, can make markets much more liquid and
improve the general economic health of all industrial sectors. Multi-party offsetting systems are
suitable for the economy because they can match receivables and payables across a network of
companies. This reduces the amount of cash that needs to be used for settlement [13]. These systems
came from barter trade in the early 1990s, when companies used non-monetary exchanges to deal with
hyperinflation and problems with the banking system [14, 15]. Over time, these systems changed into
organized offset networks that the government or trade groups often ran. While they were sometimes
successful, fraud and inefficiency were possible because they relied on central oversight and were not
open about what was happening in real time.

In recent years, blockchain technology has changed how business deals are managed.
Blockchain's decentralized, unchangeable ledger makes tracking and verifying financial transactions
safe and easy without trusting a single authority [16, 17]. Blockchain can be used in developing
markets, focusing on how it can help more people access financial services, ensure contracts are
followed automatically, and lower the costs of transactions [18]. They found that blockchain works
best when the legal system is poorly developed or strong [19]. It could be beneficial for Kazakhstan's
growing banking system. Smart contracts, agreements that run themselves and are written into
blockchain platforms, make decentralized systems even more helpful by letting transactions that cancel
each other out run automatically and only if certain conditions are met [20-21]. Smart contracts can
completely change how business works by eliminating the need for intermediaries and letting multiple
parties work together on their finances in a way that can be programmed [22-23]. Smart contracts
could ensure that multi-party payments only happen when all the conditions are met in a mutual
offsetting system. This would protect business interests and build trust in the system.
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Figure 1: Applying comparable sales method to the automated estimation of real estate prices
[24].

Using Bayesian methods and simulation models is another important area of literature.
Bayesian statistics is a powerful way to model uncertain economic situations where new information
can be used to update what we already know [25] regularly. Bayesian reasoning could be used in
complex systems, especially with Markov Chain Monte Carlo (MCMC) methods [26]. Bayesian
simulation works best in decentralized systems with many players whose actions and results are
uncertain and depend on each other [27]. Many researchers have used Bayesian methods to examine
networked systems and how money can spread quickly. In business networks, these kinds of methods
let you figure out how the actions of one company affect the results of the whole system [28].
Bayesian simulation can be used to determine how likely offsetting transactions will go through and to
guess how changes in firm behavior, liquidity, or network structure will affect the system's general
efficiency [29].

A related writing set is based on collective action theory, Olson [30]. According to Olson's
theory, rational agents will only join collective systems if they align with the group's goals. This is
very important to remember when making systems that depend on people choosing to participate, like
mutual balancing networks. If companies think that other companies will play pretty and that the
system will improve liquidity, then those companies are more likely to join. This creates a cycle of
trust and cooperation that works in their favor. You can also learn a lot from studying economic
sociology and network economics. Granovetter [31] made the case that economic activity is rooted in
social relationships. He talked about how trust, image, and repeated interactions play a significant role
in business decisions. Blockchain systems can strengthen these social underpinnings by making
transaction histories clear and easy to check, reducing information gaps, and discouraging selfish
behavior. That is why the suggested system combines economic sense with technological
infrastructure to help stable networks of people working together to handle money.

Scholars have also warned about problems that could happen when decentralized banking
systems are implemented. Honari et al. [32] said that blockchain may make it more expensive to
negotiate and code smart contracts, especially in complicated offsetting plans involving many firms.
This is because blockchain lowers the cost of verification. This shows how important it is for the
system to work well in Kazakhstan to have an easy-to-use interface, innovative contract models that
can be expanded, and records stored on the blockchain being recognized by the law. Lastly,
institutional economics literature stresses how important it is for regulations to be in sync. North [33]
said that for institutional innovations to work, official rules and informal norms must change at the
same time. For Kazakhstan to use blockchain-based compensation systems, the country must make
new laws that recognize digital contracts, protect data, and offer ways to settle disagreements. With
help from public-private partnerships, pilot projects in industrial clusters could be used to test the
system before it is rolled out across the country.

METHODOLOGY

This research employs a Bayesian simulation-based methodology to model and analyze the
behavior and effectiveness of a blockchain-based mutual offsetting system among enterprises in
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Kazakhstan. The objective is to simulate the likelihood of successful multi-party offsetting transactions
under varying enterprise indebtedness, liquidity, and network connectivity conditions. The simulation
mimics real-world economic conditions and captures uncertainties using probabilistic methods. The
proposed model simulates a five network of N = 500 non-state enterprises in Kazakhstan. Each firm
is randomly assigned an initial value of liabilities and receivables, which represent the outstanding
amounts they owe and are owed by other firms in the network. The liabilities are generated from a
Gamma distribution, denoted by:
Li ~ Gamma(a =2, =0.5),i =1,2,...,500

This distribution is selected to reflect the skewed nature of debt in enterprise networks, where
many firms carry disproportionately large liabilities. The probability of default for each firm is
modelled as a random draw from a beta distribution, which represents firms' relative risk of failing
to meet obligations due to liquidity constraints or operational instability,

pi ~ Beta(2,5)

This assumes most firms have relatively low default probability, but a minority may pose
higher risk. Firms are considered eligible to participate in the offsetting process if the receivables of
other firms can match at least 60% of their liabilities. This threshold condition is necessary to maintain
economic feasibility and participant confidence in the offset system. A blockchain ledger is simulated
to track all completed offset transactions. Once the offsetting condition is satisfied among three or
more firms in a closed loop, the transaction is logged as a valid "cleared" event in the ledger. The
simulation tracks these logs and calculates cumulative offset success across multiple iterations.

Bayesian Simulation Framework

Let 6 denote the probability that any transaction cycle results in a successful offsetting event
involving at least three firms. Given the observed number of successful offsetting transactions X, the
Bayesian model aims to estimate the posterior distribution of 6. The general formula is:

PO |X)xP(X1|6)-PO)

In this framework, the prior distribution for 6 is defined as:

0 ~ Beta(2,2)

This represents a non-informative prior, assuming no strong prior beliefs about offsetting
success. It allows the data to drive posterior estimates. The likelihood function P(X | 6) Itis based on
a binomial process:

X ~ Binomial(n, 6)

Where n is the total number of attempted offsetting transaction cycles (1000 in our case), X is
the number of successful offsetting cycles observed.

The simulation uses the Gibbs sampler, a Markov Chain Monte Carlo (MCMC) method type,
to generate 10,000 posterior samples of 6. These samples estimate the posterior mean, variance, and
credible intervals of offsetting success.

Table 1: Variables and Simulation Design

The table below provides a detailed description of all variables used in the simulation:

Variable Name Symbol Description

Number of firms N Total number of enterprises in the simulation (set to 500)

Liabilities Li Amount owed by firm i, drawn from a Gamma (2, 0.5)
distribution

Receivables Ri Amount owed to firm i, matched from other firms’ liabilities

Default probability Di Probability firm i defaults, drawn from Beta (2, 5)

Offset success threshold — A minimum of 60% of liabilities must be matched to participate

in the offset.
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Blockchain ledger — Record of all successfully executed offsetting transactions
Offset success 0 Posterior probability of success across transaction cycles
probability

Transaction success X Number of successful offsetting transactions per 1000 iterations
count

Simulation Execution

The simulation proceeds in the following steps: 500 firms start with liabilities and receivables
that are randomly given. The system tries to make offsetting triads (or bigger loops) for each
transaction cycle so that at least 60% of liabilities are cancelled. The fake blockchain record keeps
track of each successful offset loop. Based on 10,000 MCMC samples, the total number of successful
deals, X, is used to update the posterior distribution. The posterior mean of 6 and its 95% reasonable
intervals are found to determine how efficient a system is. This method determines how likely it is to
work based on current structural assumptions and lets things change by changing firm-level factors or
network rules. The simulation results will tell those making decisions how the offsetting system will
likely work and how sensitive it is to certain factors.

RESULTS

The Bayesian simulation, conducted over 1,000 iterations and involving 500 non-state
enterprises, provides robust empirical support for the viability of a blockchain-based mutual offsetting
system. Using probabilistic reasoning, the simulation checked how often transaction cycles worked to
see if offsets were possible when firms behaved randomly. It looked at how network factors and
economic variables affected things even more by using regression diagnostics. Based on the
simulations, Table 2 shows the posterior distribution of the cancelling success rate.

Table 2: Posterior Summary Statistics

Parameter Mean Std Dev  25% 97.5%
0 (Success rate) 0.743 0.028 0.688 0.796

The simulation results for the posterior distribution of the offsetting success rate 0 are
summarized in Table 2. The posterior mean of 6 is 0.743, meaning mutual offsets worked in about
74.3% of simulated transaction cycles. A standard deviation of 0.028 and a narrow 95% credible
interval from 0.688 to 0.796 show that the guess is accurate. This shows that the simulation model is
stable and reliable. This reliable range gives us even more faith in the model's ability to predict and
stay the same across different versions. Based on how these results are interpreted, the suggested
blockchain-based mutual offsetting system will likely work technically and operationally. Most
businesses regularly meet the 60% liability-receivable matching threshold. This means that the system
can help a lot of companies settle their debts with each other without having to exchange money
directly. This result is constructive for economies with trouble getting cash because it provides a
scalable, autonomous way to ease financial stress and boost the efficiency of business cash flow.
Figure 2 below presents the posterior distribution of 6. The bell-shaped curve approximates a normal
distribution, centering tightly around the mean.
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Figure 1: Posterior Distribution of Offset Success Rate ()
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Figure 2: Posterior distribution of offset success rate

The distribution has a smooth, bell-shaped curve that resembles a normal distribution. Its centre
is at 0.743, which is the posterior mean. This picture shows that the simulation results are mostly
centered around a steady average, which means that the results do not change much from one run to
the next. How this distribution is interpreted shows how strong and reliable the suggested model is.
The narrow spread of the distribution indicates that the system's performance stays stable even when
business practices change or network conditions barely shift. This consistency strengthens the case for
using the blockchain-based offsetting method in the real world by showing that it can work reliably in
various economic and structural situations. The transaction success rate was used as the dependent
variable in a multiple regression analysis to learn more about what makes mutual canceling
transactions work. The model looked at how important practical and financial factors might affect the
chances of multi-party offsetting working. Five factors help explain them: Network Connectivity,
Initial Liquidity Gap, Blockchain Latency, Firm Size, and Historical Offset Participation.

Table 3: Regression Diagnostics (Dependent variable: Transaction success rate)

Variable Coef.  Std. Err. t-stat p-value
Network Connectivity 0.122 0.019 6.42 0.000
Initial Liquidity Gap 0.022 -3.45 0.001
0.076

Blockchain Latency 0.009 -1.44  0.153
0.013

Firm Size (log assets) 0.014 243 0.015
034

Historical Offset Participation 0.017 535 0.000
091

The Network Connectivity variable represents the number of direct financial linkages
(receivable-payable relationships) each firm has with others in the simulation. A p-value below 0.001
is significant and has a positive coefficient of 0.122. This means that companies with bigger networks
are more likely to find partners that can balance them out, which increases the chances of successful
deals. A well-connected business ecosystem makes it easier for financial responsibilities to be matched
and for circular debt chains to form. Policymakers should prioritize creating tools or apps that make
inter-firm links more visible and clearer. This will make it easier for firms to understand their
obligations to each other. The Initial Liquidity Gap, which is the difference between accounts and
payables, makes transactions much less likely to go smoothly (-0.076). The more significant the
difference between what a company owes and what it is due, the less likely it is that it can get into an
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offsetting loop. To ensure that many people can use the system, firms must keep their credit and debit
situations relatively equal. Small and medium-sized businesses (SMEs) may need financial advice or
automatic accounting tools to monitor and balance their cash flow.

The Blockchain Latency variable shows how long it takes to check and confirm a transaction
on the blockchain in seconds. Its coefficient is negative (-0.013). Still, it is not statistically significant
(p = 0.153), which means that delay does not seriously affect the success of offsetting cycles when
everything is working as it should. Latency is not a big problem, but this could change in places where
time is essential. Keeping low-latency blockchain processes will be critical for scaling the solution as
the number of transactions grows or as we move toward real-time settlement systems. Firm Size,
which is calculated as the logarithm of total assets, is a new variable that has been added. It has a
positive value of 0.034 and is statistically significant (p = 0.015). More prominent companies are better
at offsetting because they have more partners, a wider range of receivables and payables, and better
internal methods for managing their financial exposure. This means that big businesses might be able
to stabilize offsetting loops by acting as "anchors™ in offset networks. To make things fair, the offset
system should offer special discounts or help with starting up for smaller businesses that might have
trouble coordinating their finances.

The last variable, Historical Offset Participation, tracks whether a company has been a part of
successful offsetting deals. This variable has a strong relationship with success and continued
involvement, with a coefficient of 0.091 and a p-value of less than 0.001. This proves there are
"learning effects"” or positive feedback: companies with good offsets are likelier to trust and keep using
the system. This behavior fits with the theory of collective action, which says that early users show
that a system works well and encourage others to join. For greater enterprise adoption to happen,
getting a strong group of early participants and keeping track of early successes will be necessary.
Workshops on training, test projects, and success stories can effectively get more people to join.
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Figure 3: Simulated Network of Enterprise Offsets

(This figure illustrates a directed graph showing firms as nodes and mutual obligations as edges, with
loops indicating successful offsetting cycles.)
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Figure 3 illustrates a fully connected and visually optimized network of 20 enterprises engaged
in mutual financial obligations, where each directed edge represents a payable amount from one firm
to another. The network shows what a blockchain-based mutual balancing system could do for
structures. It would make it easy for obligations to be matched across multiple firms to settle debts
without exchanging cash. The network is very dense, which means that companies can get real-time
financial information and are part of a digital environment that lets them work together with many
other companies easily. Firms like "Firm 6," "Firm 11," and "Firm 13" seem to act as central hubs,
with a lot of incoming and outgoing responsibilities. This suggests they play a key role in keeping the
network’s liquidity flowing.

The groups can see multiple offsetting loops of bidirectional and triangular links. This shows
that it is possible to make the closed transaction cycles needed for mutual offsetting work. The idea
that businesses that are well-connected and have fairly balanced debts and payables are more likely to
participate in successful offsetting events is supported by the fact that the network's edge directions
and weights are balanced. Also, the graph shows how important network connectivity is for improving
systemic liquidity, which is stressed by the study's regression results. Overall, this picture shows that a
decentralized settlement system like this could work, especially in business settings that are digitally
integrated, like those in Kazakhstan's leading industrial hubs.

The results of the Bayesian simulation highlight the distinct role each variable plays in
influencing the success of mutual offsetting among enterprises. The main way to measure how well the
model works is by the offset success rate, which is considered 74.3% on average. Its high posterior
mean and narrow credible interval show that the suggested system is reliable and effective. It shows
that most businesses in the simulated network met the 60% matching requirement to participate in
offsetting. This measure gives a good starting point for determining whether the system can be used in
real life. One of the most critical factors that helped explain things was network connectivity. It shows
how many businesses are connected through receivable-payable relationships. This variable has a
positive and statistically significant effect, which suggests that companies with more financial ties are
more likely to be able to join multi-party compensating loops that work. These results show the
importance of a digitally integrated financial ecosystem where companies can quickly see each other's
debts and find potential offset partners.

On the other hand, the liquidity gap was found to have an adverse and significant effect on
offset success. The liquidity gap is the difference between a company's payables and receivables. The
results show that firms with substantial differences in their financial situations are less likely to be able
to balance successfully. So, a balanced financial picture is fundamental to get as many people as
possible to participate. Firms with too many debts and insufficient receivables might be unable to find
good matches in the network, keeping them out of the offsetting loop. The average delay in completing
transactions on the distributed ledger, or blockchain latency, showed a small and statistically
insignificant adverse effect. This variable is not a big problem, but it might become more critical in
real-time or high-frequency uses in the future. The simulation shows that the blockchain system is
responsive enough to allow offsetting transactions to go through without slowing down operations.
Two additional variables — firm size and historical offset participation — provided further insights
into the system's dynamics. Larger firms (measured by total assets) were more likely to participate
successfully, likely due to greater diversification of partners and stronger internal coordination
systems. On the other hand, companies that had successfully offset cycles in the past were much more
likely to keep doing so. This positive feedback loop supports the idea that early adoption and proof of
system success are necessary to build trust and get more people involved in the enterprise.

Table 3: Summary of model

Variable Role in the Model Effect Summary
Offset Success = Posterior output variable High average (0.743), intense credibility
Rate interval
Network Explanatory variable — degree of Positive effect: more links improve offset
Connectivity linkages success
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Liquidity Gap Explanatory variable — balance of Adverse effect, imbalanced firms
receivables vs. payables excluded from loops
Blockchain Technical constraint — verification Minimal effect under current conditions
Latency delay but relevant for scalability
DISCUSSION

The findings from this study provide compelling evidence that a blockchain-enabled mutual
offsetting system has the potential to significantly improve liquidity and financial coordination within
enterprise ecosystems. The model showed a high success rate for offsets (74.3%), which shows that
settling debts between multiple parties is possible without exchanging real money. This result is
significant in places like Kazakhstan, where many small and medium-sized businesses have trouble
with their cash flow because other businesses owe them money and pay them slowly. One of the best
things about the suggested model is that it can be changed using Bayesian updating. As more
transaction data comes in, the system can keep improving its guesses and adapting to how businesses
act in real time. This ensures that the offsetting process changes along with the economy, so it can still
work even when the economy is struggling or when policies change. This ability to change gives
systems a level of resilience not usually found in centralized, rule-based ones.

The results are also very similar to those of another study that has already been done. For
example, Chang et al. [34] discussed how practical Bayesian methods are for modeling environments
with incomplete information. This is precisely how we used to model the uncertainty of making
business decisions, which worked very well. Additionally, the fact that network connectivity makes
transactions more likely to go through supports Alzahrani et al.'s [35] research that blockchain systems
work best in settings where people are connected and willing to share data openly. We added to these
ideas by using a regression approach to measure how network density, liquidity balance, and firm size
affect the success of an offset. The simulation model also shows essential parts of collective action
theory. According to this theory, businesses are more likely to join cooperative systems when they
think the benefits outweigh the risks for each person. In our simulation, we saw a lot of people
participating and succeeding. This is similar to real life, where well-structured decentralized systems
work faster, trust better, and use less money than standard centralized systems. However, unlike earlier
studies that believed firms would behave statically, our model includes a dynamic Bayesian
mechanism that constantly recalibrates based on enterprise performance. This is a new feature that
makes predictions more accurate.

Kazakhstan's Almaty and Nur-Sultan industrial areas are perfect places to test this offsetting
system from a policy point of view. These areas have a lot of non-state businesses of different kinds
and types, making them an excellent place for offsetting loops. Public-private partnerships could make
implementing these areas easier, with governing bodies ensuring that ledgers are open and that the law
can enforce smart contracts. There could also be ways to settle disagreements. Pilots that work well
could then be used to help plan a national rollout. Even though the study has some good points, it also
has some problems. First, the simulation believes that businesses are innovative and will always do
what is best for them financially. It does not consider mistrust, not knowing how to use technology, or
not wanting to share financial information. Second, the Bayesian framework is flexible, but the
model's current structure does not consider external macroeconomic shocks like inflation or supply
chain breakdowns that could change how offsetting behavior works. The model is also built on fake
data, and to use it in the real world, it would need to be calibrated using real Kazakhstani enterprise-
level financial datasets. You should also think about the absolute limits. To start using blockchain
technology, much money must be spent on equipment, digital onboarding, and staff training. Before
companies can use blockchain-based payments on a large scale, they need to ensure that smart
contracts are legal and that regulators keep an eye on them. Small businesses might not have the
technology or money to join without specific help programs or easy-to-use platforms. In conclusion,
the results are positive and backed up by theoretical and empirical proof. However, putting them into
practice in the real world requires a thorough understanding of the institutions' readiness, the technical
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limitations, and how people act. Kazakhstan can use this system to update its company's financial
coordination and build a stronger, more efficient economy by carefully planning its policies and
implementing them in stages.

CONCLUSION

This study presents a comprehensive framework for implementing a blockchain-based mutual
offsetting system tailored to Kazakhstan's economic structure and enterprise behavior. The study uses
Bayesian simulation modeling to show how a decentralized financial system can help improve
liquidity, lower the need for direct cash payments, and make it easier for businesses to settle their
debts. The high success rate of offsetting transactions (74.3%) in the past suggests that this kind of
system is both technically possible and financially beneficial in the modeled conditions. Adding
blockchain technologies to systems that balance each other has several fundamental benefits. Because
blockchain is permanent and open, transactions that balance each other out are safely recorded and can
be checked without needing a third party. When smart contracts are added to the system, it provides a
programmable and computerized way to coordinate finances, lowering transaction costs and legal
issues. The simulation also shows that network connectivity, liquidity balance, and firm size
significantly impact offsetting success. These results are beneficial for planning how to apply these
ideas in the real world.

From a policy and infrastructure perspective, the research advocates for pilot programs in
industrial zones such as Almaty and Nur-Sultan. With many non-government businesses and new
digital infrastructure, these areas are great places for gradual rollouts. However, for implementation to
go smoothly, it will need help from regulators, digital onboarding programs for small businesses, and
legal frameworks that accept blockchain-based financial contracts. If these institutional structures are
implemented, the offsetting system could grow into a national platform that helps companies to
stabilize their cash flows and helps Kazakhstan's economy become more digital. Even though the
results look good, the study does admit that it has some problems. Instead of real financial records
from local businesses, the simulation is based on factors that were made up and data that was not
collected. Behaviors like not wanting to take risks, not trusting digital systems, or not having fair
access to technology were not modeled. Practical problems, like regulators who do not want to change
things or small businesses that do not know how to use technology, also make application hard. These
holes should be filled by adding behavioral economic parameters, regional business data, and
simulations of shock situations like economic downturns or sector-specific collapses to future models.

Looking ahead, studies in the future should focus on a few main areas. First, real enterprise-
level data from Kazakhstan must empirically validate the model and improve its accuracy in
calibration and forecasting. Second, studies that combine economic models, legal analysis, and
information systems design would help make a digital platform that can be used by many people and is
legal. Third, studying how people use decentralized financial systems and what stops them from
adopting them can help make training programs and user interfaces. Lastly, looking into how to
connect the offsetting model to national tax systems or government procurement tools could make it
more useful and help it fit in with larger digital government projects.
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THE IMPACT OF DIGITAL AND BLOCKCHAIN TECHNOLOGIES ON
ACHIEVING SUSTAINABLE DEVELOPMENT GOALS IN KAZAKHSTAN USING THE
EXAMPLE OF THE MUTUAL SETTLEMENT SYSTEM BETWEEN

ENTERPRISES IN KAZAKHSTAN

Sapa Andrey
Almau, Almaty

Keywords: Blockchain technology, Sustainable Development Goals (SDGs), mutual settlement
system, Kazakhstan, digital transformation.

Abstract. Kazakhstan’s inter-enterprise mutual settlement systems face inefficiencies, including
delayed payments, high transaction costs, and fragmented data, hindering progress toward Sustainable
Development Goals (SDGs). This study evaluates how blockchain technologies address these
challenges, focusing on their impact on SDG achievement. Using a mixed-methods approach, data
were collected from 200 non-state enterprises via surveys, interviews, and blockchain transactional
records. Sectors analyzed included energy, agriculture, manufacturing, and finance, stratified by
enterprise size and geographic region. Quantitative tools assessed adoption rates and efficiency
metrics, while qualitative analysis (NVivo) identified implementation barriers. Results revealed 58%
blockchain adoption, reducing settlement times by 79% (7 to 1.5 days) and costs by 30%.
Transparency improved by 41%, and cross-sector partnerships (SDG 17) grew by 50%. However,
adoption disparities emerged, with urban enterprises (65%) and large firms (75%) outpacing rural
areas (28%) and SMEs (50%). Regulatory uncertainty (55%) and low rural digital readiness (45%
internet access) impeded scalability. Policy recommendations include streamlining blockchain
regulations, expanding rural digital infrastructure, and fostering public-private partnerships to align
innovation with SDGs. Enterprises should adopt interoperable tools, while international actors must
support regional blockchain networks. This study underscores blockchain’s potential to advance
sustainable development in transitional economies, contingent on equitable infrastructure and adaptive
governance.

JEL Codes: 033, G28, Q01, L86, P25.

INTRODUCTION

Digital and blockchain technologies are transforming global economic systems by enhancing
transparency, security, and efficiency in transactions (Martinez et al., 2024). Blockchain, a
decentralized digital ledger, enables peer-to-peer interactions without intermediaries, reducing costs
and fostering trust (Tan & Saraniemi, 2023). The technology implementations support SDGs since
they advance both inclusive economic development (SDG 8) and industrial innovation (SDG 9) and
work to minimize social inequalities (SDG 10) (Cojocaru et al., 2022; Monaco, 2024; Van Niekerk,
2020). The Digital Kazakhstan program has become more important because it supports national
digitalization efforts in Kazakhstan, which aims to transform infrastructure and governance
(Sheryazdanova, 2024). Inter-enterprise financial processing remains slow because their transaction
systems lack efficiency, while payments occur slowly, and enterprise-level data management remains
separated. The existing financial issues act as barriers that impede the achievement of SDGs especially
among sectors that require immediate payment processing. Blockchain adoption worldwide has gained
strength for sustainability by implementing applications across supply chains and carbon market
transactions. Because of the new digital economy enabling policies and technological base investments
in locations such as Astana Hub, Kazakhstan has become a market leader within its region. Research
about blockchain-enabled SDG advancement remains scarce in Central Asia, including its application
to mutual settlement systems (Tazhiyev, 2021).

Current methods of mutual payment handling between Kazakh businesses experience technical
problems at work. Smooth operations suffer from human handling methods that make data exchange
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slow and require middlemen to handle transactions. Small and medium businesses have financial
challenges because companies pay them late, which makes it hard for these organizations to support
Goal 8 on economic growth (Edobor & Sambo-Magaji, 2025). With its old systems, the organization
struggles to display essential transaction information, causing problems for both parties. Though
Kazakhstan uses digital payment platforms, it does not connect them to fix the overall problems in the
system. Research demonstrates how blockchain functions help transaction operations, but minimal
evidence exists about using blockchain technology in Kazakhstan's specific economic environment.
Research about blockchain today studies only its advantages but rarely examines its real-life influence
on sustainable development goals. Kazakhstan needs specialized solutions because its business
environment contains many different regulations and holds a large number of small
businesses(Fehlings et al., 2025).

This paper assesses the role that can be played by blockchain mutual settlement systems to
promote SDGs in Kazakhstan. It addresses three research questions. First, it discusses the current
system and its work’s weaknesses and opportunities with regard to transactions and their implications
for business. Second, it examines how it improves the results of the Sustainable Development Goals.
Firstly, it relates to sustainable industrial innovation, which is in line with SDG9 by promoting
technological improvement, and secondly, SDG 8 focuses on decent work, ensuring stable cash flows
for SMEs. Third, it examines the moderating factors of organizational variables, including the size of
the enterprise, sector type, and digital readiness of the blockchain. Therefore, the research design of
the study is cross-sectional to obtain accurate data regarding the blockchain, adoption, and SDG status,
which might help policymakers and businessmen.

The research objectives are threefold. First, to evaluate the operative and structural
characteristics of the existing mutual settlement system in Kazakhstan. Second, determine how the
technologies of blockchain can enhance the transactional value by efficiency, transparency and trust
with reference to the SDG. Third, examine how different factors, including technological environment,
staff capabilities, and leader backing, can influence outcomes of blockchain implementation. To
achieve these objectives, the study will offer specified recommendations on how to develop scalable
blockchain solutions for the country based on its sustainability goals.

There are few studies of this nature, especially focusing on the region, and as a result, it features
policy relevance. Central Asia is still poorly researched in terms of the digital agenda and its
connection with SDGs (Sabyrbekov et al., 2024). The findings of this study extend the ongoing
discussions on the potential benefits of the blockchain in emerging economies based on the experience
of Kazakhstan. The findings of the study will be relevant to policymakers so as to guide how
blockchain can be incorporated into a nation’s vision to digitize the country in line with the SDGs. It
provides enterprises with information on how to avoid these barriers to adoption, including the
upgrade of IT systems or the adoption of cross-sector relations. On the academic level, the study
contributes to existing knowledge by discussing the socio-economic effects of blockchain, deviating
from purely technical features, and focusing on such factors as legal requirements and organizational
environment.

Kazakhstan provides a special context to test blockchain applications for its transformation into a
digital economy(Maussymbayeva et al., 2025). The government supports blockchain adoption through
supportive financial policies, which build fintech testing areas and give tax breaks to new technology
businesses. The adoption rate is uneven because resource constraints prevent SMEs from participating
on the same level as larger enterprises and multinationals. The existence of unequal adoption threatens
to increase social inequalities, which opposes the goals set by SDG 10. A blockchain-based mutual
settlement system enables SMEs to obtain affordable and safe transaction tools that provide equal
opportunities throughout all business sectors(Hamledari & Fischer, 2021). Smart contracts using
automated processes enable invoice settlement by receiving delivery verification, which shortens
payment times and enhances the stability of cash flows. Such systems boost auditability, which proves
essential for agricultural and manufacturing supply chains since they work toward SDG 12
responsibility in consumption(Agnola et al., 2025).
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Success factors of blockchain applications stem primarily from organizational elements. Large
enterprises typically have the resources needed to test new technologies, but small and medium
enterprises struggle with restricted IT funds along with technical skill deficits. Financial institutions
need to match their blockchain implementation with their established ERP systems, and service
providers emphasize easy-to-use user interfaces since their core operations differ from manufacturing
companies. The adoption rate depends on how well organizations are prepared for digital aspects,
which include internet accessibility alongside digital competence and protection from cyber threats
(Dodel & Mesch, 2018). Digital maturity levels of Kazakh enterprises determine their ability to
integrate blockchain at a rate 30% faster, which emphasizes the necessity of specialized capacity-
building initiatives (Gomboin et al., 2025).

Numerous previous studies show that blockchain technology demonstrates promise. The
Kazakhstan Association of Blockchain Technologies conducted a 2022 project that implemented
decentralized settlements for 50 businesses in Almaty. Users involved in the trial experienced faster
transaction processing with reduced times by 40% while administrative expenses declined by 25%.
The implemented efficiencies help achieve SDG 9 by promoting industrial innovation that results from
technological adoption (Karagussov, 2025). SMEs who received faster transactions through blockchain
networks gained better liquidity, which enabled them to invest in workforce development that supports
SDG 8 (Zarubina et al., 2024). The integration process must address ongoing interoperability problems
with existing systems while addressing regulatory uncertainties to develop effective implementation
solutions.

LITERATURE REVIEW

Various theories explain how digital and blockchain technologies integrate into the economy,
including rapid innovation diffusion (Rogers, 2003) and institutional theory(North, 1990). Innovation
diffusion theory addresses the spread of new technologies within societies, accounting for factors such
as relative advantage, compatibility, and observability (Mbatha, 2024). Blockchain’s architecture is
decentralized, which reflects the framework with broader adoption being based upon perceived
benefits like reduction in costs and improvement in trust. This is complemented by institutional theory,
which provides a means of explaining how regulatory environments and organizational norms
influence technology uptake. Kazakhstan has supportive institutional reforms (Digital Kazakhstan
2025 program) for blockchain experimentation, with a probability that legacy systems in the
enterprises may resist change (Baldakhov & Heim, 2020). The theories that relate technology to
sustainable development stress the fact that transparency and efficiency in the advancement of the
SDGs. For example, decentralized systems are less dependent on intermediaries and therefore lower
transaction costs and promote inclusive growth (SDG 8). Its immutability makes it auditable, which is
imperative in responsible consumption (SDG 12), while smart contracts take the process automation to
industry innovation, both for which (SDG 9). Financial transaction theories are once again grounded
on trust as a central theme, but through cryptographic security, enterprises can have mutual settlements
equivocally without fear of fraud. Based on blockchain, the sustainable economic models aim at the
optimization of the resources, which matches with the objectives of Kazakhstan to fight against
economic discrimination (SDG 10) and to establish partnerships (SDG 17) (Bekmetova et al., 2024;
Georgieva et al., 2020; Kapyshev, 2024).

Blockchain technologies have experienced significant global market adoption mainly for
sustainability needs in supply chain tracking and renewable energy production. (Prawitasari et al.,
2024). Blockchain technologies enable financial inclusion platforms that establish digital wallets for
people without banking access, thus advancing SDG 1 (no poverty) across Africa and Southeast Asia.
In Central Asia, however, such applications remain nascent. Kazakhstan’s Digital
Kazakhstan initiative, launched in 2018 and extended to 2025, prioritizes blockchain for public
services and enterprise solutions (Gao, 2025). The Astana International Financial Centre (AIFC) has
emerged as a regulatory sandbox, testing blockchain-based fintech tools. National projects like the
blockchain-powered land registry demonstrate the government’s commitment to transparency, though
enterprise-level adoption lags (Zhanibek et al., 2022). Internationally, mutual settlement systems using
blockchain have shown promise. Zhanibek et al. (2022) analyzed a blockchain-based offsetting

49



Mex tyHapo iublii Hay4HbIi xypHat AKAJTEMUK Ne 2 (283) 2025 r.

platform in Taiwan’s manufacturing sector, noting a 35% reduction in payment delays and improved
liquidity for SMEs (Lin, 2025). Similarly, South Korea’s pilot for inter-enterprise settlements using
smart contracts reduced administrative overhead by 28%, as reported by Choi et al. (2024). These
examples highlight blockchain’s potential to streamline transactions, yet their applicability to
Kazakhstan’s context—marked by a mix of state-linked enterprises and SMEs—requires further
exploration.

Kazakhstan’s digital economy has grown rapidly, with internet penetration reaching 85% in
2023 and mobile banking usage exceeding 70%. The government’s focus on blockchain is evident in
partnerships with tech firms to develop national digital infrastructure. However, academic research on
blockchain’s role in SDGs remains sparse (Kapyshev, 2024). Yener et al. (2024) highlighted
Kazakhstan’s progress in digitizing public services but noted limited integration of blockchain in
private-sector transactions. AIFC’s blockchain experiments reveal improved cross-border settlement
times but overlook domestic inter-enterprise systems. SDG-specific analyses, such as linking
digitalization to industrial growth (SDG 9), but fail to isolate blockchain’s contributions (Shukeyev et
al., 2025). Challenges in mutual settlements, such as delayed payments and high intermediation costs,
are well-documented in local industry surveys. Kazakhstan SME Association found that 62% of SMEs
experience cash flow disruptions due to late settlements, directly undermining SDG 8 (Zarubina et al.,
2024). While blockchain is often proposed as a solution, empirical studies on its implementation are
lacking. Research by Salykov et al. (2024) offered preliminary insights, showing that Kazakh
enterprises with higher digital maturity adopt blockchain faster, but sector-specific barriers such as
manufacturing’s reliance on legacy software remain unaddressed.

Critical gaps persist in understanding blockchain’s scalability and contextual challenges in
Central Asia. Most global studies focus on mature economies or sectors like finance and logistics,
neglecting transitional economies like Kazakhstan. Regional research often emphasizes public-sector
blockchain applications, leaving private-sector mutual settlements underexplored. Organizational
factors, such as enterprise size and digital readiness, are rarely analyzed as determinants of blockchain
success. SMEs’ limited IT budgets contrast with larger firms’ ability to invest in pilot projects,
creating adoption disparities. Sectoral variations also matter: agricultural enterprises may prioritize
blockchain for supply chain traceability, while service firms focus on payment efficiency. A 2024
meta-analysis by Hsu et al. (2024)identified a global lack of studies on blockchain’s mid-term SDG
impacts, particularly in emerging markets. In Kazakhstan, this gap is exacerbated by a shortage of
longitudinal data and reliance on theoretical models rather than empirical evaluations. Additionally,
the interplay between regulatory frameworks and technological innovation remains unclear. While
(NICOLAE, 2025).

Building on these insights, this study posits that blockchain-based mutual settlement systems
will enhance transactional transparency, reduce costs, and accelerate progress toward SDGs 8 and 9 in
Kazakhstan. However, the effectiveness of such systems will hinge on organizational readiness,
particularly in SMEs, and sector-specific adaptation. For instance, digitally mature industries, such as
the information technology industry, might absorb the developments faster than industries that may
include manufacturing industries. These challenges are anticipated to be eased by regulatory certainties
and government incentives, but skills relating to using the technology might remain a problem due to
the slow digital infrastructure development in rural areas. The proposition is in congruence with the
innovation diffusion theory since tech-savvy adopting enterprises showcase blockchain advantages that
enhance further adoption. On the other hand, institutional theory postulates that sometimes these
factors, such as financial legacy, bureaucratic structure, may slow down integration, especially where
state-influenced sectors prevail.

METHODOLOGY

This study analyzes how blockchain in mutual settlement systems relates to SDG progress
through a single-point survey in Kazakhstan. The research project combines both quantitative surveys
and qualitative interviews because this study design allows us to identify overall patterns while
exploring the detailed situations behind them. This study design enables researchers to study
blockchain implementation during current times, which matches Kazakhstan's accelerating digital
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progress. The research combines data from different sources to produce reliable results on how
blockchain works for non-state organizations.

The target group consists of private-sector organizations from multiple industries such as
energy, agriculture, manufacturing, and finance that perform transactions through Kazakhstan’s mutual
settlement system. This research considers blockchain professionals and technologists who made
system design decisions alongside policymakers who establish digitalization plans, as well as
representatives from organizations dedicated to supporting the SDGs. The research selects companies
that currently use blockchain for payment solutions and intend to start using this technology next year.
The nation selects specific sectors that support its SDG focus areas, particularly energy solutions under
SDG 7 and sustainable industrialization under SDG 9. The study looks at blockchain adoption by both
small and medium enterprises with less than 250 staff and big firms with strong digital systems.

The sampling method used in this study distributes enterprises across all size classes while also
representing different business sectors and worldwide offices. The 10 regions of Kazakhstan have been
sorted into three geographic categories (urban, semi-urban, and rural) since each region possesses
different digital network capabilities. Within each cluster, enterprises are categorized by sector and
size, with proportional representation maintained. The sample size of 100 enterprises is determined
pragmatically, reflecting accessibility to blockchain-enabled firms and resource constraints. Purposive
sampling is applied for qualitative interviews, targeting 10 blockchain developers and 10 policymakers
with direct involvement in the mutual settlement system. By taking this dual approach, there is breadth
in related quantitative analyses and depth in qualitative exploration.

Structured surveys are administered to the enterprise managers engaged in blockchain adoption
to provide primary data regarding blockchain adoption levels, transaction efficiency, and perceived
SDG impacts. Semi-structured interviews with developers and policymakers explore technical barriers,
regulatory challenges, and collaborative opportunities. Surveys use Likert scales to measure variables
such as transaction speed (1-5, from “highly inefficient” to “highly efficient”) and trust in blockchain
systems (1-5, from “very low” to “very high”). Secondary data includes anonymized blockchain
transaction records from participating enterprises, capturing metrics like settlement time, cost per
transaction, and dispute rates. National SDG progress reports from 2021-2023 and case studies of pilot
mutual settlement systems provide contextual benchmarks.

Independent variables include blockchain adoption intensity (measured by the percentage of
transactions processed via blockchain) and technical attributes of the mutual settlement system, such as
encryption standards and smart contract functionality. Dependent variables focus on SDG indicators:
economic growth (SDG 8) is proxied by enterprise revenue stability and workforce expansion, while
industry innovation (SDG 9) is assessed through R&D investment and technology adoption rates.
Partnership efficacy (SDG 17) is evaluated by the number of cross-sector collaborations enabled by
blockchain. Control variables encompass enterprise size (annual revenue, employee count), sector
(categorized by NAICS-like codes), and digital readiness (internet bandwidth, cybersecurity
protocols).

Quantitative data is analyzed using descriptive statistics to outline adoption trends and
transaction efficiency gains. Correlation analysis examines relationships between blockchain features
(e.g., transparency, decentralization) and SDG indicators. Regression models identify predictors of
SDG progress, controlling for enterprise size and sector. Tools like SPSS and R are employed for
statistical computations. Qualitative data from interviews undergoes thematic analysis using NVivo,
with codes generated around themes like “regulatory barriers,” “technical literacy gaps,” and
“interoperability challenges.” Findings from both methods are triangulated to validate conclusions,
ensuring a holistic understanding of blockchain’s role in advancing sustainability.

RESULTS

The study surveyed 200 non-state enterprises and institutions across Kazakhstan, stratified by
industry, size, and geography. Table 1 summarizes the sample demographics. The energy sector
represented 25% of participants, followed by agriculture (20%), manufacturing (18%), finance (15%),
and services (22%). Micro-enterprises (1-10 employees) constituted 30% of the sample, SMEs (11—
250 employees) 50%, and large corporations (250+ employees) 20%. Geographically, 55% operated in
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urban centers like Almaty and Nur-Sultan, 30% in semi-urban areas, and 15% in rural regions. Digital
readiness varied significantly: 78% of urban enterprises reported high-speed internet access, compared
to 45% in rural areas. Blockchain experience was limited, with only 35% of SMEs having prior
exposure to decentralized systems, versus 65% of large corporations. SDG priorities aligned with
national agendas: 40% emphasized SDG 9 (industry innovation), 35% prioritized SDG 8 (decent
work), and 25% focused on SDG 17 (partnerships).

Table 1. Demographic Characteristics of the Sample

Category Subgroup Percentage
Industry Sector Energy 25%
Agriculture 20%
Manufacturing 18%
Finance 15%
Services 22%
Enterprise Size Micro 30%
SME 50%
Large Corporation 20%
Geographic Region Urban 55%
Semi-urban 30%
Rural 15%

Blockchain adoption rates for mutual settlements varied by sector and size (Table 2). Overall,
58% of enterprises had integrated blockchain into their transactional processes. The energy sector
showed the highest adoption (68%), driven by government incentives for digital transformation.
Agriculture lagged at 42%, citing limited technical infrastructure. Large corporations reported 75%
adoption, compared to 50% for SMEs and 35% for micro-enterprises. Urban enterprises achieved 65%
adoption, while rural areas struggled at 28%.

Table 2: Blockchain Adoption Rates by Sector, Size, and Region

Category Subgroup Adoption Rate
Industry Sector Energy 68%
Agriculture 42%
Manufacturing 55%
Finance 60%
Services 50%
Enterprise Size Micro 35%
SME 50%
Large Corporation 75%
Geographic Region Urban 65%
Semi-urban 45%
Rural 28%

Transaction efficiency improved markedly post-blockchain implementation. Average
settlement time dropped from 7 days to 1.5 days, with costs reduced by 30% (Table 3). Energy and
finance sectors saw the steepest declines in processing time (80% reduction), while agriculture
reported a 50% improvement. Transparency metrics, measured via stakeholder surveys, rose from 3.2
to 4.5 on a 5-point Likert scale. Dispute rates fell by 40%, with smart contracts automating 70% of
invoice reconciliations.

Table 3: Transaction Efficiency Metrics Pre and Post-Blockchain

Metric Pre- Post- Improve
Blockchain Blockchain ment
Averz_:lge Settlement 7 days 1.5 days 20%
Time
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Metric Pre- Post- Improve
Blockchain Blockchain ment
Cost per Transaction $12.50 $8.75 30%
Transparency Rating 3.2/5 4.5/5 41%
Dispute Rate 15% 9% 40%

SDG-related outcomes correlated strongly with blockchain adoption. Enterprises using

blockchain reported a 22% increase in revenue stability (SDG 8) and a 35% rise in R&D investment
(SDG 9). Partnerships (SDG 17) expanded by 50%, particularly in cross-sector collaborations.
Qualitative interviews revealed that 65% of managers linked blockchain to improved cash flow,
enabling workforce expansion. A developer noted, “Smart contracts reduced payment delays, letting
SMEs reinvest savings into training programs.” However, 40% of rural enterprises saw no SDG
progress, citing poor internet connectivity.

Challenges were multifaceted. Regulatory uncertainty was cited by 55% of participants, with
one policymaker stating, “Compliance frameworks for blockchain are still evolving.” Technical
barriers affected 45% of SMEs, including interoperability with legacy systems. Low digital literacy in
rural areas hindered 30% of enterprises, while 25% reported skepticism from partners unfamiliar with
blockchain.

Sectoral comparisons highlighted disparities. Energy and finance sectors achieved 80% cost
savings, versus 50% in agriculture. Large corporations leveraged blockchain for supply chain
traceability, while SMEs focused on payment efficiency. Urban enterprises reported 4.2/5 satisfaction
with blockchain, compared to 2.8/5 in rural areas. Table 4 illustrates correlations between blockchain
features and SDG progress. Transparency showed the strongest link to SDG 17 (r = 0.72), while
security enhancements drove SDG 9 outcomes (r = 0.65).

Table 4: Correlation Between Blockchain Features and SDG Progress

Blockchain Feature SDG 8 SDG 9 SDG 17
() () ()
Transparency 0.58 0.61 0.72
Security 0.49 0.65 0.55
Decentralization 0.53 0.58 0.60
Smart Contract Automation 0.67 0.63 0.59

Qualitative themes underscored contextual hurdles. A rural agriculture manager remarked,
“Without reliable internet, blockchain is just a buzzword.” Conversely, an urban finance executive
stated, “Blockchain cut our administrative workload by half.” Thematic analysis identified three
barriers: regulatory gaps (cited in 60% of interviews), technical complexity (45%), and uneven digital
literacy (35%).

LARGE CORPORATION

SME

MICRO

SERVICES

FINANCE W Adoption Rate (%)

MANUFACTURING
AGRICULTURE

ENERGY

0% 10% 20% 30% 40% 50% 60% 70% 80%

Source: https://aifc.kz/
Figure 1: Blockchain Adoption Rates by Sector and Enterprise Size
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The bar chart shows the adoption rate of a certain technology or practice across different
business sectors and sizes. Large corporations have the highest adoption rate at 75%, followed by
SMEs at 50%, and micro businesses at 35%. In terms of sectors, energy leads with 68%, while
agriculture has the lowest adoption rate at 42%. Services, finance, and manufacturing show moderate
adoption rates of 50%, 60%, and 55%, respectively. Overall, larger businesses and the energy sector
exhibit higher adoption rates compared to smaller businesses and other industries.

DISCUSSION

The findings of this study align with global research demonstrating blockchain’s potential to
enhance transactional efficiency and advance sustainable development. For instance, the 79%
reduction in settlement time mirrors outcomes observed in Taiwan’s manufacturing sector, where
blockchain lowered payment delays by 35% (Shih & Chiang, 2024). Similarly, the 30% cost reduction
aligns with South Korean pilots reporting 28% overhead savings (Wu et al., 2024). However,
Kazakhstan’s context introduces unique drivers and barriers. The national Digital Kazakhstan
2025 initiative, which prioritizes blockchain for public and private sectors, has accelerated adoption in
tech-savvy industries like energy and finance. Yet, institutional gaps, such as evolving compliance
frameworks, have slowed progress in agriculture and rural SMEs. These deviations from global trends
reflect the tension between innovation diffusion theory, where relative advantage and compatibility
drive uptake, and institutional theory, which emphasizes regulatory and cultural inertia. For example,
large corporations with robust digital infrastructure (high compatibility) adopted blockchain rapidly,
while SMEs in agriculture, constrained by legacy systems and low digital literacy, lagged. This duality
underscores the need for context-sensitive models when applying global blockchain frameworks to
transitional economies.

Kazakhstan’s sector-specific challenges further differentiate its experience. In energy,
government incentives and alignment with SDG 7 (clean energy) catalyzed blockchain use for
transparent supply chains, echoing findings from Bekmetova et al. (2024) on sectoral prioritization.
Conversely, agricultural enterprises faced hurdles like intermittent internet connectivity, a barrier less
prevalent in global studies focused on urbanized regions. The rural-urban divide in digital readiness,
with 78% of urban firms reporting high-speed internet versus 45% in rural areas, highlights
infrastructural inequities that exacerbate SDG 10 (reduced inequalities). These disparities suggest that
blockchain’s scalability in emerging economies depends on parallel investments in foundational digital
infrastructure, a factor often overlooked in global literature.

The study’s support for innovation diffusion theory is evident in the correlation between digital
maturity and blockchain adoption. Enterprises with prior exposure to decentralized systems,
particularly in urban centers, achieved 65% adoption rates, compared to 28% in rural areas. This aligns
with AbdulKareem and Oladimeji's (2024) finding that digital literacy accelerates blockchain
integration. The adoption of blockchain technology faces obstacles according to institutional theory
because 55% of interviewees mentioned unclear regulations resulting from Karnataka's digital-forward
policies competing against local execution support systems. Small and medium enterprises face
ambiguities regarding data-localization regulations because of the differences between what the Astana
International Financial Centre (AIFC) provides through its sandbox environments and existing legal
frameworks. The combination of regulatory delays together with political stability challenges in the
region makes blockchain implementation as an SDG solution much more challenging.

Kazakhstan will achieve greater results towards the SDG goals when it puts blockchain
solutions into practice. The technology has boosted SDG 9 targets by making 35% more businesses
pour resources into research and development as they receive settlement automation cost savings. The
increased product tracking of SDG 12 is made possible by implementing blockchain systems, which
earned a transparency score of 4.5 out of 5. The number of digital companies linking with
manufacturing businesses through blockchain partnerships increased by 50 percent (SDG 17).
Blockchain technology supports the country's target to move away from the main resource extraction
sectors. The benefits go mainly to technology-ready businesses that operate in cities, yet this unequal
distribution fails to meet SDG 10's goals. To mitigate this, policymakers must prioritize rural digital
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infrastructure, such as expanding broadband access under the Digital Kazakhstan framework, and
revise financial regulations to clarify blockchain’s legal status.

For Central Asia, the findings suggest opportunities for regional SDG collaboration.
Harmonizing blockchain standards across countries could streamline cross-border trade, addressing
shared challenges like payment delays in agricultural exports. Kazakhstan’s experience offers a model
for leveraging blockchain to enhance economic resilience, particularly in reducing transaction fraud,
which dropped by 40% in the study. However, regional instability and varying crypto regulations pose
risks. A 2024 study ILCUS (2025). notes that inconsistent policies across Central Asian states hinder
blockchain scalability, underscoring the need for multilateral frameworks.

Policymakers should streamline regulations, such as creating a unified blockchain certification
body, and offer tax incentives for SMEs adopting SDG-aligned technologies. Enterprises, particularly
in lagging sectors like agriculture, should partner with fintech firms to develop interoperable tools
compatible with legacy systems. For example, blockchain platforms with offline functionality could
bridge rural connectivity gaps. International organizations can facilitate knowledge transfer, funding
pilot projects in regions like Kostanay, where digital readiness is low. Training programs focused on
blockchain literacy, tailored to sector-specific needs, would address skill gaps highlighted by 45% of
SMEs.

The cross-sectional design captures blockchain’s impact at a single point, limiting causal
inferences. Longitudinal data tracking SDG outcomes over 5-10 years could reveal sustained effects.
The combined use of enterprise reports and transaction documents helped control errors in efficiency
measurements from self-reported data. Our results may underestimate the challenges that rural startup
companies face because their participation rate was only 15%. Factors like Kazakhstan’s changing
cryptocurrency restrictions were not included because the research team focused solely on blockchain
technology’s potential development.

CONCLUSION

Assessing the contribution of blockchain technology to reach the Sustainable Development
Goals of Kazakhstan, in the regional context, the assessment of a prospective development of a mutual
settlement system in the system of non-governmental companies was conducted. It examined how the
adoption of blockchain influences SDG progress through a cross-sectional, mixed-method design that
includes enterprise surveys, transactional data analysis, and stakeholder interviews. The results show
that blockchain brings enormous surplus in transactional efficiency, cost improvements, and enhances
sectoral collaboration, creating a high correlation with the framework of the Digital Kazakhstan 2025
initiative. However, adoption disparities persist across sectors, enterprise sizes, and regions, reflecting
systemic challenges in digital infrastructure and regulatory frameworks.

Key findings demonstrate that 58% of enterprises adopted blockchain for mutual settlements,
with urban, energy, and finance sectors leading at 65-75% adoption rates. Post-implementation,
settlement times dropped by 79% (from 7 days to 1.5 days), and transaction costs fell by 30%, freeing
capital for reinvestment in workforce development (SDG 8) and R&D (SDG 9). Transparency
improvements, scoring 4.5/5 post-blockchain, strengthened auditability in supply chains, supporting
responsible consumption (SDG 12). Partnerships (SDG 17) expanded by 50%, particularly between
fintech firms and manufacturers. Yet, rural areas and SMEs lagged, with only 28% adoption due to
limited internet access and technical literacy. Regulatory uncertainty, cited by 55% of participants,
further hindered scalability.

The study underscores the need for continuous innovation to sustain SDG progress.
Blockchain’s potential is contingent on adaptive frameworks that address Kazakhstan’s unique
economic and infrastructural landscape. For instance, smart contracts automated 70% of invoice
reconciliations in tech-ready sectors, but agriculture required hybrid solutions for offline functionality.
Collaboration between enterprises, policymakers, and international actors is critical to bridge these
gaps. Kazakhstan’s experience highlights how emerging economies can leverage blockchain not as a
standalone tool but as part of a broader digital ecosystem aligned with sustainability goals.

For policymakers, prioritizing regulatory clarity is paramount. Conflicting data-localization
laws and evolving crypto policies create ambiguity, particularly for SMEs. Establishing a centralized
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blockchain certification body could standardize compliance, while tax incentives for SDG-aligned tech
adoption would spur participation. Expanding rural broadband access, targeting regions like Kostanay
where internet penetration remains below 45%, is essential to reduce inequalities (SDG 10).
Enterprises, especially SMEs, should adopt interoperable blockchain platforms compatible with legacy
systems. Integration with the existing institutions could reduce technical constraints; for instance,
blockchain can harmonize with mobile applications for banking in the countryside. They can further
support pilot projects within respective initiatives in scenarios where international organizations lack
sufficient funding for specific sectors in Central Asia, as well as strengthen cross-border blockchain
connections to improve trade.

This research should be extended in the future with some amendments. The lack of short-term
results about blockchain’s SDGs performance also means that longitudinal studies that could track the
technology’s contribution over the years could show whether efficiency is tomorrow’s economy and
environment. Researching Kazakhstan within a comparative context with the surrounding countries,
such as Uzbekistan or Kyrgyzstan, would determine the elements of scalability in the region. To
optimize the application of blockchain in tracking SDGs in real-time, other innovative uses, for
example, harnessing Al to forecast supply chain disruptions, or leveraging Al for monitoring and
authentication of carbon credits in mutual settlement, could prove viable. Moreover, the investigations
in the sphere of such segments as healthcare or education will expand knowledge about the
possibilities of the application of blockchain beyond the sphere of finance.
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PA3PABOTKA MEPOIIPUSITUM IO OBECIIEYEHHMIO ITOXKAPHOM BE30IACHOCTH
JEINTAPTAMEHTA CAHUTAPHO-2IIUJAEMHUOJIOI' TYECKOI'O KOHTPOJIA
BOCTOYHO-KA3AXCTAHCKOM OBJIACTH

Hlaxanmaeea Hazepke FO3amKpi3ot

Maeucmpanm 2 kypca,

Bocmouno-Kaszaxcmanckuti cocyoapcmeennwiii ynugepcumem um. C.Amaniconosa
Hayunwii pykosooumens: Ceodenee Banepuit Anexcanoposuu

Joxmop mexnuueckux nayk, npogeccop kageopul «dxonoeus u I eocpaghusy,
Bocmouno-Kaszaxcmanckuii cocyoapcmeenuwiil yrugepcumem um.C.Amanoiconosa

OmeHka TEKYIIEro COCTOSHHSI OO0BEKTOB TokapHOM OezomacHoctu PITI na IIXB
Hanumonanehbiii nentp 3xcneptusbl Komurera CanurtapHo-Onujaemuonorudeckoro KoHTposs
MunucrepctBa 3apaBooxpaHenust PecnyOnuku Kazaxcran no Bocrouno-Kasaxcranckoit o6sactu
(CoOC BKO), moxkazan, yto JlemapTaMeHT SBJISIETCS OMACHBIM IPOU3BOJCTBEHHBIM OOBEKTOM, B
coorBercTBUM co Crarbéit 70 3akona Pecny6muku Kazaxcran ot 11.04.2014 Ne 188-V «O
TPKIAHCKOU 3aIUTEY, (C UBMEHEeHUAMU U OOnoaHeHusmu no cocmosanuro Ha 01.07.2023 2.) [1], Tak
Kak, B JlemaprameHTe CaHUTApHO-3MMUIEMHOJIOTHYECKOI0 KOHTpoJis Bocrouno-KazaxcraHnckoit
00J1aCTH OCYIIECTBIISICTCS UCIIOIB30BAHNE, IEpepadOTKa, XpaHeHHEe, TPAHCIIOPTHPOBKA, YHUUTOKEHHE
OIaCHBIX BELIECTB, B TOM UYHUCIIE:

- ICTOYHUKH UOHU3UPYIOIIETO U3ITy4YEHUS;

- TOPIOYME BELIECTBA; KUIAKOCTH, ra3bl, CHOCOOHBIX CAMOBO3IOPAThCs, a TAKXKE BO3TOPAThCs OT
MCTOYHUKA 32KUTaHUS U CAMOCTOSATEIBHO FOPETH MOCIIE €ro yIaleHHUs;

- OKHCISIOIIME  BEIECTBA; BEIECTBAa, IOJJICPKUBAIOIIME TOpPEHHE, BBI3bIBAIOILUE
BOCIUIaMEHEHHWE © (WIM) CIOCOOCTBYIONIME BOCIIAMEHEHUIO JPYTUX BEIIECTB B pe3yJbTaTe
OKHUCJIUTEIIbHO-BOCCTAHOBUTENBHOM K30TEPMUYECKON PEAKIINY;

- TOKCHYHBIEC BEIIECTBAa - BEIECTBA, CIOCOOHBIE NMPU BO3IACHCTBUM Ha KUBBIE OPraHU3MBI
NPUBOIUTH K UX THOENH;

- BbBICOKOTOKCHYHBIE BEILECTBA; BEIECTBA, CIOCOOHBIE NIPU BO3IAEHCTBUM Ha JKUBBIE
OpraHu3Mbl IPUBOANTH K UX THOEINH;

- BELIECTBA, IPECTABIISIONINE OMACHOCTH JIJIsl OKPY’KaloIEel Cpeibl,

JlemapTaMeHT CaHUTApHO-3MUJEMHUOJIOTHYECKOT0 KOHTposisi Bocrouno-Ka3zaxcranckoit obmnactw,
CJIeTyeT CYMTATh OMACHBIM MPOU3BOACTBEHHBIM O0BEKTOM.

PaboThl ¢ mepeuuclieHHBIMH BELECTBAMU TMPOBOJATCS B AHAJIUTHUECKUX JabopaTopusx
JenapramenTa, B TOM 4uCJIE:

- bakrepuonornueckas naboparopus;

- [TapasuTonoruueckas 1aboparopus;

- Pagnonornyeckas nabopatopus;

- Bupyconoruueckast 1aboparopusi;

- CanuTapHO-TUTHEHUYECKas TabopaTopus;

- JIaGoparopus BBICOKOTOYHBIX MCCIIEI0BaHUH, IIIyM BUOpalysl, aTTeCTalHs;

- JTaboparopust 0c000 OMAaCHBIX UHPEKIHHA.

B coorBercTBUM ¢ TpeOOBaHUSMH JAEHCTBYIOLIETO HOPMAaTHBHOTO JOKyMeHTa PecmyOnuku
Kazaxcran, CoBmectnbiii npuka3 MBJI PK or 30 okrts0ps 2018 roma Ne 758 u MHD PK ot 30
okTs10pst 2018 roma Ne 31. «O0 yTBep)KIEeHMM KPUTEPHEB OLIEHKHU CTETIEHH PUCKA U MPOBEPOUHBIX
JIUCTOB, MPUMEHSAEMBIX JJI MPOBEIACHUS MPOPUIAKTUYECKOTO KOHTPOJS C IMOCELIEHUEM CyObeKTa
(0ObekTa) KOHTPOJS M HaA30pa B OOJIACTH IMOKapHOH 0€30MacHOCTH M MPOBEPOK HA COOTBETCTBUE
pa3peluTeNbHbBIM TPeOOBaHUSM IO BBIAAHHBIM pa3pelIeHHsIM, NPOPHIAKTUYECKOTO KOHTPOJIS C
MoCeIIeHueM CcyObekTa (00bEeKTa) KOHTPOJS B 00JacTH TIpa)IaHCKOW 0OOpOHBD» [2], ompeneneHbl
OCHOBHBIE 3a/1a41 110 OXKapHOH OE€30IaCHOCTH:
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- Hanmuune MHCTpYKIUM, YCTaHABIUBAIOMIEH JUIsI 0OBEKTa COOTBETCTBYIOIIUI €ro MOXKapHOH
OIIACHOCTH IPOTUBOIIOKAPHBIN PEKUM;

- Hannuue miiaHoB »BaKkyanuu JIr01€1 B Ci1ydae moxapa;

- Hanuuue OTBETCTBEHHBIX JIMI[ 3a OOEcleYEeHHE I0XKAapHOM 0€30IIaCHOCTU Ha OTIEJIbHBIX
yJacTKax padoT;

- Hamuuyme  NOKHOCTHOrO  JMI@, OTBETCTBEHHOIO 3@  OKCIUIyaTallUI0  CHCTEM
MPOTUBOMOXKAPHON 3allUThI, MPHUOOPETEHUE, PEMOHT, COXPAHHOCTh U TOTOBHOCTH K JIEHCTBUIO
IIEPBUYHBIX CPEACTB II0KAPOTYILIEHUs, CBOEBPEMEHHOE U KAaue€CTBEHHOE IPOBEICHUE TEXHUYECKOTO
oOciyxuBaHus (mepe3apsake pydHbIX OTHETYIIUTENEN) U JIaHOBO-IIPEIyIPEAUTEILHOTO PEMOHTA;

- Hanuuue crienuanbHOTO JKypHajla WM aBTOMAaTH3MPOBAHHOM CHCTEMBI IO y4eTy paboT Mo
TEXHUUYECKOMY OOCIYXHBAaHUIO U IJIAHOBO-TIPEAYIPEIUTEIEHOMY PEMOHTY TEXHUYECKHX CPEICTB
CHUCTEM IIPOTHBOIIOKAPHOM 3aIlMTHI, IIPOBEPOK HAIW4YMSA M COCTOSHUSA IIEPBUYHBIX CPEICTB
MOKapOTYILIECHUS;

- Hannume WHCTpYKUIMH, NAMATKH O Mepax MOXKapHOW Oe30MmacHOCTH, pa3paboTaHHOW it
3MaHUN C KPYIJIOCYTOYHBIM MPEObIBAaHUEM JIIOJeH (LIKOJIBI-MHTEPHATHI, JoMa Jii MpPecTapenbix |
WHBAJIMJIOB, JETCKHE JioMa, OOJIbHMIIBI, TOCTHHHMIIBI, MOTEIHM, KEMIIMHTH), C BapUaHTOM
CaMOCTOSITENILHOM 3BaKyalllH JIFOJIEH, a TaKXkKe 3BaKyaluH JIOJeil HECOCOOHBIX K CaMOCTOSITENbHOM
IBAKYallMH, IEPCOHAIIOM OPTaHU3ALMH I CBETION0 U TEMHOTO BPEMEHM CYTOK;

- Hanuuue y nexypHoro mepcoHaina mnpu cebe KOMIUIEKTa KJIIOYeH OT BCEeX 3aMKOB JBEpei
3/IaHUs, COTJIACHO BO3JIOKCHHBIX Ha HEro (yHKIWH. XpaHEHHE 3amacHOro KOMIUJICKTa KIIIOYCH B
MOMEIIEHUH JIeKYPHOTO IepcoHana (0OXpaHbl) Ha IEPBOM ITaKe 3/IaHUS;

- Jlonyck K pabore paOOTHUKOB MOCJIE MPOXOXKIACHUSI MPOTUBOIOKAPHOIO MHCTPYKTAXKa U
MPOXOXKACHUS MTOCIEAYIONIEro 00y4eHus Mo MPorpaMMe MoKapHO-TEXHUYECKOTO MUHIUMYMa;

- Hannuue noroBopa ¢ mpoTUBOIIOKAPHON CITYKO0¥;

- Hannuume moabe3goB UIs  MOXKApHBIX — aBTOMOOWJIEH K  3[aHUAM, COOPYKECHHSIM,
TEXHOJIOTUYECKAM YCTAaHOBKAaM, HCTOYHMKAM ITPOTHUBOIIOKAPHOTO BOAOCHA0KEHUS;

- Hepomymienue 3arpoOMOXKACHHS IIPOTUBOIIOXKAPHBIX PACCTOSHUM MEXIy 30aHUAMU U
COOPYXEHHUSIMH, MaTeprallaMu U 000pyZAOBaHUEM, CTOSIHKH TPAHCIIOPTA U CTPOUTENHCTBA (YCTAaHOBKH)
31aHUM U COOPYKEHUM;

- Hanuuue B 31aHUAX U COOPYIKEHUSIX, HE OTHOCSIIMXCSA K KaTErOPUU B3PBIBONOKAPOOIACHBIX
00BEKTOB, CIIELUATIBHO OTBEJICHHBIX U 000PYA0BAaHHBIX MECT Il KypeHUS;

- OuncTKa TeppUTOPUHU OT TOPIOYUX OTXOAOB, MycOpa, Taphl, OMABIINX JIUCTHEB, CrOPAEMOIO
MyCOpa U APYI'uX FOPIOYUX MaTEPHUAJIOB;

- Hanuune Hapy»XHOrO OCBELIECHUS HA TEPPUTOPHUM OPraHU3aLMHA B TEMHOE BpeMs CYTOK IS
OBICTPOr0 HaXOXKJIEHUs MOXAPHBIX THAPAHTOB, HAPY>KHBIX MOXKAPHBIX JIECCTHULl U MECT pa3MeIleHUs
II0’KapPHOI0 MHBEHTAPs, a TAK)KE MMOABE30B K BXO/IaM B 37aHUS U COOPYKEHHUS;

- Pa3Menienne Ha ABepsSX HBaKyallMOHHBIX BBIXOJIOB U3 IOMEIIEHUH, 3/1aHUi (COOpYXKEeHUN)
IIPOU3BOJCTBEHHOTO M CKJIAQJCKOTO HAa3HAYEHUs, HA HAPYXKHBIX TEXHOJOTHYECKHX YCTAHOBKAX
uHpopMalUu 00 MX KaTeropuM MO B3PBHIBOMOXAPHOW M IMOKApPHOM OMACHOCTH, a TaKXe O KJlaccax
PAacCIOJIOKEHHBIX B HUX B3PBIBOOIIACHBIX WM ITOKAPOONACHBIX 30H;

- Hanuuue, cooTBeTCTBHE MPOEKTHON JOKYMEHTAIlMU U COZAEp)KaHUE B HUCIPABHOM paboyeM
COCTOSIHUM YCTAHOBOK ITOXApOTYIICHHWS] W TIIOXXapHOW CHUTHAJIM3alHH, CUCTEM OIOBEIICHUS U
YIpPaBJICHUS DBaKyalMed JIOJAEH IpPU I0Kape, MPOTUBOABIMHOM 3alUTHl U IPOTHUBOIOKAPHOIO
BOJIOCHA0KEHUS, MPOTUBOMOXKAPHBIX JIBEPEH, KJIallaHOB, JIIOKOB M JIPYTHX 3allOJHEHUN MPOEMOB B
IIPOTUBOIIOXKAPHBIX IIpPerpagax, MOMELICHUN, 3JaHUi U COOPYKEHUH, CPEICTB 3aIlUUTBI U CIIACEHUS
JIIOJIEN;

- Hanmnume B 31@aHUAX, COOPYKEHUAX U CTPOCHUSAX, IIPEAYCMOTPEHHBIX IIPOEKTOM, UCIIPABHBIX
YCTPOMCTB MOJIHUE3AIUTHI;

- Hannuue orne3amuTHONH 00paOOTKH M OKPBITHI CTPOUTENBHBIX KOHCTPYKIUH, OTJETOYHBIX
TEIJION30JISIIUOHHBIX MAaTE€pUaIOB, BO3YXOBOJOB, METAUIMYECKHUX ONOP M OICTaKajl, JEPEBSIHHBIX
KOHCTPYKLIMH M OCYLIECTBJICHHE IPOBEPKU COCTOSIHUS OTHE3ALIUTHOM 00paloTKH (TMPOMUTKH), C
COCTaBJICHUEM IIPOTOKOJIA UCIIBITAHUI;
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- ObecnieueHne 3aKpbITUS HAa 3aMOK JBEpeil depAayHbIX MOMEIIEHUH, a TaKkKe TeXHUYECKUX
3TaXXe M IMOJBAJIOB, B KOTOPBIX MO YCIOBHUSM TEXHOJOIMU HE TpeOyeTcs MOCTOSHHOE NpeObIBaHue
mozeil. Hannure Ha 1BepsX yKa3aHHbBIX MOMEIIEHUH HHPOPMAIIUU O MECTe XpaHEHHUs KITI0Ueil;

- Heponymienue cHsATHS, NPeayCMOTPEHHBIX MPOEKTOM ABEPEN 3BaKyallMOHHBIX BBIXOJOB U3
MO3TAaXHBIX KOPUIIOPOB, XOJUJIOB, (oiie, TaMOYpOB M JIECTHUYHBIX KJIETOK, IPYIHMX JBEpE,
HPEMATCTBYIONIMX PACIPOCTPAHEHUIO ONACHBIX (PaKTOPOB MOKapa Ha MyTAX dBAKyalluu;

- Hanuume TpeOyemoro xojimyecTBa UCHPABHBIX U MPOLISAIINX TEXHUYECKOE OOCITyKHBaHHE
NEPBUYHBIX CPEJCTB MOXKAPOTYILICHUS;

- Hanuume, conepkaHue B HCIPABHOM COCTOSHUM U TOIBEP>KEHHOCTh JKCIUTyaTallMOHHBIM
UCIBITAaHUSAM Hapy>KHbIX IOKapHBIX JIECTHUL M OTpPaKJE€HUN Ha KpbllIaxX 3JaHUI, COOPYXEHUH U
CTPOCHHIA.

VYcTaHoBiEeHa aKkTyaldbHasi HEOOXOIMMOCTh B Pa3pabOTKE MEPBOOUYEPEAHBIX MEPOIPHUATHH 110
o0ecrneueHnIo MoxapHoil 6e3omacHocTu JlenapramMmeHTa CaHUTAPHO-3MUAEMHUOIOIHYECKOTO KOHTPOJIS
Bocrouno-Ka3zaxcranckoit obmactu, B cootBerctBuu ¢ [Ipukazom MUC PK ot 21 despans 2022 rona
Ne 55. «O6 ytBepxnenun I[IpaBui nmoxapHoit 6e3onacuoctiy [3].

Ucxons w3 crnemuduKd JESITETBHOCTH, pa3paboTaHbl HWHCTPYKIMH IIEPBOOYEPETHOMN
HEOOXOUMOCTH ANl oOecrieueHUs MoxapHOM  Oe3zomacHocTH  JlemapramMeHTa  CaHUTapHO-
AIUAEMUOJIOTMYECKOT0 KOHTpoJisl BocTouno-Ka3axcranckoit o6nactu, B TOM 4HCIIE:

- O6s3aHHOCTH, OTBETCTBEHHOTO 32 MOKapHY0 0e3onacHocTh, B lenapramente COC BKO;

- Mepbl noxapHOH 0€30MaCHOCTM Ha MpPWIEramolleldl TEeppUTOPUM U B TOMELICHUSX
Henapramenta COC BKO;

- [lepBuuHsbIil npoTrBONOXKapHbIN HHCTpYKTaXK Jlenapramenta COC BKO;

- Mepsbl noxapHoii 6e30nmacHOCTH IIpu paboTe ¢ 000pyIOBaHUEM;

- Mepbl nosxapHoOi 6€30MacHOCTH MPH MOJIb30BAHUHA MUKPOBOJIHOBOH I1€YH;

- Mepbl noxxapHoOi 6€30aCHOCTH MPH M0JIb30BAHUU AIEKTPUUECKUM YaHUKOM;

- Mepsbl noxapHoi 0€30MacHOCTH MpU PaboOTe ¢ KOMIBIOTEPHOW TEXHUKOHM MJisi BCEX TPYIII
NI0JIb30BATENEH;

- Mepsbl noxapHoi 6€301aCHOCTH B TOMEIIEHUH CKIIaJIa;

- Hevictus nepconana COC BKO no 3Bakyannu jronen npy moxape;

- Nuctpykuus COC BKO mo okazaHuto mepBOi MOMOIIM MOCTpaJaBIIeMy MPHU TOXKape.
[Tomouis npu 0k0rax U OTPABICHUH NPOJLYKTaMU TOPEHUS.

CHMcoK UCI0J1b30BAHHBIX HCTOYHHKOB

1. 3akon Pecniy6nuku Kazaxcran ot 11.04.2014 Ne 188-V «O rpaxaaHckoi 3amuTe», (¢
UsMeHeHUuAMU U OonoaHeHusmu no cocmosinuio va 01.07.2023 2.).

2. Comectnsiit mpukaz MBJI PK ot 30 okTsi6pst 2018 rona Ne 758 1 MHD PK ot 30 oktsi0pst
2018 roza Ne 31. «O0 yTBep>KACHUU KPUTEPUEB OLIEHKU CTENIEHH PUCKA U MPOBEPOUYHBIX JIHCTOB,
MPUMEHSIEMBIX JUISI TPOBEIeHUs TPOUIAKTHIECKOTO KOHTPOJIS € MOCELeHHEM cyObeKTa (00BEeKTa)
KOHTPOJISI U Ha/130pa B 00JIACTH MOKAPHOM 0€30MacHOCTH U POBEPOK HAa COOTBETCTBHE
pa3penIMTeNbHBIM TPEOOBAHUSIM I10 BBIIAHHBIM Pa3pelIeHUsIM, TPOPUIAKTHIECKOTO KOHTPOJIS C
nocerieHueM cyobekTa (00beKTa) KOHTPOJISI B 001aCTH IPaX1aHCKOM 000POHBI».

3. Ilpukaz MUC PK ot 21 despanst 2022 roma Ne 55. «O6 yrBepxknenun [IpaBui mosxapHoit
0€30MacHOCTI.
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OIIEHKA YCTOMYUBOCTH OTKOCOB 1 PA3PABOTKA METO/1OB YKPEILTEHHUA
YCTYIIOB B YCJIOBUSAX KAPBEPA «JIAJIBHE3AIIA IHBIU-2»

Taxanoe /laynem Kyamoeuu

I naemnwiii Hayunviti COmpyoOHUK

TOO «Hayuno-mexnuueckuu yeHmp
NPOMbBLULIEHHOU OE30NACHOCU Y
Kaszaxcman, e. Kapaeanowvt

Paxmemos bek3ao Pozoaesuu
Hnowcenep ceomexuux,

TOO «Hayuno-mexnuyeckuti yeHmp
NPOMBIULLEHHOU Oe30NACHOCTUY
Kaszaxcman, 2. Kapazanovt
Poimkynosa Apaiinvim bonamoexkkuizot
IIpenooasamensv xagheopwr « Mul »,
Kapaeanounckuii mexnuyeckuil ynusepcumem
umenu Abvinkaca Cazunosa,
Kaszaxcman, . Kapaeanovt

AHHOTANIUA

B crarbe mpencraBieHbl pe3yibTaThl HAyYHO-MCCIEI0BATENbCKON paboThl, BHIIIOJHEHHOH MO
noroopy Ne 3110/2025-1583 ot 18.06.2025 1. ObecreyeHne yCTOWYMBOCTH OOPTOB M YCTYIIOB
OTKPBITBIX TOPHBIX pa3pabOTOK SABISETCS OJHOM U3 BaKHEHIIMX 3aJad T'eOMEXaHUYECKOU
6e3omacHocTH. /st kapbepa «/lanbuesanaanbiii-2» AO «Kaiipemckuit 'OK» akryanbHOl mpoGnemoit
BBICTYNAaeT pPa3BUTHE KaMHENa/J0B, OOYCIIOBIEHHBIX TPEUIMHOBATOCTbIO MAacCCHBA, I'€0JIOTMYECKUMHU
O0COOEHHOCTSIMU U BIIUSIHUEM TOPHOTEXHUYECKUX (PAKTOPOB.

B pabote mpoBeeHbI aHANNU3 paHee BHIIOJIHEHHBIX MCCIEIOBAHUN U MOJIEBble 00CIe10BaHUS
COCTOSIHUS YCTYIIOB, OIpeesIeHbl KOA(Q(ULIUEHT PECTUTYIIUN U OCOOEHHOCTH KMHEMATUKU JIBUKEHUS
0010MKO0B. C UCMOIBb30BaHUEM METOOB TeoMexaHuueckoro moaenupoanus B 2D u 3D nocraHoBke
MOCTPOEHBI MOJIETH (PAaKTHUUECKOTO IOJIOKEHUSI Kapbepa U BBIINOJIHEH aHAJIU3 YCTOMYUBOCTH OOPTOB B
30HaxX ociabieHHbIX nopoj. [losyueHHBIE pe3ynbTaThl MO3BOJWIN BBIBUTH PACXOXKIACHUS MEXKIY
NPOCKTHBIMH ¥ (aKTHYECKUMH IapaMeTpaMH  yCTYINOB, OIPENEIUTh 30HBI  IOBBIIICHHON
HEYCTOWYMBOCTH M TNPEIOKHUTh PEKOMEHJALMU MO ONTUMAIbHBIM METOJaM YKPEIUIEHUs] OTKOCOB.
Peanu3zanus npeasniokeHHbIX Mep MO3BOJUT CHU3UTh PUCKHM KaMHENaJ0B M MOBBICUTH 0€30MacHOCTh
BE€/ICHUS TOPHBIX paboT.

KiroueBble cJjioBa: Kappep, YCTOWYMBOCTH OTKOCOB, KaMHEINaJ, TI'€OMEXaHUYECKOe
MOJIEIUPOBAHKE, YKPEIUIEHHE YCTYIOB, pUCK-OLIEHKA, 0€3011aCHOCTh TOPHBIX PadoT.

Beenenne

ObecnieueHre yCTOHYMBOCTH OOPTOB M YCTYNOB OTKPBITBIX TOPHBIX Pa3pabOTOK SIBIISETCS
OJIHOI M3 KJIIOYEBBIX 3a7a4 F€OMEXaHUYECKOro o0ecreueHns 6€30MacHOCTH BeeHHsI TOpHBIX padoT. B
ycnoBusix kapbepa «JlanpHezanaaubsiii-2» AO «Kaiipemckuit 'OK» aktyanbHOU npoOiemMont sBiseTcs
PUCK pa3BUTHUS KaMHENaJ0B, OOYCIOBIEHHBIX TPEIIMHOBATOCTBIO MAaCCHUBA, T'€OJOTUYECKUMU
OCOOEHHOCTSIMU M BO3/ICHCTBHEM TOPHOTEXHHUYECKUX (akTopoB. Llenbro HacTosero uccieaoBaHus
SBJISIETCS W3yYEHHE COCTOSIHMS MacchBa TOPHBIX MOPOA W pa3paboTKa ONTUMANbHBIX CIIOCOOOB
YKPEIUICHHUs] YCTYIIOB B 30HaX BO3MOXHBIX KAMHEMAJI0B.

O0BeKT 1 MeTObI UCCIICTOBAHUSA
OO0BexTOM mccnenoBanus sBisieTcs kapeep «JlanmpHe3ananubiii-2» AO «XKakipemckuit 'OK».

ﬂJ’IH AOCTHXKCHUSA LCIIU ITPOBECACH aHAJIN3 PAaHCC BLIITOJTHCHHBIX I/ICCJ'IC,HOBaHI/Iﬁ KaMHEIIaa0B, a TaAK¥XKE
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HOJIEBBIE 00CIIEI0OBaHUsI COCTOSIHUS OOPTOB M YCTYIIOB CEBEPHOI'0, BOCTOYHOI'O U IOYKHOI'O YyYacTKOB.
JIONOJTHUTENBHO BBIIIOJIHEHBI HATYPHbIE UCCIIEI0BaHUS KaMHENA 0B ¢ onpeaeaeHreM Ko3(pduiueHTa
PECTUTYLIMH U KUHEMAaTUKU ABMKEHHsSI OOJOMKOB. [lJil OLlEHKH YCTOWYMBOCTH M NMPOTHO3MPOBAHUS
MIOBE/ICHNS MacCHUBa HCIIOJIb30BAHBI METOJbl TeoMeXaHudeckoro mozenuposanus B 2D u 3D
IIOCTaHOBKE.

Marepuajbl 1 METOABI.

[IpoBeneHne HATypHBIX HCCIEIOBAaHUN  KaMHENaJ0B IPEIyCMATPUBAET  BBIIOJHEHUE
KOMILJIEKCa IOJIEBBIX HAOMIOACHUN M MCIIBITAHUM, HAlpaBJIEHHBIX Ha M3y4€HHE IPOLIECCOB IaJEHUS
00JIOMOYHOTO MaTepuansa ¢ 0OTKOCOB Kapbhepa. B pamkax mccienoBaHuii ObUTH BBITIONHEHBI (DUKCALIUS
UCXOIHBIX YCIOBMM M XapaKTEPUCTHK TOPHBIX IIOPOJ, IapaMeTpbl OTKOCOB, a TaKXke
JOKYMEHTHPOBAHUE TPACKTOPUI JBMKEHUS M KOHEUHOTO IOJOXKeHUs o010MKOB. IlomyueHHbIe
JlaHHBIE UCIIOJIB3YIOTCS AJIS BAJIMIALUU BXOJHBIX 1APAMETPOB F€OMEXaHUYECKUX MOJEIEH.

OCHOBHBIMU 331a4aMH HaTyPHBIX UCIIBITAHUH SBIIIOTCS:

— BBIOOp XapaKTEpHBIX YYacTKOB OOpTa C MOBBIIICHHOW BEPOSTHOCTHIO KAaMHEMAJ0B IO
pe3yJibTaTaM BU3yaJIbHOIO OCMOTPA;

— HOJrOTOBKA OIBITHBIX IJIONIAJOK, MApKUPOBKAa M HyMepalus oOpa3loB FOPHBIX MOPOJ JUIs
KOHTPOJIMPYEMBIX COpaChIBAaHUN;

— IpoBeJieHue cOpacbiBaHUN 00JI0MKOB ¢ (PMKCUPOBAHHOM HayalbHOW TOYKHU C UCIIOIb30BAaHUEM
BCIIOMOTaTeJIbHbIX HUHCTPYMEHTOB;

— perucrpauusi TPAeKTOPUM ABMKEHMST M KOHEYHOTO IIOJIOKEHUS OOpa3loB IpU MOMOIIU
BUICOCHEMKHU U MapKIIEHIEPCKUX IPUOOPOB;

— KapTHUpPOBaHUE 30H HAKOIICHUSI OOJIOMKOB U ONPE/IEIIEHUE TApaMETPOB pa3ieTra;

— ONpeAereHue  3aBUCHUMOCTH WHTEHCUBHOCTH KaMHEMa/10B OT  JIMTOJIOTUYECKOM
HEOJIHOPOJHOCTH U YIJIOB OTKOCA Kapbepa;

— OO0paboTka pe3ysbTaTOB AJIS OCIEAYIOIEr0 TeOMEXaHUYECKOI0 MOICIMPOBAHHUS.

HatypHble ucnblTaHusi TpaeKTOpUM KaMHENAaJ0B MPOBOAMINCH C LIETbI0 KaTMOPOBKU paHee
BBITIOJTHEHHBIX YMCIIOBBIX MOJIEEH JIsl TOBBIILIEHUS JOCTOBEPHOCTH BXO/HBIX JaHHbIX.

Onpedenenue ko3 puyuenma pecmumyyuu 20pHvlx HOPOO

— Koodduuuent pecrutyuun ropueix mnopop (Coefficient of Restitution, COR) — »3t0
Oe3pa3mepHas BEIMYMHA, XapaKTEepHU3yIollasl yIpyrue CBONCTBAa O0OJIOMKOB MPU UX CTOJIKHOBEHUHU C
MOBEPXHOCTBIO MM Apyrumu Tenamu. OH ompenensercss Kak OTHOLIEHHE CKOPOCTH OOJIOMKa Iocie
yJapa K ero CKOpocTy Nepeji y1apoMm.

— Jlns OLIEHKM OTCKOKa OT HMOBEPXHOCTH ONpenensercs KOd(PQPUIMEHT PEeCTUTYLHH, KOTOPbII
npezcTaBisieT co00i OTHOIIEHNE KOHEYHOM K Ha4aJIbHON SHEPTUU MEXAY ABYMSI 00BbEKTaMHU MOCIE UX
ctonkHoBeHUsl. COR 00bIYHO SIBIISIETCS MTOJIOKUTEIBHBIM BEIECTBEHHBIM ynciaoM OT 0 10 1:

— COR = 0: 510 mAcanbHO IIACTHYHOES CTOJKHOBEHHE. DJTO O3HAYAECT, YTO KHHETHYECKas
SHEprus BJOJb 001eit Hopmanu paBHa 0. Kunetndeckas sHeprus npeodpa3yercst B TEIJIO WK padoTy,
BBITNOJIHAEMYIO NPH 1€(POPMUPOBAHUHN OOBEKTOB. DHEPTHUs MOJIHOCTHIO MOTJIOMIAETCS.

— 0 <COR<I: 3T0 4YacTH4YHO yHpyroe CTOJKHOBEHHE, P KOTOPOM pPaCCEHBAETCS HEKOTOpas
4acTb KNHETUYECKOU dHEPIruU. PeaslbHbIN Cityyail 1JIs TOPHBIX IIOPOI.

— COR = 1: 3T0 HMIeanbHO yHpPyroe CTOJIKHOBEHHUE, NPU KOTOPOM KHHETHYECKAs 3HEPIUs HE
paccenBaeTcsa, U OOBEKThl OTCKaKMBAIOT JPYr OT Jpyra C TOH K€ OTHOCUTEIbHOW CKOPOCTBIO, C
KOTOPOU OHH CTOJIKHYJIUC.

— Koodpduuuent pecrutynun (COR) nans oObekTa, OTCKAaKMBAIOMIETO OT HEMOABHXKHOTO
00BeKTa, OIpeIeIsieTcs 1o cienyomeil popmyie:

COR = (1)
H

— rae h - BbIcOTa 0TCKOKA OT TOPH30HTAIBHOM TTOBEPXHOCTH, MM;
— H - BeicoTa mazieHust oO6pasia mopoji, Mm.

64



Me:xyHapoasslii Hayunsli xypHaa AKAJTEMUK Ne 2 (283) 2025 1.

— Ilpu onpenenennu ko3pdunueHTa peCTUTYLIMN SKCIIEPUMEHTHI JOJDKHBI ObITh TTOBTOPSEMBIMHU
U MIPOBOJUTHCS HAa PA3JIMYHBIX MOBEPXHOCTAX, OOBIYHO BCTPEUAIOLIUXCS B Kapbepe, HAPUMEpP: JHO
Kapbepa, TPAaHCIIOPTHBIN Che3/1, MpeoXpaHuTeNbHas OepMa U T 1.

— Onmnpeznenenne BeIMYUHBI KOAPPHUIMEHTA PECTUTYIHH, MPOU3BOIMIOCH 3KCIIEPHUMEHTAIBHO,
ObUI0 BEIOPAHO TPU MOBEPXHOCTH MOJOLIBBL: MPEAOXpaHUTENbHAs OepMa B 30HE KOPbI BBIBETPUBAHUSA
U B 30HE CKaJIbHBIX MTOPOJI — JHO Kapbepa U TPAHCIIOPTHBIN Che3, MPEACTaBICHHbIX B Ta0uuie 6

— Onmnpeznenenne BeIMYUHBI KOAPPHUIMEHTA PECTUTYIHH, MPOU3BOIMIOCH 3KCIIEPHUMEHTAIBHO,
ObUI0 BEIOPAHO TPU MOBEPXHOCTH MOJOILIBBL: MPEAOXpaHUTENbHAs OepMa B 30HE KOPbI BBIBETPUBAHUSA
U B 30HE CKAJIHBIX MOPOJI — JHO Kapbepa U TPAHCIIOPTHBIN Che3[, MPEICTaBICHHBIX B Tabnuue 1.

Tabnuna 1 - OCHOBHBIE SKCIIEPUMEHTAIILHBIC TIOBEPXHOCTH B Kapbepe

[Ipenoxpanutenbuas 6epmMa | [TpegoxpaHuTenbHAas GepMa B 30HE

N TpaHCOPTHBIN ChE3]T
B BBIBETPEHHOI1 30HE CKaJIbHBIX MOPOJ]

Jlist sKcnepuMeHTa HMCIOJIB30BAIMCH O0pa3ilbl TOPHOW TOPOJbI, B KojaudecTBe 10 eauHMII,
pa3zHooOpa3Hoi GopMbl (OBaJIBHOM, MPU3MAOOPA3HOH, TpaNeNeBUIHON, KITMHOBUIHOM), Maccoii ot 1
1o 6 kr (puc.1).

PI/ICYHOK 1- O6p33]_IBI TOPHBIX TOPOJ, UCITOJIB30BAHHBIX B SKCIICPUMCHTC

JlarHbIe 00pa3Ilbl COPACKIBAIMCH BEPTHKAIBHO C BBICOTHI 1,5 MeTpa B OCHOBHBIX MOBEPXHOCTAX
kapbepa. Kaxnmeiii oOpaszerr cOpacwiBasicss 5 pa3 Ha KaXJIOW SKCIIEPUMEHTAIBHON MOBEPXHOCTH IS
ompejieNieHusT  OTCKOKa. BenwmunmHa  OTCKOKa  00pas3ioB, (UKcHpoBalach C  MOMOIUIBIO
MacITabMpOBaHHON OEION JOCKKM METOI0M BHICO(UKCAITUU B 3aMEIJICHHOM PEKUME.
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Ilo pe3yjipTaTaM IIPOBCACHHOI'0 JKCIICPUMCHTA BBIIIOJHCH CTATHUCTHYECKHUM aHallu3 U
C KYMYJIITUBHBIC KPHBBIC.

MOCTPOEHBI

TUCTOI'paAMMbIL

Pe3ynbrarsl

CTaTUCTHYCCKOI'O aHajlIn3a

9KCIIEPUMEHTA I10 OIPEICTICHUIO BEIMYMHBI KOAPPUIIMEHTA PECTUTYIIH IPUBEACHBI B TA0IHIIE 2.

Tabnuua 2 — Pe3yabpTaThl CTATUCTUYECKOTO aHATH3a KO PUIIMEHTA PECTUTYIIUN

Ne Pasmepl | Macca BenuyuHa oTckoka, cM
obpasua (cm) (kr)
BriBeTpeHHbIe NOPOLkLI
1 16=17=10 6.26]3.012,5/2.0) 2,0{3.0f 4.0/3.0/4.0] 3.0] 3.5
2 14%11%5 1.77]6.0/7.0]6.5] 50(5.0{12.0/18.5/9.0) 9.0/10.0|
3 15%10x8 2.76|5,0/6,0|15.0[ 40|55| 80|7.0|8.0f 80| 9.0
4 16=13x7 3.,14]3.0/4,0|5.0( 6.0{4.0| 7.0/8.0|/7.0{ 9.0] 8.0
5 16x12x8 3.53/4.0/3.0(4.0| 5.0|5.0] 7.0/8.0{7.0/ 8.0) 7.0
6 14%16x9 4.64/4.02.0(3.0| 40/4.0] 6.0/7.0{7.0 6.0 7.0
7 10=10x5 1.15|5,0/16,0(6.5] 5.5/6.0{12.0|9.0/8.5]| 10.0/12.0|
8 18=12x10 4.14]4,5/50|3.0[ 4.0{4.0] 6.0/75|8.0/ 6.0| 6.0
9 13=10%12 3.59|14.016.5|6.0| 5.0/4.0] 7.0/8.0{6.5] 8.0) 7.0|
10 16%13x9 4,31]3,0/4,0/4.5| 3.0]13.5] 6,0/5,5[7.0 6,0 8.0

Ha ocHOBaHMM pe3ysbTaTOB HATYpHBIX MCHBITAHMS Ha Kapbepe JlampHe3anagHeli I
oOecrieyeHus OoJiee pealuCTUYHOIO MOAETUPOBaHUS TPACKTOPHHM KaMHENa 0B MOJIyYeHbl HaualbHbIe

Y KOHEUHbIE KOOpIMHAThl 00pa31oB B Tabnuie 3.

Tabauma 3 — OCHOBHBIE IMapamMeTphbl 00Pa3II0B ¥ KOOPIUHATHI MX MECTOTOIOKECHUS

CpenHUi OTCKOK, CM

BeiBeTpen
Ble N,

2,50
5,90
5,10
4,40
4,20
3,40
5,80,
4,10
5,10,
3,60

CraHpapTHoe
OTKNCHeHWe

0,51

1,90

1,50

1,78

1,70

1,76

2,34

1,32

1,10

1,49

No Bec, Pasmep, oM Hauanpnas xoopaunata Koneunas koopaunata
- KT ’ X1 Vi Z1 X2 V2 Z2
1 32 48*25*22 122960.344 | 58608.677 | 355.987 | 122959.615 | 58639.898 | 336.551
2 20,6 42*18*18 122960.344 | 58608.677 | 355.987 | 122960.852 | 58624.772 | 347.072
3 14,84 26*25*15 122960.344 | 58608.677 | 355.987 | 122963.311 | 58642.793 | 335.456
4 10,35 14*25*8 123544.362 | 59210.871 | 364.788 | 123517.898 | 59188.372 | 346.036
5 8,64 18*12*8 123544.362 | 59210.871 | 364.788 | 123517.283 | 59188.664 | 346.027
6 15,84 32*15*16 123544.362 | 59210.871 | 364.788 | 123515.086 | 59191.504 | 345.941
7 5,24 17*%14*9 123494.829 | 58887.603 | 337.586 | 123473.332 | 58892.999 | 321.841
8 9,68 26*11*10 123494.829 | 58887.603 | 337.586 | 123469.084 | 58895.720 | 321.812
9 11,16 28*17*11 123494.829 | 58887.603 | 337.586 | 123474.113 | 58897.235 | 321.851
, ?
! / \
1747
%;.
; Pt \§f\ ~ A'

Pucynok 2 — O0muit BUI ceBepo-3amaHOTO y4acTKa Kapbepa JlanbHe3amna Hbli (3eJIeHbIH IBET —

Ha4daJIbHBIC ITOJOXKCHUC O6p3.31.[0B, CHHHM LIBET — KOHEUYHOE I10JIOKEHHE o6pa3u0B)

Y4uuThIBas MOMy4YeHHBIE PE3yIbTATHI 110 HATYPHBIM UCIIBITAHUSIM, BEIOPAHBI pacueTHBIC Pa3pe3bl
JUIST MOJICTTUPOBAHMS KaMHETaIHbIX MporeccoB (puc.2). B kadecTBe MCXOMHBIX JAHHBIX TPUHSATHI
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CJIEYIONINE MMapaMeTphl: HadalibHas Topu3oHTanbHas 0,4 M/c co craHmapTHbIN oTkiIoHeHHeM 0,12 m/c,
BepTUKalIbHas ckopocTh 0,9 m/c co cranmapTHeiii oTkiaoHeHueMm 0,12 m/c, cuerienue 300 ms Bcex
CKJIOHOB.

MopenupoBaHue KaMHEMAIHBIX IIPOLIECCOB BBIMOJHSAJIOCH C IMOMOIIBIO JIMLIEH3UOHHOTO
nporpammuoro obecrieuenust RocFall2 (Rocscience).

[lo pe3ynpTaTaM MOJIETUPOBAHUS CPEIHAS BBICOTA OTCKOKA II0 TPAHCIIOPTHOMY CbhE3IY
usmensercs ot 0,1 mo 1,2mM, MakcuManbpHas BETUYMHA B 3aBUCHMOCTU OT (DAKTUYECKOTO COCTOSIHHS
Oopta coctaBuia 2,5M. OnpeneneHa cpeiHas KUHETUUECKas SHEPrusl NpU KaMHENaIHbIX IIpoLeccax,
KOTOpBIE B CBOIO ouepeapb uaMeHstorcs ot 3,8 go 32,8 k/[k. CormacHo kiaccupuKamuy THIIOB
3aIUTHEIX COOPYKECHUI o CAep)KUBaeMOM SHEPTHUH BO3JIEHCTBUSA COOTBECTBYET
MIPOTHUBOKAMHEIIATHBIN Oaphep U3 CeTYATOe OTPAKIACHHE.

Pesynbrarhl UCCiieI0BaHU U BBIBOJIbI

AHanmM3 COCTOSIHMSI MacCHBa TOKa3aJl HAJIMYME 30H C TOBBIIICHHOW TPEUIMHOBATOCTHIO H
0cIIabJICHHBIMH Y9aCTKaMH, HanOoJiee TIOIBEP>)KEHHBIMH PUCKY KaMHenaaoB. CpaBHEHUE TIPOSKTHBIX U
(aKTHYECKUX TMapaMeTPOB YCTYIIOB BBISIBUJIO PACXOXIACHUS, CBSI3aHHBIE C T€OMOP(OIIOTHYECKUMU U
TEXHOJIOTHYECKUMU 0cOoOeHHOCTAMH. IloneBpie 3aMepbl KaMHENAJOB ITO3BOJWIM  OIPEICIUTH
KOA((UIMEHT PECTUTYLIUU TOPHBIX MOPOJI, KOTOPBIA XapaKTepH3yeT YIpyrue CBOMCTBA U BIMSET HA
TpaeKTopuIio JBIKeHUs: 006moMkoB. [loctpoennsie 2D u 3D monenu oTpa3uiu TEKyllee MOJI0KEHUE
Kapbepa, a TakKe BO3MOJXKHBIC CIEHAPUU Pa3BUTHSI HEYCTOMYMBOCTH OOPTOB. AHANM3 IMOJYYEHHBIX
JAHHBIX TOJITBEPAUII, YTO KaMHenaabl (OPMUPYIOTCS MPEUMYIIECTBEHHO B pailoHaX OciIabJIeHHBIX
TPEHIMHOBATHIX 30H, @ MX MACIITa0 3aBUCUT OT COYETAHHS TE€OJOTHYECKUX U TOPHOTEXHUUYECKHX
(hakTopoB.

OsxuiaeMbie pe3ynbTaThl

B pesynbTrare uccienoBanus npearnoaaracTcs:

- IOJTYYUTh OOBEKTUBHYIO OIIEHKY COCTOSIHUS MacCUBa TOPHBIX MOPOJI;

- BBISIBUTD PACXOXKACHUS MEXKIY MPOSKTHBIMU U (PaKTUUECKHUMHU [TapaMeTpaMu YCTYIIOB;

- ompenenuTh KOOPPUIMEHT PECTUTYIIMH U OCOOEHHOCTH KUHEMATHKH JIBHKEHUSI O0JIOMKOB;

- noctpouTts 2D u 3D Mozenu ycToMUYMBOCTH OTKOCOB;

- pa3paboTaTh peKOMEHAAINH O ONTUMAIBHBIM METOJaM YKPEIIEHUSI YCTYIOB U CHIKEHUIO
PHICKOB KaMHETIaJI0B.

BriBoabl

[TpoBeneHHOE McCcaea0BaHUE TTO3BOJISIET KOMIUIEKCHO OIEHUTh YCTOMYHMBOCTH OTKOCOB Kaphepa
«JlampHe3anaaHbIN-2)» W ONPEACIIUTh KII0UYeBbIe ()aKTOPHI, BIUSIONINE HA pa3BUTHE KamHenanaoB. Ha
OCHOBE TIOJICBBIX HCCIICIOBAaHWN, MOJCIMPOBAHUS W aHalW3a JaHHBIX OyAyT MPEeII0KEHbI
ONTUMAJIbHBIE WH)KEHEPHBIC PEIICHHS M0 YKPEIUICHHIO YCTYNOB. Peanu3aius JaHHBIX PEKOMEHIAINI
MO3BOJIUT CHU3UTH PUCKH OOpYIIEHUH 1 00ecTeuyuTh 0€30MacHOe BeIeHNE TOPHBIX PadoT.

bnaromaproctu

ABTOpSHI BeIpaxkatoT OaronapHocts AO «Kaiipemckuit 'OK» 3a npenocraBieHHbIE UCXOAHBIE
MaTepuaibl ¥ MOJAEpKKY padboT no gorosopy Ne3110/2025-1583 ot 18.06.2025 r.

Cnucok mreparypbl

1.0tyer 0o HUP «M3yueHue mnepenoBbIX METONOB U pa3pabOTKa ONTUMAIBHOTO Crocoda
YKPEIUIEHUsI YCTYIIOB Ha OCHOBE OILICHKM MacCHUBa TOPHBIX NOpPOJ KapbepoB JlampbHe3anmaaHblii.
Kaparanga: TOO «HayuHo-TexHHUYECKU LIEHTP MPOMBILUIEHHOHN Oe30macHocT», 2025.
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KACOCHIPIMAEPAIH KbIJIMBICTBIK IC-OPEKETKE KATBIHACBI:
I'EHAEPJIIK ACIIEKT

Tanzam Asna Tanzamkbizol

Qunocoghus sxncane ncuxonozus paxyromeminiy 4 Kypc cmyoenmi

E.Foexemos amvinoazel Kapazanowvl yimmuix yrueepcumemi, Kapazanowl, Kazaxcmarn
Foinvimu orcemerxwi Hypeanueea Cayne Myxanoena

E.Fexemos amvinoazvl Kapazanowvl yimmuix yrueepcumemi, Kapazanowl, Kazaxcmarn

Anaarna. Kasipri ke3eHae Ka3aKCTaHIBIK KOFamza >KacecIipiMIEpAiH ACBHAHTTHIK MIiHE3-
KWIKBl MEH KBUIMBICTBIK 1C-OpEeKeTKe OCHIMILIIri KypHaem oIeyMETTIK-TICUXOJIOTHIIBIK JKOHE
KYKBIKTBIK MOcCeJIe PETiH/IEe KapacThIpbLIyaa. Ocipece, TCHACPIIK albIpMalIbUIBIKTAPAbIH POJIi epeKIle
Ha3zap aynapyasl Kaxer eTeni, ce0edi yigap MEH KbhI3JAapAblH KbhUIMBICKA TapThUTy cebemnrepi,
MOTHBALIMSICHl MEH OJIEYMETTIK KOHTEKCTI SpTYpili cumartanajsl. byn makamana skacecmipimMaepaiH
KBUIMBICTBIK 1C-OpEKETKEe KaThIHACKHI TCHIEPIIIK KbIPhIHAH KapacThIPhUIALL. HoTmkenep KepceTKkeH e,
COHFBI OHXKBUIJIBIKTA YKacoCHipiMIEp KbUIMBICTBUIBIFBIHBIH JICHIEH1 a3aiiFaHbIMEH, YJIAap MEH KbI3aap
apachIHIarel AUBIPMAIIBUIBIK CaKTaTyJa. ¥YJIapAblH KbUIMBICTHIK MiHE3-KYJIKbI KOOIHECEe arpeccus
MeH Toyekenre OediMIuTiKiieH OalmaHbICTBI Oosica, KbI3AAPABIH KYKBIK Oy3yra Oapybl oJIeyMETTIK
KBICBIM MEH 3MOIMOHAIABIK (DaKTOpIIapAbIH BIKIMATIBIHIA KAIBII OTHIP. XalbIKAPaIbIK CaJIBICTHIPY
Kazakcranmarel >karmaiaplH OipKaTap IIOCTKEHECTIK ejiepre KaparaHJa OH eKCHiH, aJaiina
QIIEYMETTIK KOJJIay KYHeci JaMblFaH MEMJICKETTEPJICH apTTa eKeHIH KOpceTTi. MaKalaHbIH FHUIBIMU
yjiecl Ka3aKCTaHIBIK KOHTEKCTErl »KacecHipiMAepHAiH KbUIMBICKA KaTbIHACBIHA TEHAEPIIK Taijuay
JKYPri3y apKbUIbl QJICYMETTIK casicaT MeH KYKBIKTHIK-TICIaroTUKaIbIK ajlJIbiH ajly IIapajiapblHa >KaHa
YCBIHBICTAp A3ipIeyiHje.

Kint ce3mgep: xacecmipiMiep, KbUIMBICTHIK I1C-OpEKET, TeHJIEpP, JACBUAHTTHIK MIHE3-KYJIBIK,
QJIeyMETTIK OaKbLIay, alJIbIH ATy

Kipicne

KacecmipiMaepiiH KbUIMBICTBIK =~ 1C-OpEKETKEe KAaTbIHACKI — QIIEyMETTIK FhUIBIMIAP/AA,
KPUMUHOJIOTHSIA JKOHE TIEaroruKaa Y3aK yaKbpIT OOWBI 3€PTTENIN Kele KATKAaH TaKbIPBIN. OIeMIIIK
CTaTHCTUKara coiikec, 15—17 xac apanbIFbIHAAFHI KACOCHIPIMAEP apachiHa KYKBIKOY3YIIBUIBIK YIIeci
epeceKTepre KaparaHjaa TypakThl TypAe >koFrapsl Oonbin keneni [1]. Kasakctan PecmyOnukaceiabia bac
IpoKyparypacbl MeH Imiki icTep MHHHUCTPIITIHIH pEecMHM JEpeKTEpiHAE€ COHFbl OH JKbUIJA
JKaceCIipiMaep JKacaFaH KYKBIKOY3YIIBUIBIKTBIH KYPBUIBIMBIHIA VPIBIK, TOHAY JKOHE TOMTHIK
KBUIMBICTap 0achIM €KEHIIIT allKbIH KepceTuireH [2]. I'eHmepiik acmekT Oyl Mocelnene epeKiie peol
aTkapanabl. KenTereH xaibIKapallblK 3epTTeyJIepe YIIApAbIH arpecCUsUIbIK, ToyeKenre OeriM MiHe3-
KYJIKBI KBIJIMBICTBIK 1C-OpPEKETKE TiKeJIel BIKIMaJl €TETiH1, aJl KbI3JIapAblH KbJIMBICKA KaThICYbl KoOiHEeCe
QNIEYMETTIK KBICHIM, OSMOIMSIIBIK KYH3eliC JKOHE KypAacTap BIKHAIbIMEH OalIaHBICTBI EKeHi
alTBUIAIBL.

byn 3eprreyaiH makcaThl — jKacecmipiMIAEp/iH KbUIMBICKA KaThIHAChIHA TE€HIEPJIK TYpPFbIIaH
KeIIeH 1 Taljgay jkacay, KYKbIK KOpray ToxipuOeciHIe *oHe OuriM Oepy »KyiHeciHIe KOJJaHyFa
0OJaTBIH KaHA OJICTEMENIK YCBIHBICTAP KaIbIMTAcThIpy. OCBI apKbUIBI Ka3aKCTaHJBIK KOFaMJIarbl
KaCOCIpiMIep KbIIIMBICTBUIBIFBIH a3alTyFa yJiec KOCy Ke3emne/i.

Oe0H oIy

KacecmipimMaepiiH KBUIMBICTBIK 1C-OpEKETKE KAThIHACKI TEHJEPNIK AacleKT TYPFhIChIHAH
XallbIKapalblK KOHE YITTHIK FHUIBIMJIA KEHIHEH 3epTTelin Kemneai. bipkatap aBTopnap yiaapabliH
KYKBIKOY3yIIBIIIBIKKA OCHIMIUIIT dKOFaphl €KEHIH KopceTce, KbI3Iap apachlHAaFbl KbIJIMBICTHIK MiHE3-
KYJIBIKTBIH apTybl COHFBI OHXKBUIJIBIKTAFbI JKaHA OJICYMETTIK KYOBUIBIC PETiHIEe KapacThIpbLaambl. A.
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Campbell enOekTepiHae KbI3IApAbIH arpeccuschl KeoOiHece »aHama CHUIlaTTa OOJIaThIHBI, OipaK
QJIEYyMETTIK J>KarlalgapJblH ©3repyl OJIapiblH allblK KbUIMBICTBIK OpEKETKE KaThICy JeHIeiiH
keTepreni aram oetiieni [3]. Ax R. Jessor 7eBHaHTTHIK MiHE3-KYJIBIK TEOPHACHIH/IA KACOCIIPIMACPIIH
KYKBIK Oy3yFa OapyblH QJIEYMETTIK OaKblUIayIbIH QJICIpeyiMeH, KypacTap bIKMAaIbIMEH KOHE TYJIFaJIbIK
(axTopnapmen OaianbICThIpas [4].

Kazakcranapik 3eprreyminepid imiane E. AnmayxaHoB >xacecmipiMIep KbLIMBICTBUIBIFBIHBIH
KYKBIKTHIK CHUIIaTTaMachlHA TOKTAJBIT, OHBIH OJISYMETTIK Heri3aepiH capamaisl [5]. CoHbIMEH KaTap,
Ceiitxoxun b. V., Capcem6ae b. I11., [llaiimyxanoB A. JI. eHOeKTepiHAEC Ka3aKCTaHIBIK KOFaMIaFbl
QJIEYMETTIK TEHCI3AIK, OTOAcChl MHCTHTYTBIHIAFBl JAFAapbIC KOHE acTap CyOMOIEHHETIHIH ocepi
JKacecHipimMaep apachlHIaFbl ICBHAHTTHIK MiHE3-KYJIBIKKA BIKIAJI €TETiHI KOPCETIITEH [6].

I'enneprnik acnektke kencek, E. Steffensmeier xone L. Allan «Gender and Crime» enGerinae
oifeniep KbUIMBICTBUIBIFBIHBIH €pPEKIICNIKTepIH aWKbIHAAI, >KacecHipiM KbI3IapiAblH KbLUIMBICKA
TapTHUTYBIH]IA SMOIMSIIBIK (haKTopiap, KypAacTap KbICHIMBI )KOHE TCHICPIIIK POJIIK KYTyJIep My
pen atkapatbiHbIH gonennedai [7]. byr tyxeipeivael J. Chesney-Lind Te kommaiasl, o KbI3gap
apachIHIarbl KbUIMBICTBIK MIHE3-KYJIBIKTBI TYCIHIIPYJE MaTPUAPXATIABIK MOJICHUET IEH JJICYMETTIK
OMIINETCI3MIKTIH BIKHANBIH atan ereai [8]. COHFBI KbULAAPHI XaTbIKAPAIBIK FHUIBIMUA KaybIMIACTHIKTA
JKaceCHipiMAep apachblHIaFbl MHTEPHET AapKbUIbl JKacalaTblH KYKBIKOY3YIIBUIBIK (KHOepOyJUIHHT,
WHTEPHET-AIasKThIK) MocelieciHe Hazap apTein OoThlp. byn Oareirra S. Hinduja men J. Patchin
eHOeKTepiHJe JKacecmipiMIAep KbUIMBICBIHBIH >kaHa ¢dopManapblHa TeHACPIIK TYPFbIIAH Talujay
)kacanraH [9]. ¥amap keOiHe arpeccuBTi opekerTepre Oelim 0oJjica, KbI3Jap KHOCPKBUIMBICTapia
JKaHaMma PeJl aTKapaThIHbI AU ThLIA b,

Ocpinaiiia, onebuerrepal Tanfay >KacecHipiMIAEpIiH KbUIMBICTHIK 1C-OPEKETKE KaThIHACHI
TeHJCPIIIK albIPMAIIBIIBIKTAPMEH THIFBI3 OaMJIaHBICTBI €KEHIH KepceTenmi. YJiaap/a KbUIMbIC KeOiHe
allIbIK arpecCUusiMeH, MaTepUaNIbIK Naiiia TabyMeH OailnaHbIcThI 00Jica, KbI3Aapa dJIEyMETTIK KbICHIM,
SMOLIMOHANIBIK KYH3eNliC TeH KypAacTap BIKMNAIbl MaHbBI3ABIpAK ped aTkapaabl. KazakcTaHAbIK
KOHTEKCTE OYJ1 MocelNeH1 KelleH Al 3epTTey — KbUIMBICTHIH aJIJbIH ally casicaThbIH/Aa >KaHa YCHIHBICTAp
€Hri3yre MYMKIHJIIK Oepei.

Matepuanaap MeH JicTep

3epTTey KYMBICBIHA Kelleci Tanaay oAicTepl KOMAaHbUIIbL:

* CanbICTBIpMaIBI-KYKBIKTBIK Tangay — KazakcTtan meH Oacka enjepneri jkacecripiMiep
KBbUIMBICTBUIBIFBI JUHAMUKACHIH CANIBICTHIPY YIIIiH;

» I'engeprnik Tangay — yigap MeH KbI3Jap apachlHIAFbl KYKBIKOY3YIIBUIBIKTBIH TYPJEPiH,
ce0enTepiH KOHE AIEYMETTIK (PaKTOpIapblH aHbIKTAY YIIiH;

* OJIEYMETTIK CTAaTHCTUKAIBIK OMIICTEP — PECMH MOIIMETTEep HETi3iHAE YyJieC caaMaKTapblH,
JMHAMUKAJIBIK ©3TepiCTepiH Tajlay YIIiH;

3eprrey OapbIChiHIAa (PEMUHUCTIK KPHUMHUHOJIOTHS TEOPUSCHIHBIH TY>KbIpbIMaaMamnapbl (J.
Chesney-Lind), neBuanTThIK MiHE3-KYIbIK TeopHschl (R. Jessor) jxoHe aneyMeTTik OaKbliay TEOPHUSIChI
(T. Hirschi) koamausLib, kacecmipiMaepaiH KbUIMBICKA KaThIHACHIHA KEMICH T TYCIHIPY YCHIHBUIIBI.

HoTuaxesiep MeH TaJKbLIAY

Kazakcranarsl xacecmipiMaep KbIMBICTBUIBIFGI OobIHIIa 2015 sxputnan 2025 sxputra AeiiHTi
pecMu JIepeKTepi Tajaay >KacecHipiMIepliH KYKbIKKAa KaWIIbl iC-OpeKeTKe KaTbICy JeHreHiHIH
TYpakThl Typle TOMEHIEYy YpIiciH KkepceTeni. byn onmeyMmerTik Oakpliay HWHCTUTYTTApPBIHBIH
KYIIEIOIMEH, KYKBIKTBIK MOJCHHMETTI apTThIpyFa OarbITTaiFaH MEMJIEKeTTIK OarjaapiaManapiblH iCKe
acybIMEH, COHJIai-aK XaJbIKapaiblK YHBIMIAP YCHIHBIN OTHIPFAH al/IbIH aly TOXKIpUOeNepiH eHri3yMeH
THIFBI3 OaitmanbicThl. Pecmu cratuctukara cyiieHcek, 2015 KbUTbI TIpKEITEH JKacocIipiMIep JKacaraH
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KYKBIKOY3yIIbLUTBIKTap canbl 4231 6onca, 2025 xbutbl on 2405-ke neitin Kpickapabl. byn — mamamen
43 % rtemenney. MyHpaail oH e3repicTepiH HeEri3ri cedentepi — KYKBIKTBIK CasCaTThIH KaTarobl,
MEKTENl TICH OTOAChIHBIH aJJIbIH ally IIapanapbl, COHBIMEH KaTrap MEMJICKETTIK OJIEyMEeTTIK
OarnmapiamanapsiH Kymeroi [10].

l-xkecte — 20152025 oxwpuimap  apaibiFblHIarbl  KazakcTanmarbl — Kacecmipimzaep
KBUIMBICTBUTBIFBIHBIH TUHAMHUKACHI

Ko | bapneirer | ¥npap | Keiznap
2015 | 4231 3650 581
2020 | 2890 2485 405
2023 | 2515 2140 375
2025 | 2405 2050 355

nepekke3: KP bac npokyparypa, KP [IM, KP Craructuka 6ropocbl

by momiMerTepai Tangay yimapiabiH yieci 6apisik keseHae 80—85 % apallbIFbIHIA TYPAKTHI
cakTanraHblH KepcerTi. KenmpapasiH yieci 15-20 % mramackiana 60FaHBIMEH, OJIAP/IbIH QJICYMETTIK-
NICUXOJIOTHSUIBIK, (haKTopiiapra OeHiMALIIrT XxanblkapaiblK eHoekTepae (Mbicansl, Chesney-Lind, 2017)
KOPCETLITEH 3aHIbUTBIKTap bl pacTaiasl [11].

2025 KbUTFBl KYPBUIBIMIBIK Tallay YPJBIKTBIH 9711 1€ €H KeH TapaiFaH KYKbIKOY3YIIBLUIBIK TYPi
eKkeHiH aHbIKTaabl. On OapnblK KbUIMBICTapAbIH 47,5 %-blH Kypaiael. ¥inapaa arpeccusira
OaillaHBICTBI TONTHIK KYKBIKOY3YIIBUIBIKTAD JKWI Ke3/lecce, KbI3Japla ONeyMETTIK KBICHIM MEH
OIMOIUSUIBIK TYPAKCHI3ABIKKA OaIaHbICTHI YCAK KBUIMBICTAP OachIM.

2025 *KbINFbl KbIAMbIC TYpAEPi (reHaepik

6eniHic)
5 1500 1005
< 1000 460__ 29
S 0" 28529%5 1500 1405
é 508 -]h -ﬁ T -l-o -
W& <9 'bgo& <</<'>Q < B Kpi3gap
&

KYKbIKBY3YLUbI/IbIK TYPI

1-cypet — XKacecmipimaep KbIJIMbICTAPBIHBIH KYPBUTBIMABIK yiieci (2025 x.)
nepekkes: KP I[IM

XanpIKapaJIbIK canbICThIpy Ka3zakCTaHHBIH KOPCETKIMITEpl ol JIe opTaimia JACHTele eKeHIH
kepceteni. 2025 xwutbl 100 MbIH xacecmipiMmre makkanaa Kazakcranga — 120 ic Tipkence, Peceiine —
178, Keiprezctanga — 140. CxkannuHaBus enaepinge Oys1 KepceTkim anaekaiiaa temen: [Bemusga —
62, Hopserusina — 54 [12].

2-xecte — 2025 KbUTHI J)KacecmipiMaep KbUIMBICBIHBIH XaJIbIKAPAIbIK CATBICTHIPMACHI

En Kepcetkirr (100 mMbIH sxacecmipiMre)
Kazakcran 120
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Peceit 178
Kpipreicran | 140
IIBermus 62
Hopserus 54

nepekke3: UNODC, UNICEF, yiaTTBIK CTaTUCTHKAIBIK areHTTIKTEP

Byn aiiplpMambuIbIKTap bl Jessor-IbIH JACBUAHTTHIK MiHE3-KYJIBIK TEOPUSICBIMEH TYCIHAIpyTe
0oJaIbl: QNIEyMETTIK OAaKbLIAYIBIH Calachl )KOFaphI eNep/e KacoCcHipiMIepIiH KYKbIKKa KapChl MiHE3-
KYJIKBI TOMEH OO0JIaIbI.

Kazakcranaarsl sxacecipiMiep KbUIMBICTBUIBIFBIHBIH CallJIbIK TaJIJaybIH JXYPri3y OapbIChIHIa
XaNbIKapaJblK FHUIBIMA €HOCKTepAiH HoTmwkenepi eckepinai. Chesney-Lind enOextepiHae Kbi3map
KBUIMBICTBUIBIFBIHBIH ~ TYI-TAMBIPBIHAA OJCYMETTIK POJIIIK KbICBIM, TCHACPIIK TEHCI3AIK IIeH
OMOIMOHAIBIK KBICHIM JKaTKAHBI JTOJICTICHTEH, al O13/1iH JepeKTep Je OChl TCHACHIIMSIHBI KOPCETIM
OTBIP: KbI3JapJbIH KYKBIKOY3YIIBUTBIKKA O0apy cebenrtepi KoOiHece oIeyMEeTTIK OpTaJaH TYBIHIANIbI.
Jessor-neIH IeBMAHTTHIK MiHE3-KYJIBIK TEOPHSICHI OOMBIHINIA KacecmipiMaep MiHEe3-KYJIKbI dJI€YyMETTIK
OakpUIay JopekeciHe Toyeni, an Kasakcranma sKypri3iireH CTaTUCTUKAIBIK TaIIAy OYJT TYIKBIPBIM/IBI
KyaTTaiapl: 0T0ackl MEH MEKTEI TapanblHaH OaKbUIay KYIICHIeH CalblH KYKBIKOY3YIIBUIBIK JCHIeHi
temenyered. Hirschi-niH oneymerTik Oakpliay TEOpHSCHl Ja ©3EKTLNIrH cakram oOTbelp, cebebdi
0TOACBUIBIK JKOHE MEKTENTIK OaljaHbICTap SJICIpereH »arjaaia KbUIMbICKA OCHIMIUTIK apTa TyCeTiHi
Oi3miH  MarepuangapbiMbizia ga  ganengeHal.  Ocel  HoTwokenmep  Herisinge — «l'eHmepuik
NPOQUIAKTUKAIBIK HHTETPALMSIIBIK MOJCNb» YChIHAMBI3. byl Mojenb yimap MEH KbI3IapablH
KBUIMBICTBIK MiHE3-KYJIKBIHBIH E€PEKIIeNIKTepiH eCKepin jKacajFfaH. YJjapra apHajFaH CIOPTTHIK
Oarmapramanap MEH KenOacIIbUIBIK KIIyOTap arpeccusiHbl KOHCTPYKTHBTI OaFbITKa OypyFa MYMKIiHJIIK
Oeperi, alm KpI3gapra TICUXOJIOTHSUTBIK KOJIJIAy KOPCETY KOHE IMOIUSUIBIK TYPAKTBUIBIK TPSHUHTTEPiH
YIBIMIACTBIPY OJIApJBbIH QlIeyMETTEeHYIHET] dJ1ci3 TycTapabl KymenTeai. CoHbIMEH KaTap, MEKTeIl MeH
OTOACBHIHBIH BIHTBIMAKTACTHIFBI KYIICHTLTIN, KYKBIK KOpPFAy OpraHIapbIHBIH MPO(UIaKTUKAIIBIK
KbI3METTEP1 UHTErPaIlUsIIaHAIbI.

XKacecnipimaep
KbINTMbICTbIbIFbI

e B

¥npap: arpeccus, ToNTbIK Kbizaap: aMouUsAnbIK KbICbIM,
biKnan aneymeTTik penaep

! !

MNMcuxonornansik konaay,
3AMOUMANLIK TYPaKTbIbIK
TPEeHUHrTepi

CnopTTbiK Garaapnamanap,
KewbacwbinbiK KNybTtap

MekTen neH otbacsl

!

KyKbIK KOpFay opraHaapsbi:
Genimaey, npodunakTuka

1-cyper — I'enaepiik mpoduIaKTUKAIBIK HHTETPAITUSIIBIK MOJIEII
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2 cyperre MOJENbIIH KYPBUIBIMBI KOPCETUITeH: opOip TeHIEpNiK TomKa OeHiMaenreH
npoUIAKTUKATIBIK IIapaiap >KajlIbl SJI€yMETTIK KOJAay KyleciHe HHTerpauusiianaabl. MyHail Tocin
XaJIbIKapaliblK TKIpUOEH1 eckepe OThIpbin, KazakcraHmarbl >kacecmipiMIep KbUIMBICTBUIBIFbIHBIH
QIJIBIH aJlyFa OaFbpITTAFaH HAKTHl YCBIHBIC 00JbIN TaObuiaapl. Ockutaiiima, 2015-2023 xeuigapaarsl
CTaTHCTUKAIIBIK JIEPEKTEP KACOCHIpIMACP KbUIMBICTBUIBIFBIHBIH a3aiFaHbIH JQJIeNiece Je, TeHACPIiK
alBIPMAIIBUIBIKTAD CAKTAJBIT OTHIP. YJIIAPJbIH KBUIMBICTBIK OpEKETTepi KOOiHEe arpeccusi MeH
Toyekenre OediMaiTikke OaillaHBICTBI O0JIca, KBI3MAPAiKi SI€yMETTIK-TICUXOJIOTHSIIBIK KbICHIMIapIaH
TybIHIAMABL.  XanblKapasiblK canblcThlpy Kazakcranmarel kepcerkimrepain Eypoma ennepine
KaparaHJa >KOFapbl €KCHIH KOepCeTTi, OYI oleyMEeTTIK KOJaay J>KYHECiH XKEeTUIMipy KaKeTTLIIriH
nonenaenal. YcoiHbUFaH «['eHaepnik NpoQHUIAKTUKAIBIK HHTETPALUSIIBIK MOJAETbY) OTOACBUIBIK,
MEKTENTIK oHE KYKbIK KOpPFay OpraHJapblHBIH KYIIIH OIpiKTIPYy apKbUIBl JKacecHipiMuep
KBUIMBICBIHBIH aJJIBIH aJTy/1a KeIIEH I TOCII PeTiHAe KOJIIaHbUTYBI THIC JICTI CAaHAWNMBI3.

KopbIThIHABI

byn 3eprrey kacecmipiMAep KbUIMBICTBUIBIFBIHBIH Oip FaHAa CaHIBIK JWHAMUKAJIaH
TYPMalTBIHBIH, OHBIH OJIEYMETTIK XOHE TeHJEpJiK TaOuraThl oJjeKaila Kypaenl eKeHIH KOpCeTTi.
Kazakcranaarsl pecMu KOPCETKIIITEPAIH TOMEH 1Yl — KyaHTapJIbIK KYObUIbIC, O1paK OHBIH acTapblH/Aa
CaKTaJbIll OThIpFaH mpobiieManap Oap. ¥imap MeH KbI3JapIblH KYKBIK Oy3yra Oapy cebenrtepi Oipaeit
emec: yiaapaa Oy kebiHece allblK arpeccusi, TONTHIK BIKIal MEH Toyekenre Oapyra OediMAUTIKIIeH
TYCIHIpiICe, KbI3AapAa QJIEYMETTIK KBICBIM, 3MOITMOHAIIBIK TYPAKCBI3IBIK JKOHE OTOACKHI iIIiHIET1
KEJICHCI13 )KaFJaiiap epeKiie pol OMHANIBI.

XaJpIKapanblK CaJbICTBIPYJIAp J1a MaHbI3bl oM cananpl. Kasakcran o3 aiimarbiHia Genriii 6ip
KETICTIKKE KETKeHIMEH, QJI€yMETTIK KOoJJIay *KyHeci KyaTThl eJIepMEH CalbICThIpFaHia ol e apTTa
KaJbll OThIp. byn Oi37iH anaplH any IIapajapblH i A€ JKeTUILIpYAl KakeT eTETiIHIH aHFapTajbl.
Ocipece MEKTell MeH OTOAChIHBIH pPOJiH KYLIeHTy, Oananapra ICHXOJOTHSJIBIK KOMEK KepCeTy,
CHOPTTBHIK >KOHE IIbIFApMAIIbUIBIK OaFjapiaMa apKbUIbl arpeccusiibl Oelrapan apHara OarbITTay
MIHJIETT1 OOJIBITI OTHIP.

3epTrey OapbichiHAa KomgaHbutrad Teopusuiap — Chesney-Lind-TiH ¢peMHHUCTIK KO3Kapachl,
Jessor-abplH  AEBHAHTTHIK MIHE3-KYJIBIK Typanbl TyciHIri skoHe Hirschi-niH oneymerrtik Oakbuiay
TYKBIPBIMIAMAachl — Ka3aKCTaHABIK JCPEKTEpPMEH >Kakchl yinecti. Omap Oi1311H KOFaMIaFsl
KacecmipiMaep KbIJIMBICBIHBIH KYpJieii (pakTopiaapblH TepeH TYCIHAIpYre MyMKIHAIK O6epi. ABTOPIIBIK
yJiec peTiHae ycbiHbUIFaH «['eHaepaik mpouIakTUKaIbIK HHTETPALUSIIBIK MOJIENb» OChI 3€pTTEYIiH
€H MaHBI3/Ibl HOTIDKENEpiHiH Oipi 0oibIn TaObUTagbl. bys Moaens yinapra apHajlfaH CHOPTTHIK JKOHE
KeIIOacIbUIBIK OaFaapiiaManap/ibl, KbI3JapFa MCUXOJIOTUSUIBIK KOJIJay MEH SMOUMSIIBIK TYPAKTBUIBIK
TPEHUHITEPiH, COH/Jal-aK MEKTEN IeH OTOAChl BIHTBIMAKTACTHIFBIH KYKBIK KOPFay OpTaHIapbIHBIH
MPOPUITAKTUKAIIBIK KbI3METIMEH O1pikTipyAl Ke3aeh 1. MyHaail MHTETpanusiIbIK TOCIT Ka3aKCTaH IbIK
Karjaira OefiMIeNTeH JKoHe XalbIKapallblK TOKipuOeie ChIHaIFaH Uaeslapra CYHeHTeH.

KopbITbIHBIIAN Kene, jkacecHipiMIep KbUIMBICHIHBIH a3al0bl — KOFaMIaFbl OH ©3repicTepiH
aifFarbl, anaiila OHBIH OJIEYMETTIK-TEHAEPJIIK epeKIIenikTepl Oi3/leH kaHa Ke3Kapac IMeH KeleH]i
HmIenriMaepai Tanan etefi. ¥ChIHBUIFAaH MOJeNb Oysl OarbITTa HakThl Oarmap Oepe amaabl. Erep on
MEMJICKETTIK casicaT TMeH OuriM Oepy KyheciHIe KOJNIaHbLICA, KACOCHIPIMACPAIH KYKBIKTHIK
MOJICHUETIH apTThIPHII, OJIAP/bIH dJIeyMETKe TaObICThI OefiMIeNTyiHe bIKIa eTel.
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Introduction

Natural disasters pose a perennial threat to human societies, with earthquakes among the most
devastating due to their sudden onset and capacity to inflict widespread destruction. Earthquakes can
result in catastrophic loss of life, severe infrastructure damage, and far-reaching economic
repercussions. Because they occur without substantial immediate warning, earthquakes remain a top
priority in both scientific research and disaster preparedness policy. For decades, seismologists and
geophysicists have pursued an elusive goal: the precise prediction of earthquake time, location, and
magnitude. Although perfect prediction may remain out of reach, enhanced forecasting capacities—
providing probabilistic assessments or estimates of likely earthquake parameters—can aid early-
warning systems, inform urban planning, improve building codes, and guide policy decisions on
resource deployment. From a theoretical perspective, understanding earthquake genesis involves
complex, multi-scale processes spanning from microscopic fracturing of rock to large-scale plate
tectonics. The Earth’s crust experiences continuous stress accumulation caused by plate motion along
fault lines. When this stress exceeds the mechanical strength of the fault, abrupt rupture occurs,
producing the seismic waves we observe as earthquakes. Key theoretical models in seismology have
addressed different facets of earthquake occurrence. For example, the Gutenberg—Richter law
(Gutenberg & Richter, 1944) describes a power-law relationship between the magnitude of
earthquakes and their frequency of occurrence, stating that smaller earthquakes happen exponentially
more often than large ones. Similarly, Omori’s Law (Omori, 1894) specifies how aftershocks decay in
frequency following a main shock, highlighting the temporal clustering frequently observed in seismic
data. While these empirical relationships offer essential insights and remain cornerstones of modern
seismic hazard assessment, they do not fully capture the intricate physics of fault rupture or the multi-
scale interactions of Earth’s lithosphere. Crustal heterogeneities, frictional properties, fluid flow within
fault zones, and slow-slip phenomena can all modulate the seismic cycle, complicating the quest for
precise forecasts. Moreover, the phenomenon of foreshocks—smaller seismic events that sometimes
precede a larger shock—remains only partially understood. In some regions, foreshock sequences can
serve as statistical indicators that the likelihood of a larger event is rising, yet many large earthquakes
strike without any meaningful foreshock activity at all. In recent decades, the growth of seismic
monitoring networks and the consolidation of publicly available databases have enabled unprecedented
collection of high-quality seismic data. Many networks now record not only the basic parameters of an
earthquake (latitude, longitude, depth, magnitude) but also waveforms at different stations, station gap
coverage, and other metadata such as wave polarization or local site effects. These expanded datasets
present extraordinary opportunities to mine for patterns that might aid in forecasting. Nevertheless,
traditional statistical methods—while proven for broad hazard quantification—can struggle with large,
high-dimensional datasets or with complex, non-linear dependencies in the data. This shortcoming has
led researchers to explore more sophisticated, data-centric approaches, including machine learning
(ML) and artificial intelligence (Al) methods. Machine Learning in Seismology. Machine learning
provides a powerful framework for identifying patterns in complex datasets without requiring a fully
specified physical model of the process under investigation. This makes it especially well-suited to
seismic forecasting, where the underlying processes are extremely complex and multi-scale. ML-based
techniques have gained traction in a variety of seismological tasks:
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1. Event Detection and Phase Picking: Convolutional Neural Networks (CNNs) and Recurrent
Neural Networks (RNNs) have been shown to detect seismic events with greater sensitivity than
standard threshold-based methods, such as STA/LTA, and to pick arrival times (e.g., P- and S-waves)
more accurately (Zhu & Beroza, 2019).

2. Classification: Some frameworks focus on classifying seismic waveforms to distinguish natural
tectonic earthquakes from anthropogenic seismic activities such as quarry blasts or hydraulic fracturing
events, often leveraging frequency-domain features (Park et al., 2007).

3. Magnitude Estimation and Forecasting: Supervised regression-based methods, including
ensemble learning and deep learning models, have been applied to infer an earthquake’s magnitude
from pre-existing or concurrent signals, or to approximate the expected magnitude in a region given
historical patterns and geophysical data.

4. Clustering and Anomaly Detection: Unsupervised methods (e.g., K-Means, DBSCAN) have
served to cluster events by their depth, frequency content, or aftershock sequences, revealing
underlying structures in the earthquake catalogue that may help identify high-risk zones.

Despite these advances, forecasting remains fundamentally challenging. Even if machine learning
can model previously unseen data well, the non-stationary nature of seismic processes—where stress
states can fluctuate under evolving tectonic conditions—introduces considerable uncertainty. Models
built on historical data risk encountering new phenomena not captured by -earlier records.
Consequently, while machine learning offers an exciting avenue for improving accuracy, it cannot
obviate the need for continuous calibration and integration of domain knowledge (e.g., local fault
geometry, geodesy data, fluid injection logs). California is one of the most seismically active regions
in North America, situated along the boundary of the Pacific and North American tectonic plates. The
San Andreas Fault system, extending approximately 1,300 kilometers, is the primary driver of the
state’s significant seismic risk. This system includes multiple segments—some creeping at shallow
depths and others locked, storing elastic strain until a large rupture occurs. Historical major
earthquakes (e.g., the 1906 San Francisco earthquake, the 1989 Loma Prieta earthquake, and the 1994
Northridge earthquake) illustrate the potential for catastrophic impacts in highly populated regions.
Consequently, California maintains dense seismic networks and has amassed a particularly robust
catalog of earthquakes with magnitude >3.0. This database includes comprehensive information about
each event’s time, epicenter, focal depth, magnitude, and various metadata such as the number of
stations that recorded the event. Given the richness of these records and the urgent need for more
precise earthquake forecasting, California’s seismic catalog represents an ideal testbed for machine
learning experiments. It provides sufficient data for training and validation, covering a wide range of
magnitudes and spatiotemporal distributions. Additionally, it captures the variability of tectonic
regimes—coastal faults, inland faults, sub-basin structures—and anthropogenic influences (e.qg.,
geothermal or hydraulic fracturing activities in certain areas).Building upon these foundations, the aim
of this study is to evaluate four machine learning algorithms for their capacity to predict or classify
earthquakes by magnitude and to determine their potential utility in seismic risk assessment.
Specifically:

1. Compare predictive performance of Linear Regression, Support Vector Machines (SVM),
Naive Bayes, and Random Forest models in estimating magnitude from features such as depth,
latitude, longitude, and station count.

2. Assess classification accuracy using Naive Bayes, by discretizing magnitudes into distinct bins
to represent different hazard levels or intensity ranges.

3. Elucidate model interpretability and feature relevance: Identify which input variables most
significantly drive magnitude predictions in each model and whether domain-relevant features (e.g.,
depth) are weighted accordingly.

4. Discuss computational feasibility for real-time or near-real-time applications, particularly for
potential integration into early-warning systems.

We deliberately selected four commonly used algorithms that represent diverse methodological
and theoretical foundations:

« Linear Regression: A baseline approach that assumes a linear relationship among features and
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earthquake magnitude. Although simplistic, it provides a reference for more sophisticated models.

« Support Vector Machines: Allows for non-linear decision boundaries via kernel methods.
Popular for high-dimensional data, though tuning hyperparameters (C, kernel parameters, etc.) can be
labor-intensive.

e Naive Bayes: A probabilistic model using Bayes’ theorem with the assumption of conditional
independence among predictors. Especially suitable for classification tasks, it is computationally
efficient and robust to high-dimensional data.

« Random Forest: An ensemble method that builds multiple decision trees and combines their
outputs, typically excelling in capturing non-linear relationships without requiring extensive feature
engineering. It also provides feature-importance metrics, aiding interpretability.

Assessing the performance of these methods in a challenging, real-world dataset is integral to
advancing data-driven seismic forecasting. Even partial improvements in predicting or characterizing
an earthquake’s magnitude can have substantial societal implications. More timely and accurate hazard
information helps city planners improve infrastructure resilience, guides insurers in modeling and
underwriting seismic risk, and shapes public policy regarding land use in earthquake-prone zones. In
an immediate sense, robust magnitude predictions can feed into early-warning systems, offering
seconds to tens of seconds of lead time that can help mitigate casualties by slowing trains, halting
sensitive industrial processes, or triggering emergency communication protocols. Nonetheless,
limitations persist. Machine learning models trained on historical data cannot directly predict precisely
when or where the next major rupture will occur. Instead, they provide an evidence-based probability
or an estimate based on patterns present in the data. Because earthquake physics remain incompletely
understood and strongly non-linear, no method—data-driven or otherwise—can guarantee definitive
predictions. However, integrating machine learning models with established geophysical
understanding and real-time observations (e.g., GPS-based crustal strain measurements, microseismic
activities) can sharpen forecasting horizons. By thoroughly examining these machine learning models
within an established seismic dataset, this study contributes to ongoing efforts to bolster predictive
capabilities and risk assessments in geophysics. Our results may help inform not only the operational
strategies of seismic monitoring organizations but also encourage interdisciplinary collaborations that
integrate domain-driven insights with powerful computational tools.

Literature Review

Earthquake prediction has long been recognized as one of the most challenging tasks in
geophysics, owing to the complex and often chaotic nature of fault rupture processes. Traditional
scientific inquiry into seismic activity has revolved around empirical observations of earthquake
frequency, size, and temporal clustering, which formed the foundation for canonical laws such as
Gutenberg—Richter’s frequency—magnitude relationship. These early statistical models have paved the
way for more nuanced approaches, including the use of advanced time-series analysis, probabilistic
modeling, and more recently, data-driven algorithms employing machine learning. Although
incremental progress has been made, no single predictive framework has succeeded in furnishing
entirely reliable and precise forecasts, largely because seismicity arises from multi-scale interactions in
the Earth’s crust, where heterogeneities in material properties, fluid pressures, and fault geometries
significantly complicate matters. Efforts to quantify and forecast earthquake phenomena often begin
by referencing the Gutenberg—Richter law, which establishes that earthquake frequency decays
exponentially with increasing magnitude. While this statistical relationship holds considerable utility in
hazard assessments—illustrating how smaller, more frequent earthquakes dominate a region’s
seismicity—it does not directly explain why certain faults nucleate large ruptures or precisely when
those major events may be expected. As a result, numerous attempts to refine forecasting capabilities
have sought to incorporate additional constraints, such as temporal clustering (exemplified by Omori’s
Law of aftershock decay) or geophysical signatures that might herald a future rupture. Even so, these
efforts historically relied on relatively limited data and largely linear or semi-linear models of
correlation, which constrained their capacity to capture the underlying complexity of tectonic
processes. Over the last two decades, the proliferation of seismic stations and improved digital
recording technologies have vyielded high-volume datasets, providing researchers with more
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comprehensive records of seismic events. This shift has coincided with the rise of data-driven methods
that eschew the need for fully specified physical models in favor of algorithms that learn directly from
empirical patterns. Machine learning approaches leverage a broad spectrum of mathematical
foundations, from linear regression to neural networks, each aiming to detect subtle features in
earthquake catalogs. In the most basic cases, regression-based methods use easily extracted
parameters—such as depth, epicentral coordinates, and the number of stations—to generate predictions
of magnitude. Although linear regression provides an accessible baseline, it implicitly assumes that the
effect of each predictor is additive and that these relationships remain constant over the entire range of
data. Given the strong possibility of non-linear dependencies in seismic processes, more sophisticated
methods have been developed.One class of approaches has been classification-based, dividing seismic
events into categories (for instance, low, moderate, or high magnitude) or distinguishing earthquake
signals from other sources of seismic noise. Such classification tasks often employ probabilistic
models such as Naive Bayes, which uses Bayes’ theorem while assuming conditional independence
among input variables. Despite its seemingly simplistic assumptions, Naive Bayes has proven valuable
in seismology: it is computationally efficient, comparatively robust to missing data, and capable of
yielding high accuracy when events cluster into well-defined classes. Still, the independence
assumption can lead to errors in scenarios where features—such as hypocentral depth and local crustal
velocity structure—are strongly correlated, thereby limiting the model’s interpretive power. Another
method widely studied in seismology is the Support Vector Machine (SVM). It was originally
developed within the framework of statistical learning theory and excels in separating data in high-
dimensional feature spaces, especially when paired with kernel functions tailored to non-linear
patterns. For earthquake magnitude prediction or classification, SVMs offer a clear advantage over
purely linear methods by adapting to more complex decision boundaries. Nonetheless, there are
practical issues related to parameter tuning, large-scale computation, and the sensitivity of SVM
performance to the kernel selection. When the seismic dataset is extremely large, with thousands or
tens of thousands of earthquake records, SVMs can become computationally intensive. This burden
can be mitigated but not entirely eliminated by modern high-performance computing infrastructures or
by employing algorithms specifically designed for large-scale optimization.Random Forest, an
ensemble method, has gained prominence in a variety of scientific fields, including seismology,
primarily for its strong predictive performance and relative ease of use. By building multiple decision
trees on randomized subsets of the data and features, Random Forest captures a variety of localized
patterns in the dataset and effectively reduces overfitting through the averaging or voting process. In
the context of seismic forecasting, Random Forest models can accommodate non-linearities,
interactions between variables, and a wide array of predictor types. When applied to earthquake
catalogs, they can also provide an intuitive measure of feature importance, illuminating which
factors—such as depth, latitude, or station coverage—are most influential for seismic prediction tasks.
This aspect can be particularly valuable when designing or refining seismic networks, as it helps
highlight the parameters that deserve more precise measurement. However, its ensemble nature makes
it less straightforward to interpret than simpler models, and extensive hyperparameter tuning (for
example, number of trees or maximum tree depth) may be required to find an optimal balance between
performance and computational demand. These machine learning methods all rely fundamentally on
the quality of the underlying seismic data. Unlike perfectly curated laboratory experiments, real-world
earthquake catalogs can contain missing entries for critical fields, such as event depth or station
residuals. They may also exhibit systematic biases or inconsistencies in detection thresholds over time,
especially if additional stations are deployed or instrument sensitivities evolve. Such issues complicate
the training process and necessitate careful data cleaning procedures, including the imputation of
missing values, outlier detection, and normalization or scaling of features. Regardless of how advanced
the algorithms are, flawed or incomplete data can seriously degrade predictive performance. Moreover,
due to the intrinsic complexity of fault systems, even a well-trained model may prove unreliable when
extrapolating to regimes that are poorly represented in the historical catalog. This underscores a key
limitation of any data-driven approach: extrapolation beyond the range of available data can be
perilous if underlying geophysical conditions shift in ways not observed previously. In addition to data
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quality, many machine learning algorithms assume stationarity or at least rely on the premise that the
patterns found in past data will remain valid going forward. Earthquake processes, however, can be
highly non-stationary. Changes in local stress fields, fluid injection patterns, or aseismic slip on deeper
fault segments can all alter the system’s behavior. If these changes are not captured in the training set,
the model may systematically underestimate or misjudge the probability of major events. A related
issue concerns the substantial class imbalance that arises when attempting to predict large, infrequent
earthquakes: the vast majority of events in a catalog are small, which can cause models to skew
predictions toward lower magnitudes unless rebalanced through algorithmic techniques like
oversampling, undersampling, or synthetic event generation. Despite these limitations, the integration
of machine learning in earthquake studies has facilitated new avenues of research, including near-real-
time magnitude estimation. Modern stations routinely transmit waveforms to central repositories, and
machine learning models can rapidly compute a preliminary magnitude, informing early-warning
alerts. This capacity can prove life-saving if it grants local authorities even a small time window—on
the order of seconds to a minute—to carry out automated protective measures. Researchers have
further explored the possibility of combining data-driven models with physical constraints. For
instance, machine learning outputs might be used to initialize or constrain physics-based simulations of
wave propagation, bridging purely empirical methodologies with mechanistic understanding of rupture
processes. In light of these developments, the need to compare different algorithms on a single,
coherent dataset arises naturally. Many studies have concentrated on specific methods, focusing on
neural networks, SVM, or random forests in isolation, which complicates direct comparisons among
techniques. Additionally, the choice of performance metrics—whether evaluating mean squared error
or classification accuracy—has a direct influence on the perceived effectiveness of each model. For
tasks centered on magnitude regression, traditional metrics like R-squared measure how much variance
is explained, while mean absolute error addresses the magnitude of typical model deviations. For
classification approaches, confusion matrices, precision, recall, and the F1-score offer a more detailed
picture of misclassification costs, potentially highlighting if a model’s mistakes cluster
disproportionately among large earthquakes. The comparative analysis of Linear Regression, SVM,
Naive Bayes, and Random Forest addresses these gaps in the literature by examining how each fares in
a uniform experimental setup. By imposing identical preprocessing, feature selection, and evaluation
protocols on all four models, the study reveals not only which algorithm scores best overall but also
which is most sensitive to hyperparameter choices or data deficiencies. Although machine learning
alone cannot fully solve the formidable problem of earthquake prediction—given the many unknowns
in the underlying geophysical processes—it clearly represents a powerful tool for extracting patterns
from the growing volumes of seismic data. Through rigorous empirical comparisons, researchers can
refine their understanding of when and why certain methods succeed and draw closer to a future in
which predictive accuracy is sufficiently high to materially benefit hazard mitigation efforts.

Dataset Description

The SOCR Earthquake Dataset analyzed in this study comprises detailed records of earthquakes
with magnitudes of 3.0 or higher, all occurring between January 2, 2017, and December 31, 2019, in
California, United States. Altogether, this selection encompasses 37,706 seismic events, making it a
robust dataset that captures a range of magnitudes and focal depths within an active tectonic region.
Each seismic event is accompanied by a precise date and time in Coordinated Universal Time (UTC),
ensuring that temporal analyses—such as the examination of aftershock sequences or potential
foreshocks—can be performed accurately. Spatial information is presented through latitude and
longitude coordinates that pinpoint the epicenter, along with a focal depth measured in kilometers
beneath the Earth’s surface. Magnitudes are reported on the Richter or closely related scales, which
use logarithmic measures of wave amplitude to approximate the energy released by an earthquake.
Beyond these core attributes, the dataset includes additional fields crucial for understanding the quality
and context of each seismic measurement. The Source (SRC) designation indicates the specific
monitoring network or station group responsible for detecting and cataloging the event. Data on the
number of stations (nst) involved provides insight into the reliability of the reported event parameters,
given that a larger station count often reduces location uncertainties. Variables such as the distance to
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the closest station (close) and the azimuthal gap (gap) likewise reflect the geometry and coverage of
the monitoring array, shedding light on the spatial resolution of the recorded earthquakes. Finally, the
root-mean-squared residual (rms) quantifies the level of discrepancy between observed seismic data
and the best-fit solution, serving as an indicator of the solution’s overall accuracy. Publicly available
and widely employed as a benchmark, this dataset has facilitated numerous explorations of seismic
behavior and machine learning innovation. Its extensive range of attributes makes it particularly
conducive to predictive modeling tasks, offering the opportunity to study how various geophysical
factors—alone or in combination—might correlate with earthquake magnitude and other outcome
variables of interest.

Research Objectives

The primary aim of this study is to investigate how various machine learning algorithms can
improve the reliability and accuracy of earthquake forecasting in a real-world setting, particularly
focusing on data collected from the seismically active region of California. Central to this effort is the
task of magnitude prediction, whereby regression-based models such as Linear Regression, Support
Vector Machines (SVM), and Random Forest are trained to estimate the size of an impending seismic
event from basic attributes like its location, focal depth, and associated station metrics. By examining
these attributes and comparing the predicted outcomes with actual magnitudes, the study seeks to
determine which algorithms are best suited to capture the often non-linear and multi-dimensional
relationships that characterize seismic processes. A second, closely related objective lies in the
classification of earthquake events. Rather than predicting a precise numerical magnitude,
classification models aim to separate earthquakes into discrete bins—ranging, for example, from low
to moderate to high magnitude—based on features such as latitude, longitude, depth, or station density.
Here, Naive Bayes and other classification algorithms are tested to evaluate whether probabilistic
assumptions and relatively simple mathematical structures can effectively distinguish the different
intensity classes of seismic events. Such classification capabilities could offer a more tractable
framework for rapid risk assessments, potentially alerting authorities and local communities to the
likelihood of higher-magnitude events in real-time scenarios. The third objective addresses model
comparison, bringing the individual strengths and weaknesses of different algorithms into sharp relief.
By measuring predictive performance through metrics such as mean squared error (MSE), R-squared
(R?), accuracy scores, and confusion matrices, the study systematically characterizes each model’s
behavior across diverse seismic contexts. These metrics not only quantify how well each approach
approximates or classifies earthquake magnitudes but also shed light on issues like overfitting,
underfitting, and sensitivity to noisy data. In doing so, the comparison offers a nuanced understanding
of where one model may excel—such as in capturing non-linear complexities or handling unbalanced
datasets—and where another might prove more interpretable or computationally efficient. Lastly, the
study aims to investigate the implementation feasibility of these machine learning models within an
operational seismic monitoring framework. In many real-world applications, seismic networks
generate large streams of data in near-real-time, requiring predictive models to be both rapid in
producing results and transparent enough to be trusted by emergency managers. By discussing
computational overhead, interpretability, and potential integration points with existing early-warning
systems, the research underscores the practical implications of choosing one algorithm over another.
Such considerations are critical for maximizing the societal benefits of any advances in seismic
forecasting, ensuring that model outputs can be swiftly converted into actionable alerts, infrastructural
safeguards, and disaster-response initiatives.

Methodology

This section constitutes the core of our investigation, detailing the processes involved in data
preparation, exploratory analysis, model development, performance evaluation, and the overarching
rationale behind these steps. By integrating theoretical concepts with practical techniques, we build a
comprehensive framework for predicting earthquake magnitudes and classifying events in seismically
active regions such as California. Although the individual procedures are introduced discretely, they
collectively form a unified pipeline that transforms raw data into interpretable predictions, allowing us
to benchmark the performance of multiple machine learning algorithms. This discussion is
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intentionally extensive and academic, aiming to highlight the nuances of each step while identifying
ways in which the research can be augmented or adapted for different contexts. Throughout this
section, we will reference figures and screenshots, which can be inserted at appropriate junctures to
illustrate various stages of the methodology. The initial phase of our work involved data preprocessing,
a critical step that ensures the reliability and consistency of the input data. Because the SOCR
Earthquake Dataset comprises 37,706 events recorded in California from January 2, 2017, through
December 31, 2019, we had to account for missing values and outlier records. Specifically, we
identified events with null or incomplete fields for time, magnitude, or depth. Records lacking these
essential attributes were removed, as imputation would run the risk of distorting critical
relationships—particularly in a domain where an incorrect magnitude or depth might significantly
affect subsequent modeling. However, for certain non-critical fields, such as the number of stations
(nst), we carried out mean or median imputation if a coherent relationship existed between that
attribute and more robust parameters (e.g., latitude, magnitude). This step was performed carefully to
preserve the natural variance of the dataset without artificially inflating or reducing the distribution of
recorded values. Once the dataset was cleansed of spurious or incomplete points, we focused on
feature selection. The underlying premise was that although the dataset includes numerous columns—
ranging from azimuthal gap (gap) to root-mean-squared residual (rms)—not all of these variables
contribute meaningfully to magnitude prediction under conventional modeling assumptions.
Exploratory correlation analyses guided us in narrowing the predictive features to latitude, longitude,
depth, and number of stations, as these demonstrated at least some linear or mild non-linear
associations with magnitude. For instance, we observed that deeper earthquakes showed moderate
correlations with magnitude, whereas large azimuthal gaps or high rms values did not systematically
correlate with higher or lower magnitudes in our preliminary tests. In principle, additional variables
could be beneficial if introduced into more advanced or domain-specific models. However, we elected
to keep the feature set relatively lean to highlight how well each machine learning model could exploit
the most directly interpretable predictors. Following feature selection, we introduced scaling to
normalize or standardize the selected attributes. Specifically, we employed z-score normalization
(subtracting the mean and dividing by the standard deviation) for depth, latitude, longitude, and station
count. This transformation ensures that each feature contributes comparably to the training process,
preventing models such as Support Vector Machines or Random Forest from being disproportionately
influenced by features whose raw numeric scales might inherently be larger. Figure placeholders,
which can be inserted here, could include a histogram or box plot that shows the distribution of these
attributes both before and after scaling. Such visuals help underscore how normalization re-centers and
rescales the variables, making them more amenable to certain gradient-based or distance-based
learning algorithms. With data preprocessing complete, the next major component was exploratory
data analysis (EDA). The purpose of EDA is twofold: first, to uncover any underlying trends or
patterns in the dataset that might inform subsequent modeling decisions, and second, to validate our
assumptions about data quality, completeness, and representativeness. One crucial step involved
creating geospatial maps that plot earthquake epicenters across California. By color-coding or sizing
points according to magnitude, we could visually inspect clusters of higher seismic activity—often
aligned with major fault lines such as the San Andreas Fault—and consider how these localized
features might influence model performance. Additional EDA tasks included plotting the distribution
of magnitudes, revealing a skew towards lower events in the 3.0 to 4.0 range. This skew is common in
seismic catalogs, given the relative rarity of large earthquakes. We also examined scatter plots of depth
versus magnitude, identifying mild correlations indicating that deeper events tended to display
moderate magnitudes, while the most frequent events were shallow. Screenshots or figures illustrating
these maps and scatter plots can be placed at this juncture. For instance, a screenshot of a geospatial
distribution in a tool such as Tableau or a Python-based GIS library would vividly communicate how
events are spatially clustered, while a separate figure capturing histograms of magnitude would
confirm that the dataset is dominated by small to moderate earthquakes. Having established a better
understanding of the data’s overall structure, we proceeded to machine learning model training. Four
primary algorithms—L.inear Regression, Support Vector Machines (SVM), Naive Bayes, and Random
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Forest—were implemented to illustrate how different theoretical constructs can be leveraged for
earthquake magnitude estimation (or classification, in the case of Naive Bayes). Each model entails
distinct strengths, limitations, and computational requirements, making it an instructive exercise to run
them on the same dataset under consistent preprocessing and feature-engineering protocols. A single,
uniform train-test split (commonly around 70-80% for training and 20-30% for testing) or cross-
validation strategy was employed, ensuring that each model faced an identical predictive challenge.
Linear Regression served as the conceptual baseline in our pipeline. The assumption behind linear
regression is that there exists a linear combination of features—Ilatitude, longitude, depth, and station
count—that best explains the variance in earthquake magnitude. With the ordinary least squares
estimator, we sought to minimize the sum of squared residuals, deriving coefficients that reflect how
each unit shift in a predictor correlates with a shift in magnitude. Because linear regression is both
transparent and computationally inexpensive, it functions as a solid reference point. One can easily
interpret the resulting coefficients to see which features matter most. For example, a negative
coefficient for latitude might suggest that moving north correlates with a slight decrease in magnitude,
while a positive coefficient for depth might indicate that deeper quakes exhibit somewhat higher
magnitudes. The results from linear regression, however, often yield moderate explanatory power in
seismological applications, given the non-linear processes at play beneath the Earth’s surface.
Nonetheless, the approach remains beneficial for interpretability. A suitable screenshot here could
show a partial regression plot (similar to Figure 5 in earlier sections) generated by Python libraries
such as Seaborn, highlighting how the regression line tries to fit data points relating to magnitude
versus depth. In parallel, we experimented with Support Vector Machines (SVM) for magnitude
estimation. Unlike linear regression, SVM can accommodate more complicated relationships by
employing kernel transformations. For regression tasks, the e-SVR variant attempts to find a function
f(x) that stays within an e-tube of the observed data points while keeping the model as flat as possible.
The radial basis function (RBF) kernel, for instance, helps the model capture interactions among
latitude, longitude, depth, and station counts that are not strictly linear. Such flexibility can be
advantageous when seismic processes follow complicated fault geometries or stress distributions.
However, SVM requires careful hyperparameter tuning—particularly for C (the regularization
parameter), ¢ (the width of the g-insensitive zone), and kernel-specific parameters (e.g., gamma in the
RBF kernel). Suboptimal choices can degrade performance or lead to overfitting, especially with a
large dataset of over 37,000 events. Early experiments indicated that SVM performance was sensitive
to outliers, as a few extremely large or small events might skew the decision boundary. Including a
screenshot illustrating how data points are mapped in a high-dimensional feature space (akin to Figure
6) or how the SVM regression line compares to actual magnitude observations can offer a clearer
understanding of these complexities.

While Linear Regression and SVM focus on direct magnitude prediction, Naive Bayes was
enlisted in a classification role. We discretized the magnitude range into bins, grouping events into
categories—for example, low magnitude (3.0-3.5), moderate magnitude (3.6-4.5), and higher
magnitude (4.6+). Naive Bayes applies a probabilistic approach grounded in Bayes’ theorem, under
which each feature (latitude, longitude, station count) is assumed to be conditionally independent
given a particular class. Although this assumption is rarely completely true in real-world seismic data,
it often proves robust enough to yield surprisingly strong classification accuracy. This method is
especially beneficial for large-scale datasets, as it computes posterior probabilities analytically,
circumventing the iterative optimization that might be required by more complex algorithms. In
practice, we split the dataset into training and test subsets, trained the Naive Bayes model on the
training partition, and then evaluated classification outcomes (precision, recall, F1-score) on the held-
out portion. Since the magnitude distribution is skewed, many of the events fell into the low-to-
moderate bins, a fact that can inflate overall accuracy unless carefully controlled by metrics that
emphasize minority classes. Visualization placeholders here might include a confusion matrix (see
possible references in earlier sections) that can be inserted to reveal how well the model distinguishes
different magnitude bins or how frequently it confuses medium-magnitude events with slightly higher
or lower classes. Lastly, we integrated Random Forest for regression, exploring its potential to handle
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interactions and non-linearities by aggregating the predictions of multiple decision trees. Each tree is
trained on a bootstrap sample of the original dataset, while only a random subset of features is
considered at each split. This design ensures that the ensemble captures diverse perspectives,
mitigating overfitting relative to a single, large decision tree. In seismic forecasting, the variety of
patterns captured by individual trees often proves advantageous, as the Earth’s crust can exhibit varied
local dynamics from one region to another. Our cross-validation procedure identified an optimal
number of trees and a maximum tree depth that balanced accurate predictions against computational
overhead. Random Forest also facilitated a measure of feature importance, revealing which inputs
were more predictive of magnitude. Typically, depth emerged as an influential predictor, whereas
station count also featured prominently. These insights are valuable for sensor network optimization
and hazard modeling. Placing a screenshot of the resulting feature importance bar chart (like Figure 8)
or a partial dependence plot showing how predicted magnitude shifts with variations in depth or station
count would add clarity to these points. We then assessed all models comprehensively via a range of
performance metrics. For regression tasks—Linear Regression, SVM, and Random Forest—metrics
included mean squared error (MSE) and R-squared (R?), which measure how closely model
predictions match actual magnitudes and how much variance in the data is explained. Despite being
standard, these metrics only partially capture the domain-specific consequences of predictive errors. In
an operational context, misestimating a high-magnitude event has much more severe implications than
misestimating a low-magnitude one by the same margin. As such, follow-up studies might incorporate
domain-weighted error measures or cost functions that penalize large underestimations more heavily.
In our comparative analyses, Random Forest tended to exhibit the lowest MSE and highest R?
suggesting that its ensemble approach is well suited to the complexity of the data. Linear Regression,
while straightforward and interpretable, usually explained a smaller fraction of the variance in
magnitudes. SVM’s performance varied with kernel choice, and in certain parameter settings, it
underperformed compared to Random Forest due to outlier sensitivity and high computational cost.
Meanwhile, Naive Bayes was judged by its classification accuracy, confusion matrix, and standard
metrics like precision, recall, and F1-score. It achieved commendably high accuracy in categorizing
magnitudes into bins, often exceeding 98% in some experiments. However, it occasionally confused
moderate and high-magnitude classes, reflecting the slight overlap in the training data around
boundary thresholds. An essential component of this main part was to ensure model comparison under
consistent conditions and to document how each algorithm might integrate into real-time early-
warning systems. Magnitude prediction in near-real-time demands computational efficiency and the
capacity to update continuously as new seismic data streams in. Linear Regression is well suited for
such updates because its training is relatively fast; however, the model’s predictive power may be
constrained by its linear assumption. Random Forest, though typically more accurate, can be slower to
retrain, especially with a large dataset. Nevertheless, one can partially circumvent this by employing
incremental learning techniques or by limiting the frequency of model retraining to intervals that align
with the rate of data accumulation and the stability of the underlying seismic regime. SVM can present
higher computational requirements, especially when the dataset is large, while Naive Bayes is
extremely efficient to train and run, which makes it tempting for classification-based hazard warnings
that do not require precise magnitude estimates but do require a broad categorization of risk levels.
Because interpretability is often paramount for scientific acceptance and for public communication
during crises, we also considered the extent to which each model’s predictions could be explained to
stakeholders. Linear Regression is easy to interpret through its coefficients, although it may overlook
complex relationships. Random Forest offers feature importance metrics, clarifying which variables
drive magnitude predictions, but the underlying decision trees may remain too numerous for direct
inspection. SVM typically lacks an intuitive explanation for how input features are transformed by a
chosen kernel. Naive Bayes provides explicit posterior probabilities but can obscure the influences of
correlated features. One can include screenshots of user-friendly interfaces that showcase these
interpretability measures—a figure of a feature importance chart from Random Forest, for example, or
a table summarizing the posterior probability distributions from Naive Bayes. Throughout this multi-
model investigation, we encountered certain limitations. First, the fundamental assumption that only a
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few features—depth, latitude, longitude, station count—can capture earthquake magnitude might be
too constrained. Realistically, tectonic and geologic factors, such as local crustal composition, tectonic
loading rates, or known fault segments, may play a crucial role. More robust models might incorporate
geophysical datasets like topographic elevation, slip rates, or historical stress accumulation data.
Second, the dataset’s focus on events of magnitude 3.0 or higher excludes smaller earthquakes, which
might still contain relevant precursory signals or patterns. Consequently, our models could miss
important transitions from microseismicity to moderate or large earthquakes. Third, the non-stationary
nature of seismic systems may invalidate the assumption that training data is representative of future
conditions. We partially addressed this concern by adopting cross-validation and retaining robust
training sets, but a more exhaustive approach might involve time-based splits or physics-informed
incremental learning to adapt as new events occur. Finally, although the bulk of our experiments
addressed magnitude prediction and classification, further expansions could target spatiotemporal
forecasting, i.e., predicting not just how large an earthquake may be but also where and when it is
likely to strike. Such multi-dimensional forecasting would require more elaborate models, possibly
combining machine learning with physics-based rupture simulations. In summary, this main part
underscores how we combined data cleaning, feature engineering, exploratory analyses, and multiple
learning algorithms to assess earthquake prediction capabilities within a well-known dataset. The
approach was intentionally structured to reveal the relative advantages and drawbacks of each
method—Ilinear regression’s simplicity and transparency, SVM’s powerful yet computationally
intensive non-linear boundary fitting, Naive Bayes’s efficiency for classification tasks, and Random
Forest’s ensemble-based capacity to handle complex interactions among features. Intermediate and
final outputs—ranging from partial regression plots, confusion matrices, to feature importance
charts—can be illustrated using screenshots at logical milestones in the pipeline, thus affording a
clearer perspective on how each step contributes to improved predictive performance.Overall, these
efforts highlight that no single model conclusively dominates in every aspect of seismic forecasting.
Practical considerations—real-time computational constraints, interpretability requirements, the
presence of outliers—can all guide which algorithm is most appropriate. Nevertheless, the results
strongly indicate that ensemble methods like Random Forest often perform well on data containing
moderate non-linearities and multiple relevant predictive features, and that even comparatively simple
methods such as Naive Bayes can excel at classification if the data is sufficiently large and well-
structured. This knowledge can inform both immediate applications, such as basic early-warning
systems for moderate earthquakes, and future research directions, including deep-learning-based
modeling of seismic waveforms, the addition of physically meaningful geospatial attributes, and the
adaptation of machine learning frameworks to incorporate physics-based constraints, thereby bridging
empirical algorithms and theoretical geoscience.

Model results

The results presented in this section span a range of analytical perspectives on the performance
of four machine learning models—Linear Regression, Support Vector Machine, Naive Bayes, and
Random Forest—applied to the task of earthquake magnitude estimation or classification using the
SOCR Earthquake Dataset. These results incorporate observations about accuracy, interpretability,
computational feasibility, and methodological limitations. By systematically exploring the successes
and deficiencies of each model, it is possible to situate their respective contributions within the broader
context of data-driven seismological forecasting. The following discussion is framed around the
guantitative metrics and regression or classification outputs obtained after training and validation on a
curated subset of the data. Particular emphasis is placed on the inherent complexities of fault
mechanics and the geophysical variability across California. In multiple instances, the relative
strengths of ensemble approaches become apparent, even as simpler techniques like linear regression
or Naive Bayes display certain advantages of interpretability or computational speed. All numerical
experiments were conducted under controlled conditions, ensuring that each model had access to the
same training and testing splits, the same feature transformations, and the same hyperparameter search
space where relevant. After data preprocessing, the main features used in modeling included latitude,
longitude, depth, and station count, though models such as Random Forest also derived benefit from
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the natural interactions among these attributes. In evaluating our results, we employed common
performance measures (mean squared error, R-squared, classification accuracy) alongside more
domain-specific considerations, including the distribution of residuals across the range of magnitudes
and the extent to which minor or moderate events overshadow large but infrequent earthquakes.
Observing how each model handles these challenges in the same data environment underscores the
significance of ensemble variance reduction, kernel-based flexibility, probabilistic assumptions, or
basic linear correlations, depending on the algorithm in question. When we begin with the linear
regression experiments, the model attempts to align a hyperplane in feature space that best fits the
observed magnitudes, minimizing the sum of squared errors. Despite its accessibility and mathematical
clarity, linear regression struggles to capture the non-linearity that underpins many seismological
processes. The moderate or low R-squared value observed in these experiments suggests that merely
combining latitude, longitude, depth, and station count in a simple linear manner explains only a
fraction of the variance in observed magnitudes. There is little doubt that additional domain-based
variables—such as local fault mechanics, geologic structures, or real-time wave amplitudes—would be
necessary for a linear approach to approach robust predictive power. Nonetheless, linear regression
remains an important baseline, particularly in real-time contexts where interpretability might take
precedence over peak accuracy. The uniform distribution of residuals around certain magnitude bins
further highlights that the model systematically misestimates certain events, often those that deviate
from the typical or average patterns prevalent in the training set. Shifting to the support vector machine
framework, one immediately notices theoretical advantages in how SVM can incorporate kernel
methods to identify more complex relationships. In principle, a properly tuned radial basis function
kernel might capture the interplay of depth and location in a richer way than a linear function would.
However, the results illustrate that this promise does not always translate into immediate gains if the
available features are insufficient or if outliers heavily influence the support vectors. Indeed, attempts
to adjust regularization parameters or the epsilon margin in e-SVR frequently failed to substantially
improve performance in magnitude estimation. The negative R-squared values recorded in some runs
testify to a mismatch between the chosen kernel transformations and the underlying data, as well as a
certain sensitivity to hyperparameter settings that might not generalize well across the wide variety of
seismic occurrences in California. Further expansions in feature engineering, or the addition of time-
series wave attributes, might help SVM capture more subtle facets of seismic onset and fault geometry.
As it stands, results confirm that even advanced kernel methods can flounder if the input domain is
insufficiently expressive or if local data anomalies dominate the regression boundaries. Naive Bayes,
meanwhile, is not employed for magnitude regression but instead for class-based categorization of
earthquakes into low, moderate, and high. Here, the emphasis is on whether a new event, given its
latitude, longitude, depth, and station count, can be binned effectively. The results confirm that Naive
Bayes can achieve impressive overall accuracy, thanks in large part to the dominance of lower-
magnitude events in the dataset. Nearly all small quakes are classified correctly, producing a
superficially high accuracy figure. A deeper analysis clarifies that misclassifications do occur in the
moderate and high bins, reflecting that, while the naive independence assumption can handle broad
distribution differences among features, it does not always discriminate well at boundary conditions,
particularly in real-time or operational use where boundary misclassifications might produce
undesirable outcomes. Nevertheless, the simplicity and speed of Naive Bayes, coupled with its ability
to yield robust results in highly skewed class distributions, make it a powerful tool for initial hazard
categorization or triage. In a large-scale production environment, a classification approach of this sort
could form the basis of an immediate, coarse-level earthquake alert system that directs more detailed
analysis toward those events flagged as moderate or high. Among the four tested algorithms, Random
Forest emerges as the most potent in the continuous regression setting. By assembling multiple
decision trees that each vote or average their predictions, the Random Forest manages to reduce
variance while capturing non-linear relationships. This advantage is particularly evident when
examining improvements in mean squared error over linear regression and SVM. Even if one of the
trees fits a subset of the data that includes unusual focal depths or unusual station counts, the ensemble
ensures that extreme misestimations are tempered by the rest of the forest, maintaining an overall
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robust prediction mechanism. The modest but meaningful R-squared improvement points to the
synergy between ensemble variance reduction and a data environment that includes partial non-
linearities in how depth and latitude combine with station coverage. Random Forest also yields
interpretable metrics such as feature importance, which highlight how depth, latitude, and station
metrics combine to drive magnitude predictions. While it cannot supply as straightforward an equation
as linear regression, these relative importance scores can guide future data-collection decisions. For
example, if the ensemble consistently relies on depth as the strongest predictive factor, investing in
higher-precision depth measurements or advanced wave inversion methods might yield even better
outcomes. These results collectively suggest that no single algorithm can solve the entire challenge of
earthquake magnitude forecasting given the complexities of tectonic processes and the limited set of
direct features. Nonetheless, each method reveals a different angle of approach: linear regression
provides transparency and baseline performance, SVM hints at the possibility of kernel-based
expansions if the feature space is enriched, Naive Bayes effectively classifies events into broad
magnitude tiers, and Random Forest leverages an ensemble synergy to outperform the simpler
regression models. The interplay between these methods also underscores that, in real operational
scenarios, multiple models might be deployed in tandem. One approach could be to run a rapid
classification model that flags potentially dangerous events for immediate response, then refine
estimates using a heavier, ensemble-based regression approach that integrates additional domain-
specific data. This multi-level pipeline is conceptually analogous to how many early-warning systems
first detect an event using threshold triggers, then pass along waveforms to more computationally
intensive  procedures that refine the magnitude and potential shaking intensities.
An important dimension of these results is the domain mismatch between the geophysical complexity
of faults and the variables used in the regression or classification tasks. Tectonic strain rates, local rock
composition, fluid injection activities, and historical slip deficits are just a handful of the domain-
specific features that could theoretically yield substantial gains in accuracy. Their omission means that
even advanced learners such as Random Forest cannot glean deeper causal mechanisms. This
limitation is evident in the modest absolute values of R-squared or classification confusion at certain
magnitude boundaries, reminding us that real breakthroughs in earthquake forecasting may hinge on
bridging the gap between purely data-driven methods and physically grounded knowledge of seismic
processes.

Another important observation emerges from analyzing how the residuals and classification
errors vary across subregions of California or across different time segments in the dataset. The ability
of ensemble methods to average out some location-specific anomalies is beneficial, but it does not
wholly remove biases if certain areas (like the eastern side of the state or offshore faults) lack the same
station coverage or the same frequency of moderate events. Hence, these results could be read as a
prompt for a more regionally adaptive modeling approach that tailors predictions to smaller zones of
the fault system, or that updates dynamically as new seismic data streams arrive. This concept of
building specialized submodels or using incremental learning is widely recognized in advanced
seismological research, and the results here lend additional weight to the idea that a one-size-fits-all
model might be suboptimal.

By weaving together these observations, the results section underscores that the final choice of
algorithm depends strongly on the operational or research goals. If interpretability is key, linear
regression is the simplest path, albeit with limited accuracy. If classification is desired for hazard
triage, Naive Bayes can be remarkably efficient and capable of handling large volumes of events. If a
stable, flexible predictor of continuous magnitude is needed, the Random Forest stands out among the
four tested models. More specialized kernel engineering could eventually redeem SVM’s theoretical
potential, but in our direct experiments, it did not prove beneficial within the tested parameter space. In
short, the results illustrate a microcosm of the trade-offs that define machine learning in seismology,
bridging from simplistic baselines to ensemble sophistication, while leaving room for future synergy
with physics-based constraints. Ultimately, these findings confirm that machine learning can indeed
add value by patterning historical data to anticipate or classify event magnitude. However, the portion
of variance explained remains moderate, and consistent improvement likely requires multi-disciplinary
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input. If seismic experts combine these methods with state-of-the-art wave-picking, real-time geodesy,
or robust geophysical modeling, further accuracy gains are plausible. In the interim, the outcomes
confirm that even a relatively small set of features can yield classification insights or partial magnitude
predictions that significantly exceed naive guesses, especially when aggregated in an ensemble
approach. End users—whether they be researchers, policy makers, or early-warning implementers—
must therefore weigh computational overhead, interpretability demands, and tolerance for
misclassification or error in choosing which approach to adopt. These results aim to provide a balanced
perspective on how each method behaves within the constraints of the SOCR Earthquake Dataset,
thereby guiding next steps in either research expansions or immediate practical deployments. The
subsequent discussion focuses on five pages of in-depth screenshot analysis, referencing how each
visual artifact (in the order it was shared) reinforces or refines the quantitative interpretations
summarized above. This integration of numeric and visual data underscores how subtle patterns within
the data—manifesting in residual plots, confusion matrices, or partial dependence plots—can shape the
narrative of a model’s suitability and limitations in real-world seismic forecasting scenarios. Below is
a five-page academic analysis of these screenshots, with each paragraph focusing on one screenshot in
the precise sequence in which they were presented
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Figure 1

Firgure 1 shows the distribution of residuals for the linear regression model plotted against
predicted magnitudes, illustrating how well or poorly the linear fit captures the complexities of the
seismic data. The horizontal axis typically represents the model’s predicted magnitude, while the
vertical axis shows the difference between the predicted and actual values. This screenshot underscores
a phenomenon frequently encountered when applying a linear model to a non-linear real-world
process: the residuals appear neither randomly nor uniformly scattered around zero. Instead, the plot
contains large clusters of points that deviate consistently, suggesting that the linear assumption fails to
accommodate higher-order interactions or abrupt transitions in the underlying geophysical processes.
Academically, this signals that certain magnitude ranges are systematically misestimated, which often
manifests as vertical lines of points above or below the zero-residual line. Moreover, the cluster of
residuals near certain predicted magnitudes is indicative of how the model essentially lumps many
events together, lacking the nuance to differentiate between them based on the features provided. This
screenshot thus forms the foundation for concluding that linear regression alone is insufficient for
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accurate magnitude forecasting, even though it remains valuable for interpretability and computational
simplicity.
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Depicts the scatter plot of actual magnitudes on the y-axis against predicted magnitudes on the x-
axis for the same linear regression model. An ideal scenario would see the bulk of data points close to
the diagonal line, signifying near-perfect prediction. Instead, one can observe that many points fan out
widely around that diagonal, creating a band or cluster that reveals poor alignment. A majority of low
to moderate magnitudes may cluster loosely, while outliers representing potentially deeper or more
complex earthquakes appear distant from the diagonal. Academically, it is instructive to note that
certain magnitude ranges reveal a consistent offset: the model might systematically underpredict
events above a certain threshold or overpredict smaller events. By examining the slope of the best-fit
line in this scatter plot, one might also glean additional evidence that linear regression attempts to
compromise between two extremes, leaving large subsets of events incorrectly estimated. Screenshot 2
is typically read in tandem with Screenshot 1 to form a complete picture of model performance, both
from the vantage of residual distribution and from direct actual-predicted alignment.
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Moves away from the linear regression domain to highlight the SVM approach with a chosen
kernel. Here, the screenshot typically superimposes two or more kernel fits (for instance, linear vs.
radial basis function) on a portion of the data. The result is a visual comparison that illustrates how the
SVM attempts to shape a function through the latitude, longitude, and depth space to approximate
observed magnitudes. In principle, one might see a more curved boundary or regression surface when
using the radial basis function kernel, as it attempts to capture the non-linear structure. However, if the
screenshot reveals that these curves do not significantly improve alignment with the observed data
points, it suggests that the kernel transformation does not match the actual geophysical patterns.
Academically, this is a salient demonstration of how choosing a kernel is both an art and a science, and
that no kernel can rectify fundamental deficits in the feature set. If outliers dominate certain zones, the
SVM regression line or curve may attempt to stretch to accommodate them, thus misfitting the main
cluster of points

Actual Magnitude Category

1.0 °

0.8

0.6 °
()
§e)
>
el
et
4

0.4

0.2

0.0

0.0 0.2 0.4 0.6 0.8
Longitude
Figure 4

Presents a histogram or density plot of residuals for the SVM regression, analogous to the linear
regression residual plot but specifically attuned to the SVM’s predictions. A well-performing model
might show a bell-shaped distribution of residuals centered near zero, whereas a poorly fitted model
might exhibit multiple peaks or heavy tails. In the screenshot, it is evident that the distribution deviates
from a unimodal structure with minimal variance. Multiple lumps or broad tails might be present,
indicating that SVM systematically misestimates entire subsets of quakes. Academically, the presence
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of multiple modes in the residual distribution can imply that the model is conflating events from
different tectonic contexts, or that the kernel parameters lead to an over-correction in certain subranges
of the data. This screenshot can be linked to domain knowledge about local faults or fluid injection
zones that produce anomalies. If those features are not included, the SVM lacks a handle to isolate
such anomalies.
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Figure 5

Moves to classification territory, specifically the confusion matrix for Naive Bayes, wherein
rows represent the true classes (low, moderate, high) and columns represent predicted classes. Each
cell shows how many events from a particular true class were assigned to a particular predicted class.
The diagonal cells represent correct classifications, while off-diagonal cells indicate mistakes. This
screenshot reveals that the bulk of events, being in the low magnitude category, are predicted correctly,
resulting in an impressive overall accuracy. However, the matrix also helps uncover whether moderate
events often get classified as low or if high events occasionally get lumped in with moderate ones.
Academically, this is crucial for hazard analysis, since underestimating a genuinely high event carries
serious operational implications. The screenshot might show that only a small fraction of events
actually belonged to the high class, thus diminishing the classifier’s training signal for that category.
Hence, even if overall accuracy is high, the confusion matrix can highlight vulnerabilities in less
common but more impactful classes.
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Usually complements the confusion matrix with a bar chart or tabular display of precision, recall,
and F1-scores for each bin. The significance of this screenshot lies in how it reveals class-by-class
performance beyond the single, aggregated accuracy figure. The bars associated with the high
magnitude class may be shorter, illustrating that the model seldom sees such events and therefore
occasionally misclassifies them. Academically, one concludes that although Naive Bayes excels in the
large majority class, care must be taken in interpreting the reliability of predictions for rarer categories.
This screenshot helps unify numeric results with intuitive visuals, painting a clear story of how the
model handles class imbalance. The fact that the independence assumption is naive does not impede
success at large scale classification tasks, but might limit nuance near class boundaries.

Random Forest Regression Results
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Figure 7

Introduces the Random Forest perspective through a feature importance chart. Bars or lines
indicate how much each feature—Iatitude, longitude, depth, station count—contributes to the final
predictions. This chart is academically significant in bridging the black-box nature of an ensemble
method with interpretability demands. If the screenshot shows that depth is clearly the most important,
it suggests that deeper events tend to follow distinct seismic patterns that are reliably captured by the
ensemble. Conversely, if station count emerges as highly relevant, that might indicate that better-
instrumented areas yield higher data quality, which the random forest can exploit. The presence of
modest or minimal importance for certain features prompts the question of whether those features are
superfluous or if additional transformations are needed to unlock their predictive power. This
screenshot stands as a prime example of how advanced models can still offer partial clarity on which
inputs drive their performance.
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Typically shifts attention to the distribution of residuals for the Random Forest. Whereas linear
regression often exhibits a fan-like spread, the ensemble approach can cluster more predictions around
zero residual. The screenshot might show a narrower, more centered histogram of error, reflecting how
the variance reduction principle in ensembles yields steadier predictions. One might also see smaller
secondary peaks corresponding to specific subsets of events, presumably those that deviate from
mainstream trends. Academically, the question arises whether these outlier peaks correspond to special
geologic contexts or simply random noise in the data. If partial domain knowledge were appended,
such as labeling events from certain fault segments, one could ascertain whether the random forest
systematically struggles only with a particular subset. The improved distribution over linear regression
or SVM is generally read as validation of the ensemble’s capacity to incorporate non-linear
interactions among features.
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Figure 9

Often delves deeper with partial dependence plots for specific features in Random Forest. In
these plots, one sees how predicted magnitude evolves as a single feature shifts from its lower to
higher observed range, holding other features at mean or median values. The academic merit lies in
dissecting which relationships the forest has actually learned. If the plot for depth shows a gradual
upward slope for deeper quakes, then one infers that the model associates deeper hypocenters with
slightly higher magnitudes. If station count partially correlates with more precise or systematically
different magnitude records, the partial dependence might reveal a subtle upward or downward trend.
These plots are a partial means of extracting interpretability from the black-box nature of ensemble
methods. However, they must be read with caution, as real geophysical phenomena are rarely linear or
monotonic, and interactions between features can be intricate.
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Completes the story by providing a geospatial view of predicted magnitudes superimposed on
the Californian map. Each point in the screenshot indicates an earthquake location, and color or size
corresponds to how close the predicted magnitude was to the actual. A cluster of large discrepancies in
one region might signal a persistent gap in the model’s ability to handle distinctive local fault
properties or station geometry. Another region might show near-perfect predictions if the training set
included many events there, with consistent depth-latitude-longitude patterns. Academically, this
screenshot illuminates the potential for region-specific modeling or station enhancements. If
southwestern California is well-predicted, while the eastern desert shows frequent errors, that might tie
to the station coverage or the complexity of unmodeled local faults. Thus, such geospatial overlays
offer a final, integrative vantage, merging the linear or ensemble-based computations with real
physical space. In conclusion, collectively illustrate the entire arc of model evaluation, from raw
regression fits to confusion matrices and residual plots, culminating in advanced ensemble
interpretability and geospatial overlays. They form a cohesive visual narrative that underscores the
points detailed numerically: linear regression underperforms due to a simplistic functional assumption,
SVM struggles to exploit kernel transformations with limited features, Naive Bayes efficiently sorts
events into broad categories, and Random Forest emerges as the strongest regressor by aggregating
multiple trees. The screenshots also illustrate the variety of academic tools needed to interpret machine
learning outputs in seismology, where complex geological processes cannot always be pinned down to
a few shallow features. Each screenshot, in its own way, highlights the synergy or friction between
data-driven algorithms and the domain intricacies that define earthquake dynamics. By pairing them
with the textual results discussion, readers glean not only the numeric metrics of success or failure, but
also the deeper story about why certain misclassifications or mispredictions arise, and what avenues
remain open for refining these models in future research.

Discussion

The comparative performance of the four models assessed in this study—Linear Regression,
Support Vector Machine (SVM), Naive Bayes, and Random Forest—offers instructive insights into
how machine learning algorithms adapt to seismic data marked by complexity and potential non-
linearities. Linear Regression, though transparent and computationally efficient, struggled to capture
the variety of geological processes that drive magnitude variability. Despite the ability to furnish
interpretable coefficients for latitude, longitude, depth, and station metrics, the linear approach
accounted for only a modest fraction of variance in the dataset, underscoring that tectonic factors and
crustal properties cannot be reduced to simple linear relationships. From an application standpoint,
Linear Regression thus remains most valuable when interpretability is paramount or when the data
environment is constrained such that more advanced algorithms prove infeasible. Support Vector
Machine, by contrast, rests on powerful theoretical foundations and excels in many contexts that
require robust classification or regression, particularly where kernel transformations uncover hidden
structures in feature space. Here, however, SVM underperformed, as evidenced by high mean squared
error and a negative R-squared in several trials. While this outcome may partly reflect the limited four-
feature input space, it also speaks to the sensitivity of SVM to hyperparameter tuning and outlier
distributions. More elaborate feature engineering, such as incorporating geophysical knowledge (e.g.,
local stress loading, detailed station geometry, wave-derived attributes), might improve kernel-based
modeling. The present findings suggest that, in its current form, SVM did not easily adapt to the partial
non-linearity and class imbalance typical of seismic data. In contrast, Naive Bayes produced
unexpectedly robust performance within a discrete classification framework. This model relies on a
simplified probabilistic structure that assumes independence among predictors, yet it classified low-
magnitude, moderate-magnitude, and high-magnitude events with a high overall accuracy. A probable
reason lies in the dominance of the lower-magnitude category, allowing statistical inferences to
succeed despite minimal refinement of conditional distributions. These results speak to the advantages
of lightweight probabilistic methods for rapid triaging in seismological tasks, particularly when the
event distribution is highly skewed or when rapid but coarse categorization—rather than precise
magnitude estimation—is the main objective. Among the regression-based approaches, Random Forest
stood out for its combination of relatively low predictive error and feature importance metrics, which
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together support interpretability and practical utility. Ensemble learning is frequently noted for its
resilience against overfitting and its capacity to model non-linear interactions across variables, and the
earthquake application aligns with that general view. Nonetheless, the modest overall R-squared
observed in this study reiterates that seismic phenomena are inherently multifaceted, with fault
mechanics, lithological heterogeneities, and broader geophysical settings interacting to shape both
magnitude and frequency distributions. Incorporating additional data streams (e.g., dynamic
waveforms, deep geodetic monitoring, spatiotemporal clustering) could amplify the Random Forest’s
explanatory scope and refine magnitude predictions further, particularly under more thorough
hyperparameter exploration. It remains important to emphasize that these machine learning models
cannot yet provide definitive predictions of earthquake timing, location, or magnitude—tasks that lie at
the cutting edge of geophysical science. Instead, these models contribute meaningfully to hazard
analysis and early-warning contexts by highlighting regions predisposed to moderate or large
earthquakes and offering rapid magnitude estimates in the immediate aftermath of a recorded event.
Their utility, therefore, extends beyond purely academic exercises: they augment the capability of
seismic networks to respond swiftly, allocate resources effectively, and inform the public and policy-
makers about potential risks. As ongoing seismological research evolves to integrate more granular
and physically grounded parameters, the modeling approaches discussed here may likewise become
more nuanced, bridging empirical data analytics and the intricate realities of tectonic physics.

Practical Implications and Future Work

The collective insights gained from applying Linear Regression, Support Vector Machine, Naive
Bayes, and Random Forest to earthquake data underscore several promising pathways for both
practical application and ongoing research. One of the most immediately tangible uses emerges in the
realm of early warning integration, where rapid, near-real-time estimates of earthquake magnitude can
be critical for guiding response strategies. Although state-of-the-art systems may rely on more
specialized algorithms or direct waveform analysis, conventional machine learning models can
complement these methods by quickly converting partial or low-latency data into an approximate
magnitude range. Random Forest and Naive Bayes show particular promise in this regard: the former
due to its relatively high predictive accuracy across non-linear relationships, and the latter for its
computational speed and tolerance to data imbalance. The findings also emphasize the importance of
expanded feature sets. While the dataset at hand included latitude, longitude, depth, and station
metrics, more nuanced attributes—such as geological layering, fault slip rates, strain-rate
measurements, or stress field data—could materially improve predictions, particularly for sophisticated
algorithms like SVM and Random Forest. In parallel, deep learning approaches offer yet another
avenue for refinement. Techniques that employ convolutional or recurrent architectures trained directly
on seismic waveforms, for instance, can potentially capture subtle precursor signals that traditional
tabular features may overlook, giving a more granular perspective on the onset of significant events. A
further consideration is the need to incorporate uncertainty estimation. Earthquake forecasting is
inherently probabilistic, and models that provide not only a point estimate of magnitude but also
confidence intervals or probability distributions can inform risk-based decision-making under
incomplete data conditions. Given that seismic networks frequently update as events progress,
adopting approaches such as Bayesian inference or Monte Carlo dropout in neural networks could
yield dynamic confidence measures that evolve in tandem with incoming observations. Finally, there is
the question of transferability. While the data in this project stem from California, a known seismic
hotspot, extending these methods to other regions or global catalogs necessitates careful adaptation.
Divergent tectonic regimes, variations in sensor placement, and incomplete historical records all
demand that models be retrained or domain-adapted. Yet the underlying principles of feature
engineering, ensemble learning, and probabilistic classification remain widely applicable, reinforcing
that these frameworks may be generalized with careful calibration and ongoing validation in multiple
seismic environments.

Conclusion

This research undertook a broad comparison of four machine learning models—Linear
Regression, Support Vector Machine, Naive Bayes, and Random Forest—for the tasks of magnitude
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estimation and event classification in California’s active seismic setting. Random Forest demonstrated
the strongest predictive capacity for continuous magnitude prediction, illustrating the efficacy of
ensemble-based strategies that capture non-linear correlations among features. Naive Bayes,
conversely, emerged as a highly effective classifier within a discretized magnitude framework,
showing that simpler probabilistic assumptions can yield robust performance, especially when the
dataset is dominated by lower-magnitude events. By dissecting these methods through both
quantitative metrics and interpretive diagnostics, the study sheds light on practical trade-offs in
seismological modeling: linear methods remain transparent but often insufficient, kernel-based
algorithms can be powerful but require extensive tuning and richer features, ensemble techniques offer
stability under data complexity, and even naive classifiers can exceed expectations when domain
characteristics align. While the precise timing, location, and extent of seismic events continues to lie
beyond the full grasp of data-driven prediction, these models collectively underscore the advances that
machine learning can bring to risk estimation, early-warning contexts, and real-time assessment of
earthquake impacts. Ongoing work in expanding feature sets, integrating deep learning, and refining
uncertainty measures has the potential to further bridge the gap between empirical analytics and the
geophysical realities underpinning seismic hazards.
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BBIIIOJTHEHUE CAMOCTOSTEJBHOM XYJTOXKECTBEHHOM PABOTHI HA TEMY
«KHUBOIINCH B HAIIMOHAJIBHOM KA3AXCKOM CTHJIE»

Hlapunoea Kanwvin Hopacumosna
npenodasameib CHeYUaIbHbIX OUCYUNTIUH
Konneooic Ynpasnenus, e.Acmana

AHHOTALMA:

ABTOpcKasi METOJMKAa IO BBHIMOJHEHHUIO XYJI0)KECTBEHHBIX paboT Ha Temy <«OKuBomuch B
HAIIMOHAJIbHOM Ka3axCKOM CTHJIe», Jis cryaeHToB cnemuanbHocT: 02110300 - I'paduueckuit u
MYyJIbTUMEAUNHBIN TU3aiiH.

KutoueBble cjioBa: aBTOpcKas METOJIMKA, AU3ANH-TIPOEKT, KUBOMKCH, HALIMOHAIBHBINA CTUIIb.

BBenenne

XynoxecTBeHHas pabora Ha Temy 'JKuBomuch B HAalMOHAJIBHOM Ka3axCKoM cruie"
NPEJOCTABIISICT CTYIACHTaM BO3MOXKHOCTh HM3YYHTh M TIEPEOCMBICIHTH KYJIbTYPHOE Haclenue
Kazaxcrana, HHTErpupys €ro B COBpeMEHHOE UCKYCCTBO. B mporiecce BBIMONMHEHUST PabOThI CTYIEHTHI
Pa3BUBAIOT HABBIKU XY/10’KECTBEHHOTO aHAJIM3a, SKCIEPUMEHTUPOBAHUS U TEXHUYECKOTIO UCTIOJIHEHMUS,
YTO CIIOCOOCTBYET UX NPOPECCUOHATBHOMY U INYHOCTHOMY POCTY.

Mos aBTOpcKas MeTOAMKa, pa3paboTaHa CHEUATbHO JJs CTYJEHTOB CIEHUAIbHOCTH
02110300 «I'paduveckuii 1 MyJIbTUMETUNHBINA JU3aHH», TOMOTAIOIIYIO B HATMCAHUH XY 10)KECTBCHHBI
pabot. Meronudeckoe 1mocodue MpeayCMaTpruBaeT BCECTOPOHHIOI IMOAJICPKKY, OT BBIOOpA TEMBI H
cbopa MaTepuasoB A0 CTPYKTYPUPOBAaHUS U OQPOPMIICHUS PaOOTHI.

B mponecce BblmosHEeHUs [W3aiiH- MPOEKTOB HEOOXOIUMO YUUTBIBATh, YTO KaXKAbIH CTYIEHT
YHMKaJIeH, MO3TOMY Mpejajaraercs WHAMBUIYaJbHbIM moaxoj. B Hauame paboTel MBI 00CyxIaem
WHTEpPEChl, MeJIM W YyPOBEHb IIOATOTOBKH, 4YTOOBI pa3paboTaTh WHAMBHUIAYAIBHBIA IIJIaH,
COOTBETCTBYIOIIUH KaKIOMY CTYACHTY.

1. Be16op Tembl.
Bwmecte MbI mo10MpaeM HHTEPECHYIO U

2. Pa3paboTKka CTpYKTypbl U KOHTEHTa

AKTyaJbHYIO TEMY JUJII CaMOCTOSATEIBHON Mz BMecTe paspabaTEIBaeM SeTKyIo

paboThl, yYUTHIBas 3HAHUS U HaBBIKH, a
TaK>Ke MOCJIeTHUE TEHACHIIUU B IpaduuecKomM
Iu3aiiHe.

3. Ilon6op marepuaon

Oxa3bIBaro MOMOIIIb B TOMCKE HEOOX0IMMOM
uHpopmanuu, peepeHcsl, CTaTbH,
M300pakeHUsl, BUJIEO U IPYTHE PECYPCHI [Tt
CaMOCTOSITENIbHOM padOThI, YTOOBI CTYAEHTHI
CMOTJIU CO3/1aTh JCHCTBUTEIHHO ITYOOKHH U
Ka4e€CTBEHHBIN MTPOEKT.

CTPYKTYpy paboThl, OnpeiensieM KII0UeBbIe
JTAaIbl, YTOOBI MOKHO OBIII0 MOCIEN0BATEILHO
U JIOTUYCCKHU BOIJIOTUTH CBOU UJCHU.

4. Co3anue BU3yalbHOTO O(hopMIIeHHS

Janee naér npouecc HaxA CO3MaHUEM
BU3YaJIbHOTO 0(hOpMIIeHUS pabOThI, HAOPOCKH,
ATIOJIBI, CKETYH, ICKU3BI, YTOOBI paboTa Oblia
HE TOJBKO COJIEPKATEIbHOW, HO U
ACTETHYECKU TPHUBIICKATEITHHOM.

[lenn u 3a7a9n CaMOCTOSITEIIBHONU PabOTHI:
1. U3yueHue uctopuu v pa3BUTHUS Ka3aXCKOIl )KUBOIIHCH.
2. AHanu3 TpaAULIMOHHBIX Ka3aXCKUX OPHAMEHTOB, CFO’KE€TOB M CUMBOJIUKU.
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3. Pa3paboTka KOHIENTyaqTbHOW OCHOBBI JUISl IIPOEKTA.

4. TlpuMeHeHHE 3HAHWH O HAIIMOHAIBHOM Ka3aXCKOM CTHJIE B COOCTBEHHOM XYJIOKECTBEHHOM
MIPaKTHUKE.

5. Coznanue OpUrHHAIBLHOTO XYA0KECTBEHHOTO MTPOU3BEICHUS C UCTIOJIBb30BAaHUEM 3JIEMEHTOB
HAIlMOHAJILHOI'O Ka3aXCKOr'0 CTHIIS.

Kazaxckas ®KHBOIUCH NPEACTABISET COOON YHUKAIBHBIN IJIACT MUPOBOM KyJIBTYphl, B KOTOPOM
TpaJMLMU KOYEBOHN LIMBUIIM3ALUU MEpEIUIETAIOTCS ¢ BausHUAMU Bocroka u 3anana. E€ aBomrouus ot
MPUKJIAJHOTO UCKYCCTBA K MPO(ECCHOHAIBHOW CTAHKOBOM KHBOMUCH WILTIOCTPUPYET CIIOKHBIA IMyTh
CTaHOBJICHUS HAIIMOHAIBHOI'O XY0KECTBEHHOT'O HACIIEIHU.

CamocrostenbHas paboTa, HaIlpaBiCHHAs Ha pa3BUTHE MNPO(ECCHOHANBHBIX HAaBBIKOB MU
OCO3HAaHHE KYJIbTYPHOTO HAacCJleIWs B JKUBOIIMCU Ka3axOB, UTPACT KIIOUYEBYIO POJIb B COXPAaHEHUHU U
TpaHc(hopMallM¥ HAllMOHATIBHOM KyJbTypbl. OHa MoOMoOraer CTyAEHTaM JIyyllle HOHATh CBOM KOPHH,
OCBOUTb HOBBIE TEXHUKH M MaTepualbl, a TaK)K€ CO3JaBaTh IIPOU3BENCHHUS, KOTOPBHIE OTPAKAIOT
00oraTcTBO U MHOI'OTPAHHOCTb Ka3aXCKOU KYJIbTYPBI.

KonuenryanbHasi OCHOBA SIBJISIETCS] BaXKHEUIIUM 3JIEMEHTOM IPU CO3/1aHUU TU3aWH-IIPOEKTa, TaK
KaKk OHa OIpeJeNsieT HampaBieHHE paboThl, €€ comepKaHHe U XyJOXKEeCTBeHHoe pemieHue. s
CTYJIEHTOB TBOPYECKHX cCIllelMaibHOCTEH, Takux Kak "['paduueckuil 1 MynbTUMEIUNHBIA Iu3aiH",
pa3paboTka KOHLENIUU TpeOyeT aHajau3a KyJIbTYpPHOIO KOHTEKCTa, BbIOOpa TEMbI U IPOpabOTKH €&
BU3YaJIbHOTO BOIUIOIIEHUS. B MeronmyeckoM mocoOMM paccMOTpPEHbl OCHOBHBIE JTalbl U
PEKOMEHIaLUH JUTsl YCIIEIIHON pa3paboTKKU KOHLIENTYalbHON OCHOBBI OYyIIEro IPOEKTa.

[TepBbIM M BaXKHEWUIIMM LIaroM B CO3/aHUU KOHLEHIMU KUBOIIUCH SIBJISETCS BBIOOP TeMbl. [l
Ka3aXCKOW KMBOIIMCH 3TO MOXKET OBbITh Kak oOpalleHHe K TPaAULMOHHBIM MU(aM U 310caM, TaK U K
COBPEMEHHBIM BOINPOCaM, BaXKHBIM JUIs oOmiecTBa. [lpu 3ToM Tema foimkHa OBITh TIIyOOKO CBsi3aHa C
UcTopueH, ¢puirocodueidr ¥ MHUPOBO33PCHUEM Ka3axCKOTO Hapojaa. DTMOCH Ka3axOB — 3TO OOrartbIit
UCTOYHUK BJOXHOBEHMS JUIsl JKMBONMCH. ONHUYECKHME TO3MBbI, Takue Kak «KoOmanael Oatbipy,
«Anmamsicy, «Ep Tapreiny, « Kanrap» u apyrue, CTajid BaXXHOW YaCThIO XyA0KECTBEHHOT'O HACIIEIHS,
HaXoZs OTPAKEHUE B )KUBOIIUCH.

s co3naHusi KOHLIETMU pabOThl, OCHOBAaHHOM Ha MH(]ax M 31ocax, BaXXKHO U3YUYUTh U MOHSTH
KyJbTYpPHYIO CUMBOJIMKY. Hampumep, cumMBoOJI jomaad B Ka3aXCKOW KyJNbType — 3TO HE TOJBKO
KMBOTHO€, HO M BOIUIOIIEHHE CBOOOABI, MOIIM, MpPEoaosieHUs. M3yuuB Takue CHMBOJIbI, MOKHO
co3iaTh paboTy, KOTOpas MepenacT He TOJbKO BHEIIHUIM BHUA IpeaMeTra, HO U ero riryookoe
BHYTpPEHHEE 3HAYCHHUE.

HccnenoBanue u aHanus

- Coop nrpopmanun: M3yueHne TeopeTHUECKUX MCTOYHHMKOB, aHAIN3a MPOU3BEIECHUI UCKYCCTBa,
CBSI3aHHBIX C BEIOpAaHHOW TEMOH.

- Ananu3 aHanoros: PaccmoTpenue paboT Apyrux XyA0KHUKOB WM TW3aifHEPOB [Tl BIOXHOBEHUS
Y OIIPEZIETICHUS] YHUKAIBHOTO MOAX0/1a.

- Ilpumep: AHanM3 Ka3aXCKMX OpPHAaMEHTOB, CIOXKETOB 3II0CA M CHUMBOJUKH U1 CO3JaHMS
ayTEeHTUYHON KOMIIO3UIIHH.

Kazaxckuil cTuiabp B KHBONUCHOM paboTe SBISETCS OCHOBOW TBOPYECTBA, B HEM COAEPIKUTCS
UCTOPUKO-KYJIbTypHasi 0a3, MO3TOMY HM3y4Y€HHE HAIIMOHAJIBHOTO CTUJIS HAYMHAETCS C aHajlu3a ero
UCTOpUYECKUX KOpHEH. Ka3axckue OpHaMEHTHI U CHMBOJIMKA, TaKWE KaK "KOIIKap MyHWH3", oTpaxaroT
CBSI3b YEJIOBEKA C MPUPOJIOH, pritocodrio KOUeBOM KU3HU U TAPMOHHUIO OKPYKAIOILEro MUpAa.
KitroueBble 271€MEHTBI CTHIISA:

1. TeomeTpuyeckue y30pbl.
2. 300MOp}HBIE U PACTUTEIHHBIE MOTHBHI.

96



Mextynapoublii Hay4uHsiid xyprHat AKAJTEMUK Ne 2 (283) 2025 1.

3. CumBoimKa KocMoca (COJHIIE, 3BE3/1bl, KPYTH).
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“aepeso” connpubm Kpyr”  “KanHooGpas3;

a 6,’_\( S

“napHsle pora” “auer” “cnupanp” “sur3ar”

B f % 4
“zlcg)op).mponauuuii “TPHAMCTHHK “KpecroBuHa” “YCTBIPEXIHCTHHK "
€\ 9 EEe)
“rycuHas weika” “nponyckHoii” “paccaer” “KOCTBIIB"

Db

® <=
“crynus” "npylx:lma“ 3%29 “KpIotoK”

A R N
“ropb |;cp6;mna“ “useTok™ “noaymecsu” “amyner”

600 SUG
“nayk” “rionbnan” :c/cxonc-mum“ “BOPAOPHBIIT

OopHaMeHT”
PucyHOK 1 Tunbl OPDHAMEHRmMO6

HanmoHanpHblil CTHIIb MO3BOJISET MOAYEPKHYTH KYJIbTYPHYIO HACHTUYHOCTH B INIOOATBHOM
KOHTeKcTe. BriroueHne Ka3axCKMX MOTHBOB B rpadHuecKuil Ju3ailH, WLIIOCTPALNIO, apXUTEKTYypY,
JKUBOITHCH SIBJISIETCS] BaXKHOM COCTABIIAIOIIEH COBPEMEHHOTI 00 UCKYCCTBA.

P CKOMCHAAINHU JJIsI CTYACHTOB!
o I/IsyanL Tpaauluu W WHHOBAIlUU. BaxHo HE TOJBKO ITOHMMATH TPAAULIUOHHBIC TCXHUKH H

MaTepHualbl, HO U UCKaTh HOBBIE IyTH AJIA UX aJaNTallMid B COBPEMEHHBIX KOHTEKCTAX.
e OcBauBath HOBbIe TexHONOTUU. COBMEIICHHE CTAPUHHBIX TEXHUK C IUPPOBBIMU
WHCTPYMEHTaMU WM HOBBIMM MaTepuajiaMd MOXKET NPUBECTH K CO3JAaHUI0 YHHUKAJIbHBIX
IIPOU3BEJICHUI NCKYCCTBA.
o PazBuBaTh HccrenOBaTENBCKYIO padoTy. [loHMMaHNEe UCTOPUUECKOTO KOHTEKCTa U MU(OTIOTUH
HapOJHOI0 HMCKyCCTBa IIOMOTraeT [u3ailHepam co3JaBaTh Oosiee TNIyOOKHE W 3HAauMMble padoThI,
KOTOpBIE OTPaXKaroT KyJbTYpHOE HacJeIne.
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4. VBanoBa, JI. A. Texuuxa u mexnonrocuu 6 mpaouyuoOHHOU KA3AXCKOU HCUBONUCU. — AJIMATHI:
"Kazaxcran", 2013.

98



Mex tyHapo iublii Hay4HbIi xypHat AKAJTEMUK Ne 2 (283) 2025 r.

MEXJIYHAPOIHBIA OIBIT IO TUPPEPEHIIUALIAIO YTOJIOBHOI'O HAKA3ZAHUA
IMPOTUB JIMYHOCTHU U OLEHKE TAXKXKECTHU HNPECTYIIJIEHUSA
B TIPOIECCE PACCJIEJOBAHMUA

@Daiizonnaeea K. H.
Macucmpaum Axademu npasooxXpaHumenbHblX OpeaHos
npu I'enepanvroti npokypamype Pecnyonuxu Kazaxcman

AHHoOTauus. B craThe aHanM3upyercs MeXITyHApOIHBIN ONBIT AudQepeHnnaniuu yroJoBHOTO
HaKa3aHWs 10 MPECTYIUICHUSAM MNPOTHB JUYHOCTH. OLIEHMBAIOTCA  3aKOHOAATEIbHBIE U
nporeccyanbHbie moaxoanl PecmyOmukm Kazaxcran, Poccuiickoii ®enepanuun u DenepaTHBHOU
Peciy6nuku I'epmanus. IlpeacraBieH CpaBHUTENBHBIM aHAIN3 C LENbIO BbIIBIECHUS 3(PPEKTHUBHBIX
NPaKTUK, CIIOCOOCTBYIOMIMX CIIPABEUIMBOMY M AU PEepeHIMPOBAHHOMY MPHUMEHEHHIO YTOJIOBHOTO
HaKa3aHUs B 3aBHCHMOCTH OT XapakTepa MPECTYIUICHHUS, JIUYHOCTU OOBUHIEMOIO M OOCTOSATENIBLCTB
nena. Pabora opueHTMpOBaHa Ha COBEPIICHCTBOBAHHE HAI[MOHAIBHOTO 3aKOHOJATENBCTBA Yepe3
BHEJJPEHNUE JIy4IINX MEKIYHAPOJHBIX CTAHIaPTOB.

KawueBble ciaoBa: auddepeHnmanuss yrojoBHOTO HAKa3aHWS, TPECTYIUICHHUS TPOTUB
JMYHOCTH; yrosioBHoe npaBo PecnyOnukn KazaxcraH; 3aKkOHHOCTB; 3apyOeKHBII ONbIT; 3alllUTa IpaB
JIMYHOCTH; CPABHUTEIIbHBIN aHAJIN3;

JuddepeHunanus yroloBHOI0 Haka3zaHHs — 3TO OJAMH U3 KPAaeyroJbHbIX KaMHEH YrOJOBHOTO
npaBa, 00ECIIeUNBAIONINI WHANBHYaTH3AIMIO MEP BO3ICHCTBUS, YTO CIOCOOCTBYET CIIPABEIMBOMY
BO3JAsHUI0O M CHIWXKEHHIO peuuuBoB. OcoOeHHO BaxkHa IuddepeHuuanus HOpu HpecTyIUICHUSX
IIPOTHUB JINYHOCTH, € HE TOJBKO JCSHUE, HO U JUYHOCTHBIC XAPAKTEPUCTUKHU KaK JKEPTBBI, TAK U
OOBUHSIEMOI'0 HIPAIOT KIIOYEBYIO pOJb. AKTYaJlbHOCTb JAaHHOIO MCCIENOBaHUS Oasupyercs Ha
HEO0OXOJUMOCTH CpaBHEHMsSI OJXOA0B TPEX MpaBoBhIX cucteM — Kazaxcrana, ['epmanuu u Poccun — ¢
LEIbI0 aHAJIM3a KAaK 3aKOHOJATEIIBHBIX HOPM, TaK U INPOLECCYAIbHBIX MEXAHM3MOB OLIEHKHU TSKECTH
IIPECTYIUICHUM.

B Kazaxcrane nuddepennmaius HakazaHUH peaqu3yeTcs yepes3 Ipajlaliiio BUI0B HaKa3aHU B
VYTOoJ0BHOM KOJEKCE, YUYUTBIBAas TSXKECTb NPECTYIUIEHUS W JIMYHOCTU IPaBOHAPYIIUTENA. 3/€eCh
CYUIECTBYIOT KBaJU(UKAIMOHHBIE M OTATYaIOLINe MPU3HAKU, BIUAIOLIME Ha HakazaHue (Hampumep,
COBEpUICHHE NPECTYIUIEHUS B OTHOUIEHHWM MAaJIOJIETHUX, HCIHOJb30BaHMEe Hacuius). IIpouecc
CJIEZICTBUSI HALlEJIEH Ha BCECTOPOHHEE PACCMOTPEHHE OOCTOATENBCTB JieNa C IeJbI0 TOUHOW OLEHKH
TSKECTH COJAESHHOTO M JIMYHOCTU OOBHMHSAEMOIO, YTO IOMOTAeT ONpPENEIUTh COOTBETCTBYIOLIUM
YPOBEHb YTOJIOBHOM OTBETCTBEHHOCTH U HAKa3aHUS.

BaxxHo#l 0cOOEHHOCTBIO SIBISETCSI AKTUBHOE MCIIOJIb30BAHUE aIMUHUCTPATUBHBIX U YTOJIOBHBIX
Mep C YYETOM COLMabHO — MPaBOBBIX (DAaKTOPOB, YTO CHOCOOCTBYET TMOKOM cHUCTeMe HaKa3aHH.
CornacHo Mccle10BaHuIO, MPEAICTaBICHHOMY B o(QUIMANbHBIX UCTOUYHHKAX, B Ka3zaxcrane Bce yarie
IPUMEHSIOTCSI MEPBI, COUETAIOIINE KapaTellbHbIe U MPEBEHTUBHbIE (DYHKIMH, YUUTHIBAIOIINE TIPU 3TOM
WHAUBUAyaJIbHbIE 0OCOOEHHOCTH MTPaBOHAPYIIUTENS U OCOOCHHOCTH MPECTYIUICHHUS.

I'epmaHus u3BecTHA CBOEH pa3BUTOHN cucTeMol nuddepeHanuy Haka3aHuil, BCTPOEHHOU B
paMKH TPHHIMIA TPOMOPIUOHATBHOCTH U IIUPOKOW Cy/NeOHOM OoCMOTpUTEeNbHOCTH. B Hemerkom
YIOJIOBHOM IIpaBE€ YETKO pPA3JeJeHbl MNPECTYIUIEHUS IO KaTEropusM U TSKECTH C KOHKPETHBIMU
CaHKIMSIMHU, TJI€ OJJHO U3 KJIIOUEBBIX TPEOOBAHUN — COOTBETCTBHE HAKAa3aHUS CTENEHHM OOIIECTBEHHOM
OMACHOCTH JESIHUS M JIMYHOCTU BHUHOBHOro. CyneOHasi cucreMa ['epmanum nomyckaeT rHOKOCTh B
Ha3HAUYEHUHM Mepbl HaKa3aHWs, BKIIOYAs MEPECMOTP CPOKOB M YCIOBUIl OTOBIBaHMS, YTO OTpa’KaeTr
T'YMaHUCTUYECKYI0 HaIIPaBJICHHOCTh YTOJIOBHOTO IIpoIecca. YTOJIOBHBIM IPOLIECC PETYIUpPYETCs
KECTKO JUIsI TOYHOTO OIpEeNIeHUs] BCEX KBATU(HUIMPYIOUMX NPU3HAKOB. MakcHUMalIbHBII CpOK
JUIIEHUS CBOOOJBI B YCKOPEHHOM IPOU3BOJACTBE — 1 TOA, 4YTO OTpa)xaeT CTpeMJIeHue
MUHHUMU3UPOBATh YPE3MEPHBIC HAKA3aHUS [IPU MEHEE TSHKKUX IIPECTYIIICHUSAX.
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[Ipoiecc pacciieoBaHusl pPerJaMeHTHPOBAaH C OCOOBIM BHHMAaHHMEM K JOKa3aTelbCTBAM H
OOCTOSATENILCTBAM JIea, YTO OOECHeYyMBaeT TOYHOE OMpeJeNieHHEe BCEeX KBATHM(PHUUUPYIOUIMX U
cMmsryaromux — (akTopoB.  YCKOpPEHHbIE  MPOLEAYpPhl  HPUMEHSAIOTCS  UCKIIOYHUTEIBHO  MpU
MaJIO3HAYUTENFHBIX MPECTYIUICHUAX C OTPAaHUYCHHEM MAKCHUMAaJIbHOI'O CPOKa JIMIICHUS CBOOOMBI 10
OJIHOTO T'0J1a, YTO MoAYepKuBaeT auddepeHInpoBaHHbIN moaxo [1].

B Poccun nuddepeHnmanys yroioBHOTO HaKa3aHUS OCYIIECTBISICTCS HCXOAS W3 CTaTei
VYTONOBHOTO KOJEKCa, KOTOPBIE BBIACISIOT KBAIM(DUUUPYIOIMIME M CMATYAIOIIHE OOCTOSITENhCTBA. A
TaKXke KaTeropuu mnpecrtymieHuid. [Ipomecc paccriemnoBaHusi A€TalbHO CTPYKTYPHPOBAaH, C OCOOBIM
BHHUMaHUEM K BBISIBICHHIO BCEX OOCTOSITENBCTB, YTO BIUSET HA TSHKECTh MPECTYIUICHUS U BEIOOP MEpHI
HakazaHus. OTmeuaercsi, uro B ominuue oT ['epmanum, B Poccum Oonee mMpPOKO HPUMEHSETCS
pealibHOE JIMIIEHHE CBOOOJBI, Jake MPHU YMNPOIIEHHBIX MpOLEAypax, YTO OTpa)kaeT OCOOEHHOCTh
HallMOHAJIIbHOM YTrOJIOBHO — MPABOBOM MOJTUTUKH.

CymiecTBytomye 3aKOHOIaTeIbHbIE HOPMBI MPEyCMaTPUBAIOT KOMIUIEKCHYIO CUCTEMY OLIEHKH
TSOKECTU TPECTYIUICHUS, YYUTHIBAas XapakTep, IOCIEACTBUS, MOTHUBBI W JUYHOCTb BHUHOBHOTO.
[TpakThKa MoOKa3bIBa€T aKTUBHOE HMCIOJIb30BaHHE MHCTUTYyTa AU depeHInanud Haka3aHuil ¢ LeJbIo
NPEIYIPERKACHUS PEIUINBA U COLUATBHON PeadMIINTAIINN OCY KICHHBIX.

[TpuHIMI UCKITIOUUTENBHOCTH, AOMYCKAIOUINN AuddepeHInanuio yroloBHOTO Ipolecca JIUIIb
B OTHOILUEHUH JE€JI, IPEICTaBISIOIMINX HAUMEHBIIYIO OOIECTBEHHYIO OMACHOCTb, MO3BOJISET JOCTUYb
OanaHca MyOJWYHBIX U YaCTHBIX MHTEPECOB. YIPOIICHHE MPOU3BOJCTBA KOMIIEHCUPYETCS MPOCTOTOM
paccMaTpuBaeMbIX JI€J, a TaKXKe JOMYyCTUMOCTBIO TaKUX IPABOBBIX MOCIEACTBUM, KOTOpbIE
HE3HAYUTENIbHO OIPaHUYHMBAIOT MIPaBa JIMIA, COBEPIIUBILIETO OOIIECTBEHHO ONacHoe AesiHue. [ TaBHbIM
e KPUTEPHEM, ITO3BOJIAIONIMM TOBOPUTH O BO3MOYKHOCTH YIPOIICHHS, SBIISETCS OOIIeCTBEHHAS
OMACHOCTh COBEPIIEHHOTO AesiHus. Tak, mpuKa3 0 HaKa3aHWU MOXKET ObITh BBHIHECEH JIMIIb B CIy4Yasx
COBEPIIICHHSI yTOJIOBHBIX npocmynkos (das Vergehen), 10onsi KOTOPBIX OT OOIIEro Yucia
MPOTUBONPABHBIX YrOJIOBHO HakKa3yeMbIX AesiHUM B ['epmaHum (B pacyeTe HE YUHTHIBAIOTCA YaCTH
cTareii ¢ KBAIM(DUUUPYIOIMIMMH TpPU3HAKAMH) COCTaBIseT mpuMmepHo 6,5%. YckopeHHOe
IPOM3BOJICTBO, B CBOIO OYEpE]lb, BO3MOXKHO B OTHOILIEHHMHU JIHOOBIX JIeN, €CIM B KOHKPETHOM CiIydae
IpeJoiaraeTcs Ha3HaueHHe HaKa3aHUs He CTpoXke 1 roja peaibHOTO JIMIIEHUS] CBOOOIbI. XapaKkTep
CaHKUMK  sBNSETCS  BaXXHbIM  KpUTEpPHEM, HEOOXOJWMBIM I  peanu3alyl  MpUHIUIA
UCKJIIOUMTENbHOCTU. EClii B OTHOILIEHMH YCKOPEHHOI'O IPOM3BOJCTBA 3aKOHOJATEJIEM YCTAHOBJIEHA
BEpXHSsl IpaHUlA JIONYCTUMOW CaHKIHMH, TO B MPOU3BOJICTBE MO BBIHECEHUIO MpPHKa3a O HAaKa3aHUU,
KOTOpPO€ CBSI3aHO C OOJBIIMMHU OTPAHUYEHUSIMH M YIPOIICHUSMHU, B 3aKOHE IMPHUBENIEH 3aKPbITHIN
nepeyeHb JOMYCTUMBIX K HAa3HAUYCHHIO HaKa3aHW (camoe CTporoe cocTaBiseT | ToJ JUIICHUS
cB00OBI YCIOBHO). OOLIUM SIBIISIETCS TO, YTO B 000UX CiIydasiX JOIMYCTUMBIN Ipenen CaHKUUN OYeHb
HU30K — Bcero | rojj auieHus: ceo060ab! (YCIOBHO).

B yronosaom nporecce Poccun neno odcrout nubim obpazom. CormacHo 4.1 c1.314 VIIK PO,
0COOBIM MOPSIIOK MPUMEHSETCS, €CIU NMPETyCMOTPEHHOE B COOTBETCTBYIOLIEH CTaThe YTOJIOBHOTO
KoJiekca P® HakazaHue 3a COBEpIIEHHOE MPECTyIUICHHE He TpeBbimaeT 10 jeT JuiieHus CBOOOIbI.
Peus et 060 Bcex KaTeropusx MpecTymjaeHul, KpoMe 0co00 TSKKHX, YTO cocTaBisteT 89% oT Bcex
npenycMoTpeHHblx YK P® nesnwmii. Kak BUIHO M3 NpUBENEHHBIX JaHHBIX, KPYT JEN, IO KOTOPBIM
BO3MO>KHO YIPOIIIEHHOE NPOU3BOACTBO B Poccum, 3HaunTenpHO mupe, yeM B ['epmanun. Hemenkoe
3aKOHOJATEIBCTBO C OMACKOM JI0MycKaeT MPUMEHEHHE TaKOro HaKa3aHMs, KaK JIMIIeHHEe CBOOOIbl, BHE
oOmero nopsiaka. Ecnu mpu yckopeHHOM MPOU3BOCTBE MAaKCUMAlIbHOE HAaKa3aHUE MOXeT ObITh | roj
peaslbHOTO JIMLIEHHUs] CBOOOJBI, TO MpPH MPHUKa3e O HaKa3aHUM JIOMYCTUMO JIHIIb yCIOBUE JIUIICHHE
cB0OOIBI [2].

CpaBHUTENBHBIN aHATIN3

B Kazaxcrane u Poccun nuddepeHnmanus HakazaHui TECHO CBsS3aHa C KOHTUHEHTAJIbHBIMU
IPABOBBIMU  TPAAMLMSIMM, BKIIOYas CTPOTyH KiIacCU(DUKAIMIO TPECTYIJIEHUH U  CUCTEMY
KBATH(OUIMPYIOMUX MpU3HaKoB. ['epManus BbienseTcs Ooyee THOKUM CyIeOHBIM YCMOTPEHHUEM U
TYMaHHUCTUYECKUM IOAXOJOM K YTrOJOBHOH OTBETCTBEHHOCTH, OCOOEHHO B YaCTH NPUMEHEHHS
HaKa3aHWW, HaIMpaBJIEHHBIX Ha pecoluanu3anuio. B mpoleccyanbHOM IUIaHE BCE TPU CTPAHBI
CTpeMATCSd K OOBEKTHMBHOM M TOJHOW OIEHKE TSXKECTH NPECTyIUIeHUs, OAHako [epmaHus
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OTpaHUYMBACT MIPUMEHEHHUE PEaTbHOTO JIMIIEHHUS CBOOOBI B YIIPOIIEHHBIX MPOIEIypax, YTO CHIXKAET
Harpy3Ky Ha cyaeOHyio cuctemy. OOmiee s BceX CTpaH — COOJIOACHWE MPUHIUIA
IIPONOPLUUOHAIIBHOCTH HAKa3aHUs, KOTOPOE COOTBETCTBYET TSKECTH IPECTYIUICHUS W JUYHOCTH
BUHOBHOTO [3].

Tem He MmeHee, umeercs emé OAHA CTpaHa IJe CyJeOHBIH MpoLEcC OTIMYAETCS OT APYTuX
crpad. [lns cpaBHeHHMs, B AHMIMH CyJeOHBIM TpOIECC OTIMYAETCS TEM, YTO IpH HA3HAYCHUH
HAaKa3aHWs CyJl YYUTHIBACT HE TOJIBKO HOBOE NMPECTYILIEHUE, HO ¥ HAIMYME MPEIBbIIYIIUX CYyJUMOCTEN
y moxacynumoro. Ecimm nmno panee ObI0O TPHU3HAHO BHHOBHBIM, TO HOBOE HAaKa3aHHWE YacTo
IPUCOEAMHSECTCA K YK€ HA3HAYEHHOMY, CO31aBas TaK Ha3bIBAEMYIO CHUCTEMY KyMYJISITUBHOIO
Haka3zaHus win cumulation.

Cyn B AHNIMM 1©pM Ha3HAYCHMM HAKa3aHWs 3a HOBOEC IPECTYIUICHHE YYHUTBIBACT
HEMOTalleHHble HaKa3aHUs 3a TMPOLUIbIe NPECTYIUICHUS, €CIM OHM eme€ OTOBIBAIOTCS WIIU
UCTIBITATENbHBII CPOK HE OKOHYEH. B 3TOM ciyyae HOBOE Haka3aHHE MOXXET ObITh 100aBIEHO K
npeapAyeMy, Ju00 WCIOJHEHWE HaKa3aHWH COBMENIAeTcs, JHMOO HakKa3aHWs MCIIOIHSAIOTCS
IIOCJIEAOBATENbHO. JTO IO3BOJIAET YCHUJIMTh OTBETCTBEHHOCTh JIMIA C IIOBTOPHOW YTOJIOBHOMU
ucropuel, ycunuBas 3(dexr npeBeHunu u HakazaHus. Cyapsi B paMKax cyneOHOro mporecca
OLICHUBAeT BCEe OOCTOATENbCTBA Je€ja, BKJIIOYAs XapakTep M TSDKECTb HOBBIX U IMPOLUIBIX
NPECTYIUICHNH, IMOBeIeHNe OOBHHSEMOro W pucKM s obmectBa. CyneOHoe ycMOTpeHHE HaéT
BO3MO)KHOCTh Ha3HayaTb HAaKa3aHHE, IPONOPLUOHAIBHOE COBOKYIIHOCTH IPECTYIUIEHHH, BKIJIIOYas
BO3MO>KHOCTb YBEJIMUEHHUS CPOKA HaKa3aHUs 10 CPABHEHUIO C OT/IEIbHBIM IIPECTYIIICHUEM.

B Anrnuu cymecTtByroT crienuaibHble pykoBojactBa Crown Prosecution Service u Sentencing
Council, xoTopble HampaBIAIOT CyAbl MO JejdaM C y4YacTHEM JIMI C CyIuMOCThIO. PykoBojcTBa
IpeayCcMaTpUBAIOT, KaK YYUTHIBaTh HAJIMYUE PELMIMBA, a TAK)KE 0COOCHHOCTH Ha3HAYECHUs HaKa3aHUs
IIPU COBOKYIHOCTH MPECTYIIICHUM.

Jlns mpumepa, nena xon BopoOuca. [xon Bopouc, nzBecTHblil kak «YepHbiit TakcucT, ObLI
IPU3HAH BUHOBHBIM B COBEPLICHUM Psi/ia CEKCYaJbHBIX MPECTYIJIEHUI, B TOM YHCIIE W3HACUIIOBAHUM,
B Jlonnone. Ero npectyruieHHMsi OXBaTbIBAIM [UIMTEIbHBIA NEPHUOJ BPEMEHH, C MHOTO UMCIEHHBIMH
AMM30/laMU HamageHuil. BopOuc Obl1 MpUroBOpeH K JUIMTEIbHOMY HAaKa3aHUIO — IOXU3HEHHOMY
3aKJIFOYEHHUI0O C MUHUMAJIBHBIM CPOKOM cofepkaHus nox crpaxed okosio 20-30 ner. IIpu atom cyn
YUUTBIBAJI HE TOJIBKO OJJHO IPECTYIUIEHNE, a KOMIIJIEKCHYIO COBOKYITHOCTD JAesIHUM [4].

Kymynsiuusg Haka3aHMid M PEKOpJHBIE CPOKHM: B OOJBIIMHCTBE CIIy4aeB CyAbU NPUMEHSIOT
COBOKYITHOE HaKa3aHHe, HalpuMep, CYMMHUPYSd CpPOKHM 32 KaXJI0€ NpecTyIUIEHHEe, 4YTOOBI
chopmupoBath o0muii cpok. B mpaktuke BenukoOpuranum (UKCHUPYIOTCS cilydad, Korja OOImui
CYMMapHBIA CpOK HakazaHHUs cocTaBisul O6osnee 200 et (Hampumep, ¢ y4e€TOM paHee Ha3HAYEHHBIX
IPUTOBOPOB U HOBBIX OOBMHEHUIT). Takue CpoKH, Kak MPaBUIIO, 03HAYAIOT MOKU3HEHHOE 3aKIII0YEHUE
C JOJTMM MUHUMAJIbHBIM CpPOKOM coOJepKaHusi moja crpaked. HecmoTpss Ha HOMUHaIBbHYIO
JUINTENILHOCTh, CUCTEMA MPEAyCMAaTPUBAET BO3MOKHOCTh YCJIOBHO — JJOCPOYHOTO OCBOOOXIEHUS MPH
YCIIOBUU YCIIEITHOT'O COOIIOZICHHS BCEX TPEOOBaHMIA.

AmHanoruu ¢ JIpyruMu Jenamu, B BenukoOpuTaHuu M MpUMeEphl IPUTOBOPOB C JAITUTEIHHBIMU
cpokamu: JIxozedp MakKanH 0OBUHSIICS W IPUTOBapUBaiICs K JJTUTENbHBIM CPOKaMH MPECTYIICHHH,
r7ie B CyMMe HakazaHus npesbimainy 200 yiet. YOuNIbl 1 cepuilHble HAaCUIBHUKH HEPEIKO MOTyYaroT
MTO>KM3HEHHBIE TIPUTOBOPBI C MUHUMAIBHBIMU CPOKaMH cozeprkaHus oT 25 no 30 yer, ogHako cymMma
Ha3HAUYEHHBIX CPOKOB B COBOKYITHOCTH MOKET OBITh TOPa3/io OOJIbIIE.

Heno wmencectpsl Jlrocu Jletébu. bbuta mnpusHanHa BUHOBHOW B yOuiicTBe ceMu
HOBOPOXKJICHHBIX, a TAK)KE B MOKYIIEHUH Ha KHU3Hb el mecTepbiX mMiaaeHien. Jlerou ucmnonp3oBana
pa3jnyHble METOJbl NPUYMHEHHS CMEPTH, BKJIIOYas BBEIECHUE BO3/yXa B BEHY M OTpaBJCHHE
uHcynmuHoM. Cyn Mandectepa NpuroBopui e€ K IOKM3HEHHOMY 3aKIIIOYeHHIo Oe3 mpaBa Ha
MOMUJIOBAaHUE WJIM JIOCPOYHOE OCBOOOXKIEHHWE — OTO CaMbId JKECTKUM TPHUTOBOP B OpHUTAaHCKOU
opuaudeckoil mpaktuke. Cylibsi OTMETHI, 4TO €€ MPEeCTyIUICHHs] HEOOBIYallHO KECTOKH U BBI3BAIU
OTPOMHBIN 001IecTBeHHBIM pe3oHaHc. Jltocu JletOu ctama oMHOW M3 HEMHOTHX KEHIIWH B AHIIINH,
MOJIyYUBIIUX TAakoOM mnpurosop. IIpuroBop otpaxkaer cucTeMy KyMyJALUM HaKa3aHUM, KOrna
COBOKYITHOCTb INPECTYIUICHUH INPHUBOJUT K MAaKCHUMAJIBHO CTPOIOMY HAKA3aHUIO — IMOXXKU3HECHHOMY
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3aKJIIOYCHHIO ¢ 3ampeToM Ha ocBoOoxaeHue (Life sentence — mosku3HEHHBINH CPOK C BO3MOXHOCTHIO
YCIOBHO — JOCPOYHOTO OCBOOOKICHMS Yepe3 ONpeAeiCHHbI MUHUMaNbHBIA Ccpok, Life order —
MOKU3HEHHBII CPOK 0€3 BO3MOXKHOCTU JIOCPOYHOTO OCBOOOKICHHS, Ha3HAYaeMbIil 32 0CO00 TSHKKHE
npectyrienus) [S].

B PecnyO6muku KaszaxcraH KOHUENUUS CyMMapHOTO (KyMYJSITUBHOTO) Haka3aHus 3a
COBOKYITHOCTh MPECTYIUJICHUH CYIIECTBYET U PETYIUPYETCs YTOJOBHBIM 3aKOHOAATEIILCTBOM, OJHAKO
PUMEHEHUE TaKOW Mepbhl MMEET OCOOEHHOCTH B OTJIWYHME OT MpakTuku AHrauu. CorjacHo cr.52
YronoBaoro kojekca Pecrmybnmuku Kazaxcran, mnpu  Ha3HAYCHWHM HAaKa3aHUS  yYUTHIBAIOTCS
COBOKYITHOCTh YT'OJIOBHBIX ITPAaBOHAPYIIEHUN WM COBOKYITHOCTh MPHUTOBOPOB (cT.58, 60 YromoBHOrO
KojJiekca). Ecam nuio mnpusHaHO BUHOBHBIM B HECKOJIBKUX MPECTYIUICHUSX, CYJbS Ha3HAYaeT
HaKa3aHWe HMCXOAs W3 OO0IIeld OMacHOCTH AJisi O0IecTBa, JIMYHOCTU U XapaKTepa COBEPIICHHBIX
nessHui. B 3TOM ciydae mpuMeHsieTcs 60jee CTporoe HakazaHUE C YYETOM IeJIe HCIPaBICHHUS W
MpeIyNpexaeHUs HOBBIX MPECTYIUIeHUNA. [{0TONMHUTENBHO K JIMIICHUIO CBOOOABI MOTYT Ha3HA4aTbCs
JIOTIOJIHUTEIbHBIE BUJbI HAaKa3aHUW (JIMIIEHWE TMpaBa 3aHUMAaTh JIOJDKHOCTH, 3aHUMAThCA
OTIpEeITIEHHOM JIESATEIBHOCTH).

Ecnin B Kazaxcrane npuMeEHATbh CyMMapHOE CJIOKEHHE HAaKa3aHWi, Kak B HEKOTOPBIX
OpuTaHCKUX chnydasx (Hampumep, 250 neT u 0ombIIe), 3TO MPUBEAET K PAAUKAIBHOMY YKECTOUCHUIO
Haka3aHUW U 00Jiee YETKOMY BBIPRXKCHHUIO OOIIECTBEHHOTO MOPHUIIAHUS MHOTO KPATHBIX U TAKEIBIX
IIPECTYIUICHUN.

Opnako, Takas TIpaKTHKa MOXET BBI3BaTh BOMNPOCHl TYMaHHOCTH, 3(PPEKTUBHOCTH
WCIPABIICHUSI M pealli3allud HaKa3aHWW, TaK KaK peajbHble CPOKU OTOBIBaHUSA OYIYyT CYLIECTBEHHO
MPEBBINIATh YenoBedeckuil Bo3pacT. B PecnyOnmku Kazaxcran npeaycMoTpeHa MHCTUTYIIMOHAIbHAS
BO3MOKHOCTh CYMMapHOr0 y4yeTa BCEX HpPECTYIUIEHUH B OJHOM IIPUTOBOPE WA COBOKYITHOCTH
MIPUTOBOPOB, HO C YYE€TOM MPUHIIUIIOB CIPABEJIMBOCTY M MHAMBUIyaIU3aIluu Haka3aHus. OObIT TPEX
CTpaH yKa3bIBaeT Ha 3HAUMMOCTh KOMIUIEKCHON U ruOkoi nuddepeHnmanuy yroioBHbIX HaKa3aHUN U
THIATEIBHOTO TMPOIECCyalbHOro aHanmu3a. [IpsMas MexaHuWyeckas aKKyMyJSIUsi CPOKOB, KakK B
AHTTIUHCKON TMpakTUKe, HE UCHONb3yeTcs. BHempeHne Takoil MpakTUKW NOTpeOyeT MpaBOBOM
JOpaOOTKU U y4eTa COIMaIbHO — MTPABOBBIX MOCIIEICTBHIA.

Cnucok UCIo0JIb30BAHHBIX HCTOYHHUKOB

1. 3aDV6€)KHa5[ MOJCJIb HCIIOJHCHHA YIOJJOBHOI'O HAKA3aHHWA B BHUJC IHTDad)a Ha IIpuMepe CTpaH

KOHTHMHEHTAJILHOW CHCTEMEI IIpaBa — TeMa HAYYHOH CTaTBM II0 MpaBy YHMTAHTE OECINIATHO TEKCT

Hay4YHO-MCCJIEA0BATEILCKON pabOThI B DeKTpOoHHON 0nbanoTeke KnbepJlennnka;

brikoBckas bpectep.pdf;

3. duddepennmaiiys OTBETCTBEHHOCTH B YIOJOBHOM IIpaBe CTpaH KOHTHMHEHTaJdbHOW EBpombl n

Poccun - auccepraumsa U asropedepar mo mpaBy W ropucopyaeHind + ". CkavaiiTe OecIiaTHO

aBTopedepaT OHCCEPTAllMM Ha TeMy YTOJOBHOE MpPaBO M KPUMHMHOIOTHS, VYIOJOBHO-

HCIIOJHUTENLHOE IIPABO;

Serial rapists receive longer minimum jail terms after appeal;

5. BBC, crates «bpuTaHckas MencecTpa, yOWBaBIIas MITQJICHIEB, IMMOTYYHJIA ITOXHU3HECHHBINA
MIPUTOBOpP O€3 MpaBa Ha TOMUJIOBAHUEY;

6. BBC, crares o genmy Jlxo3zeda MakxKaHnHa ¢ IUTEIHHBIMEI IPUTOBOPAMH;

Buxunenus u cyeOHbIe 0030pHbI MO MOKHU3HEHHBIM 3aKIIOUEHUSM B AHIIINY;

8. PykoBOACTBO MO YyroJIOBHBIM HaKa3aHUSM U COBOKYITHOCTH MPUTOBOPOB B AHIIINU;
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Abstract. The article explores the impact of artificial intelligence (Al) on meaningful work and
outlines ethical frameworks for its responsible deployment. It engages with philosophical and business
ethics perspectives, drawing on Hackman and Oldham’s Job Characteristics Model and Lips Wiersma
& Morris’s holistic framework of meaning at work. Empirical surveys are synthesised to demonstrate
the accelerating pace of Al adoption across industries and its mixed effects on job satisfaction,
productivity and work-life balance. The analysis contrasts leading governance models, including the
FATE framework, the OECD Al Principles, and industry-driven initiatives such as Transcend,
highlighting their complementary strengths. Three trajectories of Al integration—task replacement,
tending the machine and amplifying human skills—are evaluated for their implications on task
integrity, self-development and social contribution. The paper advances novel proposals: introducing a
Meaningful Work Impact Assessment (MWIA), embedding participatory co-design in workplace Al
systems, developing transparent human-Al dashboards and expanding ethics training in professional
development. These mechanisms aim to ensure that Al enhances human flourishing rather than
undermines dignity in the digital workplace.

Keywords: artificial intelligence, Al ethics, meaningful work, worker autonomy, digital
transformation, fairness and transparency, FATE, OECD Al Principles.

Introduction. Artificial intelligence (Al) has moved from the domain of science fiction into the
quotidian reality of modern work. Machine-learning algorithms manage supply chains, optimise
manufacturing plants and even conduct preliminary interviews for white-collar jobs. This ubiquity
introduces deep ethical questions. What does it mean for work to remain meaningful when algorithms
perform tasks once reserved for humans? How do we ensure that decision-making processes remain
fair, transparent and accountable in an age of opaque models? And what frameworks can guide the
development of Al so that it enhances rather than erodes human dignity? These questions drive an
emergent field that sits at the intersection of ethics, labour studies and technology policy. The
discussion synthesises contemporary scholarship, surveys empirical evidence on Al adoption, critically
analyses the implications of Al for human flourishing, and proposes novel contributions and
recommendations.

Al refers to a set of computational techniques that allow machines to perform tasks that would
ordinarily require human intelligence — such as reasoning, planning, problem solving and learning
from experience. Importantly, Al is not monolithic; it ranges from rule-based expert systems to large
language models capable of generating coherent prose. Work becomes meaningful when individuals
perceive their labour as having worth, significance or a higher purpose. Philosophers and business
ethicists argue that meaningful work supports human well-being and flourishing; it enables the
exercise of rational capacities and the pursuit of self-realisation. Yet the increasing deployment of Al
raises the prospect that tasks central to workers’ identities might be automated. The challenge is
therefore not just technical but existential: how to preserve meaning in a world where machines
perform a growing share of cognitive labour.

The literature on meaningful work identifies both task-specific and holistic factors. Hackman
and Oldham’s Job Characteristics Model (JCM) emphasises task identity, task significance and
autonomy. These characteristics support meaning by allowing workers to complete a whole piece of
work, understand its impact and exercise discretion. Lips-Wiersma and Morris provide a holistic
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model that balances being (developing and becoming oneself) and doing (making a difference), and
between self and others. Integrating these frameworks yields five dimensions: task integrity (the ability
to execute complete tasks), self-development (opportunities for growth), serving others (contributing
to society), unity with others (feeling connected to colleagues) and work significance (perceiving one’s
labour as valuable). These dimensions serve as a lens through which to assess Al’s impact on
meaningful work. Scholars and policymakers have proposed several ethical frameworks to guide Al
development. The FATE framework — fairness, accountability, transparency and ethics — emphasises
human oversight and algorithmic explainability. A scoping review of Al in social media and health
care shows that human review of algorithmic recommendations is essential for ensuring fairness and
for preventing discriminatory outcomes. The American Medical Informatics Association expands
FATE with additional principles such as dependability and auditability. The OECD Al Principles, an
intergovernmental standard adopted in 2019 and updated in 2024, articulate values-based principles
including inclusive growth and well-being, human rights and democratic values, transparency and
explainability, robustness, security and safety and accountability. These principles call on Al actors to
respect human rights, provide meaningful information about Al systems and ensure that Al is robust
and secure throughout its lifecycle. Industry initiatives such as Transcend’s policy brief highlight
fairness and non-discrimination, privacy and data protection and responsible data sourcing.
Collectively, these frameworks form the normative bedrock for ethical Al governance. Understanding
the scale of Al adoption is critical for assessing its impact on work. Surveys compiled by the U.S.
Federal Reserve Board reveal that estimates of firm-level Al adoption vary widely: the U.S. Census
Bureau’s Business Trends and Outlook Survey (BTOS) reports that fewer than 5 % of firms used Al in
the preceding two weeks, whereas when the same data are employment-weighted and cover a
six-month horizon the adoption rate rises to about 20 %. Other firm-level surveys conducted in
late 2023 and mid-2024 cluster between 20 % and 40 %. Worker-level surveys show similar ranges but
focus more on generative Al; adoption rates vary between 20 % and 40 %, with computer
programmers reporting especially high uptake. These data suggest that Al use is growing rapidly
across sectors. Indeed, the Chamber of Commerce recorded a 73 % annualised growth rate
between 2023 and 2024, the Census BTOS shows a 78.4 % growth rate and the American Bar
Association reported a 38 % rate.

The relationship between Al adoption and job satisfaction is complex. A longitudinal study of
part-time students and graduates in Switzerland indicates that digitalisation — including Al — can make
work more interesting and increase productivity, thereby raising job satisfaction. However, the same
study observes that digitalisation increases time pressure and worsens work-life balance. These mixed
effects underscore the need to design Al systems that enhance, rather than erode, workers’ well-being.
Bankins and Formosa distinguish three paths of Al deployment: replacing tasks, tending the machine
and amplifying human skills. Replacing tasks involves automation of both simple and complex
activities, potentially freeing workers from drudgery but also risking deskilling and the erosion of task
integrity. Tending the machine refers to new roles centred on maintaining, training and supervising Al
systems; while these roles require technical skills, they can fragment work into narrow monitoring
tasks and raise ethical questions about the human role. Amplifying human skills emphasises Al as a
complement that expands human capabilities; by automating routine tasks, Al can create space for
creative, analytical and relational work, thereby enhancing self-development and work significance.

Table 1 compares key ethical frameworks. FATE stresses fairness and accountability; the OECD
principles broaden the scope to include inclusive growth, human rights and robustness; and the
Transcend/Messenger framework highlights non-discrimination, privacy and responsible data
sourcing. Together, these frameworks illustrate the multifaceted nature of Al ethics, encompassing
both values and operational guidelines.

Table 1. Comparison of key ethical frameworks

Framework Key principles

FATE (Fairness,  Accountability, | Fairness; accountability; transparency; ethics;
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Transparency, Ethics) explainability; dependability; auditability

OECD Al Principles Inclusive growth & well-being; human rights &
democratic values; transparency & explainability;

robustness & safety; accountability

Transcend / MDPI Ethical Principles Transparency &  explainability;  fairness &
non-discrimination; privacy & data protection;

responsible data sourcing

The frameworks provide complementary rather than competing guidance. FATE focuses on
process (ensuring fairness and accountability in algorithmic decision-making), the OECD emphasises
both values and technical safeguards, while Transcend foregrounds data stewardship and privacy. A
pluralistic approach that synthesises these principles is therefore necessary to protect human dignity
and ensure Al supports meaningful work.

Results and discussion. To translate these frameworks into practice, organisations need
empirical data about Al adoption and its effects. Table 2 summarises the major surveys on Al use in
the workplace. The BTOS survey distinguishes between a two-week lookback period (less than 5 %
adoption) and a six-month period weighted by employment (about 20 %). Other firm-level surveys
report adoption rates ranging from 20 % to 40 %, though their samples may skew towards larger firms.
These figures highlight the rapid diffusion of Al even in contexts where adoption was previously low.

Table 2. Al adoption in the workplace: key surveys

Survey Adoption rate | Sample (approx)
(approx)
Census BTOS (2-week lookback) <5% 164 500 firms
Census BTOS (6-month lookback, | =20 % 164 500 firms
employment-weighted) (employment-weighted)
Other firm-level surveys 20-40 % Varies (approximately
1 000-5 000 firms)

For visual clarity, Figure 1 plots these adoption rates, while Figure 2 shows the annualised
growth rates reported by different organisations.

Approximate Al Adoption Rates Across

Surveys
< 20 30
T N
il |
g 20 Any 7
0
z
o BTOS BTOS Other
g (2wk) (6mo) Surveys
Q SURVEY

Figure 1 — Approximate Al adoption rates across major surveys
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Both charts indicate that Al adoption is accelerating and that worker-level surveys often show

higher generative Al uptake than firm-level surveys.

Annual Growth Rates in Al Adoption

145
150
— 72 78
§ 100 1 18
= 50
E -3
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E Chamber of Census American Pew
Q Commerce BTOS Bar Generative
o Association Al
SURVEY/SOURCE

Figure 2 — Annualised growth rates in Al adoption reported by different sources

Table 3 synthesises the theoretical discussion of Al deployment paths and their ethical

implications for meaningful work. It indicates how replacement may diminish task integrity and sense
of purpose, whereas amplifying human skills supports self-development and social contribution.

Table 3. Al adoption trajectories and ethical implications for meaningful work

Al Task integrity | Self-development | Serving others | Unity with | Work

deployment others significance

path

Replacement | Reduces Potential May distance | Less teamwork | Can diminish

of tasks autonomy and | deskilling and | workers from | due to | sense of
wholeness of | alienation social automation purpose
tasks contribution

Tending the | New Requires new | Shifts focusto | New Raises ethical

machine maintenance | technical skills system upkeep | collaboration questions
tasks; may with Al | about the
fragment specialists human role
work

Amplifying Enhances Encourages Frees time to | Supports Amplifies

human skills | ability to | learning and | serve clients | collaboration meaning
complete growth and through through
whole tasks communities augmentation creative tasks

Ethical challenges: fairness, autonomy and surveillance

106




Mex tyHapo iublii Hay4HbIi xypHat AKAJTEMUK Ne 2 (283) 2025 r.

Although Al offers opportunities to enrich work, it also raises serious ethical concerns. Fairness
and discrimination constitute perhaps the most pressing challenges. Al systems trained on biased data
can perpetuate or amplify existing inequalities. Recent scandals involving automated hiring tools that
favour male candidates or penalise applicants with gaps in their CVs illustrate the dangers. The FATE
framework mandates fairness audits and bias mitigation, while the OECD principles call for
non-discrimination and respect for human rights. However, bias mitigation techniques remain an open
research problem, particularly when dealing with intersectional identities (e.g., the combined effects of
gender and ethnicity). Ongoing algorithmic audits and independent oversight are therefore essential.

Autonomy and control are also at stake. When Al replaces decision-making with automated
recommendations, workers may feel reduced to cogs in a machine. A human-in-the-loop design, where
humans retain ultimate control and can override or contest Al recommendations, is vital. Moreover,
workers should have the right to abstain from using certain Al tools if they conflict with personal
values or professional judgment.

Surveillance and privacy present another set of ethical concerns. Al enables pervasive
monitoring of employee behaviour, performance and even emotional states. Without stringent privacy
safeguards, such surveillance can cause anxiety, distraction and feelings of manipulation. A University
of Michigan analysis reports that workers exposed to emotion-recognition Al experience psychological
harm and privacy violations. While emotion-recognition technologies fall under the scope of the EU
Al Act’s prohibition, other forms of AI monitoring remain largely unregulated. Employers should
therefore adopt transparent data-collection policies, limit monitoring to what is strictly necessary and
obtain informed consent.

Figure 3 presents a qualitative radar chart that compares the perceived impact of different Al
deployment paths on the five dimensions of meaningful work. Notably, ‘amplifying human skills’
yields positive scores across all dimensions, whereas ‘replacing tasks’ scores lowest on task integrity
and work significance.

Qualitative Impact of Al Deployment Paths on Meaningful Work

=@=Replacement ==@= Tending Amplifying

Task Integrity
5

4
3
2

Work Significance Self Development

Unity with Others Serving Others

Figure 3 — Qualitative assessment of how different Al deployment paths affect dimensions of

meaningful work

The foregoing analysis highlights the need for innovative approaches to ensure that Al enhances
meaningful work. Building on existing literature, | propose several original contributions:
1. Meaningful-Work Impact Assessment (MWIA) — Before deploying Al systems in the
workplace, organisations should conduct a Meaningful-Work Impact Assessment that evaluates the
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potential effects on the five dimensions of meaningful work. MWIA would complement existing
impact assessments focused on bias and privacy. It should involve workers, ethicists and technologists
to ensure diverse perspectives.

2. Participatory co-design — Involve workers directly in the design and implementation of Al tools
that affect their tasks. Participatory co-design can reveal context-specific insights that developers
might overlook and empower workers to shape technologies that support their values.

3. Human-centric Al dashboards — Develop dashboards that provide transparent information about
Al decision-making (e.g., the data sources, model confidence and reasons for recommendations). Such
dashboards would enhance user trust and allow workers to challenge decisions that negatively impact
their meaning at work.

4. Ethics training and continuous education — Integrate ethics and digital literacy into professional
development programmes. Workers and managers must understand AI’s capabilities and limitations to
use it responsibly. Ongoing education can also prepare employees for new roles created by Al,
supporting self-development.

5. Interdisciplinary research on Al and meaning — Encourage collaboration between philosophers,
psychologists, technologists and labour scholars to study how Al influences workers’ sense of purpose.
Mixed-methods research combining qualitative interviews with quantitative surveys could uncover
nuanced dynamics between Al adoption and meaning.

Conclusion. Atrtificial intelligence has the potential to profoundly reshape the experience of
work. Empirical evidence suggests that Al adoption is accelerating and that its effects on job
satisfaction are mixed. Ethical frameworks such as FATE, the OECD principles and privacy-oriented
guidelines provide valuable guidance, but they must be applied in concert and adapted to specific
contexts. By examining the dimensions of meaningful work and the paths of Al deployment, has
highlighted both risks and opportunities. It proposes novel mechanisms — such as Meaningful-Work
Impact Assessments and participatory co-design — to ensure that Al serves human flourishing. The
future of meaningful work depends on our ability to harness Al ethically and imaginatively.

References

1. Lysova E. I. et al. Ethics and the future of meaningful work: Introduction to the special issue
/Journal of Business Ethics. - 2023. — T. 18. - Ne. 4. - p. 713-723.
https://link.springer.com/article/10.1007/s10551-023-05345-9

2. Santoni de Sio F. Artificial intelligence and the future of work: Mapping the ethical issues //The
Journal of Ethics. - 2024, - T. 28. — Ne. 3. — p. 407-427.
https://link.springer.com/article/10.1007/s10892-024-09493-62trk=public_post_comment-text

3. Singhal A., Chen J., Sharma R., Chouhan V. Toward Fairness, Accountability, Transparency, and
Ethics in Al for Social Media and Health Care: Scoping Review // JMIR Medical Informatics. —
2024. —Vol. 12. — e50048. — DOI: https://doi.org/10.2196/50048

4. OECD. Al principles (updated) // Organisation for Economic Co-operation and Development. —
2024. — URL.: https://oecd.ai/en/ai-principles

5. Crane L., Green M., Soto P. Measuring Al uptake in the workplace // FEDS Notes. Board of
Governors of the Federal Reserve System. — 2025. — 5 Feb. — DOI: https://doi.org/10.17016/2380-
7172.3652

6. Bolli T., Pusterla F. Decomposing the effects of digitalization on workers’ job satisfaction //
International Review of Economics. — 2022. — Vol. 69. — P. 263-300.

7. Blustein D. L., Lysova E. I., Duffy R. D. Understanding decent work and meaningful work
/[Annual Review of Organizational Psychology and Organizational Behavior. — 2023. — T. 10. —
No. 1. — p. 289-314. https://www.annualreviews.org/content/journals/10.1146/annurev-orgpsych-
031921-024847

8. Bankins S., Formosa P. The ethical implications of artificial intelligence (Al) for meaningful work
/Journal of Business Ethics. — 2023. - T. 185 - Ne. 4. — C. 725-740.
https://link.springer.com/article/10.1007/s10551-023-05339-7

108


https://link.springer.com/article/10.1007/s10551-023-05345-9
https://link.springer.com/article/10.1007/s10892-024-09493-6?trk=public_post_comment-text
https://doi.org/10.2196/50048
https://oecd.ai/en/ai-principles
https://doi.org/10.17016/2380-7172.3652
https://doi.org/10.17016/2380-7172.3652
https://www.annualreviews.org/content/journals/10.1146/annurev-orgpsych-031921-024847
https://www.annualreviews.org/content/journals/10.1146/annurev-orgpsych-031921-024847
https://link.springer.com/article/10.1007/s10551-023-05339-7

Mex tyHapo iublii Hay4HbIi xypHat AKAJTEMUK Ne 2 (283) 2025 r.

HNCITOJIB30BAHHME DJIEKTPOHHbBIX OBPA30OBATEJIBHBIX PECYPCOB
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Annomayusn. llonukynerypHas cpena Kaszaxcrana tpeOyer ocoboro moaxoma K OOYYEHHIO
pyccKkoMy s3bIKy. B Takux ycinoBHsX OCOOEHHO BakHa T'MOKOCTh M aJalTUBHOCTH METOOB
npenojaBanus. B ctaTbe paccMaTpuBaeTCs UCIOIB30BaHHUE AIEKTPOHHBIX 00pa30BATEIbHBIX PECYPCOB
(O0P) kak cpencTBa noBbleHUs 3()(HEKTUBHOCTH NPENOAABAHUS PYCCKOTO A3bIKa B MOJIUKYJIbTYPHBIX
Kjaccax. PaccMOTpeHbl KOHKpeTHble mpuMepbl BHeApeHuss DOP U ux BiIMsSHHE HAa MOTHBAIMIO U
yCIIEBaEMOCTh YUEHUKOB.

Knwoueevie cnoea.snekTpoHHsie 00pa30BaTENbHBIE PECYPCHl, PYCCKHMA S3BIK, MOJHKYJIbTYPHAs
cpena, Kaszaxcran, nudpossie TexHoaoruu, LearningApps,OHInHIBU3M.

KazaxcrtaH — MHOroHalnMoHalIbHOE T'OCYJIapCTBO, B KOTOPOM PYCCKUH S3BIK COXpAHSET CTaTycC
A3bIKa ME)KHAIMOHaJIbHOrO oO0meHus. OOpa3oBaTenbHas CUCTEMa PecHyOIMKM OpUEHTHpPOBaHA Ha
pa3BuTHE OMJIMHTBATBHON M MOJIHUA3BIYHON JTHYHOCTH. B CBSI3M € 3THM, 00y4eHHE PyCCKOMY SI3BIKY B
YCIOBUSAX MOJMKYJIBTYPHOIO Kilacca TpeOyeT MCIIOJIb30BaHUsI COBPEMEHHBIX U 3(P(PEeKTHBHBIX
moaxoA0B, B ToM yucie — D0P.(1,c.5)

Hcnonb3oanue DOP B nonuKynbTypHOU cpesie MO3BOJISET:

-AanTupoBaTh Y4€OHBIH MPOIECC M0/ YPOBEHb 3HAHUH yUaIuXCs

-Mcnonb3oBaTh BU3yasbHbIE, ayJHaIbHbIE U HHTEPAKTUBHBIE CPEJCTBA JJIS Pa3BUTHS SI3IKOBBIX
KOMIICTEHITHH;

-IToBBIIaTh MHTEPEC K MPEAMETY Yepe3 UTPOBBIE U MYJIbTUMEIUIHBIE (POPMBI.

[Tonbupars D0OP negaroraM HEOOXOAMMO B COOTBETCTBHM C BO3PACTOM U BIAJECHUS PYCCKUM
A3BIKOM,a TAK)KE CUCTEMAaTUYECKH OLIeHNBaTh 3()(peKTHBHOCTh MPUMEHEHUST TUPPOBBIX HHCTPYMEHTOB.

B ycnoBusx mnomukynasTypHOro oomecrsa OOP  cTaHOBATCS HEOOXOAWMBIM — 3JIEMEHTOM
o0yueHHsT pycckoMy s3bIKy. OHH MO3BOJISAIOT (hOpMUPOBATH HHTEpPEC, MOTHBHPOBATH YUYEHUKOB,
oOecnieunBaTh I'MOKOCTh IPENOAABaHMS U Pa3BUBATh BCE BHJIbI peueBOM jaedrenbHOCTU. [IpakTrka

nokasana, yro uHrerpanus S0P crnocoOCcTByeT He TOJBKO JIy4dIIEeMy YCBOECHHUIO MaTepuaia, HO M
(OpMHUPOBAHUIO TOJIEPAHTHOCTU U MEKKYJIBTYPHOIO OHUMaHHU4.(2,C.8)

OnHUM U3 CEPBUCOB, JOCTATOYHO MPOJYKTUBHBIM U JIETKUM B UCIIOJIb30BAaHUH, SIBIISETCS CEPBUC
LearningApps.org. OH npenocTaBiseT BO3MOXHOCTb YUUTENIO0 W CaMHM YydallUMCs CO37aBaTh
MHTEpaKTHBHbIE yueOHO-MeToanueckue nocodus. LearningApps.org siBisercs npuioxenueM Web 2.0
JUISL TIOJUIEPKKKU OOY4YeHHs W Ipoliecca MpenoJaBaHUsl C IMOMOIIBIO HHTEPAKTUBHBIX MOJIYJEH.
WHTepakTUBHBIE 3aJaHUs ATOTO CEpPBHCAa MOXXHO HCIOJIB30BAaTh MPU NMPOBEPKE 3HAHUHN y4YalIUXCS B
KayeCcTBE TEKYIEro KOHTPOJIsl, Mpu O0OOOIIEHNH W MOBTOPEHHUU TEMBI, BO BHEKJIACCHOW paboTe Mo
npeaMeTy, BKJIIOYaTh Kak TpeHaxépsl npu moiarotroBke k OI'D. Urposas ¢opma crmocoOCcTByeT
MO3HABATEJIbHON aKTUBHOCTU YyYalUXCs, MOBBIIIAET MOTHBAIMIO ydyamuxcs K npenmMery. Ha caiite
UMEIOTCS FOTOBBIE MHTEPAKTUBHBIC YIIPaKHEHHSI, CHCTEMAaTH3UPOBaHHbIE KaK MO MOIMYJISIPHOCTH, TaK U
0 MpeIMeTHbIM o0jacTsaM. 31ech mpeacTtaBieHo 34 wMakeTa JUisl CO3JaHMSI HHTEPAKTHBHBIX
JTUIAaKTHYECKUX MaTepuaioB. MakeTsl pachpesieieHbl 1o OJokaM B 3aBHCHUMOCTH OT BHUAA
NEeSTeNIbHOCTH:  BBIOOp,  paclpeleieHHe, IOCIeOBaTeIbHOCTh,  3allOJIHEHUE, OHJIANH-UTPHI,
UHCTpYMEeHTHI. Eciin HeT BpeMeHH, MOXKHO HCIIOJIb30BaTh T'OTOBBIE 33/JaHUS MO TeMe. DTOT CalT
M0JIE3€H TEM, YTO HE TOJBKO YUUTEINb, HO U YUYEHUK MOXET CO3/1aTh HHTEPAKTUBHOE YIIPa’KHEHUE.

Bce mabnonsl ot cepBuca LearningApps.org MOKHO HaroOJHUTh CBOMM cojepkaHueM. J[is

CO3/IaHMs 3a7aHuil He TpeOyeTcs HUKAKMX MHCTPYKIMHA. C MOMOIIBI0 TOTOBBIX HIa0JIOHOB, KOTOPHIE
paccmatpuBarotcs Ha http://learningapps.org/, MoskHO MOIIaroBO OCBOMTH KOHCTPYMPOBAHUE 3a1aHHIA.
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Jns ucnonp3oBaHMs cepBUca LearningApps.org HYXHO 3aperucTpupoBaThCs, BBIOPATh SA3BIK H
03HAKOMUTBCSI C BO3MOXHOCTSIMU CEPBHMCA. 3/1€Ch MOKHO CO3/1aTh CBOM 3a/JaHUs Pa3jIMYHOIO THIIA
(urpsl Ha pa3BUTHE MaMATH, KPOCCBOP/IbI, BUKTOPUHBI C BEIOOPOM MPaBUIIBHOTO OTBETA, TECThI, HAUTH
napy M YCTaHOBUTb COOTBETCTBHE, uUrpy «Bucemuna», «Kak crate muminunonepom».(3,c.12) Ha
[JIaBHOM CTpaHUIIE MOXKHO BbIOpaTh HEOOXOAMMYIO (GopMy 3aJaHUsi U3 MPEUIOKEHHOIO Karajora.
s coznaHus cBOEro 3ajaHus HEoOXOIMMO HakaTh Ha KHoONKy «HoBoe ympaxhHeHue», crenarb
BBIOOpD M CKOHCTPYHMpOBaTh 3ajnaHue. [[ns Toro 4yToObl BOCHOJB30BAaTHCS TOTOBBIMU 3aJaHUSIMH,
HEeoOXO0UMO Ha)kaThb KHONKY «Bce ynpaxHeHus», IZie NpeAcTaBlieHa KOJUIEKIUS YHPaXXHEHUM IO
npenMeram. Takoe 3alaHue MOXKHO JaTh Ha ypOKE JJiS BCEro Kiacca, UCHOJb3Ys MHTEPAKTHBHYIO
JIOCKY WJIM CBOM KOMIIBIOTEp U 3KpaH IpoekTopa. Ho camoe BakHOE: MOKHO 3aperucTpupoBaTh Ha
9TOM caiiTe CBOMX YYEHMKOB M JaBaTb UM 3a/laHW€ HA JOM (PEIIUTh WU COCTaBUTh KPOCCBOPI,
BUKTOPUHY, COCTABUTD WM 3aIOJIHUTH TAOJUIy U T.I1.) YUEHHUKY 0053aTeIbHO IIOHPABUTCS JIOMAIITHEES
3aJJaHUE C UCIIOJIb30BAHUEM KOMIIBIOTEPA.

WTak, mopsaok paboThI C CAaliTOM:

1. 3apeructpupoBarbcsi Ha CalTe.

2. BeIOpath THI yIpaKHEHHS.

3. Co3naTh 0100HOE MTPHIIOKEHHE.

4. CoxpaHUTh NPUIIOKEHHE.

[Ipexxne yem co3naTh HOBOE yHpa)KHEHHE Ha caiiTe, Hy>KHO Moao0parh MaTepuan AJisi 3aJaHus IO
teme (1o kiaccy).(4)

Takum oOpa3om, 3amaHus WHTEPAKTHBHOrO 0Opa3zoBaTeslbHOro pecypca LearningApps.org
CIOCOOCTBYIOT Pa3BUTHIO MBICIUTEIbHBIX HABBIKOB. 3aJJaHUS yuaT KJIacCU(PUIMPOBATh, COIOCTABIIATH,
aHAIM3UPOBATh, IPUHUMATh PElleHus, AeNaTh BbIBOALIL. VcnpaBisaTs cBou ommbOku. [Ipu BeimonHeHnN
MHTEPAKTUBHBIX JOMALIHUX 3aJaHUM, MOCTPOEHHBIX C IOMOUIbIO JIaHHOTO CEpPBHUCA, Y4YaIUECS
MOJy4aloT HAaBBIKM CaMOCTOSITENbHOM paboTel, (HOpMHUPYIOT Yy 0Oydarolmuxcs YHUBEpCalbHbIC
y4eOHbIe IeMCTBUS U MO3BOJIIIOT Oosiee 3(h(PEeKTUBHO TOCTUTATH IIAHUPYEMBIX PE3YJIHTATOB.

CchulKM Ha 3aJJaHUS Ha CalTe:

1. Ccpinka Ha WHTEPAKTUBHBIN pecypc «3anosHu MIPOITYCKI:
http://LearningApps.org/display?v=posbfgtgal6

2. CcpUiKa Ha MHTEPAaKTUBHBIN pecypc «KTo X0deT cTaTh MUJITHOHEPOM) !
http://LearningApps.org/display?v=p8h14i30j16

3. Cchlnka Ha MHTEPAaKTUBHBIN pecypc «Haiau mapy»:
http://LearningApps.org/display?v=pbwayahen16

[Tnarpopma LearningApps mpemocTaBiseT MIMPOKHE BO3MOXKHOCTH Uil CO3JAHUS
UHTEPAKTUBHBIX YIPAKHEHUH 110 PYCCKOMY S3bIKY, CIIOCOOCTBYsSI MOBBIIIEHHUIO MOTHUBALUM U
BOBJICUEHHOCTHU yYaIIUXCS.

[ToueMy MMEHHO UTPOBBIE CEPBUCHI IPUBJIIEKJIN MO€ BHMMaHMe? Jlen0 B TOM, 4TO, KaK MHCal
A.C. Makapenko «Mrpa umeer BaxxHO€ 3HaUEHHE B JKU3HHU peOEHKA, MMEET TO K€ 3HAUYEHUE, KaKoe y
B3pOCJIOr0 UMEET JIeTeNbHOCTh, paboTa, ciayxk0a. KakoB peOeHOK B UTpe, TAKOB BO MHOT'OM OH OyJieT
B pa0oTe, Korja BeIpacTeT».

Urpa tpeOyeT HanpspKEHHsT SMOLMOHAIBHBIX U YMCTBEHHBIX cuj. OHa MOMOraloT JETSIM CTaTh
TBOPUYECKHMHU JIMYHOCTSMHM, Ja€T BO3MOXXHOCTh TOKa3aTh ceOs. B urpe yueHUK peanu3yeT Takue
Ba)XHBIE COCTABIISIOLIUE €T0 KU3HU KaK CAMOBBIPAXEHHUE, CAMOIIPOBEPKA, CAMOOIIPE/IETICHHE.

B pamkax 0OHOBIIEHHOTO coJiep:KaHusl 00pa30BaHUsI MOTUBALIMS K OOYUEHUIO 3aHUMAET BaXKHOE
mecTo. Llenp MoTuBanuu - GopmMHupoBaHUE Yy JEeTe yCTOWYMBOrO MHTEpeca K MpEAMETY, pa3BUTHE
JIOTUYECKOI0 MBIIUIEHHS] U YMEHMSI IPUMEHSATH ITOYyYEHHbBIE TEOPETUYECKUE 3HAHUS HA IPAKTUKE.

Cnenyromas 1iargopma,KOTOpPYI0 IPUMEHEHSI0 Ha ypoKax B KadecTBe 00pa30BaTEIbHOIO
UrpoBoro cepsuca,asiusercs Wordwall.Ota mnnargopma mo3BoiseT B 3HAYMTEIBHOM CTENEHU
aKTUBHU3MPOBATh YUEHUKOB M MHTEHCU(PUIMPOBATh yUEOHBIN MPOLIECC HA YPOKAX PYCCKOIO sI3bIKa U
JAUTEpaTyphl. B KOHTEKCTE MHTEPAKTUBHBIX UTP 3HAHUS MpUOOpeTaroT uHble GopMbl. OCOOEHHOCTHIO
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TaKUX 3HAHUH SIBIISETCS TO, YTO YYAIIHMICS TOTYYaeT ee He B BUJIE YK€ TOTOBOW CUCTEMBI OT IME/1arora,
a B Ipolecce COOCTBEHHOM aKTUBHOCTH.

Wordwall — 310 MHOroQyHKIMOHATBHBI HHCTPYMEHT MIJIsl CO3[aHHS WHTCPAKTUBHBIX U
nevaTHbIX MarepuaioB. Camoe Ii1aBHOE, 4TO CEPBHC OYEHb IPOCT B HMCIIOJIB30BAaHHM, YTO BBITOJHO
OTJIMYACT €ro OT JAPYIHX, CJOXKHBIX CEPBHCOB, IPEICTABIAIOLIMX HEKOTOPYIO TPYIAHOCTb [UIs
nenaroroB. Pabora Ha 3TOM cepBHCE JOCTYIHAa Ha JI00OM YCTPONCTBE: KOMIIBIOTEpE, TeledoHe,
IUTaHIIETE, - UMb Obl ObLI 1ocTyn B IHTEpHeT.

Ho ecnu Takoro mpocrtyna HET, MOKHO MCIOJIB30BaTh IEYaTHBIE BEPCUU, U UCIIONB30BaTh UX Ha
OOBIYHBIX YPOKaX KaK caMOCTOATEeNbHOE yueOHoe 3a1anue. Kak BUIuM, HCIOJIB30BaHKUE 3TOTO CEpPBHCA
HE OrPaHMYUBACTCS TOJIBKO TUCTAHIIMOHHON (hopMOii 00yueHHs, UMeeT Oobloe OyayIiee H BO BpeMs
OOBIYHBIX YPOKOB.

Hrpossle 3a1aHus CO3JAI0TCS ¢ MOMOIIBO 1aba0HOB. Hamo BeIOpaTh 1M1a0JI0H U 3alI0JIHUTH €T0
CBOMM YUY€OHBIM MaTepuajoM. 3aTeM OTIPaBUTh CCBUIKY YYEHHMKAM, Ha)KMMas Ha KOTOPYIO OHH
HAUMHAIOT UTPaTh, BEIOMpAs MpaBMiIbHBIE OTBETHl. OTBETUB Ha BCE BOINPOCHI, YUYCHHKH OTIPABISIOT
UX, HAIlUCaB CBOE MMsl, M YUUTEIIb B PEKUME PEaTbHOTO BPEMEHHU Y3HAET YPOBEHb 3HAHUN ydalIUXCs
1o Toi uiau uHoW Teme. EcTh Tabnuia nuaepoB, KOTOpas MOTHUBUPYET AETEH, pa3BUBAET B HUX IyX
3JI0pPOBOT'0 COIIEPHUYECTBA.

Cama wurpa mpoxoAWT OY€Hb OBICTPO, 3aHUMAET MAJI0 BPEMEHH, HO IPU ITOM aKTHBH3UPYET
MBICIIUTENBHYIO JAEATEIbHOCTb, PA3BUBACT JIOTHKY, OBICTPOTY MBILIUICHHUS] U KOHLIEHTPALMIO BHUMAHUS
YUEHHKOB.(8)

Cnucoxk nurepaTypsbl:

1.BaiftypceiHoBa A. Poib pyccKoro si3blka B IOJIMKYJIBTYpHON oOpa3oBaTenbHOU cpene Kaszaxcrana.
— Anmarsl: Kazak ynusepcurerti, 2020.

2.Cenesko I'.K. CoBpemenHbIe 00pazoBaTenbHble TexHooruu. — M.: Haponnoe o6pazoBanue, 2021.
3.llapumnoBa A.M. DieKTpoHHOE OOydYeHHME W €ro BO3MOXXHOCTH B OWIMHIBaJIbHOW mikoie. //
O6pazoBanue u nHHOBaUU. — 2022, — No3.

4.OcnanoBa /[.1{. InHTepakTHBHBIE TEXHOJIOTUU B MOIUA3BIYHOM 00pa3zoBanuu. — Hyp-Cynran: butim,
2019.

5.Caiit Bilimland.kz — Dnexrponnas miardopma st mkosn Kazaxcrana.

6.[Tonmar E.C, Mouceea M.B., TletpoB A.E. Ilemarornueckuie TEXHOJOTHH JAUCTAHIIMOHHOTO
o6yuenus /Ilox pen. E.C.Ilonatr. — M., "Axkagemus", 2006

7.Baitnnopd-CeicoeBa M.E. Ilenaroruka B BUpTyasibHOM 00pa3oBaTenbHOU cpese: XpecToMaTus.
M..MI'OY, 2006. - 167 c.

8.KoBanbuyk E.A.Mcnonbp3oBaHue »1neKTpOHHbIX UIpoBbIX cepBucoB «Wordwall» u «Cahoot» Ha
ypOKax pycCKOro si3blKa U JINTepaTyphl.
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«bIUIBIM HIEKAPACBI3»
XAJIBIKAPAJIBIK TAFBIJIBIMJIAMA — FBIJIBIMU IAMY IbIH BACITAJIIATBI

Jlaypa Hopaeea, Aiirican Anapxan

on Dapabu amvinoazvl Kazax ynmmoix yHusepcumemi,
«busnec mexnonocusnapy kagheopacviHvlH

2 kypc PhD ooxkmopanmmaput

byrinari Tanga FeUTEIM MeH OUTIMHIH kahaHgaHy ypaici skac 3epTTeyuIliep YIIiH
KaHa MYMKIHJIKTEpP MEH OaFrbITTap alllbIll OTHIP. OJNEM/IIK aKaIeMUSIIBIK KeHICTIKKE EHY,
XaJbIKApaJblK FBUIBIMM OpTaJa TMKIPUOE >KMHAKTAY JKOHE WIETENIIK KOFapbl OKY
OpBIHAApPBIMEH opinTecTik opHaTy — PhD pgokTopaHTTapablH KociOM AamMybl MeEH
FBUIBIMU ©CY1HIH MaHBI3 bl TETITTHE alfHAJIIbI.

Ocpl OarpiTTa on-Papabu aTeiHAarbl Kazak YJITTBIK YHUBEPCUTETI OULTIM allylibl
JOKTOpaHTTap¥a camnajbl FRUIBIMA OPTaJa TarbUIbIMAAMaJaH ©Tyre >KOJ allbll KeJeidl.
VYHUBEPCUTETTIH XaJIbIKaApAJIbIK CEPIKTECTIK OailylaHblcTapbl HOTHKeCiHIAe Ka3¥V-nbiH
OKOHOMMKA >KOHE OM3HEC >KOFapbl MEKTen (akyJbTeTiHIH, «busHec TexHomorusaap»
kadenpacbiHblH «MapkeTHHIr» MaMmaHbiFbl OoitbiHIIa PhD nokropanTtraper MOpaesa
Jlaypa Manap6exoBHa MeH AHapxaH Aibkan KaapipiueBHa AKIEHU3 YHUBEPCUTETIHIE
(Typkwust) FBUIBIMHA TaFbUIBIMAAMAJAH OTII, MIETENIIK FRIIBIMU TOKIpUOEMEH TiKeleH
TaHbICY MYMKIHAITIHE U€ OOJIIBI.

TarpuibiMaaMa OarapiaamMachl asiCblHAAa JOKTOPAHTTAp JUCCEpTalusl TaKbIphIObIHA
colikec Kaszipri 3aMaHfbl 9MIICTEPIH, XaJIbIKapajblK HapbIKTapAa OpeH[ KaJbIITACTHIPY
TETIKTEPIH JKOHE TYTHIHYMIBUIBIK MIHE3-KYJIBIKTBI 3€pTTEy TOCUIIEPIH TEPEH MEHTepi.
CoHbIMEH KaTap, AKJEHU3 YHUBEPCUTETIHIH MNpodeccop-OKbITYIIbIIap KYpaMbIMEH
OipJiecim FRIIBIMH CEMHUHapJIapFa KaThICHIN, ©3/ICPIHIH TUCCEPTAUSIIBIK TaKbIPHIITAPhI
OOWMBIHIIIA CHIHAAPJIIBI MIKIP anMacysap >Kyprizii.

[erenmik FoUIBIME KeTekill — mpodeccop Axmer Anu Kou TarbuibiMIaMa
OapbICbIHIAa JOKTOpPAHTTApFa FBUIBIMU KEHec Oepim, OJapIblH 3epTTeY KYMBICTaphIHA
omicTeMelNik Koyijay kepcerTti. OHBIH KociOM Toxipubeci MEH aKaJeMUSIIbIK
YKETEKIIJITT TaFbUTBIMJAaMaHbIH MAa3MYHBIH TEPEHJCTIN, JOKTOPAHTTAPABIH FHUIBIMU
KO3KapachlH KEHEUTYTe 30p BIKMAMT ETTi.

JlokTopanTtTap  ymiH OyJ  TaFpUIbIMJaMa  XaJbIKApaJblK  aKaJIEeMUSIIBIK
OaillaHbICTap/ibl HBIFATYyFa, WMIETENIIK FBHUIBIMH OpTaga ToKipuOe >KMHAyFa MKOHE
QJIJIBIHFBI KaTapJbl O11iM Oepy YITUIepiMEeH TaHBICYFa MaHbBI3IbI MYMKIHIIK O6epi. Omap
anFaH OutiMaepl MeH ToXIpuOenepiH emiMi3AiH FhUIBIMBI MEH OLIIM CaJlaChIHBIH
JamMybIHa OaFbITTay/ bl KO3JIEM OTHIP.

byn tex fbulbIMH OUTIMMEH anmacy ajaHbl FaHa €MeC, COHBIMEH Karap Kac
FANIBIMJIAPbIH 3€pTTEy KOKXKHUEriH KeHeTeTiH, Ka3zakcTaHHBIH XaJlbIKapaJblK FHUIBIMU
KaybIMJACTBIKIIEH HWHTETpalMsIaHyFa bIKIAJd €TeTIH MaHbI3Abl KaJaM Jen aiTcak
0oJ1abl.
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KYJbTYPHOE HACJIEJUE «ACAP» KAK MHCTPYMEHT YCTOMYHUBOT' O
PA3ZBUTHUA: OIIBIT ®OHJA «<ACAP-YME»

Myxmapkanoe Pycnan I'anuonaesuu

Mazucmpanm cneyuanbnocmu

"Ilenosoe aomunucmpupogarnue 015 pykosooumenei" Ynpaenrenue 6 cghepe HIIO/HKO
busnec wkona HAO « Ynusepcumem Hapxo3»

Anmamut, Kazaxcman

AHHOTAaLUA

B ycnoBusax rnoOanuzanuu, UMQPOBU3ALMU U POCTA COLMAIBHOIO HEPAaBEHCTBA BO3PACTAET
3HAUYUMOCTb JIOKQJIBHBIX (OopM couuanbHOM MoOmnmmzauuu. OpHod u3 takux ¢opm B Kazaxcrane
ABJISICTCA TPATULMsL «acap» — KOJUIEKTHBHOM B3aMMOIIOMOILIM M TpyZoBoro ydactus. Hactosmiee
UCCIICIOBAaHME PACCMATPUBAET «acap» KaK KyJIbTYPHBIH MEXaHU3M, CIOCOOCTBYIONIMHA YCTOHYHBOMY
pasBuTHIO oOmecTBa. B Qokyce — mearenbHOocTh hoHma «Acap-YMme», peanusyrollero MNpakTHKH
TPaJUIIMOHHOM  B3aMMOIIOMOIIM B COBpPEMEHHOM  couuainpHOW  cpene.  Mcmombsyercs
MEXIUCUUIUIMHAPHBIM  MOJAXOA, BKJINOYAIOUIMM  KyJbTYpOJOTHMUECKUH, COLIMOJOTMYECKUH U
yIpaBIeHYECKUN aHaIn3. DMIUpUYecKas 0a3a BKIIOYAET KaYeCTBEHHBIC M KOJIMYECTBEHHBIE METO/IBI:
Kelic-aHaIn3, MHTEPBBIO M CTATHUCTUYECKUE TaHHbIE (PoHAa. Pe3ynbpTaThl MOKa3bIBaOT, YTO MPAKTHUKA
«acap», OyIydum BCTPOCHHOH B JEATEIBHOCTh HEKOMMEPYECKOW OpraHu3alHy, CHOCOOCTBYET
CHIDKEHHIO WKIMBEHYECKUX HACTPOCHUH, YIYYIICHHIO OJIATOCOCTOSHUS CEeMEH W YCHICHUIO
IPa)XAaHCKOW BOBJIEUEHHOCTH.

KiroueBbie cJjioBa: acap, yCTOMUMBOE pa3BUTHE, KyJIbTYPHOE HACIEAME, B3aMMOIIOMOLIb,
coruanbHas Mmoounuzanus, pouna «Acap-Yme», [[YP OOH

Beenenne

CoBpeMeHHOE OOIIECTBO CTAJIKUBACTCS C PAJOM BBI30BOB, CBSI3aHHBIX C YTPaTOW COIMAJIbHBIX
CBA3€H, POCTOM HHAMBHIYyallM3Ma WU CHWKCHHMEM [JOBEpUS MEXAY TIpakJIaHaMU. OTH IPOLECCHI
yCYTyOJSIOTCS T00aTbHBIMU KPU3HCAMU — OT SKOHOMHYECKHX JI0 KOJIOTMYECKHX, — 4TO TpeOyer
MOMCKa HOBBIX Mojeniel ycroiunBocTd. OHUM K3 BO3MOKHBIX OTBETOB MOXKET CTaTh OOpalleHHe K
KyJbTYPHBIM TPAJUIMSIM B3aUMOIIOMOIIN U KOJIJIEKTUBHOM OTBETCTBEHHOCTH.

Acap — 370 TpaauuuoHHas (opMa KOJUIEKTUBHOW B3aMMOIIOMOLIM y Ka3aXxOB, OCHOBAaHHAas Ha
TOOPOBOJIBHOM YYacTUM YJI€HOB OOUIMHBI B BBINOJHEHUHM 3HAYUMBIX JUIsI CEMbH WJIM OOIECTBa eI
(cTpouTensCTBO Jo0Ma, cOOp ypoxas, OpraHu3alus KOYEBKHM M Jp.), NPH KOTOPOH Tpynd
BOCIIPMHUMAETCS HE KaK YCIIyra, a Kak MOPaJIbHbIM U KyJIbTYPHBIH JIOJT.

Tpaguius «acap» B Kazaxcrane sBisieTcs OJHUM U3 SIPKUX IIPUMEPOB HCTOPUUYECKU
CJIOKMBLICHCS CHCTEMBbl TOPHU3OHTAJIBHOW Koomepamuu. JTa (QopMa KOJJIEKTMBHOTO Tpylda U
MONJEPKKU T03BOJIsUIa COOOIECTBAM pelllaTh CIIO0XKHbBIE KHU3HEHHBbIE 33aud — OT CTPOUTEIHCTBA
KWIbs 10 cOopa ypoxkas — Ha NPUHLHMIAX JOOPOBOJIBHOCTH M B3auUMHOCTU. OJIHAKO B YCIIOBHUSX
ypOaHU3allMy U CMEHBI COLMANIbHBIX YKJIAJ0B 3HAUMMOCTh 3TOW MPAKTUKH CHUXKAETCS, U BO3HUKAET
HEOOXOJUMOCTD €€ PEMHTEPIIPETALIMY B COBPEMEHHOM KOHTEKCTE.

Llens maHHOTO MCCNENOBaHMS — BBIIBUTH, KaK MPAKTHKA «acapa» MOXKET ObITh aJanTUpOBaHa K
3aJja4aM yCTOMYMBOTO pa3BUTHs OOIIECTBA HAa IpUMepe aeareabHocTh hoHaa «Acap-Yme». OcHOBHas
TUIOTE3a 3aKJII0YaeTcss B TOM, YTO HHTErpalusl KyJbTYPHOTO HACIEIus B COLMAIbHBIE NPOEKTHI
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YCUIIMBAEeT HUX HPPEKTUBHOCTb, CHUXKAET WKIUBCHUECKHE YCTAaHOBKM M (OPMHUPYET yCTOWUMBBIE
co00IIeCTBA.

CraTbs oYepKHUBaET MOTEHLMAN KyJIbTYpHOI'O HaclaeIusl Kak pecypca yCTOHYMBOIO pa3BUTHUS U
npejiaraeT paccMaTpuBaTh «acapy» Kak Ka3aXCTaHCKYIO MOJIENb JIOKAJbHOTO MapTHEPCTBA B paMKax
peanu3zauuu Leneit ycroituusoro pazsutust OOH.

CraThst ommpaeTcsi Ha COYETAaHHE TEOPETHYECKUX IMOIXOAO0B M OMIMPHYECKUX JAaHHBIX,
NOJYYCHHBIX B paMKax aHaiu3a paboTel GoHma. B pabore Taxke MPOBOAUTCS Mapajlielib MEXIY
«acapom» U aHAJIOTMYHBIMU IIPAKTUKAMU B IPYTHX CTPaHaxX, YTO MO3BOJISET BKIIOYUTh Ka3aXCTaHCKUN
OTIBIT B TTI00AJIBHBIN AUCKYPC.

B3anMonoMoub Kak 0CHOBA yCTOMYMBOCTH

Tpaguuuu B3aMMONOMOIIM M KOJUIEKTUBHOIO TpyJa CYLIECTBYIOT BO MHOTUX KYJIbTYpax H
UTPaIOT KIHOYEBYIO POJIb B (OPMUPOBAHUHU YCTOWYMBBIX cooOmiecTB. B kazaxckoM oOliecTBe «acap»
BBINOJIHSI BaXKHYIO COLMATIbHYIO (DYHKIHMIO — YKPEIUJIsUI 10BEpUe, CO3/1aBajl TOPU3OHTAIIbHbBIE CBA3U U
MOOMIIN30BAI JIFOJEH Ha ol1iee /1eno, Oyab TO CTPOUTEIBCTBO JI0Ma, IIOMOIIb IPU KOYEBKE WM cOOp
yposKasi.

[TomoGHBIE POPMBI BCTpEUAIOTCS U B IPYTUX CTpaHAX:

o IO:xHas Adpuxa — punocodus Ubuntu, ocHoBaHHAs HA IPUHIUIE «51 CYLIECTBYIO, IOTOMY
4To MbI cymecTByem». Ubuntu nonaep:xupaer oO1uHHbIE POPMBI TOMOIIN, B3AUMHOIO
COTICPEKUBAHMS U KOJUIEKTUBHOTO AcicTBus (Mazrui, 2001).

o SInmonus — npakTrka yui B OKMHABE, TJIe KPECThsIHE 00BEANHSITUCH JJIs1 COBMECTHOMW TOCAIKU U
yOOpKH yporKasi, pPeMOHTa JJOMOB, TIPOBEICHUS CEIbCKUX MPA3THUKOB. DTH TPAJUIINN YKPEIUISLIH
COIMAIBHYIO COJUIAPHOCTh M CHUYKAIM PUCKH OOHUIIIAaHUS OTHeNnbHBIX ceMel (Bestor, 1998).

e KrIpreizcran — zkapaam, Gopma B3auMOIIOMOIIN TIPU CTPOUTENBCTBE, CBaIb0AaX HITH
XO3sICTBEHHBIX JleNlaX, aHaJoruyHas kazaxckomy acapy (Kypammera, 2019).

® VY30eKHCTaH — Xalap, KOJJIEKTUBHAs yOOpKa yJIHIL, pEMOHT HH(PPACTPYKTYPHI WIIK TIOMOIIb B
cenbckoM xo3siiictBe (Hazapos, 2020).

e Poccus, besapych, YkpanHa — T0J10Ka, COBMECTHAs IIOMOIIb COCE/SIM B CTPOUTENBCTBE U
yOopKe yporkasi, COXpaHUBIIAsICS KaK AIEMEHT cesibckor KynbTypsl (Kukhterin, 2017).

Keiicnr:

e B V306ekucrane B 2019 roay B pamkax nHULIMATUBBI «Maxannabail» KUTeIu 11eJ10ro pailoHa
MIPOBEJIN XalIap M0 BOCCTAHOBJICHHIO IIKOJIBI, pa3pyIIeHHOH IOclie HaBOJAHEHUS. B pe3ynbraTe mpoekT
TIOJTYYHJT TIOJJIEP’KKY MECTHBIX BJIacTel u On3Heca.

e B SImonnu B 1995 roay nocie 3emierpsicenust B Kobe akTHBUPOBaIKCh TPAAUIIMH YUi, KOoria
KHUTEH PaiioHOB CaMOCTOSTENILHO OPTaHU30BAIM BPEMEHHbIE YOEKHILA U CUCTEMY paclpe/ieleHus
IPOIYKTOB. DTOT OIBIT OBLIT MO3KE MPU3HAH KaK yCIIEIIHas MOJIeNb «community resilience» (Shaw &
Goda, 2004).

e B Kazaxcrane B 2021 rony B TanabIkoprane »HUTeJIH OPraHU30BAIN acap 10 CTPOUTEIbCTBY
JIOMa JIJTsl MHOTOJIETHON CEMBH, MTOTEPSBIIEH JKMIIbE B TIOXKAPE, YTO CTAIO TIPUMEPOM <GKUBOM
TpaAUIUN) B YPOAHUCTHIECKOM KOHTEKCTE (0TUeThl hoHAa «Acap-Ymen).

OTH MPAKTUKHA 00BETUHSIET HECKOIBKO KITFOUEBBIX (PYHKITHA:

1. ®opmupoBaHue TOBEPHS — YKPEIUICHHE TOPU30HTAIBHBIX CBS3€H BHYTPH COOOIIECTRA.

2. CouuanbHasi MOOMIM3ALUS — CIIOCOOHOCTH OBICTPO OOBEANHATHCS B KPU3UCHBIX CUTYAIHAX.

3. YkperuieHue JTOKaIbHON UASHTHYHOCTH — COXpaHEHUE TPAJIUIUI U KYJIbTYPHBIX LIEHHOCTEH.

4. Pecypc yCTOWYMBOIO pa3BUTHS — IPAKTUKH B3aMOIIOMOIIIM TIOMOTAIOT CHI)KATh YPOBEHb
0eTHOCTH, pa3BUBATh YEJIOBEUECKHUI KalnTall ¥ MOJePKUBATH HHKJIIO3UBHBIE COOOIECTBA.
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B nayunoli nuteparype Takue (OpMbI ONMMCHIBAIOTCS KaK MPOSIBICHUS COLMAIBHOIO KamuTala
(Putnam, 2000), nmpuMepsl caMOOpPraHM30BaHHOTO ymnpaBieHus oommHamu (Ostrom, 1990), a taxxe
KaK HeMaTepHalbHOE KYJIbTYpPHOE Hacieaue, o0anaroiiee MoTeHINAIoM JUIsl YCTOWYUBOTO Pa3BUTHUS
(UNESCO, 2015, 2018).

Cormacao IOHECKO, nemarepuanbHOE Hacieaue MOXKET OBITh HE TOJBKO HHCTPYMEHTOM
KyJIbTYPHOH WACHTUYHOCTH, HO U IUIATGOpPMON i CONHMATbHO-3KOHOMHYECKOTO Pa3BUTHS,
MOCKOJIBKY ~YKpEIUISIET CIUIOYEHHOCTh, CHHXKAET COLMajbHble PUCKH U (OPMUPYET UYBCTBO
npuHaiexxnoctd (UNESCO, 2018). «Acapy», kak JokaibHas (GopMa MOOWIM3alUU, BIUCHIBACTCS B
3Ty JIOTUKY, IEMOHCTPUPYS YHUBEPCAIBHOCTh TPAJAUIIUU U €€ COBPEMEHHYIO aKTyaJIbHOCTb.

MeTtonosiorus uccae0BaHUS

Metononorndyeckasi OCHOBa KCCIEAOBAHUSA CTPOUTCS HAa MEXAMCUUILIMHAPHOM IOIXOJE,
00BEANHSIONIEM KYJIbTYPOJIOTHUYECKYIO, COLIMOJIOTMYECKYIO0 U YIPABICHUECKYIO MEePCIeKTUBBL. Takoii
noaXoa  OOyCIIOBIIEH CHEeUM(UKON HCCIeqIyeMoro sBICHHS: «acap» MPeNCTaBIsieT CoOOH
OJIHOBPEMEHHO KYJbTYpHOE HacjleAue, CONUAIbHYI0 TPAKTUKY W HWHCTPYMEHT YIpaBICHUS
JIOKQJIbHBIMHU COOOIIECTBAMH.

KonuenrtyajibHasi paMKa HCCJIeJ0BAHUS OMUPACTCS HA HECKOJIBKO KIFOYEBBIX TEOPETUUECKUX
IIOJIO’KEHUI:

1. KoHumenmusi connajabHoro kanurtajaa (Putnam, 2000), cormacHo KOTOpO#t 1oBepre, HOPMBI
B3aMMHOCTH U TOPU30HTAJIbHBIE CBSI3U (DOPMUPYIOT OCHOBY YCIEIIHBIX cO00IIecTB. Acap, Kak ¢popma
KOJUICKTUBHOW B3aUMOTIOMOIITH, HAIIPSIMYIO CBSI3aH C HAKOTUICHHEM COLIMAJIbHOTO KaluTaa.

2. Teopusi KOJUIEKTHBHOTIO JIEHCTBHA 1 CAaMOOPTaHU30BAHHOTO YIIPABJICHUS OOITUMU
pecypcamu (Ostrom, 1990). Acap MOKeT OBITh pACCMOTPEH KaK MHCTUTYLMOHATN3UPOBAHHAS
IIPAKTHKA, PETyJIUPYIOIIas JOCTYII K peCypcaM U CIIoCOOCTBYIOIIAs CIIPABEIIMBOMY PaCIpeIeICHUIO
00513aHHOCTEH.

3. Hoaxon FOHECKO k HematepuaibHOMY KyJabTypHOoMY Haciaequro (UNESCO, 2015,
2018), rae KyabTypHBIEC TPAKTUKU PACCMATPUBAIOTCS KaK PeCypc YCTOWYMBOTO pa3BUTUA. Acap
BIIMCHIBAETCA B OTY PaMKY, TaK KakK TpaHC(HOPMUPYETCS B COBPEMEHHBIX YCIOBUAX, COXPaHSIS CBOIO
COLIMANIbHYIO 3HAYHMOCTb.

4. Teopus ycroitunBoro passurus (Brundtland Report, 1987; Sachs, 2015), akuentupyroimas
BHUMaHWE Ha HEOOXOIMMOCTH WHTETPAIIUH KYJIHTYPHBIX ¥ COITUAIBHBIX MMPAKTHK B CTPATETHIO
MOCTPOEHHUS YCTOMYUBOTO OOIIECTRA.

Takum 00pa3zom, METOJOJIOTHSI MCCIIEIOBAHUS COYETAeT B ce0e aHaIM3 KyJIbTYPHBIX KOJIOB,
M3YyYEeHHE COIMANBbHBIX MPAKTUK U OIIEHKY UX YIpaBleHYecKor 3((HEeKTUBHOCTH.

MeToabl HCCICI0BAHUSA

JIist  TpOBEpKH THIOTE3bl WCCICIOBAHHUS W JIOCTIDKCHHS €ro IeJIeH TMPHMEHEHBl Kak
KaueCTBCHHBIC, TAK M KOJJUYCCTBEHHBIC METO/IBI.

1. KayecTBeHHBII1 Kelic-aHAIN3.
®Ponx «Acap-YMe» paccMaTpuBaeTCs KaK YHUKAIBHBIN K€HC MHCTUTYIIMOHAIN3AMY TPAJULMH acapa.
B pamkax keiic-aHann3a U3y4aroTcs UCTOPHUS Co3AaHus (HOHMAA, €ro MPOrpaMMbl, pe3yIbTaThl U
BIUSHUE HAa OeHeuIapoB. Takoit METO ] MO3BOJSAET HE TOIBKO BBISIBUTH CIICU(DUKY
dbyHKIIMOHUpOBaHus (OHIA, HO U IPOAHATH3UPOBATH €r0 BKIAA B (hopMHpOBaHUE YCTOWYHUBOCTH Ha
YpOBHE JIOKaJIbHBIX COOOIIECTB.

2. Habmonenue.

HccnenoBaHre BKIIOYAIO BKIIOUEHHOE U HEBKIIIOUEHHOE HAOIOIEHHUE 32 IeATEIHbHOCTIO (DOH/IA B
nepuon 2021-2024 rr. D10 mo3BOIIIIO 3aPUKCHPOBATH KaK OPTaHU3AIMOHHBIC ACTIEKTHI (MEXaHH3MBbI
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yIpaBJICHUS TPOEKTaMH, B3auMoecTBre ¢ JoHopamMu 1 CMMU), Tak 1 OBEICHUECKHUE MATTEPHBI
6eHeuapos (yyacTue B aKIMsIX, TOTOBHOCTb K BOJIOHTEPCTBY, CTEIIEHb BOBJIIEYEHHOCTH).

3. Ioaygopman3oBaHHbIe HHTEPBBIO.
ITpoBeneHsl UHTEPBBIO ¢ OeHepUuLHapaMu GOHAA, TPEUMYIIECTBEHHO MHOT'OAETHBIMU MAaTEPSIMH.
WHTEpBBIO CTPOUIIMCH IO TEMATUUYECKUM OJIOKAM: OIBIT OJyUYEHHsI TIOMOIIH, BocnpusaTie GoHa,
BJIMSIHAE HAa CEMEHHYIO0 )KU3Hb U COLMaNIbHBIN cTaTyc. Takoil MeTo/| 103BOJINII BBISIBUTh CyObEKTHBHBIE
3P PEKTHI: POCT YBEPEHHOCTH, MOTHUBAIIHIO K CAMO3aHATOCTH, MOSBJICHUE YyBCTBA COIPUYACTHOCTH.

4. AHAJIM3 KOJIMYeCTBEeHHBIX JaHHBIX.
B uccnenoanue BritoueHa cratuctuka ponma 3a 2019-2025 rr. (KoaudecTBO ceMei, MOTyYUuBITNX
KHIIbE, IETeH, BOBJICUEHHBIX B IPOrpaMMbl HACTABHUYECTBA, 00bEMBI IPUBJICUEHHBIX PECYPCOB).
KonnyectBenHast 00paboTKa MO3BOJIMIIA OLIEHUTh AMHAMUKY MacIITa00B AeSATEIbHOCTH (POHIA U
COIIOCTaBUTh €€ C COIMATBHBIMU (P (HEeKTaMH.

5. CpaBHUTe/IbHBIH aHAJIM3.
Acap COmoCTaBIISIICS C aHAIOTUYHBIMH MTPAKTUKAMHU B3aUMOITOMOIIH B pyrux crpanax (Ubuntu B
Adpuke, yui B SInonuu, xamap B Y30ekucrane). ITO MO3BOJIIIO BBIIBUTh YHUBEPCATIbHBIC YSPThI U
cnenuduyeckre 0coOEHHOCTH Ka3aXCTAHCKOTO OIBITA, a TAK)KE BKIIOYHUTH MCCIIEIOBAHNE B
r7100aIbHBIN JUCKYPC.

ITHYEeCKHEe MPUHIMIIbI

Bce aranbl nccienoBaHus COOTBETCTBOBAIM CTaHAApTaM aKaJEMHUYECKOM JTUKH. YUYaCTHUKU
MHTEPBbIO JIaBaJld JI0OpOBOJIbHOE corjacue Ha yvacTue. JlaHHble OBUIM AHOHUMHU3UPOBAHBI U
UCTIOJIB30BATMCh HCKIIOYHTENIBHO B HCCIEAOBATENIbCKUX IensiX. [Ipum paboTe ¢ BHYTpEeHHUMH
oryeramu (oHIa obOecrieunBasiach KOH(PHUICHIIMAIHLHOCTh M COTJIACOBAaHUE JIOCTYIa C PYKOBOJCTBOM
OpraHu3aluy.

Bbi0op ¢donna «Acap-Yme»

@®oHJ OblT BEIOpaH B KAUECTBE UCCIIEI0BATENBCKOTO Keiica 0 HECKOIbKUM MPUYHUHAM:

® OH HalpsMYI0 OCHOBAH Ha MPUHIMIAX acapa, YTO MO3BOJISIET IPOCIEAUTH TPAaHCHOPMAIUIO
TpaJMLMU B UHCTUTYLIUOHAIBHYIO (pOopMy;

® CcoueTaeT TPaJAULIMOHHbIE MEXaHU3MbI B3aMOIIOMOIIY C COBPEMEHHBIMU UHCTPYMEHTAMHU
KOMMYHMKAIUH, KpayA(aHIuHTra U IPOEKTHOTO MEHEKMEHTA;

® €ro JeSTeIbHOCTh OXBAaThIBAET IIMPOKHI CIIEKTP cep — OT oOecrieueHus KUIbEeM 10
00pa30oBaTeNbHBIX IPOrpaMM, 4TO JEJaeT ero MpUMepOM KOMIUIEKCHOTO MOJIX01a K YCTOHYMBOMY
pa3sBUTHIO.

Takum 00pa3oM, METOJOIOTUS HCCIEIOBAHUS TO3BOJIIET BCECTOPOHHE PACCMOTPETh (PEHOMEH
acapa: Kak KyJbTypHOE HacjeAue, KaK COLHUAJIbHYIO INPAKTUKy U KaK HMHCTPYMEHT YCTOHYHMBOIO
pazButua. OHa coderaeT IIIyOMHY KaueCTBEHHOTO aHaiu3a C OOBEKTHUBHOCTHIO KOJIMYECTBEHHBIX
JTAHHBIX U 00ecreynBaeT BKIOYEHHE Ka3aXCTaHCKOTO OIbITa B MEXAYHAPOIHBIA KOHTEKCT.

4. Pe3yabTaThl M aHAJIU3

4.1. lannblie poHaa «Acap-Yme»

Jannbie ¢ponna «Acap-Yme» MpeacTaBiIsioT COO0H YHUKAIbHBIA YMIUPHUECKUI MAaCCHB,
MO3BOJISIOIINHN MPOCIETUTH, KAKUM 00pa30M TpaJUIIMOHHAs MPaKTHKA acapa aJlaiTHPYeTcs U
MHCTUTYLIMOHAIM3UPYETCS B ycIoBUAX coBpeMeHHoro obmecta. C 2019 mo 2025 rr. ¢ony mporen
MYTh OT JIOKAJIbHOW MHUIIMATHBBI, OKA3aBIIEH MOMOIIb HECKOJIBKUM CEMbsIM, JI0 MacIITaOHOU
OpraHMu3aIiy, OXBaTUBILEH COTHU JOMOXO03SHUCTB U BKIIOUMBIIEH B chepy CBOEH e TEeNbHOCTH
o0Opa3oBaTeibHbIe IPOTrPAMMBI JIJIS I€TEH.
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IToka3aTens 2019 | 2020 | 2021 | 2022 | 2023 | 2024 | 2025

Koun-Bo cemeld, monmyunBmmx xunse | 13 49 252 243 | 300 |300 (68

Jereli, mnomyyuBIIMX JAOCTYH K 100 |70 56
00pa30BaHUIO U HACTABHUYECTBY

*T1o cocrosHuro Ha nroHb 2025 rosa.

@DOHJT aKTUBHO BOBJIEKAE€T B IPOLIECC HE TOJBKO JTOHOPOB, HO M CaMHUX IOJONEYHBIX: OHU
y4acTBYIOT B 0JaroycTpoicTBe COOCTBEHHON XM3HU. TakuM o0pa3oM, peaau3yeTcs MPUHIIMI «acapy
KaK BOBJICYEHHOH MOMOIIIY, a HE OJIarOTBOPUTEIHLHOCTH B TPATUIIMIOHHOM TOHUMAaHHH.

[TpencraBnenHpie TUGPHI MO3BOJISIIOT HE TOJIBKO 3a()UKCHPOBATh KOJMYECTBCHHBIE U3MEHCHUS,
HO W WHTEPIPETHPOBATh WX Yepe3 MPU3MY YCTOWYUBOTO PA3BHUTHUS, COLUUATBHOW MOOWIHM3AIUHN U
(hOpPMUPOBAHUS HOBBIX TIPAKTUK COHIAPHOCTH.

KonuyecTBeHHasi TMHAMUKA

1. Kunuurnasi nporpamma gonna.

e B 2019 rony dpona npenocraBui xuibe 13 ceMbsM. IT0 ObLT 3TAIl NIJIOTHBIX UHUILIMATHB,
Korza (GoH TOJIEKO (OPMUPOBAT CUCTEMY IOHOPCKOM MOAIEPKKH U OTpadaThiBal MEXaHU3MbI
noxoopa ceMei-0OeHePUITApOB.

e B 2020 roxy mokasaresns BeIpoc 10 49 cemeil. YBennyeHne MouTy B YEThIpE pa3a
CBUJIETEIHLCTBYET O POCTE JOBEPHS K OpraHU3aIlMH U PaCIIMPEHUH €€ PeCcypCHOil 0asbl.

e HauGonee 3HaunTeIbHBINA CKa4OK npowusoiien B 2021 rogy — HOMOIIb MOIy4YUiu 252 ceMbH.
DTOT roJl MOKHO paccMaTpUBaTh KaK MEPeIOMHBII: JOH]] cTaj UCMOIb30BaTh MACCOBBIE KAMIIAHHH B
COILIMANIFHBIX CETSIX, a TAKXKE MOJIKIFOYMI KPYIMHBIX KOPIMOPATUBHBIX TOHOPOB.

e B 2022 rony uucno cemeli coctaBuiio 243, 94To MOKa3bIBa€T yCTOMYUBOCTH A€ATEILHOCTH Ha
BBICOKOM YPOBHE, HECMOTPSI HA MAKPOIKOHOMHUYECKUE BHI3OBHI.

e B 2023-2024 rr. ¢pona odbecnieun xusbeM 1o 300 cemelt exxeroaHo. ITo MOXKHO
WHTEPIPETHPOBATH KaK MHCTUTYITHOHATH3AINIO MPAKTUKH — OHT IOCTUT «TUTATO), KOTJIa MMPOIIECCHI
cTayi 00JIee CHCTEMHBIMH U MaCIITa0HPyEMBIMHU.

e B nepsoii nonosune 2025 roaa nokasareinb coctaBui 68 cemeil. [Ipu coxpaHeHUH THHAMUKH K
KOHITY T'0JIa MOXHO 0XuaaTh mudpy okoio 150-170, yto OyneT Hike MUKOBBIX 3HAUeHUN. CHUKEHHE
MOJKET OOBSICHATHCS Kak MepepacipesielieHneM pecypcoB (GoH/Ia B TTOJIB3Y 00pa30oBaTeNbHBIX
MpOrpaMM, TaK ¥ SKOHOMHYECKUMH OTPaHUYCHUSIMHU.

2. O6pa3oBaTeiibHbIE MPOrPAMMBI.

e B 2021 roxy ¢honn BriepBbIe 3asBIII 0 HOBOH cepe nestenpHocTr: 100 nereid momydumm
JOCTYT K 00pa30BaHHIO U HACTABHUYECTBY.

e B 2022 romy mokasarens camsmiics 10 70, a B 2023 — g0 56 nereii. HecMoTpst Ha yMeHbIIICHHE
YHCJIa YYACTHUKOB, BAXKHO OTMETHTHh KAUeCTBEHHBIH aCIEKT: MTPOrPaMMBbI CTAHOBSITCS OoJiee
WHIMBUTYATH3UPOBAHHBIMH, aKI[EHT CMEIIACTCSI Ha JOJATOCPOYHOE COITPOBOXKICHHE.

Metoasbl cO0pa JaHHBIX

@DoHJ KCTIONB3yeT KOMOMHUPOBAHHBIN MOIX0 K COOPY JaHHBIX:

1. OdunmansHas or4eTHOCTH. OCHOBHOM MAacCHB TJaHHBIX COOMPAETCS Ha yPOBHE OyXTalTepCcKOn
Y aJIMHHHACTPATUBHOM JJOKyMeHTauu (GoHaa. DTO KacaeTcs KOJIMIeCTBA TOCTPOSHHBIX JJOMOB,
MIPHUBJICYCHHBIX CPEJICTB, YHCIIA YYACTHHKOB IMPOTPAMM.
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2. IloneBwie HaOMOAeHUS. YacTh TaHHBIX (GUKCUPYETCS COTPYAHUKAMHU (DOHIa BO BpEMs BBIE3/IOB
B PETHOHBI. DTH HAOIIOACHUS BKIIIOYAIOT HE TOJIBKO KOJTUYECTBEHHBIE ITOKA3aTeIH, HO U
KaueCTBEHHbIE OMKCAHUS YCIOBHH KU3HU CeMel, X BOBJIICYCHHOCTH M TUHAMHKH MOCTIE MOTYUYCHHS
MIOMOILIH.

3. Onnaiin-unctpyMmeHThl. C 2020 roma akTMBHO IPUMEHSIOTCS UPPOBBIC TUIATGOPMBI
(conManbHBIE CETH, CAT) Yepe3 KOTopbIe POH/ MMoTydaeT 0OpaTHYIO CBS3b OT JOHOPOB H
OeHeduIapos.

4. NuTepBblo M UCTOPUH ycrexa. B pamkax MonuTopuHra osa coOrupaer paccka3bl yUaCTHUKOB,
KOTOpBI€ (PUKCUPYIOTCS B JOpME KEHCOB U MyOIUKYIOTCS B COLMAIBHBIX MEa U OTYETHBIX
JOKYMEHTaX.

TakuM 00pa3oM, JaHHbBIE UMEIOT CMEILIAHHBIN XapaKTep, YTO MOBBIIIAET UX JOCTOBEPHOCTD:
KOJIMYECTBEHHBIE CBEIACHUS MOATBEPKAAIOTCS KAUECTBEHHBIMU HAPPATUBAMH.

ITHYeCKHe ACTEeKThI cO0pa JaHHBIX

Pabora ¢ ya3BuMbIMH rpynnamMu (MHOTOETHBIE CEMbU, MAaTEPU-OJIMHOUKH, JETH U3
MaJI00OECIIEYEHHBIX CeMeii) TpedyeT CTPOroro COO0CHUS AITUYECKUX IPHHIUIIOB. B nesTensHOCTH
¢doH/1a MOKHO BBIJICIIUTH CICAYIOIINE TPAKTHKU:

1. Jlo6poBoasHOE yuyacTe. Bce cembu corjacHsl Ha ydacTue B IporpaMmax U Ha myOJIMKaIiio
CBOUX MCTOpUH.

2. KonduaeHumansHOCTh. B MHTEPBBIO IS MCCIEIOBATEIBCKHX HIEICH UCTIOIB3YIOTCS
AQHOHMMM3UPOBAHHbBIE JaHHbIE, UMEHA U3MEHSAIOTCS UM 0003HAYAI0TCS HHULUAIAMHU.

3. Nuadopmuposannoe cornacue. [lepen coopom nHPOpMAITUN COTPYTHUKH (DOHIA OOBICHSIOT
1eJIb UCCIeIOBaHUS U OyIyIIero CIOIb30BaHUs JAHHBIX.

4. YBaxeHHe K JOCTOMHCTBY. BaxkHo, uTo (pOH/ aKIEHTUPYET BHUMaHHE HE TOJIBKO Ha TTOMOIIIH,
HO U Ha aKTUBHOM POJIM CAMUX CEMEW, YTO CHMIKAET PUCK CTUTMATHU3ALMK U MKINBEHUECKUX
HACTPOEHUM.

HNuTepnperanusi 1aHHBIX Yepe3 NPU3MY YCTOMYHBOIO PAa3BUTHS
[TonmyuyeHHble TUQPBI MO3BOJSAIOT BBIEIUTH HECKOIBKO KIFOUEBbIX T€HICHIIUMI:

1. Poct macmitaba u mHCTUTYIMOHAIM3aus. Y Benndyenue yucia cemet ¢ 13 1o 300 B rox
OTpakaeT He TOJIBKO POCT TOHOPCKOH 0a3bl, HO U epexo] POH/1a OT MHUIIMATUBbI SHTY3HACTOB K
YCTOMYHMBOW OPraHU3aLMU C CUCTEMHBIM YIIPaBICHUEM.

2. ConmanpHblii Kanutan. GOHI HEe OrpaHMYUBACTCS TIPEIOCTABICHHEM MaTEPHATbHOMN MOMOIIIH.
BoBneuenue 6eHeduninapoB B 1esTENBHOCTH (y4acTue B 6J1aroycTpoiicTBe JOMOB, MOCIENYIOIIee
BOJIOHTEPCTBO) CO3/1a€T HOBbIE TOPU30HTAIBHBIE CBSA3H.

3. AaTH-mKAUBeHYCCKHH d3PPeKT. B oTiHune OT TpaAuIIHOHHBIX 0JIATOTBOPUTEIHLHBIX MOJICIICH,
/i€ TOMOUIb GUKCHUPYET 3aBUCUMOCTb, (DOH/ CTUMYJIUPYET aKTUBHOE y4acTUe ceMel. ITo
MPOSBIISIETCS B Kelcax, KOr/ia MOoy4yaTed KIIbs BIIOCIECTBUU CTAHOBATCS BOJIOHTEpAMU WU
peANPUHUMATENSIMU.

4. @okyc Ha ycTounBocTU. OOpazoBaTeNbHbBIE MPOrPaMMbl, HECMOTpSI Ha OTpaHUYEHHBIN 0XBAT,
JEMOHCTPUPYIOT CTPATETUYECKYIO OPUEHTALIMIO Ha JOJITOCPOYHOE PA3BUTHE YEJIOBEUYECKOIO KalluTala.

5. Pucku u Bb130BBI. CHIDKEHHE 0XBaTa 00pa30BaTENIbHBIX MPOTrpaMM M criaj nmokaszareneit 2025
rojia yKa3plBaloT Ha HEOOXOIMMOCTh TMBEpCU(UKAIINN HCTOYHUKOB (PMHAHCHPOBAHHUS U 00JIee YeTKOM
CTpaTeruy yCTOMYMBOIO POCTa.

CpaBHHMTEILHBIH KOHTEKCT
Bxurouenune nanHbIx poHaa «Acap-YMe» B MEXTyHApOAHBINH KOHTEKCT MO3BOJISIET YBUIETH, UTO
€ro JIMHaMHKa COOTBETCTBYET INIO0ATbHBIM TpeHAaM. Bo MHOTUX cTpaHax JIoKaibHbIe HMHUIIMATUBBI
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B3aMMOIIOMOIIH TAK)K€ MPOXOJWIN MYTh OT CIIOHTAHHBIX aKIMH K HHCTUTYLHOHAIM3UPOBAHHBIM
HKO. IIpumep Ubuntu B FOsxHoit Adprke win xarrapa B Y30eKucTaHe TOKa3bIBAET, YTO TOJIBKO TE
MPAKTUKHU, KOTOPBIE 3aKPEILIAIOTCS] OPraHU3allMOHHO, CIIOCOOHBI IOCTUTaTh CUCTEMHOT0 3 dexTa.

BbiBoabI 10 aHAIN3Y

1. Tannbie ponaa noaTBepxaaoT 3pPpeKTUBHOCT MOAETH acapa Kak KyJIbTYpHOH (hopMBI
MOOWJIN3aLNH, aalITUPOBAHHON K COBPEMEHHBIM YCIIOBHUSIM.

2. KomOuHupoBaHHBIN cO0p naHHBIX (0 diaitH 1 OHJIAKH) TTO3BOJISET 00ECIICYHTh BBICOKYIO
CTENeHb JOCTOBEPHOCTH.

3. DTuyeckue NPUHIMIBI COOIIOIAIOTCS HA BCEX 3Talax, YTO YCUIIMBAET JOBEpUE K OpraHu3aluu
U K UCCIIEIOBATEILCKUM PE3yJIbTaTaM.

4. CraTtucTu4ecKue MoKazareian JIEMOHCTPUPYIOT HE TOJIBKO KOJMYECTBEHHBINH POCT, HO U
Ka4eCTBEHHBIE U3MEHEHUS — IIEPEX0/]] OT MOMOIIIM KaK aKTa 0JIarOTBOPUTEIHHOCTH K IOMOIIU KaK
IIPOLIECCY BOBJIEUEHUS U COJIMJIAPHOCTH.

5. Jyist TONTOCPOYHON yCTOMYUBOCTH (DOHJI JOJIKEH YKPEIIIATH 00pa30BaTEIbHYIO
COCTABJISIOLIYIO U PacIIUPsITh MAPTHEPCKYIO CETh.

B nenoMm, ananus nokasbIBaeT, 4To GoHA «Acap-YMe» SBISETCS MPUMEPOM yCIICITHOM
MHCTUTYIMOHAU3ALUU KYJIbTYPHOTO HACeIUsl, CIIOCOOHOTO HE TOJIBKO PElIaTh COLUaIbHbIC 331a4U
311eCh M ceiyac, HO U (POPMHUPOBATH HOBBIE YCTOMUMBBIE MPAKTUKH TSI Oy IyIIErO.

4.2. Uctopuu ycnexa (keiicbl)

Keiic 1. Cembsi [Inanni (2020 rox)

[lepBasi cembsi, OMy4YMBIIAs TMOJHOICHHYIO MOMOIIb OT GoHma «Acap-Yme», cembs JuaHsl,
MmaTepu cemephix aereil. B 2020 roay cembs U3 aeBSITH 4yenoBek moiyumia aom. [locae storo duana
HE OCTajach MAacCUBHBIM OeHeduIMapoM: OHa cTaja BOJOHTepoM (OHIA, apeHI0Baia HEOOJbIION
MarasuH, Hajaauia CHaOXKeHHWE NPOAYKTaMU HYXKIAIOMIMUXCS ceMeld B cene AKXKOIbIM. BaxHoii
JeTajblo SBISIETCS TO, YTO CTapuas J04b, MOJIY4YMB OOpa3oBaHHE, CMOIJIa TPYJOYCTPOMUTHCSA 3a
py6exxom, B Tannanne.

AHaJu3:

® DTOT KeiC JJeMOHCTPUPYET aHTU-MKAMBEHYECKUH 3(PEKT: MOMOILb He 3aKpenuia
3aBUCHUMOCTb CEMbH, a HAIIPOTHUB, CTaja KaTaJlu3aTOpPOM €€ COLIMaIbHON aKTUBHOCTH.

o [Ipumep wmmoctpupyeT 3G HeKT MyIbTUIUTUKATOPA — MOJTYYHB MOJIEPIKKY, CEMbS
TPAHCIHUPYET €€ AablIe, IOMOrasi APYIUM HYKIAIOIIUMCS.

e C TOYKH 3peHusl yCTOWYMBOTO pa3BUTHs, Kelic Jlnansl oTpaxkaer Bkiaaja ¢ponna B L{YP 1
(JIuxkBupanms aumetsl) U LIYP 11 (Vceroituubbie cooOmiecTBa), Tak Kak CeMbsl HE TOJIBKO BBIIIIA U3
KpHU3HCa, HO U YKpPEMuia COIMANbHBIE CBSI3U BHYTPH JIOKAIBHON OOIIMHEI.

® B KynpTypHOM IUIaHE KEHC MOKa3bIBAET, KAK TPAULUS acapa peajln3yercsi B COBpEMEHHON
¢dbopMe: osyyaTesb MOMOIIY CTAHOBUTCS] aKTUBHBIM YUYaCTHUKOM B IaJIbHEHIINX aKIUIX
B3aMMOIIOMOLIIH.

Keiic 2. Cembst YMuab1 (20222025 roamb)

YMmuga — maTh mectepsix aeteil. B 2022 roay ee ceMbs moiyumia 1oM oT GoHaa «Acap-Ymey.
B konne 2023 roga B paMkax mporpamMmbl MOJACPKKHA (OHJ MPEAOCTABUI CyOCHUAMIO HAa pa3BUTHE
COOCTBEHHOTO Jienia — HiBeiiHoe obopyaoBanue. B 2025 rogy YMuaa BMecTe ¢ ApyruMH KEeHITUHAMU
NpPUHSIA yyacTHe B MACHITAOHOM COOBITHM: yCTAHOBIEHMM pekopna ['mHHeca mo momuBy 600 kypak
KOpII€ Ha BBICOKOTOPHOM KaTke Meneo B AMarhl.
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AHaju3:

® JlaHHBIM KeiC OTpa)kaeT MHTETPALMIO0 KYJbTYPHOTO HACIEIUs B KOHOMHUYECKOE pa3BUTHE.
Kypak kopne — 5JeMEHT HeMaTepUaJibHOrO HacjieAus, a BOBJICYCHHUE JKCHIIMH B KOJUICKTHUBHOE
TBOPYECTBO YCHJIMJIO UX YYBCTBO COMIPUYACTHOCTH U CO3AJI0 HOBBIE BO3MOXKHOCTH ISl 3apaboTKa.

® BaXHO OTMETUTH T'€HACPHBIN aCMEKT: MPOEKT MOJAEPKMBAET )KEHIIIUH KaK KJIIFOYEBBIX aKTOPOB
u3MeHeHuM, uro cootHocutcs ¢ LIYP 5 (I'ennepHoe paBeHCTBO).

® DTOT KEHC WUIIOCTPUPYET YCTOMYMBYIO TpaHC(POpPMAlMIO TIOMOIIU: IPEAOCTaBICHUE HE
TOJIBKO JKHWJIbSI, HO U PECYPCOB JIJIsi CAaMO3aHATOCTH (POPMHUPYET Y CEMbU HOBBIC UCTOUYHHMKH JI0X0J]1a U
CHIDKAET PHCK BO3BPATa K COCTOSTHUIO OCTHOCTH.

e VYyacThe B MEXKIYHApOJHO IPU3HAHHOM COOBITHH (pekopa [WMHHeca) mpuaaeT Kency
CHMBOJIMYECKOE 3HaUYeHHE: (OHJ COCIUHSET TPATUIIMIO acapa C TJIOOAJIBHOW IMOBECTKOM, Jenas ee
4aCTbI0 MUPOBOM KYJIbTYPHOU U COLIUATIbHON UCTOPUHU.

CpaBHUTe/ILHBII aHAJIN3 KelicOB

e (O0a keiica JEMOHCTPUPYIOT, uTO (GoHA «Acap-YMe» BBIXOJIUT 3a PaMKH TPATUIIMOHHOM
MOJIeJTH 0J1arOTBOPUTEIIEHOCTH U JICHCTBYET Kak Iuiardopma TpaHchopMaIum.

e B o0oux ciydasx moiayyaTeld MOMOIIM CTAHOBSITCS aKTUBHBIMH YYaCTHUKAMH COIHMAIbHBIX
mpoueccoB — Oyab TO BOJIOHTepcTBO (/[lnana) winum mpeanpUHUMATEIBCTBO M KYJIBTYpHOE
MPOU3BOJCTBO (YMUIA).

e Keiic /luaHpl MoOKa3bIBaeT, Kak IOMOIIb MOXET OBbITh TpaHC(HOPMHUPOBaHA B COLMAJIbHBIN
KaluTall, a KEMC YMHUJIBI — KaK B YEJIOBEYECKUM U KYJIbTYPHBIM KanuTall.

® DTH WCTOPUHU IOATBEPXKIAIOT, YTO IMPAKTUKH acapa B COBPEMEHHOM BHJIC pabOTarOT Kak
YCTOWYMBBIC COLMATbHBIC HWHHOBAIMU, (GOpPMHUpPYS COOOIIECTBO HE ITACCUBHBIX IOJydaTeled, a
AKTUBHBIX CO3UIATEINICH.

4.3. D¢ deKT aHTH-NAKIUBEHYECTBA

B xiaccuueckoi Mojienu 61aroTBOPUTEIHLHOCTH OMOIIIH TTPEIOCTABIISAECTCS CBEPXY BHU3: JOHOD
WM OpTaHM3alvs BBICTYMAaeT B POJU CyOBbEKTa, a MojJydaTedb — B POJU OOBEKTa, Ybs 3ajaua
OTPaHUYMBACTCS MPUHATHEM MOAAepKKU. [Tog00HBINH MOAX0 HEPENKO 3aKpeIuisieT MKAUBEHUECKHe
YCTaHOBKH, (OpMHpYys 3aBUCUMOCTh U CHIDKAs MOTHBALMIO K CaMOCTOSITEIbHOMY Pa3BUTHUIO
(Chambers, 1997).

®onx «Acap-YMe» NPUHIMIHAIBHO BBICTPAUBAECT CBOIO JCSATEIHHOCTh HWHAYe, HCIOIb3YS
TPAAUIMIO acapa Kak KyJbTypHbI KoJ. CyThb 3aK/IIO4aeTcsi B TOM, YTO IMOMOIIb COMPOBOXKAAETCS
YCIIOBUEM WM, TOYHEE, BO3MOKHOCTBIO Y4acTHUsl caMHUX OeHe(pHUIIMapoB B MpOIEcCce €€ peann3allii.
Hanpumep, cembH, Moiydaroliue >XWiIbe, HEPEAKO MPUHUMAIOT y4yacTHEe B €ro OJIaroycTpoiucTBe,
PEMOHTE WM O3€lleHeHUU JABopa. Takum oOpa3om, Modydarenb MepecTaeT ObITh MAaCCHBHBIM
HaOJIroIaTeNIeM, a CTAHOBUTCS COYYaCTHUKOM COOCTBEHHOT'O COITMAILHOTO MPe0Opa3oBaHUsI.

Habmroienust 1 MHTEpBBIO ¢ OeHepUIIMapaMu MOKa3bIBaIOT, YTO yKe uepe3 6-12 mecsies nocie
MOJIyYEHHUSI TIOMOIIM MHOTHE CEMbH HA4YMHAIOT BOBJICKATHCA B JIEATEIHHOCTh (POHIA B KA4YECTBE
BOJIOHTEpOB. Yarre Bcero peup uiaeT o:

® [IOMOIIM B OpraHU3alliy MEPOTIPUATUI POoHAA;

® YYaCTUU B aKIUAX 1O cOOpPY CPENICTB;

® TI0JIJIEP’KKE HOBBIX TOJIONIEYHBIX, KOTOPBIE TOJIBKO BCTYIIAIOT B IPOTPaMMYy.

DTOT (EHOMEH MOXKHO OIHCaTh KaK «BO3BPAaTHAasi MOMOIIb», KOTJa OBIBIIHE 00JamaTeNn
CTAHOBSATCS aKTUBHBIMH JJOHOPAMHU — MYCTh M HEe ()MHAHCOBBIMHU, HO COIIMAILHBIMU M YEJIOBEUCCKUMU
pecypcamu.
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AHaJIUTHYECKH 3TO MOKHO OOBSICHUTD Yepe3 KOHIENIHUIO colnaabHoro kanurtaia (Putnam,
2000). Acap B uaTepnperanuu Goraa «Acap-Yme» GopMUPYET TOPU30HTAIBHBIC CBS3H, OCHOBAHHBIE
Ha JIOBEPUH U B3aUMHOCTH. VDKIMBEeHUeCKast MO3ULIKMS HEBO3MOXKHA B CUTYallMHU, KOTJJa IIOMOILb
BCTPOCHA B CETh 0053aTENILCTB M COLUAIBHOTO JOJITa.

CymiectByeT U ncuxojoruueckuit 3 QexT: yyactue B acape BOCCTaHABIMBAET YYBCTBO
COOCTBEHHOTO JIOCTOMHCTBA Y OeHeuimapoB. OHU NIEPECTAIOT ONIYIIATh ce0sf 00bEKTaMU TOMOIIH U
HAYMHAIOT UACHTU(PUIUPOBATH ce0s KaK CyObEKTOB U3MEHEHUH. DTO CHIKAET PUCK MaprUHAIN3alUN
U COLMAIbHON U30JISLIUU, YTO OCOOEHHO Ba)KHO ISl MaTe€Peii-OMHOYEK U MHOTOJIETHBIX CEMEH.

IIpumepsnl u3 npakTuku GoHaa:

e Jluana (cM. Keiic 1), moy4mB KUJIbe, CTajla BOJIOHTEPOM, apeHI0Bajla Mara3uH U Havaa
MOMOTaTh IPYTUM CEMbSIM MPOTyKTaMH.

e Heckonbko cemeil, mosyuyusire goma B 2022 ro1y, OpraHnu30BaJId acap Il CEMbH,
norepsBIIei xuibe B moxkape B 2023 roxy, hakTHUIECKH BOCIIPOU3BO/IS TPAAULIUIO HA JIOKATBHOM
YPOBHE.

e Momnonexs, BOBICUCHHAs B IPOrpaMMbl HACTABHUYECTBA, I103KE BO3BpalaeTcs B GOHA yxe
KaK MEHTOPBHI /7151 HOBBIX Y4aCTHUKOB.

TakuMm 00pazom, 3PPEeKT aHTH-NKIUBCHUECTBA B JIEATSIBHOCTH (OH/IA MIPOSIBIIICTCS B TPEX
KITIOYEBBIX (hopMax:

1. Coyuactue — 6eHeHUIIAPBI BOBICKAIOTCS B MPOIIECC TOTYYSHUS TIOMOIIHN (CTPOUTEIBCTBO,
0J1aroyCTpOICTBO).

2. Bo3BpaTHas momois — ObIBITUE 00J1aaTeI CTAHOBSATCS BOJIOHTEPAMH U TIOMOIITHHKAMH IS
HOBBIX CEMEH.

3. ®opMupoBaHUE aKTUBHOTO I'Pa)/1aHCTBA — MOJIOTNIEUHbIe (HOH/Ia OCO3HAIOT IIEHHOCTH CBOETO
BKJIaJ[a B 0011Iee eTI0, YTO YKPEIISET TOKaIbHbIE coo0IIecTBa U GOPMHUPYET KYIbTYPY
B3aMMOTIOMOIITH.

TakuMm obOpazom, hoHa «Acap-YMe» He MPOCTO pemaeT npodiaemMy 6eTHOCTH UIH OTCYTCTBUS
JKWIBSI, HO M CO3/IaeT YCIIOBUS It (DOPMHUPOBAHMSI HOBOU COITMAIBHON HOPMBI: TIOMOIIIb
paccMmaTpuBaeTcs He Kak KOHEYHAs TOYKa, a KaK Ha4yallo IyTH K OTBETCTBEHHOCTH, YIaCTHIO U
B3aMIMHOU MOJICPKKE. DTO JISTACT €0 OIBIT IEHHBIM TPUMEPOM UHCTHUTYITHOHAITU3AINN TPATHIIIH
acapa B COBPEMEHHOM O0IIIECTBE.

5. “Acap” u leau ycroiiunsoro pazsutus (LIYP OOH)

Acap MOXeT ObITh MHTEPIPETUPOBAH KaK JIOKaIbHAsg MOJeNb peanu3anuu Lleneit ycroitunBoro
pa3BUTHA, OTpaKaIOIlasi YHHUBEPCAIbHBIE IIEHHOCTH B3aMMOIIOMOIIM, paBeHCTBA U ydacTHs. OMBIT
donma «Acap-YMme» TMOKa3bIBa€T, 4YTO TPATUIUS KOJUIGKTUBHOMW B3aMMOIIOMOIIM MOXET OBITh
MEePEOCMBICTICHA U BCTPOCHA B COBPEMEHHBIN TII00ANBHBIN TUCKYPC.

HYP 1. JIukBuaanmus HAIIETHI.

@DoHJ BCTpanuBaeT MPaKTHKY acapa B 00pb0y ¢ OETHOCTHIO Yepe3 MPEIOCTABICHUE JKUITbsSl U CO3/IaHUE
YCIIOBUH JJIsi CAMO3aHITOCTH.

e JKunbe cTaHOBUTCS HE MPOCTO MATEPHAIBHOMN MOAAEPKKOM, @ CTAPTOBOM TOUKOM JJIs1
WHTETPAIH CEMbU B YCTOWYUBYIO COITMATBHYIO cpexy. Haimane coOCTBEHHOTO JIoMa CHUXKAeT
YS3BUMOCTh CEMEH U YKPEILISET HX IKOHOMUYECKYIO CTaOMIIBHOCTD.

e JlomonHUTENHHO (DOH CTUMYIUPYET Pa3BUTHE MATBIX (OPM IPEIITPHHIMATETHCTBA
(Hampumep, cyOcuanu Ha mIBeifHOe 000pyAOBaHue sl Y MHIBI), 9TO POPMHPYET JOITOCPOUHBIE Iy TH
K CaMOCTOSITEIbHOCTH.

TakxuMm 00pa3oM, MpaKkTHKa acapa B JEATEILHOCTH (DOHIA HAMIPSIMYIO COOTHOCHUTCS C 33/1a4aMu
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yCTpaHEHus KpaiiHel OeTHOCTH U pacIIMPEeHUsl SKOHOMUYECKHUX BO3MOKHOCTEH YSI3BUMBIX I'pYTIIT
HACEJICHMS.

IYP 4. KauecTBeHHOe 00pa3oBaHme.
®onp peanusyer 00pa3zoBaTelbHbIE U HACTABHUYECKUE IIPOrPaMMBbI JUIsl 1€Tell U3 MHOTOJIETHBIX U
MaJI00OECTICYEHHBIX CEMEH.

e Jlet mony4aroT JOCTYI K JOTIOJIHUTEIbHBIM 3aHATUSAM, TPAHTaM U MEHTOPCKOMN MOLACPKKE,
YTO MOBBIIIAET UX IIAHCHl HA COLUAIbHYIO0 MOOUIBHOCTb.

e HacraBHuuecTBO OBIBIIMX O€HEPHUIIMAPOB CO3AAET YHUKAIBHYIO MOJIENb «PaBHBIN 00ydaeT
PaBHOIO», KOTOpasi yCUJIMBAET MOTHBALIMIO U (POPMUPYET TOPU3OHTANIbHBIE CBA3H.
Tem cambiM acap TpanchopmupyeTcs B 00pazoBaTeIbHbIN pecypce, Iie KOJIIEKTUBHAS TTIOMOIIb
nepepacTtaer B POPMHPOBAHUE YEIOBEUYECKOTO KalUTaIa.

IYP 11. YcroiiunBbie coo0IecTBA.

Acap B TpaJULIUOHHOM M COBPEMEHHOM CMBICIIE YKPEIUIAET TOPU30HTAJIBHBIE CBSI3U BHYTPHU
COOOIIECTB.

e Bosneuenune camux cemeil B 6J1aroyCTpoicTBO MOIYUYEHHOTO KHJIbS U Y4aCTUE B aKIUAX
(doH1a CO3/1aET UyBCTBO COIIPUYACTHOCTU U KOJIEKTUBHOW OTBETCTBEHHOCTH.

e (Coo0buiecTBa, BOBJICUEHHBIE B IPAKTUKY acapa, CTAHOBATCS 0oJiee yCTOMUMBBIMU K KpU3HCaM
(SKOHOMHUYECKUM, SKOJIOTHYECKUM, COLMAIbHBIM), TaK KaKk 00J1aJat0T BHYTPEHHUMHU MEeXaHU3MaMU
B3aMMOIIOMOLIH.

Taxum o0pa3zoM, GoH cIOCOOCTBYET CO3/1aHUIO UHKITIO3UBHBIX, O€30MaCHBIX U CIIIOYEHHBIX
COOOIIECTB, UTO HaNpsiMyto cooTBeTcTBYeT LIYP 11.

hnyp 17. IIapTHepcTBa NI YCTONYHMBOIO pa3BuTHs.
®DoHJT 00BEIMHSACT PA3HOOOPA3HBIX aKTOPOB: Om3HEC (HoHOpPHKI, crioHcopbl), CMU u GiorepoB (Meaua
noanepxkka), HKO (konnekTUBHbBIE MHUIIMATHUBBI), a TAKXKe caMuX OeHeUuIrapos.

e Takass MHOTOYpPOBHEBAs 3KOCHCTEMA CO3/Ia€T MOJIENb KOJ1abopaluu, e KaK/plid y4acTHUK
BHOCHT BKJIAJ{ — JIEHbI'AMHU, PECYPCAMH, BPEMEHEM WJIH TPYIOM.

e Bosneuenue nyOoauuHbIX GUryp ycunusaet 3¢ (GekT JoBepus U MOBBIIIAET MaclITald oxXBara
AKIIUN.

B sTOM acnekre acap BBICTyHaeT Kak JOKajbHast (hopMa riod6aabHOro NapTHEPCTBA, 1€ TPajnuIus
aJaNTUPYETCs MOl COBPEMEHHBIE MEXaHU3Mbl KOMMYHHMKAIIUHU U YIIPABICHUS.

Acap B uHTeprperanuu GoHaa «Acap-YMe» CTaHOBHUTCS HE MPOCTO 3JIEMEHTOM KYJIbTYpPHOTO
HacJIeusl, a )KMBOW COLIMAIbHON TEXHOJIOTHEN, KOTOpasi IOMOTaeT JA0CTUraTh KOHKpeTHbIX L[YP. Ota
MpPAaKTHKa MOATBEPXKAAET, YTO YCTOWYMBOE DPA3BUTHE BO3MOXKHO TOJIBKO TOIZa, KOrja rio0anbHble
L[EJIM COOTHOCSITCS C JIOKAJbHBIMU KYJIbTYPHBIMU IPAKTHUKAMHU.

6. Obcy:x1eHne

«Acap» B uHTepnperauuu Gonma «Acap-YMe» — 3TO HE TOJIBKO KyJIbTypHOE Hacjeaue, HO U
conuaabHasgs TexHogoruss. OHa ¢GopMUPYET YCTOMUYUBBIE CBA3M MEXIY JIIOJbMU, AKTUBUZHUPYET
BHYTPEHHHUE PECYPCHI COOOIIECTB U CHIXKAET COLMAIbHYIO 3aBUCUMOCTh. B yCIIOBHUSX MOCTCOBETCKOIO
IIPOCTPAHCTBA, TJIE A0JTr0€ BpeMs JOMUHHUPOBAIIN BEPTUKAIbHBIE (POPMBI TOMOIIH, TAKHE UHULIUATUBBI
CIIOCOOHBI U3MEHUTH CaMy JIOTHKY 0J1aroTBOPUTENbHOCTH.

Mesxaynapoansiii onbiT (Ubuntu, SMOHCKKHE KOOMEPATHUBbI) MOKA3bIBAET, YTO TOJIBKO T€ MOJIENHN
YCTOMYMBOIO Ppa3BUTHS, KOTOPbIE ONMPAIOTCA HA JIOKAIbHYIO HAEHTUYHOCTb, JEHCTBUTEIBHO
paboTaloT B 1OJTOCPOUYHON MEPCHEKTHUBE.

7. 3ak/0ueHue
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Pe3ynbTaThl McciieIoBaHUs MOATBEPKAAOT TUIOTE3Y: KYJbTYPHOE HACIEeINe, TPEACTABICHHOE B
dbopme  «acapa», CIOCOOHO  CIYy)XHTh OCHOBOM  yCTOWYMBOIO  pa3BUTHSA, €CIHM  OHO
HHCTUTYIIUOHAJIU3UPOBAHO B paMKaX COBPEMCHHBIX YIIPaBJICHYCCKHUX IIPAaKTHK.

@onpa «Acap-YMe» IEeMOHCTPUPYET YCIEHIHYI TpaHCHOpMAIMIO KyJIbTYPHOW TpaJWLIUU B
pabouyr0 MOJENb: BOBJIEKAIOIIYIO, AJalNTUBHYIO, COLHAIbHO 3(PQeKTHBHYI0. DTO AETaeT MPOEKT
AKTYAaJIbHBIM HC TOJIbKO B HAIlUOHAJIbLHOM, HO U B MCKIYHAPOAHOM KOHTCKCTC KaK IMPUMCP «KHUBOU
TpaauLIMN» B ACHCTBUM.
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IHATPUOTTBIK TOPBUE MEH TYJIFAJIBIK JAFTTAPBIC: ’KACOCIIIPIM KE3EH
EPEKHIEJIIKTEPIH IICUXOJIOT' UAJIBIK 3BEPTTEY

Owaxkoaes Kanoonam /lonoaesuu

AmnaaTna. by 3epTTey jKYMBICHI )KacoCHipiM Ke3eHIHIeT1 TYIFAIBIK JaFJaphiC TIeH MaTPUOTTHIK
TopOue apachlHIarbl e3apa OaillaHbICTap/Abl MCUXOJOTHSUIBIK TYPFBIIAH Taljayra apHanraH. Kaszipri
kahaHgaHy JoyipiHAC WITTHIK KYHIBUIBIKTAPIBIH OJCipeyi, MOJAEHU COMKECTUIIKTIH e3repyl MeH
QJIEYMETTIK OpTaJarbl BIKMAAAPBIH KYIICHO1 KacecHipiMICpAiH TYWIFAIBIK JaMyblHa €Jeylli acep
ereni. OCbl TYpFBIIA, MATPUOTTHIK TOPOME ’KAac YPHAKTBIH YITTBHIK CaHa-Ce3IMiH, pyXaHU OEpiKTIriH,
QJIEYMETTIK  JKayallKepUIUIIriH >KOHE a3aMaTThIK YCTAHBIMBIH  KaJbIITACTBIPYABIH  MAaHbI3IbI
TICUXOJIOTHSUTBIK TETIT1 PETIH/IE KapacThIPhLUIAIBL.

KacecmipiMaik Ke3eH — TYJIFANbIK KaJbIITACyAblH IIemymi ke3eHi. byn yakbitta «MeH-
KOHIIETIIUACHD», ©31H-031 Oarajmay MeH ©3iH-e31 TaHy yjaepici Oenmcenmi mamuasl. OChI ImporecTep
OapbIChIHAA TYJIFala 1MIKI KAWIIBUIBIKTap, KYHIBUIBIK OaFapiapblHBIH ©3repyl >KOHE olleyMeTKe
OeiiiMaeny KUBIHABIKTAPHI OpBIH anagsl. MyHZIail TCHXOJOTHSJIBIK JaFJapbhicTap >KacecHipiMHIH
WITTHIK >KOHE a3aMaTThIK OOJIMBICHIH aWKbIHIAyFa dcep eTeli. 3epTTey >KYMBICHI KacecCHipiMHIH
NATPUOTTHIK CaHA-CE3IMIH JaMBITy apKbUIbI TYIFAIBIK JaFIapbICTapabl SKCHULACTYIIH THIMII
JKOJIApbIH alKbIHIAY/ bl MAKCAT €TEe/Il.

3epTTeyniH TEOPHSUIBIK HETi3i peTiHae O.DpUKCOHHBIH TYIFalblK aamy Tteopusicel, JI.C.
Boeirorckuit men XK. Iluake eHOeKTepiHIEri jkac epeKIIeNiri IMCUXOJIOTUSACHIHBIH KaFuIaTTaphl,
coHfaii-aK Ka3zakcrauablk raneiMaap K.JKapreikbaes, C.banay6aes, b.MykaHOB xoHe O.AnmamypaTroB
eHOeKTepIHJeri YITTBIK IICHUXOJOTHS  TY)XKbIpbIMIamalapbl —alblHABL.  3epTTey  OapbIChIHAA
JKACOCIIPIMACPAIH TMATPUOTTHIK OAaFbITTBUIBIFEI MEH TYJIFAIBIK JaFJapbic JICHICHiH aHBIKTayFa
apHaNFfaH TICUXOAMATHOCTUKANBIK ojicTeMenep (cayanHama, OakpUiay, MPOEKTHUBTI oicTep,
Ma3MYH/IBIK TaJIJay) KOJIIAHBUIJIBL.

3epTTey HOTIKENEepl KOPCETKEHIEH, MaTPUOTTBIK KYHABUIBIKTAD MEH TYJIFalIbIK TYTACTBIK
apachlHJaFbl OailJIaHBIC JKACOCHIPIMHIH OJIEYMETTIK OeliMmaenyiHe, ©31HIIK caHa JACHTeWiHEe MKoHE
OMIpJIIK MaKCaTTapbIHbIH aWKbIHAATybIHA TiKeNeH ocep ereni. ¥JTTHIK Olpereiyiik ce3iMi JaMblFaH
JKaceCIIpIMAEp TYJIFAJIBIK JaF/IapbICThl )KEHUT OTKEpE/ll KOHE eMIpJIiK OarbpIT-OaraapiaapblH TYpPaKTh
KaneinTacTeipaabl. COHBIMEH KaTap, MEKTEN IeH OTOachl JeHTeliHJe MaTPHUOTTHIK TopOue kyheni
JKOHE TICUXOJIOTHSUIBIK TYPFBIIaH HETI3/ICNITEH JKaFaijia, >kacocipiMHIH 1K1 QJIEMIH/IE TYPAKTHUIBIK
IIEH ©31H-631 TaHy YJepici THIM/i Kypeai.

3epTTey KYMBICHIHBIH  TPAKTHUKAJIBIK MaHBI3BI — IIEJAarorrap MEH IICHUXOJIOorTapra
JKACOCIIPIMACPMEH >KYMBIC iCTE€yAe TYIFANbIK JaFJapbICTapJblH alblH ally >XOHE MaTPUOTTHIK
TOpOMEH1 KylelTy OONBbIHILA OICTEMENIK YCBhIHBICTap OepyiHze. AJbIHFaH HaTHXenep OiuliM Oepy
Oarapiamanapbl MEH TOpOUE KYMBICTAPbIH KETUIAIPYTe, YITTHIK PyXaHH KYHIBUIBIKTAp/Ibl 3aMaHay!
TICUXOJIOTHSUTBIK TOCUIZEP apKBLIBI JaMBITYFa MYMKIHJIIK Oepe/i.

KiarTi ce3aep: maTpuoTThIK TOpOUE, TYIFAIBIK JaFAaphIC, )KACOCHIIPIM MCUXOIOTHICHI, YIATTHIK
caHa, a3aMaTThIK YCTaHBIM, ©31H-031 TaHY, YITTHIK O1pereilsTiK, ICUXOJIOTHUSIIBIK OeHiMIEeTy, KYH IBUTBIK
Oarnap, pyxaHu Jamy.

Kipicne. Kazipri Koramaarbl oJI€yMETTIK, JKOHOMHKAJIBIK JKOHE MOJECHM e3repicTep Kac
YPIaKTBIH AYHHETAaHBIMBI MEH TYJIFANIBIK KAJBINITACYbIHA TiKEJEH BIKMAN eTyae. OneMIik xahanmany
KaFdalbIHIA YITTBIH PYXaHU KayilCI3MIriH cakray, MoJIEHH OipereilllikTi HbIFalTy >XOHE YJITTHIK
KYHIBUIBIKTApAbl YPIIaKTaH YpIaKKa >KeTKI3y ©3eKTi MocenenepiAiH Oipi Oosbin oTbip. Ochl TYpFbIAa
NaTPUOTTHIK TOpOME MEH KacecHipiM TYJIFAaChIHBIH JaMybl apachlHOarbl OalIaHbIC FBHUIBIMH-
MICUXOJIOTHSUIBIK TYPFBIJIAaH TEPEH 3€pTTeY I KaXKeT eTel. ONUTKeH1 jKacocmipiMIIK Ke€3eH — TYJIFaIbIK
©31H/IIK CaHa KaJIBIIITAChII, OMIpIiK OarbITTap MEH KYHBUIBIKTAp alKbIHAATATHIH HISITYII Ke3€H.
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[TaTpuoTThIK TopOue — Oys agamubIH 63 OTaHbIHA, XaJIKbl MEH JKEepiHe JeTeH CYHICIEHIIUTITIH,
a3aMaTThIK J>KAyalKEpIIUTriH, YJITTHIK HAMBICHIH JKOHE OJIEYMETTIK O€JICEeHAUIrH KaJbIITacThIpy
yaepici. O xacecnipiMHIH TYIFAIBIK JaMYybl MEH 9JICyMETTIK OeHiMIenyiHae MenTyIii peJr aTKapaibl.
TyraHblH pyXaHu oJIeMiH OalbITy, YITTHIK MOJICHHUET MEH AJCTYpJIepre KypMET CEe3IMiH OATY apKbUIbI
MaTPUOTTHIK TOPOME TYJIFAIIBIK TYTAaCTBIKTHIH HeTi31H Kanaiael. Fameim K.JKapeikOaeBThIH MmiKipiHIIE,
NaTpuoTU3M — OyJI «aZaMHBIH ©31HIH TyFaH JKepiHe, XaJKbplHA, TUIl MEH MOJICHHETIHE JIEereH
CYHMICIIEHIITUTITIHIH, XKayankepuiuriridig kepinici» [XKapseikbae, 2004]. Ocbl TypFbla MaTPUOTTHIK
CaHa TEK CHIPTKbI TOpOME BIKMAIJAPHIHBIH HOTHXKECI €MeC, COHBIMEH Karap TYJIFaHBIH IIIKI pPyXaHU-
aZlaMTepIIIIK JaMybIHBIH KOpiHici O0JIBIT TaObLIaIbl.

XKacecmipiM Ke3eHIHACTI TYIFAIBIK AaFIapbic — IICUXOJOTUSIIBIK aMyIbIH TaOUFH opi Kypaemi
Ke3€eHl. D.DpUKCOHHBIH TYIFAJBIK JaMy TEOpUSACHIHA COMKec, Oy Ke3eHJIE KACOCIIPIM «TYJIFajbIK
COMKECTIIIK» JaFapbIChlH OacTaH Kelleli, SSFHU 63 OPHBIH KOFaMJa i37ei/1i, eMipilik MaKcaTTapblH,
KYHJIBUTBIK OarmapiapblH alkbiHAanapl [Erikson, 1968]. Erep Oyn marmapeic THiMal IemiijiMece,
xKacecmipiMae ©3iH-e31 Oarajay TeMeHJeN, eMIpiiK Oargapiapbl OYJIBIHFBIP OOJBIN, TYJIFAJIBIK
TYPAaKCBHI3IBIK Taiiga Oonambl. AJ MAaTPUOTTBIK TOPOME JI9J OChI KE3EHJIE JKAaCcOCHIpiMHIH IIIKi
yiJleCiMiH cakTayFa, KOFAMMEH OH KapbIM-KAaThIHAC OpHATyFa »OHE O©3iHIH YITTHIK OOJMBICHIH
TYCIHYT'€ KOMEKTECe/Ii.

[Tcuxomnor JI.C. BpIroTckmii »)acecHipiMAIK KAaCTarbl TYJIFAJBIK 1AMy JHHAMUKACBIH <GKAKbIH
namMy aWMarb» YFBIMBL apKbUIbl TyCiHAipreH OonaThiH. O KacecHipiMHIH OIEyMETIIeH KapbIM-
KaThIHACHI, OHBIH TICUXOJIOTUSIIBIK JaMy JCHICHiH aHBIKTAWTBIH OacTbl (pakTOpiapiblH Oipi €KeHiH
atan ertedl [Bwirorckmii, 1991]. Ochl TyprbigaH anfaHjaa, NATPUOTTHIK TOpOME SJIEYMETTIK e3apa
OpeKeT apKbUIbI TYJIFaHBIH KYHIBUIBIKTHIK JYHHETAHBIMBIH KAJIBIITACTBIPAAbl. ¥JITTHIK MOJCHHUET TIEH
TapuXy CaHa DJEMEHTTEPl JKAacOCHIPIMHIH TYHHUETAaHBIMBIH KEHEWTIN, ©31H KOFaM MYyIIECi peTiHJe
Ce3iHyiHE JKaF/Iail XKacauIbl.

JKacecnipiMIik IMaKTa TYJIFAJIBIK JaFAapbICTBIH HETI3T1 KepiHicTepli — ©3-631He CEHIMCI3MIK,
OMOIMOHANIBIK TYPAKCHI3IBIK, KYHBUIBIK OAFBITTApPBIHBIH ayBITKYBI JKOHE QJICYMETTIK COHKECTeHY/IiH
KUBIHABIFBL. by karnaiinap keOiHe pyXaHH jKOHE MOPANbABIK OaraapAblH SJICI3IITIHEH TYBIHIANIbI.
CoOHIBIKTaH TATPUOTTHIK TOpOME XKYHeci TEeK TEOPUSUIBIK YCTaHBIMIApFa €MeC, TCHXOJOTHSUIBIK
MeXaHU3MJIepTe e CYieHyl KaxeT. [laTpuoTThIK caHa TYJIFaHbIH 031H/IK «MEeHiIH» KOFaMHBIH KaJIbl
MakcaTTapbIMeH YiiecTipyal kesneiai. Ockl apKbUIbI JKacecmipiM YITTBIK OpTa MEH KOFaMIbIK
KEHICTIKTET1 63 OPHBIH Taba ayajbl.

Kazakcranapik ranpiM  C.banaybGaeB TyiFalblK JamMy MEH YITTBIK TOpOuE apachIHAarbl
OailmaHpicKa Ha3zap ayjapa OTBIPBHIN, <OKEKEe TYJIFAHBIH KAJBINTaCybl TEK OHOJOTHUSIIBIK HeMece
eyMeTTiK (pakTopiapAblH ocepiMeH FaHa eMec, YITTBIK-PYXaHW KYHIBUIBIKTap apKbUIBI JKy3ere
acazel» gen kepcereni [banay0aes, 1996]. By oif naTpHOTTBIK TOpOUEHIH TYJIFAIBIK JaFJapblcTap/Ibl
eHcepy/Ieri aseyeTiH alKpIHaaiabl. JKacecnipiM e31HIH YITTHIK MOICHUETIHE CYHEHE OTBIPBIIN, OMIpIIiK
MaFrbIHa Ta0a/Ibl )KOHE KOoFaMFra OeliMIenyAiH OH >KOJIapbiH KaJbIITACTHIPA/IbI.

CoHbIMEH KaTap, KacecmipiMIep MCUXOJIOTUICHIH 3epTTereH metenmik ransivaap (K. [uaxe,
K. Pomxepc, A. Macnoy) TyJiFaiablK JaMy/JblH HEri3ri MIapThl PeTiHAe ©31H-631 TaHy MEH ©31H-e3i
’Ky3ere achlpy/ibl KapacTbipajsl. Macioy uepapXxuscbiHaa OyJl KaKETTUIIKTEp €H JKOFapFbl JeHreine
OpHaJIaCKaH, OMTKEHI TYJIFa ©3 9JICYETIH TOJIBIK alllKaH/1a FaHa pyXaHH Terne-TeHaikke sxereni [Maslow,
1970]. An nmaTtpuoOTTBIK TOpOHE OCHI ©31H-631 )KY3€re achIpy/blH OJE€yMETTIK-pyXaHU aJFbIIIapThl
perinae opeker erexi. KacecmipiM €3iHIH YITTHIK TaMbIpbl MEH TapUXW TaMbIpJIapblH TYCIHI'€HJE,
OHBIH OMIPJIIK YMTBUIBICTAPl MEH MOPAJIbABIK YCTAaHBIMIAPH! HBIFAsIIbI.

byriari tanma KasakctanHelH OiiM Oepy JKyHeciHAE MaTpUOTTHIK TOpOME MEH TYJIFANIBIK
JaMyIbl YIITACTHIPY MOceJeci MEMJICKETTIK JeHren e KapacTeipbutyaa. «bimim Typansny 3aHaa sxoHe
«MoHrimik En» wuaescelHOa YIATTBIK KYHABUIBIKTApABI AOPINITEY, a3aMaTThIK CcaHa MEH pyXaHU-
ajamrepuIiTik  Topome Oepy OacTel OarbITTapAblH  Oipi  periHae Oenrutenren [Kazakcran
Pecny6nukaceinbiH - bimim  Typansr 3aHpl, 2019]. Byn OafpiTTa MeKTeN ICHUXOJIOTTaphl MEH
MeJarorTap/blH KOciOM  MaspibIFbl, OMICTEMENIK KYpalJapbl JKOHE TICHUXOJOTHSIBIK KOJAay
TEXHOJIOTHSUIAPhI alpPHIKIIIA MAHBI3Fa HE.
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3epTTeyaiH ©3eKTUIr — Kasipri jKacecmipiMAepIiH TYJIFAbIK JaFIapbIChIH JKCHIIAETY MEH
MATPUOTTHIK CAHAHBI KAJBINTACTBIPYIbI TICUXOJOTHSUIBIK TYPFBIIAH OIpIKTIPYIiH KaKeTTLIITIHIE.
Kenteren 3eprreynep KepCeTKEHIEH, oleyMETTIK KeNiJepiH, Macc-MelIua MEH CBIPTKbl MOJEHU
BIKNAIJAPIBIH KYIICIOl JKACTApPIBbIH YJITTHIK COMKECTUITIH OJICIPETIN, TYJIFaIbIK TYPAKCHI3IBIKTHI
kymedTeai [AimkanoBa, 2021]. Ocel cebenTi YITTBIK HETi3[e¢ TOPOMENICHTeH MaTPUOTTHIK CaHA —
TYIFaJIBIK TYPAKTBUIBIKTBHIH KEMiJ1i OO TaObUIaIbI.

Ochl KYMBICTBIH HETI3I MaKcaThl — JKacecIHipiM KE3CHIHJAET! TYIFAIBIK JdaFlapbic IEeH
NATPUOTTHIK TOpOME apachlHIAFbl TICHXOJIOTHUSIIBIK ©3apa OalIaHBICTBI AHBIKTAY JKOHE OHBI
TOXKIPUOCIIK TYPFBIJIaH HET13/Iey. 3epTTey MIHIETTEPI:

[TaTpuOTTHIK TOpOME MEH TYJIFAIBIK JaMy TYpasibl IICUXOJOTHUSIIBIK TEOPUSIAPABI TATAAY;

KacecnipiM Ke3eHIHIET1 TYIFAIBIK JaF1apbICThIH EPEKIIETIKTEPiH aHbIKTAY;

[TaTpHOTTHIK TOPOUEHIH TYJIFAIBIK TYPAKTHUIBIKKA BIKITATIBIH 3€PTTEY;

[1cuXon0rusIBIK TYPFbIIa HATPUOTTHIK CAHAHBI JAMBITY KOJAAPBIH YCHIHY.

3epTTey HbICAHBI — )KACOCIIPIM TYJIFACBIHBIH ICUXOJIOTUSIIBIK TaMYHI;

3epTTey MoHI — TYIFAIBIK JaFJaphIC IeH NaTPUOTTHIK TOpOUEHIH e3apa OalliaHbICHL.

3epTTey JKYMBICHIHBIH FBUIBIMU JKaHAJIBIFBl — JKACOCIIPIMHIH TYJIFAIBIK JaFIapbICBIH CHCEPYIe
NATPUOTTHIK TOPOUEHIH MCUXOJOTHSIIBIK MEXaHU3MICPIH alKbIHIAYy, MaTPUOTTHIK KYHIBLUIBIKTAPIBbIH
TYJIFAITBIK TYPAKTBUIBIKTBI KAJIBIITACTRIPYIAFbl POITIH FHUTBIMH TYPFBIIAH HETI3IEY.

Ocpinaiiia, TaTpUOTTHIK TOPOME MEH TYJIFAJIBIK JaFJapbIic MACeleciH OipTyTac MCUXOIOTHUSIIBIK
(eHOMEeH peTiHe KapacThIpy — JKacoCHipiMASPIiH YITTHIK OOJIMBICHIH HBIFAHTY MEH OJIapJIbIH PYXaH!
olleyeTiH apTTHIPYIBIH THIMJI >KOJIbI OOJBIN TaObUIalbl. byn 3epTTey HoTHkKenepi Neaarorukasbik-
MICUXOJIOTHSUTBIK TPAKTUKaga KOJJIAHBIC TaOyra jkoHE OLTiM Oepy KYHMECIHIETI YJITTBIK TopOue
KOHIENIIUACHIH XKETUIAIPYyTe YJIeC KOCabl.

3eprTey omici MeH MarTepmuan. byl 3epTTey JKYMBICHI JKacecHmipiM KE3CHIHJETT TYJIFaIBIK
JMarJapbic MEH NaTPUOTTHIK TOpOHEHIH e3apa OalIaHBICHIH TCUXOJOTHSUIBIK TYPFbIAa TaljayFa
OarpITTanABl. 3€pTTEy ojicTeMeci KEHICH[I cuIaTrka ue OOJBIN, TEOPHUSIIBIK >KOHE SMIMPUKAIBIK
JIeHrenaeri Tocinaepai OipikTipai.

TeopussibIK  9IicTEp pETIHIE FHUIBIMH ONEeOMEeTTepal Tajjay, CalbICTBIPY, KYHeley >KOHE
CUHTE3JIeY SICTepi KOMIaHBUIABL. byl Ke3eHIe maTpUOTTHIK TOpOHe, YITTHIK caHa, TYIFAIBIK Jamy,
JKacecHipiM TICHXOJIOTHSCHI JKOHE JaFdapbiC KE3€HJEpl Typalbl OTaHIBIK JKOHE IIETEIIIK
FanmeIMIapAblH  eHOekTepi 3epaeneHal  (D.Opukcon, JI.C.Berorckmii, XK.Ilnaxe, K.Pomxepc,
K.XKaprikbaeB, C.banay6aeB >xone T1.0.). ConbiMeHn Kartap, Kazakcran PecmyOnukaceiabiH «bimim
Typaibl» 3aHbl, «MoHrumik Em» yiITTRIK  wuzescsl, OiniMm  Oepy callachlHAArbl — TopOHe
TYKbIpbIM/IaMaJiapbl 3€pTTEYA1H HOPMATUBTIK-TEOPUSIIBIK HET131H KYpa/bl.

DOMIUPUKAIBIK 9iCTep PETIHAE cayalHaMa, Oakbuiay, SHIIMENeCy kKoHe TMCUXOANArHOCTUKAIIBIK
TecTTep naiaananelabl. CayanHama jkacecHipiMIEpIiH NaTPUOTTHIK KYHIBUIBIKTAPbIH, YITTHIK CaHa
JEHTeliH JKOHE TYJIFANBIK OaFbITTHUIBIFBIH aHBIKTayFa apHaAbl. Al MPOEKTUBTIK dIicTep (MBICATHI,
«MeH xoHe OTaHbIM» TakKbIpbIOBIH/IAFBl €PKIH CYpEeT Caly TalChIpMachl, «OMIpIIK KYHJBUIBIKTap
MUPAMUIACHD» JJIICI) >KacecHipiMIAEP/IiH 1IIKI MOTHMBALUACHI MEH TYJIFANbIK OarnapliapblH >kKaHaMma
TYPJE aHbIKTayFa MYMKIHIIK Oep/ii.

Bakpinay omici MEKTEN OpTACHIHIAFBI OJIEYMETTIK ©3apa OpeKeT AMHAMUKACHIH, OKYIIbLIAP IbIH
TONTAFbl MIHE3-KYJIKBIH JKOHE YIKBIMJIBIK IAaTPUOTTHIK ic-Tapaiapiarbl OCJCEHIUITIH 3epTTey
MaKcaTbhIH/Ia JKYPri3iiii. OHriMeNecy apKbUIbl jKacecHipiMIep/iH 63 MiKipJiepiH, ce3iMAepiH, YITTHIK
COMKECTUTIKTI KaObU1/1ay ICHTeHiH KoHEe OoJaniakka Ke3KapacTapblH aHBIKTAy MYMKIH OOJIIIBI.

3epTTey Marepuaibl peTiHAe AJMaThl Kajdachl MEH OOJIBICBIHIAFbl JKalmbl OiliM OepeTiH
mektenTepaiH 8—11 chiHbIN OKymbUIapbl (3kackl 13—17 apanbiFbiHaa) KaMThULAbl. JKaimsl 3eprrey
yurici 120 okymbLAan TYpAbI, oONapablH imiHae yiaaap — 54, ke3gap — 66. Ipikrey ke3aeicok cumarra
KYPTi3UTiM, MEKTENTEP/IIH JIEYMETTIK KaFAaiibl MeH O11iM JIeHTeil OpTypiil TONTap KaMThUIbL.

ATBIHFaH MOIIIMETTEP CTATUCTUKAJBIK TalAay apKbLUIbl OHIENII (KULUTIK Tauaay, CalbICTHIPMAITbI
Tanaay, KOPPENSIUSUIBIK OaiylaHbICTapAbl aHbIKTay). HoTwmwkenmepmiH CEHIMIUTITT TCHXOJOTHSIIBIK
OmICTepAIH CTAaHAAPTTHI HYCKAJNAPBIH KOJJAHY JKOHE KOIJIEHTEWi TeKCepy apKbUIbl KaMTaMmachl3
eTUIAI.
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3eprTey OapbIChIHIA IICUXOJOTUSIIBIK dTHKA KaFuJalapbl TOJBIK CAKTAIIBI: KATHICYIIBLIAPIBIH
epIKTI KeNiciMi albIHJABI, OJNIApPIBIH JKEKe JepeKTepi KyMus CaKTalabl, 3epTTey OapbiChl MeH
HOTHKENepi O11iM Oepy MEeKeMeJIepiHiH Ie1aror-rncuxoJIorTapbIMeH KeJiCii.

Ocputaiiina, KOJNJaHBUIFAH 3€pPTTEY QMICTepl TYIFAIBIK JAFIapbiC MEH HaTPHUOTTHIK TOPOMEHIH
e3apa BIKIAJIBIH KEMICH 1 TYPAE 3epTTEYTe, )KacoCmpiMAEPIAiH MCUXOJOTHUIBIK €PEKIIETIKTePIH TePeH
TYCIHYyTE JKOHE aJIbIHFaH HOTHKENEP/IiH FhUIBIMHU HET13AUTITIH apTThIpYFa MYMKIHJIIK Oep/i.

Taakpliiay MeH HITHKeJepi. 3epTTey >KYMBICBIHBIH HOTHXKENIEpl JKacecHipiM Ke3eHIHJerl
TYJIFAIIBIK JIaFAapbIC TICH MATPUOTTHIK TOPOHME apachIHAAFhl ICUXOIOTHSUIBIK OaiflaHbICTAPABIH AWKBIH
KepiHiciH kepceTTi. KonmaHsuiran oicTepAiH OpKAWCHICHI JKAaCOCHIPIMHIH 1Kl JYHHECIH,
AMOIMOHANIBIK KYHiH, KYHABUIBIKTBHIK OaFIapblH jKOHE YITTBIK CaHa-Ce31M JEHICiiH opTYpiIi KbIpbIHAH
Tajnaayra MyMKiHIIK Oepai. Ocbl Oemimae 3epTTey O0aphIChIHIA KOJIIAHBUIFAH HETI3T1 oficTepre KeKe-
JKEKE TaJIJay KaCallbIl, aTbIHFAH HOTHXKEIIEP Ma3MYHIBIK TYPFbIJIA TAlJaHA IbI.

Teopusnblk Tangay 9iCl 3€pTTEy >KYMBICHIHBIH TEOPUSUIBIK-METOOJOTHSIIBIK HET131H KypyFa
OarbITTaAbl. ByJ1 9Nic apKbUIBI MATPUOTTHIK TOPOHME MEH TYIFAIBIK JlaMy MoceleliepiHe apHallFaH
FBUIBIMU €HOCKTEp >KYHeNeHin, oJapIblH apachlHIaFrbl TYKbIpbIMIAMAIIbIK OaillaHbIcTap aHBIKTAJIbI.
D.DpUKCOHHBIH TYJIFAIBIK JaMy TEOPHUSCHIHIA JKACOCIIPIMIIK IMIAK «TYIFAIBIK COHKECTUTIKTI» i31ey
Ke3€H1 Jen KapacThIpblUiafbl. Byl TYXKBIpBIM jKacecmipiMIep apachlHIarbl ©31H-631 aHBIKTAy MEH
YITTBIK Oipereiinikke YMThUIBICTBIH TaOUFU KYOBUIBIC eKeHiH kopceTTi [Erikson, 1968].

JI.C. BBIrOTCKMIIIH <CKakblH JaMy aiiMarbl» TYXKbIpbIMJAaMacblHA CYWEHE OTBIPHI,
JKACOCITIPIMHIH, QJIGYMETTCHY TIPOIECi OHBIH IICUXOJOTHSIIBIK JIaMyBIHBIH OacThl TETIr eKeHi
aHbIKTaNAbl [BeiroTckuii, 1991]. An yATTBIK TopOMe KOHTEKCTIHAE Oy olleyMeTTeHy Yaepici
0TOACBUIBIK, MEKTEIITIK JKOHE MOJICHHU-TAPUXHU (aKTOPIApIbIH ©3apa BIKMAIBI apKBUIBI )KY3€Te acajbl.
TeopusbIK Tangay HOTHXKECIHIE MATPUOTTHIK TOPOUEHIH TYIFANBIK TYTACTHIKTHI KAJBINTACTHIPYAaFbl
peIi Typasibl OPTaK MCUXOJIOTHSIIBIK MOJIEITb YChIHBLIIIBI:

(1) Tysranbiy 03iHAIK «MEHIHY» YITTBIK KYH/BUIBIKTAPMEH COUKECTEHIIPY;

(2) aneyMeTTiK jKOHE MOJICHU COMKECTITIK CEe3IMiH JAMBITY;

(3) pyxaHu TypaKTBUIBIK MICH a3aMaTTHIK OCJICEH IUTIKTI KaJIBINTACThIPY.

Cayanmnama oJici >KacecCHmipiMAEPIiH MAaTPUOTTHIK CaHa JEHTEHiH, YJITTHIK KYHIBUIBIKTApFa
KAThIHACHIH YKOHE TYJIFANIBIK TYPAKTHUIBIFBIH aHbIKTayFa OarbITTanasl. Cayannama 20 cypakTaH TYpIbl,
OHBIH 1MIIHAE YMOIMOHAIABIK (MbICaNbl, «MeH 63 eNMHIH a3aMarbl OOJFaHbIMa MaKTaHAMBIH 0a?»),
KOrHUTUBTIK («Ka3aKCTaHHBIH TapuXbl MEH MOJIEHUETI Typalibl Oy MEH YIIiH MaHBI3IbI Ma?») jKOHE
MiHEe3-KYJIBIKTHIK («MeH KoFaMIbIK ic-11apajapra OejceHe KaTbicaMblH 0a?») acreKTuiep KaMTbUIIbI.

1.Kecre. 3eprrey HoTHXKenepl TOMEHET1 KecTeie OepuIreH.

IMaTpuoTThIK cana kepcetkimTepi | ZKorapwl nenreii (%0)| Opra nenreii (%) Temen nenreii (%0)
¥ ATTBIK MAaKTaHBIII CE31MI1 52 38 10
A3aMaTThIK JKayanKepIIIiK 46 41 13
MogeHn ColKeCcTUTIK 58 34 8
KoraMabIK OenceH Tk 44 42 14

Kecteneri nepexrep xacecnipimaepain 0acbiM 0eJiri o3 eaiH MakTaH TYTaThIHBIH jKOHE YIITTHIK
MOJICHHETKE OH Ke3KapacTa eKEeHIH Kepcereli. Auaiia a3amMaTThIK OENCeHAUTIK TeH JJIeYyMETTIK
’KayanKeplIUTiK KepCeTKIIITepl CalbICThIpMalibl Typlle TOMEHJEY. by maTpHoTTHIK caHa-ce31MHIH
OMOLUSIIBIK KOMIIOHEHTI OachiM, ail MPaKTHUKAIBIK (iC-OpEeKeTTIK) »KaFbl J>KETKUTIKTI JeHreinze
JaMbIMaraHbIH aHFAPTAJIbI.

[TpoeKTUBTIK oficTep JKACOCHIPIMIAEPIIH KACBIPHIH AIMOLIMOHAIIBIK JKOHE TYJIFAIBIK Ma3MYHBIH
aHbIKTayFa MYMKIHIIK Oepal. «MeH »xoHe OTaHBIM» aTThl CYpeT cajly TamchlpMachl Ke3iHJe
KaThICYIIBLIAPbIH Konmiiiri KazakcraHHbIH TaOUFaTBIH, TYBI MEH eNTaHOAChIH, Kel0ipi oTOackl MeH
JIOCTapBIH CypeTKe KOCThL. by omapasiH OTaH YFBIMBIH TEK TeorpadUsuIbIK HeMece CasCH KEHICTIK
pETiH/Ie eMeC, pyXaHU JKOHE TYJIFaIbIK MaFbIHAFa Me KYHIBUIBIK PeTiHAe KaObUITaUThIHBIH KOPCETTI.

bipkatap cyperrepne xacecmipiMaep ©3 OelHeNIepiH OpTalbIKKa OPHAJIACTBIPBIN, OHBIH
ailHajacblHA YATTBIK poMi3fepai, Kui3 YH, IoMObIpa, Taburar KepiHicTepiH canraH. MyHpmal
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KOMITO3UIUSUIAp TYJIFAHBIH ©31H YITTHIK MOJCHU KEHICTIKTIH Oip Oediri peTiHzae ce3inyiH OeitHeneiui.
A xeitbip KaTeIcylIblIapaa CypeTTepe )Keke TyiFa OeliHeciHiH oKmayaanysl, 6oc GoHmap MeH Kapa
TYCTEpiH OachiM OOJybl OalKamgabl — OYJI TYIFAIBIK AAFJapbic TIEH OJIEyMETTIK COHKECTEHYIIH
KHUBIHIBIKTAPBIH KOPCETYl MYMKIH.

«OMIPIIK KYHIBUIBIKTAD MHUPAMHUAACHDy OdICI HOTHIKECIHJE KATBICYIIbUIapaAbIH — 65%-b1
«otbace», «OTan», «IOCTBIK», «OUTIM» YFBIMAAPBIH HETi3r1 KYHIBUIBIKTAp KaTapblHa eHri3fi. byn
YKacecHipiMACp/IiH pyXaHu OarmapiapbIHbIH TYMAHHUCTIK JKOHE QJICYMETTIK OarbITTa KAJIBITITACKHII Kelle
YKATKaHbIH JTOJICNICH .

bakputay omici apKpUIbI MEKTENTET1 SJCYMETTIK ©3apa OpeKeT Mpoleci 3epTTeiai. Mbicamsl,
MEpPEKEeIliK ic-TIapajiap MEH TAaTPUOTTHIK AaKIUsUIap Ke3iHAC OKYIIbUIAPIbIH OCNCeHAUTIN MeH
BIHTAJIBUIBIFBIHBIH apTybl Oaiikangsl. An OelTapan >karjaiiapnaa (Mblcasbl, cabakK YCTIHIE HeMece
y3UTiCc Ke31HA€) YITTHIK TaKbIPBINITAFbl OHTIMENepre KbI3bIFYIIBUIBIK TOMEH O00Jibl. Byl maTpuoTThIK
TOpOMEHIH (hopMalIIbl eMec, KYHICTIKTI eMipMeH OalIaHbICThI 00Ty KaXKETTUIITH KOPCETTI.

OHriMenecy oJici >kacecHmipiMAepiH IMKi yaKAepiH aHbIKTayra MyMKiHaik Oepai. CyxOat
6apbiceiHga «CeH ymiH OTaH JereH He?» JereH cypakka KarblcylbuiapaslH 70%-bl «0TOachIM MEH
eNiM», «KMEHIH TyFaH )KepiM», «MaKTaH TYTaTbIH MeMJieKeT» nen xkayan oepai. 20%-s1 OTaH yFbIMBIH
TeK MemiieKeTrieH OailnanbicThipabl, an 10%-p1  HakThl Jkayanm Oepyne KuUHaIIbL. byn
KacecHipiMAEpAiH MAaTPUOTTHIK YFBIMABI TYPJIi ACHIel/1e KaObUIJaUTHIHBIH, OHBIH Ma3MYHBI TYJIFaJIbIK
KETUTY I9pekeciHe OaiaHbICThI €KEHIH KOPCETTI.

CayanmHamMa MEH TPOCKTHBTIK OJICTEp HOTIDKENEPI CaJBICTRIPMANbl  TYPAE TaJAaHIbI.
KoppensuusuiblK Tanjgay HaTPUOTTHIK CaHAa MEH TYIFAIBIK TYPAaKTBUIBIK apachblHla OH OaFbITTarbl
Oaiinmanbic 6ap ekeHiH kepceTTi (r = 0.64). SIFrHu, TATPUOTTHIK Ce31Mi KOFaphl JKacecHipiMaepae o3iH-
031 Oaranay, KayankepuiiiK, MaKCaTThUIBIK KOHE OMIpIIiK OeJICeHILTIK Te )KOFaphl AeHreiae OOl

Conpaii-ak, TYIFaIbIK JaFAapbIc IEHIedl )KOFapbl TONTAFkl OKyIIbUIapaa (Oenrici3aik, e3-e3iHe
CEHIMCI3IK, Oeitimaeny KUABIHIBIFbI OaifKaaaThIHIAP ) MaTPUOTTHIK KYH/IBUTBIKTapFa
KBI3BIFYIIBUIBIKTBIH TOMEHIr TipKenai. byl DaTpuoTThIK TOpOME TYJIFAaHBIH IICHXOJIOTHSIIBIK
TYPaKThUIBIFBIH apTThIPATHIH MaHBI3/1bI (PAKTOP €KEHIH JoIen el

KacecnipimMaepaiH TYIFaIbIK JaMybl MEH TaTPUOTTHIK CAHACHIHBIH apachIHAarbl OalIaHBIC
eKDKaKTBhl cUIaTKa ue. bBipiHmIigeH, NaTpuoTThIK TopOMe TYJFaHbIH ©31HIIK «MeHiH» YIITIEH,
KOFaMMeH OalllaHBICTBIpanbl, an OyJl TYIFaJdblK TYTACTHIKTBIH KAJBIITACYbIHA BIKHAT ETell.
ExiHmrigen, jkacecmipiMHIH ©31H-031 TaHy JeHTeli HEFYpibIM JKOFapbl 0oJica, OHBIH YJITTHIK
COMKECTUIIr1 JIe COFYPIIBIM TEPEH KaJIbITITaCaIbl.

3epTTey OapbIChIHAA aHBIKTAIFAHAAM, KAcOCHIpiM Ke3eHIHJe MaTPHOTTHIK CE3IMHIH JaMybl
KoO1HE SMOIUSIIBIK KOHE CUMBOJIIBIK JeHrenae oereal. A Oyl ce3iMAl TYpaKThl eMIpJIiK YCTaHbIMFa
allHanABIpy YIIIH MEKTeN IeH OTOAChIHBIH OipyiecKeH TopOueniK bIKNalbl KaxkeT. Myramimaep MeH
TICHIXOJIOTTAap OKY YZAEpiCiHe YITTBIK Ma3MYHJIaFbl HHTEPAKTUBTI TallChIpMaliap MEH MIBIFAPMAIIbLIBIK
xKobanap/pl €HIi3y apKbUIbl jKacecHipiMIep/iH NaTPUOTTHIK CaHAa MEH ©31H-631 TaHy KaOuleTTepiH
KaTap JaMbITyFa MYMKIHJIK a1aJibl.

Konnanbuiran opicTep KeWIEHII TYpHAe >KacecHipiMIepIiH TYJIFalblK JaFJapbIChIH JKOHE
NaTPUOTTHIK TOPOMEHIH 9CEpiH allyFa MyMKIHIIK Oep/ii.

¢ TeopHsIbIK TalIay — 3epTTEy KOHIETIIUSICHIH HETI3/eTl, TICUXO0JIOTHSIIBIK MOJIENTb YCBIH/IBL;

e CayanHaMa — IaTPUOTTHIK CAaHAHBIH KYPBUTBIMIIBIK JI€HT€HJIepiH aHbIKTA/IbI;

o [IpOeKTHBTIK 9IiCTEep — TYJIFAHBIH IIIKi SMOIIMOHAIIBIK KATHIHACHIH AIlIThI;

e bakpuiay jkoHE QHTIMeNeCy — dJIeyMETTIK MiHe3-KYJIbIK €peKIIeNiKTepiH HaKThUIa/Ibl;

o CTaTUCTUKAJBIK Tal/1ay — HOTKENEPAIH CEHIMIUTITIH KaMTaMachl3 €TTi.

Ocpl omicTepiH >KUBIHTBIFBI KACOCHIPIMAIK TYJIFAJbIK JIaFIapbICThl €HCEpyAe MaTPUOTTHIK
TOpPOMEHIH TCUXOJIOTUSIIBIK MaHBI3BIH JQJENIeyre MYMKIHAIK Oepli. AJBIHFAH HOTHXKeNep YJITTHIK
caHa MEH pyXaHH TYPaKTbUIBIKTBIH TYJIFAIBIK JJaMy YAEpICIHAET] )KeTeKIll (JaKTOp eKeHiH KOPCEeTTi.

KopsbiThinabl. XKacecmipiM Ke3eHIHAET! TYIFAIbIK JaFlapblc MEeH MNaTPUOTTHIK TOPOMEHIH
NICUXOJIOTHSUIBIK  ©3apa OalllaHBICBIH 3€pTTEy HOTHXKesnepl Oyl ekl KYOBUIBICTBIH TYJIFaHBIH
KaJBINTACYbIHAAFEl IICIIYI PONiH Jonennen Oepnai. 3eprrey OapbhIChIHIA KACOCIHIPIMIIK IIAKTHIH
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MICUXOJIOTHSUIBIK €PEKILEeNIKTepl, MaTPHOTTHIK CE3IMHIH KYPBUIBIMABIK 3JEMEHTTEpl JKOHE OJapAblH
TYJIFAIIBIK TYPAKTHUIBIKKA 9CEp €Ty MEeXaHU3MAepl KeIIeH I TYpJe KapacThIPHLIIBL.

[TaTpuOTTBIK TOpOME — TEK QJIEYMETTIK HEMece TOpOHMeNiK OarbIT eMec, OJ1 TYIFaHBIH PyXaHU
JKOHE TICHUXOJIOTHSUTBIK TYTACTBIFBIH KAJBIITACTHIPATHIH MAaHBI3ABI (AKTOp €KEHI aHBIKTAJJIbI.
[TaTpuOTTBIK caHa-Ce3IMHIH JaMybl JKaceCHipiMHIH ©31H-631 TaHyblHA, OMIpJIIK MaKcaTTapblH
aHBIKTAybIHA, 63 YJITHIHA, MOJICHUETIHE )KOHE KOFaMbIHA JIETEH )KayarKepIIUITriH ce3iHyiHe MYMKIHIIK
Oepeni. by — TyJIFanbIK 1aFaaphICThl )KEHYIIH TaOUFU KOJIIAPBIHBIH Oipi.

DMITUPUKAIBIK 3€PTTEY HOTHKEIEPi KOPCETKEHICH, MATPUOTTHIK KYHIBUTBIKTAp JEHI el KOFaphl
Kacecmipimaep/ie e3iH-031 Oaranay, YMOIUSIIBIK TYPAKThUIBIK, 9JICYMETTIK OCJICEHIIIK XKOHE OMIpJIiK
Oarmapnap alKbpIHBIpaK OaiiKanmaabl. AJl TYIFAIBIK JaFAapbic Oenriiepi sKoFapbl Tonrtapaa (MbICabl,
©3-031HC CEHIMCI3MIK, OJIEyMETTIK OCHIMIeNny KUBIHABIFbI, KYHIBUIBIK OaFbITTapbIHBIH OY3bLTYHI)
NaTPUOTTHIK YCTAaHBIMHBIH QJICI3/IrT aHBIKTAJAbL. Byl MaTpUOTTHIK TOpOME MEH TYJIFAJbIK JaMy
apachlH/Ia OH KOPPEIAIUSIBIK OaillaHpIlc Oap eKEHIH KOPCETTI.

TeopusUTBIK KOHE MPAKTUKAIBIK TYPFbIIAa alblHFAH HOTHXKeENEp OipHeIIe MaHbI3Abl KOPHITHIHIBI
JKacayra MYMKIHJIIK Oepei:

[TaTpuoTTHIK TOpOME TYIIFAHBIH TYPAKTBUIBIK (haKTOPHI peTinze apekeT erexi. O jkacecipiMHIH
MICUXOJIOTHSUIBIK YHJIECIMAUTITIH cakTam, o31HIIK «MeHiH» YIATTBHIK KYHIBUIBIKTAPMEH YIITACTHIPYFa
KOMEKTECE]Ii.

KacecmipiM Ke3eHIHIIEr1 TYJIFANbIK JaFAapbic TaOUFU KYOBUIBIC OOJFaHBIMEH, OHBI JKEHIIAETY
YIIIH OJICYMETTIK-TICUXOJOTHSUIBIK KOJIJIay KaKeT. Byi Koljmay[nelH €H THIMAI TeTIrl — pyXaHH-
aJlaMTepIILIIK )KOHE MAaTPUOTTHIK OAFBITTaFbl TOPOUEITIK KYMBIC.

Mekren meH oTOAchHIHBIH OipiieckeH peiii epekmie. Erep marpHoTTBIK TopOuMe TEK MEKTel
nieHOepiHe FaHa Kyprisiice, OHbIH TUIMIUIIN TOMEHAEWIl. An oTOachl MEH KOFAMHBIH KaTBICYbI
YKACOCITIPIMHIH QJICYMETTIK COMKECTUIITH HBIFAUTATBI.

[IcuxonorusuIbIK TYPFBIIAH HETI3[eNreH MaTPUOTTHIK Oarmapiamanap Kaxker. [laTpuoTTBIK
TOpOMEHI TYIFANBIK JaMy TEOPHSUIAPBIMEH YINTACTBIPY apKbUIBI JKAaCcOCHipiMAEpIiH ©31H-631 TaHybl
MEH OMIpIIIK KYHABUIBIKTAPbIH KATBIITACTHIPYFa JKaFIal jkacasabl.

Kanmsl, NaTpUOTTHIK TopOME TYJIFAHBIH YITTHIK COMKECTLIINH KaJIbIITACTBIPYMEH KaTap,
MICUXOJIOTHSUIBIK TYPAKTBUIBIKTBIH Aa Heri3l 6oia anmanel. O jkacecnipiMHIH eMipre Ko3KapachlH, 1MIKi
CEHIMIH, KOFaM/IaFbl OPHBIH allKbIHAayFa keMekTeceal. Ochliaiiiia, 3epTTey HOTHXKeNepl NaTpUOTTHIK
TOpOMEHIH TYJIFaJbIK JaFJapbICThl >KEHIAETYAETI MaHbBI3bl TICUXOJOTHSIIBIK POIIIH ailKbIHIAI, OHBI
O111M Gepy MEH NCUXOJIOTUSIIBIK TOKIpUOEere eHri3y 1iH 63€KTIIITH JaIeAe .
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KA3AKCTAHJIBIK /KACTAP APACBIHIA YJITTBIK BIPETEMJIIK ITEH
IMATPUOTU3MAI JAMBITY IBIH IICUXOJIOTI'UAJIBIK MOJAEJIbAEPI

Ouiaxoaee Kanbonam /lonbaesuu

Anparna. byn 3epTTey Ka3akCTaHABIK jKacTap apachlHa YITTHIK Oipereisiik neH naTpuoTu3MIl
JAMBITYABIH TICUXOJOTHSJIBIK MOJEIBAEPIH KapacTelpanbl. Kasipri sxahangany skarnaiibiHza
KacTapJplH YITTBIK CaHa-ce3lMi MEH MaTPUOTTBIK KYHIBUIBIKTapbl ~KYpAETIl oJIeyMETTIK-
NICUXOJIOTHSUIBIK e3repicTepre yibipayaa. Ocbl TYpFBIAAH alFaHia, YITTHIK Oipereiiiik — TyJIFaHbIH
MOJICHU-PYXaHU TaMbIpjapblMEeH OallIaHbICBIH aWKbIHJIANTBIH IICUXOJIOTUSUIBIK  (DEHOMEH, ail
NaTpUOTU3M — OChl OaillaHbICTapAbl OpEKeT JeHrediHAe Ky3ere achpaThlH MOTHBAIUSUIBIK-
KYH/IBUIBIKTBIK KY#e O0JIbII TaObuIabl.

3epTTeyniH MakcaThl — Ka3aKCTAaHABIK JKAaCTApJAbIH YITTHIK Oipereilslirid KajablNTacThIpy MEH
NaTPUOTTHIK CE3IMACPIH JKETUIAIPYMIH TCUXOJOTUSIIBIK MOJEIBACPIH aHBIKTAY JKOHE OJIapIblH
JTAMYBIHA 9CEP €TETIH AIEYMETTIK, MOJICHH JKOHE TYJIFAIBIK (haKTOpIIap bl TAJIIAY.

Makana na oranablK ncuxojorrap MeH neparortapabiH (M. Mykanos, K. JKapsikbaes, C.
KammeB, A. AiirmambGeroBa, H. EmikGaeB, b. Tetenaes, JI. AiimapoBa >xoHe T.0.) eHOekTepi
capaslaHblll, YJITTBIK CaHa, PyXaHU KYHABUIBIKTAp MEH TYJIFAJIBIK JaMyZblH e3apa OaiaaHbIChI
KopceTiai. YATTBHIK Oipereiiik TeH MaTPpUOTU3MIII JaMbBITYJIBIH TICUXOJOTHSIIBIK MOJCIbICPi
TYIFaHbIH ©31H-631 TaHy, OJEYMETTIK COMKECTeHY KOHE KYHIBUIBIKTBIK  OarbITTapbhIHBIH
MHTETPAUSIChIHA HET13/1eTeH] aliKbIH/IaIbl.

3epTTey HOTHXKeNepl jKacTap TOpOMEciHAE TYJIFalbIK-Oaraapiabl KoHE MOJCHMU-OaFraapiibl
TOCULNEPAIH THIMAUITIH apTTBIPyFa, COHAAN-aK YJITTHIK MaTPHOTTHIK MICOIOTHSHBI TICHXOJIOTHSITBIK
TYpFbl/ia HeTi3/ieyre OarbITTalIFaH.

KinTTi ce3mep: yiaTTBIK Oipereitsiik, maTpuoTU3M, MCUXOJIOTHSIIBIK MOJENb, TYJIFAIBIK Jamy,
VITTBIK CaHa, PyXaHU KYHIBUIBIKTAp, )KacTap, dJIeyMETTIK COllKecTeHy.

Kipicnme. Kazipri 3amanaa Ka3akcTaHIBIK KOFamjaa YITTBIK CaHA MEH IMaTPUOTH3M MOcelecl
epeKIle MaHbI3Fa 1e OOJIBII OThIP. MeMIIeKeTTIH pPyXaHU Kayilci3airi MeH OipiiriHiH 0acThl Tiperi — el
a3aMaThIHBIH YITTHIK Oipereiniri MmeH OrTaHfa JAereH CyHiCHeHMILIr. Ocipece kacTap opTachblHAa
NaTPUOTU3M MEH YITTBIK CaHa-ce3IMl KaJbINTacThlpy Tayencid KazakcTaHHbIH Oonamarbl YIIiH
CTPaTEeTUSIIBIK MOHTE M€ MIHIETTEPIIH O1pi.

¥YaTTeIK Oipereitnik — Oyl agaMHBIH ©31H Oenriii 0ip STHUKAIBIK, MOJACHH, TULIK JKOHE TapUXU
KaybIMJIACTBIKTBIH MYILECI pEeTIHAE Ce31Hyl MEH COJl KaybIMFa THECLIl OOJybIH MOMBIHAAybl. Al
HNaTPUOTU3M — OChI OIpereiiiKTIiH iC KY31HJEr! KOpiHici, sSIFHU ©3 €NiHIH MTUIr YIIIH 9pEeKeT eTyre
JAMBIH pyXaHH JKOHE 9JIEyMETTiK MOTHBANUs. [ICHXOIOTHSITBIK TYPFBIZIAH aIFaH/Ia, YITTHIK Oipereiltik
TyIFaHblH «MeH» TYXKBIPBIMIAMAChIHBIH MaHbI3Abl Oeiiri OONbIM TaObUTAABI, ON agaMabl ©31HIH
TaMBIPBIHAH QKbIpATIIaid, MOJICHH KOHTEKCTIIEH OalIaHbICTHIPATIBI.

Kasipri ke3enne »ahanmany ynepicrepi MeH akNaparThIK bIKHAJ >KacTapAblH CaHAChIHA TYpJIi
OarpITTa dcep eTyae. baTBICTHIK MOIEHU YITiIep MEH TYTHIHYIIBUIBIK KYHIBUIBIKTAP/IBIH OCTICH arybl
VITTBIK Olpereiniktin oncipeyiHe okemyi MyMKiH. COHIBIKTAH Ja TICHUXOJOTHUSJIBIK TYPFBIAAH
OPHBIKTHI MTATPUOTTHIK CaHa KAJBINITACTHIPY — €JJIIH PyXaH! TYTACTHIFBIHBIH KT

JKactapablH TaTPUOTTHIK CE3IMIH JAMBITy TEK CasCH ypaH HEMece HACOJIOTHSIIBIK HayKaH
TYpiH/E eMec, TepeH MCUXOJIOTUSIIBIK, TYJIFAIBIK JKOHE MOJICHH Ma3MyHFa ue 00ysl THic. by 6arpiTTa
TICHXOJIOTHSUTBIK MOJIETIBIEP — JKAaCTAapJbIH IIIKI MOTHBAIMSUIBIK JKOHE KOTHUTHBTIK MEXaHH3MIEPiH
TYCIHyre MYMKIHIK OepeTiH THIMII KypaJl.

KazakcTanaplk 3epTTeylIiepiH MIKIpiHIIe, YITTHIK OIlpereiyiikTi JambITya YOI HEri3ri
MICUXOJIOTHSUIBIK OaFbITThI O6JIin KepceTyre 00aabl:

1. KorHUTUBTIK MOJeNb — >KacTapAblH YITTBIK TapuX, T KOHE MOACHHMET Typalsibl OuIIM
JICHTCH1H, YATTHIK CaHaFa KaThICTBI TYCIHIKTEPIiH KEHEHTY.
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2. MoTuBanUsAIbIK-0aFIapiIblKk MOJENh — kacTtapablH OTaHFa KbI3MET eTyre JereH iImki
KYJIIIBIHBICBIH, YMOLMOHAIABI OAMIaHBICHIH KAJIBINITACTHIPY.

3. ONeyMETTIK COMKECTeHY MOJCN — TYJIFaHbIH ©31H KOFaMHBIH OCJICEHZII MYIIeCi peTiHe
KaOBbUIAAYBI )KOHE YITTHIK KYHIBUIBIKTAPIBI QJIEYMETTIK POIIIEPMEH YIITACTHIPY.

4. MyHnaii MozenbJep >KacTapAblH YITTHIK CaHa-Ce3IMiH KaJbIITaCThIPYJa ICHUXOJIOTHSIIBIK
TYPFbI/IaH KEIIEH 11 dcep eTyre MyMKIHIIK Oeperti.

Kazipri Kazakcranma MeMIIEKEeTTIK JEHreijie NMaTPHOTTHIK TOPOMEHI JaMBITyFa €peKIe MOH
Oepimin oTeIp. «MoHrinik Em», «Pyxanm xarbeipy», «Kana Kazakcraw» cekili HICOTOTHUSIIBIK
TYFbIpHaManap >KacTapblH YITTBIK PYXbIH HBIFAUTYJIbIH, TAPUXH KaJbl MEH MOJICHU Ca0AKTACTHIKTHI
CaKTayAblH MaHBI3[bl Kypaibl OOJibII TaObuTafbl. Anaiiga Oy OarmapriaManaplIblH THIMII JKy3ere
acybl YUIIH OJap/bIH MCUXOJIOTHSUIBIK MEXaHU3M/IEP1 alKbIH OOTybI KaXeT.

Ochpl TYpFBIIA KaCTapJblH OOWBIHAA YITTHIK KYHIBUIBIKTApFa JIETeH OH KaThIHAC TIEH YJITTHIK
MaKTaHBII CE3IMIH OATY YIIiH OTOACBHUIBIK TOpOHe, O11iM Oepy KyHeci xKoHe KOFaMIbIK opTa OipTyTac
ocep eryi Tuic. IIcMXONOTHANBIK MOAETBAEP OCHl (haKTOpiapAblH ©3apa OalIaHBICHIH FBHIIBIMU
TYPFBIIAH Xylieneyre MyMKIHIIK Oeperi.

Mpicanbl, KOTHUTHBTIK-KYHIBUTBIK MOJICII KacTapAbIH YITTHIK TAPUXTHI TAHY apKBUTBI TYJIFAIIBIK
COllKeCTeHyY MPOLIECIH JaMbITabl; MOTHBAIUSIIBIK MOJETh MATPUOTH3M/II 1IIKI KaXETTUIIK JeHIreiiHe
KOTepe/li; al MHTEPAKTUBTI-TICUXOJIOTHSIIBIK MOJIENb 9JICYMETTIK KaTbIHACTAp MEH TKIpHOE apKbLIBI
NaTPUOTTHIK CE€31MHIH TYPAKTBUIBIFBIH KAMTaMAachl3 €Te/l.

[TcuXONMOTHSUTBIK TYPFBIIAaH TATPUOTH3M MEH YIITTBIK Oipereitiik TeK caHa MCH MiHE3-KYJIBIKTBIH
Oipmiri emec, COHbBIMEH Oipre AMOLMUSIIBIK, PYXaHH >KOHE QNIEYMETTIK (haKTOpiapblH TOFBICYbl. OChI
(axTopiapIbIH YHIECIMAL JaMyBl KacTapIblH YITTHIK OOJIMBICTBI KaOBLIIAayblH TEPEHAECTII, OJIApIbIH
€J1 aJIIbIH/IaFbI KayalKepIIUTiK ce31MiH apTThIPaIbL.

KazakcTanaplk FhUIBIMIA YITTHIK Oipereiyiik meH HaTpUOTTHIK TOpOue MoceNeciH 3epTTereH
Oipkarap FaasIMIapIbIH EHOCKTEPi Oap.

C. Kanues (2003) o3 eHOeKkTepiHIe KacTap/ibl MATPUOTTHIK PyXTa TOpPOHUEICY IiH IMeJaroruKaibiK
HET137epiH KapacThIPbIN, YIATTHIK TOPOHEHIH Ma3MYHbIH TapUXHU-MOJEHHM KOHTEKcTe Tycinaipedi. On
MaTPUOTU3M/II «YJITTHIK PYXThIH, YITTHIK CAaHa MEH ap-0KJaHHBIH KOPiHICD) peTiHae cumartaias|1].

K. XKaprixbaer [2] men O. AnmamypatoB [3] eHOEKTepiH/IE€ TATPUOTU3M MEH YJITTHIK CaHa-
Ce3IMHIH MCHUXOJIOTHSUIBIK acCHeKTuIepl TepeH TanjgaHajbl. JKapblKOaeBTHIH MiKipiHILIE, MaTPUOTTHIK
ce31M aJaMHBIH SJIEYyMETTIK CONKECTEeHY IMPOIECIH/IE KAIBIIITACHIN, OHBIH ©31H-031 OarajayblHa JKOHE
MiHe3-KYJIKbIHA TiKeNel ocep eTe/l.

A. AiirnaeBa [4] yaTTBIK OIpereMiikTi >KacTaplblH TYJIFAIbIK JaMybIHBIH TIperi peTiHze
KapacThIPHITl, OHBIH KOTHUTHUBTIK JKOHE HMOIMOHANIBIK KOMIIOHEHTTEepiHIH e3apa OalIaHBICHIH
KepceTe/i.

P. bepnibaeBa [5] men I'. MenmnibekoBa [6] eHOekrepinme «PyxaHu >XaHFBIPY» HUICSICHIH
TICHXOJIOTHSUTBIK MOJIEBJIEPMEH YINTACTBIPY MOCENeCi KO3FalIbIN, JKacTapAblH PYXaHH JaMybl MEH
NaTPUOTTHIK CE3IMiHIH ©3apa OaiIaHbIChl alKbIHAATa bl

Conpiven katap, K. XKynicosa [7] men M. TyskOaeBa [8] yATTBIK OipereiiaikTi JaMbITyAa Till
MEH MOJEHHUETTIH, YITTHIK CHUMBOJMKAHBIH polliH 3epTrereH. OnapablH MiKipiHIIE, YITTBIK
OlpereiyikTiH TypakThl OOyl YIIIH SJ€yMETTIK OpTaHbIH, acipece OLTiM Oepy MeKeMelepiHiH ocepi
mrenrynn (akrop 606 TaObUIAIbI.

b. KoxxaxmeroBa [9] o3 3epTTeyiHAe >KacTapAblH MATPUOTTHIK CaHa-CE3IMIH KaJbIITACTHIpya
WHTEPAKTUBTI TEXHOJOTHSUIAPABIH (MBICANBI, KOOANBIK OKBITY, IMiKipTanac, TeaTpJiaHbIpbLUIFaH
cabakrap) THIMAUINIIH KepceTeli. bym Tocuimep >KacTapAblH SMOIMOHAIABI KOHE TaHBIMIIBIK
OEJICeHIUTITH apTThIPHII, MATPUOTTHIK KYHBLIBIKTAP/Ibl OMIPIIIK TOKIPHOEMEH YIITaCThIPa/Ibl.

OTaHaBIK 3epTTEYMIUIEPAIH €HOSKTEPl MaTPUOTHU3M MEH YITTHIK OIpereilIiKTIH TICUXOJIOTHSITBIK
MOJIETIH Kypyna OuTiM, MOIEHHUET JXOHE PYXaHUSATTHIH ©3apa OalIaHbICBIH alKbIHAAWIBL. by
MOJICTBJICP KACTApABIH YJITTHIK CAaHACBIH JAMBITY/IBIH FBUIBIMH HETi31H KYpaiabl KOHE OJapiIbIH
TYJIFAIIBIK QJIEYETIH apTThIpyFa OarbITTANIFaH.
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3eprrey daici Men MaTepuaaaap. byn 3eprrey KyMBICHI Ka3aKCTaHABIK KacTap/blH O0ibIHAa
WITTHIK OIpereiylik TMeH TMaTPUOTTHIK CaHa-Ce3IMHIH KaJbIlITaCy IICUXOJOTUSICBIH aHBIKTayFa
OarbpITTaAbl. 3epTTey OapbIChIH/IA TEOPHSUIBIK KOHE SMIUPUKAIIBIK 91CTEPAIH KellleH1 KOJITaHbLIIbI.

3epTTey anAbIMEH ICHXOJOTHSUIBIK JKOHE MEJIarOTHKANBIK ofe0HeTTepre TEOPUSIIBIK Tajnay
’Kacay apkpUIbl Oactanipl. OTaHABIK KOHE MIETENAIK FalbIMIApAblH €HOEKTepl CalbICThIPHUIBIII,
VITTBHIK Oipereisik, maTpuoTU3M, TYIFAIBIK JaMy, PYXaHH CaHa >KOHEe KYHJIBUIBIK OargapiapblHBIH
e3apa Oainanbichl xyhenenai. byn tangay 6apeiceinna C. Kanues, K. Kapreik6aes, O. Angamypartos,
P. bepnibaera, I'. MenmiOekoBa ChIHIBI FATBIMIAPIBIH €HOCKTEPI HETi3ri TEOPHUSIIBIK HEri3 peTiHie
aneiHbl. CoHbIMeH Katap, Toyenciz Kazakcranmarel “Pyxanu skanrbipy”, “Monrimik En”, ‘“JKana
Kazakcran™ OarnapiamMainblK KYKaTTapblHAAFbl ATPUOTTHIK TOpOUEre KaThICThl TYKBIPBIMAAP 3€PTTEY
KOHTEKCIH/IE KapaCThIPBLIIBL.

3epTTeyaiH MPaKTUKAIBIK K€3CHIHE )KacTapAblH VITTHIK CaHa-Ce31Mi MEH MaTPUOTU3M JICHICHIH
aHBIKTAy VIIIH JMAarHOCTUKAJBIK cayallHama XoHe Oakpliay onictepi Kosmaneuiasl. CayanHama
CYpaKkTapbl KacTapAblH YITTBIK KYHIBUIBIKTApFa KATBIHACHIH, a3aMAaTTHIK >KAyalKepIIUIiK Ce3iMiH,
TapUXU-MOJIeHU OimiMiH >koHe OTaHFa JereH SMOLMOHANBIK OalIaHbICBIH Oaranayra OarbpITTasbI.
bakpinay omici OKy oHE KOFaMJIBIK ic-Tapayiiap Ke3iHJe KacTapJblH MAaTPUOTTHIK OCICCHAUTITIH,
TONTHIK COMKECTEHY epeKIIeNiKTepiH OalikayFa MyMKIH/IIK Oep/Ii.

JKvnanran MomiMeTTep HETI3iHIE WYITTHIK OIpereiiIiKk TeH MaTPUOTU3MHIH TICHXOJIOTHSIIBIK
MOJIEJIH Kacay ofici KOJJaHbULABL. bysl MOAENs KOTHUTHBTIK, YMOLIMOHANIIBIK KOHE MOTHBAIUSIIBIK
KOMIIOHCHTTEPJICH Typaabl. MoJenb KacTapJblH YJITTHIK CaHA-CE3IMiH KAJBIITACTHIPY IPOIIECIHIE
O11iM Gepy, 0TOACHI JKOHE AJIEYMETTIK OPTaHBIH BIKMAJIBIH KEIIeH 1 curarTa OelHenei.

3epTTey MaTepualapblHa JKOFapbl OKY OpPBIHAApHl MEH KOJUIE/DK CTYACHTTEpi, JKactap
yiBIMIApbIHBIH MYILIEJepl JKoHEe epiKTi KaTeicymbuiap kipai. Kammer 3eprreyre 17-25 xac
apaybIFbIHaFs! 180 jkac KaMThUIJIBI.

Ochl oficTep KUBIHTBIFBI JKaCTap IbIH YIITTHIK OlpereiIirii KaabllTaCThIPY/IbIH MCUXOIOTHSITBIK
MEXaHU3MJICPiH TePECH TYCIHYTE JKOHE MAaTPHOTTHIK CE3IMII TaMBITYABIH THIMII MOACIbACPIH FHUTBIMU
HETi37Ie cUMaTTayFa MyMKIiHJIIK Oep/Ii.

Tankpuiay oHe aHaJu3 HITHKesepi. KazakcTaHnbIK >kKacTapblH YITTHIK Oipereiiiri MeH
MaTPUOTU3MIH KAJIBIITACTHIPYABIH MCUXOJIOTHSUIIBIK MOJIENbEPiH allKbIHIay MaKCAThIH/A KYPri3ijareH
3epTTey OipHelle Ke3eHHEH Typ/bl. AJFalIKbl KE3€HJI€ TEOPHSUIBIK HETI3/IepAl capajiay apKbLIbl
WITTHIK CaHa MEH MAaTPUOTTHIK CE31MHIH TICUXOJIOTUSIIBIK TAOUFAThl aHBIKTANAbI. KeliH SMIUpUKaIbIK
KE3CHJIe YKacTap/blH YITTHIK KYHIBUIBIKTApFa KAaThIHACHI, a3aMAaTThIK >KayalKepIIUTiK JeHTell KoHe
MOJIEHU COMKECTEeHY epeKIIeTIKTepl 3ePTTENI.

Teopusiblk Tannay OapbIChIHIA YIATTHIK OlpereiiliK YFbIMbl TYJIFaHbIH KOTHUTUBTIK (OUTIM MEH
TYCiHIK), apPeKTUBTIK (IMOLUSIBIK OailaHbIC), )KOHE MIHE3-KYJIBIKTHIK (iC-OpeKeTTiK) ACHreinepin
O1pIKTIPETIH KOIKBIPIIBI MCUXOJIOTHSUIBIK KyOblabic exeHl aHblKTanasl. C. Kamues, K. JKapeixbaes, P.
bepnibaesa xone I'. MenniOexkoBa eHOEKTepiH/Ae MAaTPUOTU3MHIH KAJIBINTACYbl TYJIFAHBIH PYyXaHH,
MOPAJIBJIBIK XKOHE JIEYMETTIK TOHKIPUOECIMEH THIFbI3 OalIaHBICTHI €KSH/IIT JOJICIICHTeH.

DOMIUPUKAIBIK 3epTTey OapbIChIHA cayajdHama 9Jici KOJIAHBUIBIM, JKacTapJblH YITTHIK CaHa
MEH NaTPUOTTHIK CE31M JeHreiIepl Y HeT13r1 OarbIT OoMbIHIIA OaFraiaH/Ibl:

Y ATTHIK MOJICHUET TEH TapuX Typasbl TAHBIMJBIK O17TiM,

Oranra JIereH SMOIIMOHAJIBIK OaiTaHbIC,

A3zaMaTThIK OeICEeHATIK )KOHE dJICYMETTIK JKayanKepIIiiK.

Kammer 180 jxac KaTBICYIIBIHBIH JKayanTapbl TaJJIAHBIN, HOTIDKEIEp TOMEHJETI KecTele
KOpCeTLII.

Kecte 1 — KazakcTaHapIK )KacTap/IbIH YITTHIK Oipereiiik meH naTpuotusm aeHreiii (n = 180)

. Korapsl nenreii |Opra nenreit | Temen genrei
Kepcerkimre
d d (%) (%) (%)
¥ATTHIK MO/ICHUET TIEH TapuX TypaJibl OLTIM 62 31 7
Ortanra JereH YMOLMOHANIBIK OaiiaHbIC 58 34 8
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. Korapsbl nenreit |Opra genreii | TemeH neHrei
KopcerkimTe
P P (%) (%) (%)
A3amarTBIK OEJICEHIUTIK JKOHE JIeYMETTIK
K O¢ A y 47 39 14
KayarKepuIiiik
JKanmer ynTTHIK Oipereinik nHaeKci 56 35 9

Kecre wHoTmxkenepi KepceTKeHIEH, KaThICylIbUIapAblH OackiM  Oemiri  (56%) YITTBIK
OipereriKTIiH KOFaphl JEHIeiiH KopceTTi. byl )kacTapIbIH KONIIUIITT YITTHIK MOACHUET TIEH TapUXThHI
JKAKChl OIIETIHIH JKOHE eNre JereH SMOIMOHANABIK OalaHBICHIHBIH OCEpiK €KCHIH JIONeNIeHIi.
Jereamen, azamaTThIK OenceHAUTIK JeHredi Oipmama ToMeH (47%), SFHM TNATPUOTTHIK CE3IMHIH
NPaKTUKAJIBIK KOPIHICI Keiiie meKTeyIi.

bakpuiay omici KepceTKeHIIeH, KacTap OKYy OPBIHIAPBIHIA YHBIMIACTHIPBUIATBEIH MOJICHH YKOHE
KOFaMJIBIK IapajlapFa KbI3BIFYIIBUIBIK TAHBITKAHBIMEH, OJapIbIH OapiIbIFbl OCIICEHII KATBICYIIBI 00Ia
Oepmeiini. by KYOBUIBICTBI — IICHUXOJIOTTAp  MOTHBAIMSIIBIK — TAlIIBUIBIK ~ HEMECE  CBHIPTKBI
BIHTAJIAHABIPYIBIH KETKUTIKCI3AIMIMEH TYCIHAIpeIi.

Mogenbaey oiciH KOJIJaHy HOTHXKECIH/IE JKacTapAblH YITTHIK CaHa-Ce3IMiH JaMbITyFa apHAJIFaH
TICUXOJIOTHSUTBIK MOJISNb KYPBULABL. by Mozens ym e3apa OalaHBICKAH KOMIIOHEHTTEH TYPAJIbI:
KOTHUTHUBTIK, ap()eKTUBTIK KOHE MOTHBAIMSIIBIK-1C-OpEKETTIK.

Kecre 2 — ¥ATTHIK Oipereiisiik meH naTpuoTU3MAL JaMBITYAbIH IICUXOJIOTUSIIBIK MOJIEII

Kansinracreipy

KommnoHneHT Heri3ri cumarramanap
JKOJIIaPbI

KyTriserin HoTHAKE

binim 6epy xyilecinne

¥ ITTBHIK Tapux, TiJ'I, ¥ ITTHIK caHa MEH Tapuxu

KoruutusTik .. VITTBIK Ma3MYH/IbI )
MOJICHUET TypaJIbl O1TiM JKaJTHI TEPEH TYCIHY
MIOHJIEP, TAPUXH Kobaap
DOMOUMSUTBIK OaliaHbIc, |OHep, My3bIKa, 9n1e0ueT, | ¥JITTHIK MAaKTaHBIII IEH
AddexTuBTiK MaKTaHBIII ce3iMi, €Nre |HaTPUOTTHIK CUMBOJAAD  |9MOLMOHAIJIBI
CYHICHEHIITIK apKBUIbI 9Cep €Ty TYPAKTBUIBIKTHIH apTYbI
. |AzamarThIK Oencenainik, |XKacrap yHeIMAaphI Bencenni azaMaTThl
MoTtuBanusiIbIK-ic- K. . a ’ Py Jlapel, A K
opeKeTTiK JKayarnKepuIiik, KOFaMJIbIK OacTamarnap, YCTaHBIM KOHE KayarThl
P epIKTUIIK BOJIOHTEPIIIK XkKobaap MiHE3-KYJIBIK

AJBIHFAH HOTIDKEJIEp OTaHIBIK JKOHE IIEeTENIK 3epTTeyJiepMEeH CalbICThIpFaHia Oipkarap
YKCACTHIKTap MEH aifiblpMaIIbUIBIKTapbl KOPCETTI.

C. KanueBTiH miKipiHIle, YITTBIK CaHa — TYJIFaHBIH PyXaHHU JIHTEri, aj MaTpUOTU3M — OHBIH
OpeKeTTIK KopiHici. bys 3epTrey HoTm)enepi OChl TYKBIPBIMJIBI PACTabl: KaCTap IbIH YMOITMOHAIIBIK
OaiiyaHbICHI )KOFapbl OOJIFaH jKaF1aiiia, OMapaAbIH YITTHIK Oipereiiri 1e 6epik KaublnTacaibl.

K. JKapbikOaeB artanm eTKeHIeH, YITTBHIK Oipereiilik TYJIFaHbIH oJIEYMETTIK COMKecTeHy
IpoIeciHiH e3eri 0oibln Tabbulaabl. 3epTrey OapbiChIHIa KacTapAblH 68%-bl ©37epiH «Ka3ak
KOFaMbIHBIH OeJICeH 1 MYIIeC» PeTiHJE CE31HETIHIH alTThI.

P. bepni6aesa men I'. MennibekoBa eHOEKTEpiHIE KOPCETIITEeHAEH, PyXaHU >KaHFBIPY MEH
YITTBIK KYHIBUIBIKTApPIbl TaHY JKACTapAblH TCHXOJOTHSUIBIK TYPAKTBUIBIFBIH apTThIpaabl. by
3epTTeyie € YITTHIK MOJIGHUETKE KbI3bIFYIIBUIBIFBI )KOFAphl KAaTHICYIIBUIAP/BIH OMipre KaHaraTTaHy
JKOHE ©31H-031 0arajiay KOpCETKIIITEP1 JKOFapbl OOJIFaHbI OAKaIbI.

OMIUPUKAJIBIK JIEPEKTep >KacTapAblH YITTHIK Oipereiiirin apTTeipysa Tek OutiM Oepy Hemece
aKIapaTThIK HACHUXAT JKETKUIIKCI3 eKeHIH KepceTTi. [IcCHXOMorusblK TYpFbIIaH MaTPUOTU3MII JaMbITy
YILiH YII GaFbITTa BIKIAMI €Ty KaXKeT:
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OMOUMATIBIK JIEHTeiiie — JKacTap/AbIH JKYpPEeriHe dcep eTETIH YJITTBHIK CHMBOJAApP MEH pyXaHU
TOXipuOeHi OeNceH 11 KonIany;

KorHuTuBTIK A€Hrel1e — TApUXH CaHa MEH YJITTHIK O1TIM JKYHECIH KaHFBIPTY;

OPEKETTIK JICHTel e — )KacTap/bl dJEYMETTIK Ko0aap MEH epIKTUTIK KbI3METKE TapTy apKbLIbI
NPaKTUKAJIBIK HaTPUOTU3MIE OayITy.

Ocpbl ymI jgeHreil e3apa yilieciM TamkaHaa FaHa YITTBHIK Oipereiylik TYpakThl CHUIIAT ajaJibl.
CoHbIMEH KaTap, 3€pTTey HOTHIKENEpl aKIapaTThlK OpTa MEH QJIEYMETTIK JKEIUIepIiH »acTapJblH
VITTBIK CaHa-Ce3IMiHe BIKIAJIbl XKOFaphl eKeHiH KopceTTi. KenTereH jkacTap NaTpUOTTHIK Ma3MYH/IaFbl
OCHHEPOTUKTEp/l, MOJICHM TOJKACTTap MEH JEPeKTI (UIBMACPAlI WVITTHIK MAKTaHBIII CE31MiH
KYIIEHTeTiH (akTop peTiHae araabl. by mudpiablK KEHICTIKTI YITTHIK HICOJOTHS Kypajbl peTiHzae
THIMJII TTai1ajaHy KaKETTUTITIH alKbIHTalIbI.

KopsbiThinabl. JXyprizinren 3eprrey HOTHXKECIHJE Ka3aKCTAHJIBIK KacTap apachlHAa YJITTHIK
OipereisTik MeH MaTPUOTU3MII KaJBIMTACTBIPYIbIH IICUXOJIOTHSUIBIK HETi3/Iepl MEH AamMy MOJebaepi
KEIICH Tl TYPJC TaAaH bl 3epTTey OaphICHIHAA aHBIKTATFaH 0AaCThl KOPBITHIHIBI — YIITTHIK Oipereiik
IEeH MaTPUOTTHIK CaHa TYJIFAHbIH IIIKI pyXaHU IYHHUECIMEH, OJIEYyMETTIK COMKECTeHYIMEH XKoHe
MOTHBAIMSUIBIK KYPBUIBIMBIMEH TiKeJIeH OaiaHbICThI KYPAETi MICUXOJIOTUSUIIBIK JKYie eKeHIITI.

Teopusanblk Tangay KepCceTKEeHIeH, YITTHIK Oipereiaik aJaMHbIH STHOMOAECHU TOObIHA
KaTBICTBUIBIFBIH CE€3iHYyl MEH COHBI MaKTaHBIII eTyiHeH Oacray anaabl. byl mporecc KOTHUTHBTIK
(6imim MeH TyciHIK), ad@exTuBTIK (ce3lM MEH OSMOIus), KOHE IC-OpeKeTTIK (KaThicy MEH
JKayarKepuIinK) KOMIIOHEHTTEPAIH OipiiriHae kysere acaabl. [1aTpuoTu3M OCHl yIII KOMIIOHEHTTIH
e3apa OpeKeTTeCcyl HOTIKECIHIEC TYJIFaHbIH MiIHE3-KYJIKbIHAA TYPAKThl KYHIBUIBIK PETiHAE KOpPIiHIC
Tabasbl.

OMIUPUKAIBIK 3€pTTEY HOTIDKENEpl »KacTaplblH YITTHIK CaHa-Ce3IMiHIH OpPTaJaH >KOFaphbl
JEHTelIe eKeHIH KOpPCeTTi: KaThICyIIbUIapAbIH 62%-bl 63 €IliHIH TapuXbl MEH MOJCHUETIH >KaKChI
oinerinin, 58%-b1 Otanra JgereH MaKTaHBII Cce3iMi KOFapbhl eKeHiH, an 47%-bl a3aMaTThIK
KayanKkepurunirin OenceHal TypAe ce3iHeTiHiH aram oTTi. by mepekrep jkacTap apachlHAa YJITTHIK
caHa MEH NaTPUOTU3MHIH Heri3liepi 6ap ekeHiH, Oipak OHbI TYPAKThl MiHE3-KYJIBIKKA alfHAJABIPY YIIiH
KOCBIMIIIA TICUXOJIOTHSITBIK KOHE TOPOUENTIK KOJay KaKeT eKEHIH Joyeaeii.

Mogenpaey ofici apKbUIbI acajafaH YITTBIK Olpereiiik MeH MaTpUOTU3MHIH TCUXOJIOTHUSIIBIK
MO/IeJl KOPCETKEeH 1€, OYJI yIepic YIII HET13T1 IeHreiIe JTaMUIbl:

KOrHUTHBTIK JeHrell — YJITTBIK TapuxX IMEH MOJEHHET Typalsibl Kyhemi OuriM Oepy apKblibl
JKacTap/IbIH TAHBIMJIBIK 0a3achlH KEHEUTY;

A¢dexTuBTIK AeHred — enre CyMiCIEHIIUTIK MEeH MAaKTaHbII CE3IMIH SMOLMSIIBIK TIXipuoe
ApKbUIbI HBIFAUTY;

MoOTHBaIMSITBIK-OPEKETTIK JIEHIel — a3aMaTThIK OCJICeHMITIKTI, QJIEYMETTIK >KayarmKepIIiTiKTi
JKOHE EPIKTUIIK MOJICHUETIH KaJIBITACThIPY.

3epTTey OapbIChIHAA aWKBIHAANFAH MaHBI3ABl TYXKBIPBIMIAPIABIH Oipi — Kazipri >KacTapJbIH
VITTHIK caHa-ce31Mi keOiHe aKIapaTThIK XKOHE 9JIEyMETTIK OpTa bIKHAIBIMEH KajibllTacaTbiHbl. OChIFaH
OaliaHbICThI MeNa KoHE LU PIBIK KEHICTIKTI YITTBIK WIesIap/Ibl HACUXATTAY IbIH XKOHE NaTPUOTTHIK
ce31M/Il apTThIPYAbIH TUIM/II KYpajibl pETiH/IE NaiianaHy KaxerT.

CoHbIMEH KaTap, >KacTapiblH YITTBHIK PYXbIH KaJbIITACTBIPY TeK OuTiM Oepy MeKeMmenepiHiH
MIHJIETI eMec, OyYJ1 — oTOachl, KOFaM JKOHE MEMJICKET Oipiiece aTKapaThlH pyxaHu muccus. OtOachl
VITTBIK KYHJIBUIBIKTAp/IbIH aJIFalIKbl TapaTyIIbIChl OoJica, Oi1iM Oepy »KyHeci cosl KYHIBUIBIKTapIbl
caHara OekiTell, ajl KOFaMJBIK JKOHE MOJIEHM MHCTUTYTTap OJIapAbl OMIpIiK Taxipubere
alHaIABIPaAbL.

Kanmel anrannga, Kypri3uireH 3epTrey YJITTHIK OIpereMiiKTi JaMBITYAbIH TCUXOJOTHSIIBIK
MOJICTIIH alKbIHIaNn KaHa KOWMai, MaTPpUOTTHIK TOPOMEHIH THIMJI TCHUXOJOTHSUIBIK TETIKTEpiH e
KOpCeTTi. Bys1 HOTIKeNnep YATTHIK UICOTIOTHSHBI )KaHFBIPTYFa, )KacTapAblH PYXaH! NaMYbIH KOJAayFa
XKOHE eNIMI3NIH OonamarblHAa CEHIMII, JKayalKepILIUIri >KOFapbl TyJIFajmapsl TopoOuesneyre
OarpITTaJFaH MPAKTHKAIBIK YCHIHBICTAP JKacayFa MYMKIHAIK Oepei.
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¥ATTHIK Oipereiylik MeH MaTpUuOTU3M — ENJIH PyXaHU TIperi, MeMJIEKET TYpPaKThUIBIFBIHBIH

kerim. CoOHABIKTaH Oy KYHABUIBIKTApAbl TCUXOJIOTHSUIBIK TYPFBIIAH JIAMBITY — TOYeICi3
KazakcTaHHBIH CTpaTETHsUIBIK JaMy OaFbITBIHBIH ©3€r1 O0JIBIN Kaia Oepei.

=
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ITATPUOTTBIK CE3IM/AI JAMBITY IbIH UHTEPAKTUBTI 9 AICTEPIHIH
IICUXOJIOT'UAJIBbIK TUIMALIITT

Ouiaxobaee Kanbonam /lonbaesuu

Anparna. by mMakanaza maTpHOTTHIK CE31MJII KaJbIITACThIPy MEH JAMbITYbIH HHTEPAKTUBTI
o/icTepiHIH TMCUXOJIOTHSIIBIK THIMALIITT KapacTeIpbliaasl. Ka3ipri Koramaa skacTapblH YITTHIK caHa-
Ce3iMiH, OTaHFa JIETeH CYMICHEHIIUINTIH apTThIpy — TopOue ynepiciHiH 0acTbl OaFbITTapbIHBIH Oipi
Oonbin TaObLIaABL. 3epTTEy OaphICHIHAA MATPUOTTHIK TOpOMe Oepyne KOMAAHBUIATHIH MHTEPAKTHUBTI
omicTepliH (miKipTanac, pejaiK OWbIH, TPEHUHT, )KOOAJBIK JKYMBIC, CUTYaIUsIIBIK Tajaaay >KoHeE T.0.)
NICUXOJIOTHSUIBIK dcepi TangaHabl. MyHail oagicTep OKyIIbLIapAbH OelIceH Il KaTbICyblH, 63 OiIapblH
€pKiH XKETKi3y1H, TONTBIK bIHTBIMAaKTaCTHIKThI )KOHE SMOLIMOHAJABI OallylaHbICTapAbl KYLIEHTe 1.

[IcuXONMOTHSUTBIK TYPFBIIAH MHTEPAKTHBTI TOCULACP TYIFAHBIH 1MIKI MOTHBALMSCHIH, ©31H-031
OarajayblH, YITTBIK KYHJBUIBIKTApFa SMOLIMOHAJAbI KaTbIHACHIH apTThIpajabl. COHBIMEH Katap,
3epTTEY HOTHIKENEPI KOPCETKEHICH, MHTEPAKTUBTI SIICTEPi KYHeni TypJe KOJJaHy OKYIIbUIAPIbIH
OTAHIIBUIABIK KO3KapachlH, a3aMaTThIK >KayanKepUIUIIriH jKOHE QJIEyMETTIK OeJICeHIUIITH JaMbITabl.
byn tocimmep OuriM  Oepy TpOIECIHAC TYIFAaHBIH TAHBIMJBIK, OMOIMSUIBIK KOHE EpIKTIK
KOMIIOHEHTTEPIH YWJIEeCTIpe OTBIPbIN, HATPUOTTBHIK CEe3IMII TEpeH JKOHE TYPAKThl JIeHreize
KaJIBIITACTRIPYFa MYMKIHJIIK Oeperi. COHABIKTaH MHTEPAKTHBTI OKBITY 9IICTEPIH MAaTPUOTTHIK TOpOHe
JKYyHeciHe eHTri3y Kasipri 3aMaH Melarorukachl MEH MCHUXOJOTUSCHIHBIH MaHBI3AbI MiHACTTEPiHIH Oipi
00JIBIT TaOBLTAIBI.

KinTTi ce3aep: maTpHOTTHIK ce31M, HHTEPAKTUBTI 9IICTEP, NMCUXOJIOTHSIIBIK THIMIUTIK, YJITTHIK
CaHa, MOTHBAIHS, TYIFAIBIK JIaMy, SMOIIMOHAIIBI 9Cep, a3aMaTTHIK KayalKEpIILUTiK, TONTHIK KYMBIC,
OTAHCYMTIIITIK TOpOueE.

Kipicne. Ka3ipri >xahannany noyipiHae YITTBIK KYHABUIBIKTAp/Abl CaKTay MEH >Kac YPHaKThIH
OOMBIHIA MATPUOTTHIK CE3IMA1 KAIBINTACTHIPY — KOFAMHBIH CTPATETHSUIBIK MaHbI3bI Oap oleyMeTTIK-
MEeAaroruKaJblK JKOHE MCUXOJIOTHSUIBIK MIHACTTEPIHIH Oipl. ONeMJIIK MOJIEHUETTEP/IH e3apa bIKIaJIbl
KYIIEHin, aKmapaTrThlK KEHICTIK KeHEeMreH 3amMaHja >KacTapAblH YITTHIK OOJMBICBIH, pYyXaHU
Olpereisirin cakray, o3 elliHiH a3aMaThl PETiHJ/Ie MAaKTaHBIII CE31IMIH JAMBITY €PEKIIe O3€KTUTIKKE ne
6onbin oThIp. [laTpuoTTHIK TopOue Gepy — Tek Oinim Oepy KyHeciHiH FaHa eMec, COHbIMEH Karap
OTOACBIIBIK, QJIEYMETTIK JKOHE MOJCHH MHCTUTYTTapJblH J1a OpTaK MiHJETi. JlereHMeH, OyTiHI1 KyHi
OyJ1 MacesieHl IenIyAiH jKaHa, THIM/II JKOJAAPBIH 13/1ey KaXeTTUIir TysiHaan oTelp. ComapasiH Oipi —
MHTEPAKTHUBTI OKBITY SAICTEPIH MaiiajdaHy apKblibl HATPUOTTHIK ce3iMil AaMbITy[ 1. 14 6].

WHTepakTHBTI oaicTep — OYJ1 OKBITY MEH TapOuerney yaepiciniae OuTiM amymbliap/slH OenceHal
KAaThICYbIHA, ©3apa JpEeKEeTTECTIriHe, MIKIp alMacyblHa OHE J>KEKe KOe3KapachlH €pKiH OulnipyiHe
MYMKIHJIIK OepeTiH Tocunaep xkyieci. [legarorukanslk Taxipube kepceTkeHael, MyHai aictep OutiM
aTynIbUIapAblH TeK KOTHUTUBTIK €MEC, COHBIMEH Oipre SMOLUSIIBIK )KOHE epIKTIK caiajapblHa Ja ocep
ereni. Jlemek, MaTpUOTTBHIK ce3iMII TeK akmapaT Oepy HeMece IopiC apKbUIbl KalbIITACTBIPY
KETKUTIKCI3; OHBI TYJIFAHBIH 1Kl JYHHECIHE, IMOIMSUIBIK-KYHIBUIBIKTBIK KAaThIHACHIHA OCEP €Ty
apKbUIbl FaHa JaMbITyFa Oomangsl. OcCbl  TYpFBIIAH — KaparaHJa HMHTEPAKTUBTI  SIIiCTEpIiH
MICUXOJIOTHSUTBIK THIMAUIIT] €peKIIe MOHTE He.

[TcuXoNmOTHsUTBIK TYPFBIAAH TATPUOTTHIK CE31M — TYJIFAHbBIH JI€YMETTIK-IMOLUSIIBIK J1aMybIHBIH
JKOFaphl JIeHTeliH KepceTeTiH Kypaeni ¢eHoMeH. O ajaMHBIH ©3 €liHe, XepiHe, XaJKblHa JeTeH
CYMICTIEHIIUTITH, MaKTaHBII CEe31MiH, a3aMaTThIK OOpPBIIBIH CE31HYIH KaMmMTuIbl. MyHpmail ce3imai
KaJIBIITACTBIPY YIIIH aJlaMHBIH ©31H-031 TaHYbl, Y)KbIMIA 63 OPHBIH CE3iHYl, YJITTHIK KYHIBUTBIKTAP IbI
KaObu11aysl MaHb3ABL. by yaepictepae sMOIUSIBIK KaObUIIay, SJIE€YMETTIK TOXIpHOe jKOHE TOMTHIK
e3apa 9peKeT YJIKeH pei arkapajbl. COHIBIKTAaH MHTEPAKTHBTI QICTEP/AIH KOJJAaHbUIYbl HAaTPHUOTTHIK
TopOue O6epy/ie TYIIFaHbIH 1K1 ICUXOJOTUSIIBIK MEXaHU3M/IEPIHE 9Cep €Ty MYMKIHIITIH apTThIPajbl.

Kazipri 6imim Oepy »kyieci Tyinrara OarbITTaiafaH, SFHU OUTIM alylIBIHBI O€JICEHl, OMIIBL,
KayamnThl, ©31H-631 JaMbITyFa KaOUIETTI JKeKe TWIFa PETIHAE KaJbIITaCThIpyFa YMThUIaABL. by
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0aFpITTa MHTEPAKTUBTI QICTEPAiH KOJIAAHBUTYHI OLTiM Oepy Ma3MyHBIH KaHFBIPTYJBIH OacThl MIAPTHI
Oonbin TaOblIanel. MoceneH, mMiKipTanac, TPEHUHT, POJIIK JKOHE ICKepJiK OMbIHAap, >KOOANbIK
KYMBICTAp MEH 3€pTTEeY TalChIpMalapbl CHUSAKTBI dAICTEP OKYLIbLIapAbl OEJICEHIl OiayFa, TONTHIK
BIHTBIMAKTACTHIKKA JKOHE SMOLMOHANIBI OalIaHbIC OpHAaTyFa uUTepMenenai. MyHmail opekeTTepAiH
OapJIbIFBI TATPUOTTHIK CaHA MEH Ce31MJI1 IaMbITyFa ICUXOJIOTHSUIBIK HeT13 Kanaiapi[2, 31 6].

CoHbIMEH Karap, HMHTEPAaKTUBTI ONICTEPAIH AapPTHIKIIBUIBIFGl ONAPAbIH TYJIFAHBIH  1IIKi
MOTHBALUSCHIH apTTHIPy KaOUIeTiHAE. OJETTErl JOCTYpJli OKbITyna OiTiM amymisuiap KebOiHece
NACCHBTI THIHJAYIIBI POJIiH aTKapajbl, ajl MHTEPAKTHUBTI TOCUIAEPIE OJiap OKY MpOLECIHIH OelceHi
cyOBeKkTiciHe aitHamabl. bys1 omapasiH €3 OWapblH €pKiH OUIaipyTre, IoJenaep KenrTipyre, mikipraiac
KYpPriyre jkoHE o3 el Typaibl OUTIMIEpiH MIBIFApMAIIBUIBIKIICH KOJJAaHyFa MYMKIHAIK Oeperi.
OchiHaail opraga MaTpUOTTHIK CE3IM TEK CHIPTKBI 9CEp apKbLIbI €MeC, TYJIFaHBIH ©31HIIK TOKipuOeci
MEH SMOLUSIIBIK KaObUIIAYbl aPKbLIbI HBIFAsIbI.

[TaTpuOTTHIK Ce3IMA1I JaMbITY MACENECIH MCUXOIOTUAJIBIK TYPFbIIaH KapacThlpy MHTEPAKTHBTI
o/icTepiH ajaM ICUXHMKAChIHA dcep €Ty TETIKTepiH TYCiHyai Tajmam eteni. byn Tocimaep TYJIFaHBIH
SMOLMSIBIK  KaObUIAybIH, TONTHIK JMHAMHUKAChIH, ©31H-031 Oarajnay JeHreiiH, SMIaTHUSIIBIK
KaOlIeTTepiH KymieWreni. ©Ocipece KacecHmipiMaep MEH JKacTapAblH IMATPUOTTHIK CE3IMiH
KaJBITACTBIPY/la WHTEPAKTHBTI TPEHUHITEp MEH IMiKipTajgac oMICTEepiHIH ocepi >KOFapbl EKeHi
TOXipube xy3inae monenaenren. Cebebi Oy »acTa TYJIFaHBIH KYHABUIBIKTAp XYHECi KaJbIITachlIl,
QIIEyMETTIK COMKECTIK MeH YITTHIK caHa OeKil KeJe >KaTabl.

Ocputaiiina, MaTpuOTTHIK CE31M/II 1aMBITYIBIH MHTEPAKTHBTI 9/IiCTEPIH KOJIaHy TeK OuTiM Oepy
carachlH apTThIpy Kypajibl FaHa €MeC, COHbIMEH KaTap TYIFAaHBIH PyXaHHU >KOHE QJIEYMETTIK JaMyblH
KaMTaMachl3 €TETIH MCUXOJIOTHSUIBIK TETiK OOJbIN TaObu1aabl. bysl GarbITTaFbl FHUTBIMU-TIPAKTUKAIIBIK
3epTTeyJiep Kasipri Mejaroruka MeH ICHXOJIOTHs FbUIBIMJIAPBIHBIH TOFBICBIHJA OpPHAJAChII, YJITTHIK
TopOMe KYHECIH KaHFBIPTYFa OaFbITTAIFAH MaHBI3/Ibl MIHIETTEP/l HICITyTe MYMKIH/IIK Oeperi.

3eprrey daici Mmen Martepuajgap. byn 3eprrey KyMmbIChl OUTIM alyIIbUIAPJBIH MATPUOTTHIK
ce3iMiH JaMBITy/la MHTEPAKTHBTI SJICTEPiH NCHXOJOTHSUIBIK THIMIUIITIH aHBIKTayFa OarbITTaFaH.
3epTTey O6apbIChIHAA TICUXOIOTHSUIBIK-TIEAarOTUKANIBIK SAICTEP/IIH KUBIHTBIFbI KOJIJaHbUIbII, OJap/IbIH
HOTIKEIIEPi TAJIJAHBII, CAIIBICTRIPMAIIBI CUTIATTa OaraiaHIbl.

3epTTeyliH HETi3rl MakcaTbl — OKBITY HpOIECIHE KOJJaHBUIATBIH MHTEPAKTUBTI OMICTEPIiH
MAaTPUOTTHIK CE3IMIe dCep €Ty JOPEKECIH, TCUXOJOTHUSIIBIK BIKMAIBIH KOHE THUIMILIITIH alKbIHIAY.
Minnerrepi TemeHnzeriied aHbIKTaNAbl: IlaTpHOTTBHIK ce3lM MEH TYJIFaHbIH YITTHIK-pyXaHH
KYH/IBUTBIKTAPBIHBIH TICUXOJIOTHSUTBIK TaOMFAThIH cumnarray; [1aTproTTBIK ce3iMIi KaJbITacThIpyaa
MHTEPaKTUBTI OMICTEP/iH (IUCKyccus, pesIiK OWbIH, *obanay, nedaT, TPeHUHr, MuFa madysl1 T.0.)
9CEpiH aHBIKTAY;

3epTTey HOTHIKENepl HEri3iHAe MHTEPAKTHBTI OKBITY OICTEPIHIH MCHXOJOTHSUIBIK TUIMIUIIH
Oaranay JKoHE YCHIHBICTap Oepy. 3epTTey OaphIChIHIA KOJIIAHBUIFAH HET13T1 9icTep OlpHele TOmKa
Oeminai: Teopusublk omicTep: FBHITBIMU-TEOPUSIIBIK Tanfay oOiCi — OTAHIBIK JKOHE IIETEeNJIiK
FAITBIMIAPABIH TATPUOTTHIK TOpOHME, TYJIFAaHBIH KYHABUIBIKTBHIK OaFaapiiapbl, ICHXOJOTHSIIBIK TaMyBbI
XKeHIHAer1 eHOekTepl capanTanabl (Meicanbl, A. Macnoy, K. Pomxkepc, JI.C. Beirorckuii, C. Kanues,
A. TemipbexoBa >xoHe T.0.). JKyiieney >koHEe >KalIbuIay 9MiCi — MATPUOTTHIK CE3IMJII JaMBITYIbIH
UHTEPAKTUBTI TOCUIIEPIH TICUXOJOTHUSJIBIK JKOHE TIeJaroruKalblK TYPFbIIAH Kyieney ixys3ere
ACBIPBUIIBL.

OMOUpUKaibIK ofictep: bakpimay omici — 3epTTey KaTbICYyIIBUIAPBIHBIH (OKYyIIBIAp MEH
CTYJEHTTEp/IH) OKy MpoLeciHAeri OeICeHAUIIN MEH AMOLMOHANbl peaKUMsUIapbl >KyHemn TypAe
Oakputanapl. CayanHama KOHE aHKeTa 9Jici — OLTIM amylblIap[blH MATPUOTTHIK CE31M JCHTeHiH,
VITTBIK KYHIBUIBIKTAPFa KATBIHACHIH, €JT€ JIeTe€H CYHICTICHIIUTITIH oHEe OCJICeHII a3aMaTThIK
NO3ULIMACHIH aHBIKTAy MakcaTbiHAa OKYpri3iaui. IICHMXOJOTHMSIBIK TecTiiey ofici — TYJIFabIK
OaFBITTBUIBIKTBI, KYHIBUIBIKTHIK OarmapiapAbl KOHE SMOIMOHAIIBI KaThIHACTHI Oaranay YOIH A.
Peannbly «MotuBauusuiblk  KypbuibiM», 1. IlIBapurein «KyHIObUIBIKTap KyHeci» TecTuiepi
KOJIJIaHBUIJBI. DKCIEPUMEHT o/ici — HHTEpaKTHBTI omictepaiH (Mbicanbl, «Ilikipramacy, «Pemmik
oiibi», «Kobanmblk omic», «Otanapl Kopraymibl OeliHecl» TpeHHHTi, «MeHIH eliM» KBEeCTi)
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NICUXOJIOTHSUIBIK 9CEPiH TOXKIPUOETIK Typae TEeKCepy MakKcaThHAA €Ki TonTa (IKCHEPUMEHTTIK >KOHE
0aKpUIay TONTAPHI) KYPTi3UIdi.

3eprTey ©0a3zachl JKoHE KaThIcylibuiap. 3epTTey AJIMaThl KajJachlHAAFbl JKOHE AJMaThl
OOJIBICBIH/IAFBI JKANIIBI O11iM OepeTiH MEKTeNTep MEH KoJule/pKaepAe Kyprizinai. bapmaeirsr 120 Ginim
anymsl (okac epekmeniri 14—18 »ac apaibIFblHIa) 3€pTTEYre KaThICThl. JKCIEPUMEHTTIK Tonka — 60
OKyUIbI eHri3inai; bakpuiay To6piHa — 60 OKYIIBI €HT131I1.

OKCHEepUMEHTTIK TOMNTa MATPUOTTHIK CE31MJII JaMbITyFa OarbITTaliFaH apHaibl MHTEPAKTUBTI
cabakrap MEH TPEHUHTTEP OTKI31J1/1, all 6aKpuIay TOOBI JOCTYPIIi OKBITY SAICTEPIMEH OKBITHUIJIBL.

3epTTey Yy Heri3ri Ke3eHHEH TYP/bI:

1. JaifbiHabIK Ke3eHI — (TeOpUsUIbIK Taljay, cayalHaManapiabl JaiblHaay, MakcaT IIeH
MIHJIETTEP/I1 AaUKbIHIAY ).

2. Heri3ri ke3eH — (9KCIEPUMEHTTI YHBIMIIACTBIPY JKOHE MHTEPAKTUBTI QICTEpi Konany). by
KE3€HJIe KeJeCl 9IicTep MaiJaiaHblUI/bI:

o «likipramac kiyObD» — OTAHCYHMTIIITIK TaKbIPBINITApAA IMKIp aaMacy apKbLIbl SMOIIMOHAIIBI
YKOHE TaHBIMJIBIK OCJICEHIUTIKTI apTTHIPY;

o «Penuix oiibiH» — Tapuxu TyIFanap OeiHECiHAe OWHAay apKbUIbl YITTHIK MAaKTaHBIII CE31MiH
KaJIbIITACTBIPY;

o «Tonteik x00a» — «MeHIH eliMHIH OoJjamiarbDy aTThl HIBIFAPMAIIBUIBIK K00alap OpbIHIAY
apKBUIBI €JIre JITeH JKayarnKepIIiiK Ce31MiH KYIISHUTy.

3. KophITBIHIBI Ke3€H — (HOTMXKENepAl Tannay, CalbICThIPY, KOPBITBIHIBI jkacay). by kesenne
SKCIIEPUMEHTTIK KoHE Oakbliay TONTAPBIHBIH KOPCETKIIITEePl CANBICTBIPBUIBIN, WHTEPAKTHUBTI
o/iCTEpIiH TMICUXOJIOTHUSIIBIK 9CEePi CAHIBIK KOHE CarajblK TYPFbIIAaH OaraaaH/Ibl.

3eprTey OapbichbiHAa Kejeci MaTepuanaap KoingaHwUiabl: [laTpHOTTRIK TopOuere apHaiFraH
ozicTeMenik Kypanjgap MeH Oarmapmamanap (mbicansl, «PyxaHm skaHFbIpy» Oarmapiamacel, «XKana
Kazakcran sxactapel» »00achl); ABTOPJIBIK TPEHHUHT Oarnmapnamaniapel («MeH o3 eliMIl CyHeMiHy,
«Menig OtanbM — KazakcTan» TaKbIpbIOBIHAAFbl HHTEPAKTHUBTI KATTHIFYJIAp);

CayanHama mapakTapsl MeH TecT OjaHkiiepi; MynbTUMENUSIBIK Ipe3eHTalusiap MEH
OcitHemaTepuanap (Tapuxu OeHHEY3IHIIEP, VITTHIK MOJACHHET JJIEMEHTTEpl, €1 TapHUXbIHIAFbl
MaHbI3/Ibl OKMFaJIap); OJeyMeTTIK-TICUXO0JIOTHSIIBIK JUarHOCTHKAFa apHAJIFaH o/1iCTEMeNTiK HycKayap.

Tankbliay 0OeJiimi. byn 3epTrey KyMBICBIHBIH OacTbl OaFbIThl — OUTIM  adyHIBUIAPbIH
HNaTPUOTTHIK CE€31MIH KaJbIITACTBIPY MEH JaMbITy/1a HHTEPAKTUBTI OKBITY 9JIICTEPIHIH ICUXOJIOTUSIIBIK,
TUIMAUIITIH TOXIpUOETIK TYpFbLAaH Jonenjiey Oonabl. 3epTTey HOTHXKeNepiH Tanjgay OapbIChIHAA
WHTEPAKTHBTI OJICTEPHiH OKYIIBUIAPIBIH AMOIMOHAIIBIK, KOTHUTHBTIK JKOHE MOTHBAIUSIIBIK
JaMyblHA eNeysi ocep eTKeHl aHbIKTaiabl. COHBIMEH KaTap, JOCTYpPJi OKBITY TocuaepiMeH
CaJIBICTBIPFaH/a, HUHTEPAKTUBTI SJICTEP OKYILIbLIAPJbIH OENCeH/l KaThICybIHA, ©31HAIK MIKIPIH €pKIH
OUIAIpyiHE KOHE YITTBIK KYHIBUIBIKTapFa SYMOLMOHANIBl KAaThIHACKIH apTThIpyFa KeOipeK MYMKIHIIK
oepmi[3].

bipinmni ke3ekTe, AKCIMEPUMEHTTIK TOMNTAFbl OKYIIBUIAPJABIH MATPUOTTHIK CE3IMiHIH JeHreil
Oakputay TOOBIHIAFBI OUTIM alylIbUIapFa KaparaHjaa alTapiibIKTal >KOFapbl OosiFaHbl Oaiikamasl. by
ailBIpMaIIbUIBIK MHTEPAKTUBTI OICTEP/iH TAHBIMABIK KbI3BIFYIIBUIBIK TE€H 3MOIMOHAIABI KAThICYIbI
KaTap JaMbITyFa HeTi3JeNreHiria kepcereni. Muicamnsl, «Ilikipramac kKiryOb» 9/iCi OKYIIBUIAPIABIH 03
€JIiHIH OTKEeHI MeH OYTiHiHe KaTbICThl MAcelsielep/Al €pKiH TaJKblIayblHa, TAPUXHU JKOHE QNICYMETTIK
KOHTEKCTI TepeH TyciHyiHe bIKnayn eTTi. OchblHAal miKipTasiactap OapbIChIHIA OUTIM alylibuiap o3
KO3KapachlH KOpFarl, el MiKip aiiTy JaFapliapblH KaJbIITACThIP/bI, OYJ1 63 Ke3eriH/e a3aMaTThIK
’KayanKepIIUTiK ce31MiH apTThIPAbIL.

Peunpik oifbIHAap MEH TPEHUHITEP OKYLIBUIAPIBIH SMOLMSIIBIK KAaThICYbIH KYLICHTII, €Jre IereH
CYMICTIEHIITUTIK TIeH MaKTaHBIII CE3IMIH TIKEJIeH TOKIpUOeNiK JAeHTeiIe ce3iHyre >Karaai Kacajbl.
«Tapuxu Tysranap 6eliHeciH/Ie OifHAaY» apKbIIbl OKYIIbUIAP YITTHIK TApUXKa KEKe TYPFbIIa apajachll,
TapuXd CaHa MEH YJITKAHABUIBIKTHI 1MIKI MOTHBAalUsAMeH ymTacTteipa Ounmi. byn tocin JI.C.
BBITOTCKHMIIIH oNeyMEeTTIK-MOJICHH TEOPHACHIHIAFbl «OKAKbIH JaMy aiMarbD» YFBIMBIMEH ColKec
KeJle/l, SSFHU TYJIFa QJICYMETTEHY MEH OKBITY MpOIleCiHe OeNCeH/I KapbIM-KaThlHAC apKbUIBI YKaHA
KYHIBUIBIKTApABI MeHTepeni[4].
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TonTelk >x00a ofici A€ epekile HOTHXKE KoepceTTi. «MeHiH eniMHIH OoJaliarbDy aTThl
HIBIFaPMAIIBUIBIK K0o0aap/sl OpeIHAY OapBICBIHIA OKYIIBLIAP €JIIH AaMy JKOJIbI, YITTBIK Olpereiik
IEH a3aMaTThlK OOpBIII >KaliIbl ©3 Ke3KapacTapblH YCBIHABL byl yzaepic onapiblH Y>KbIMIBIK
KayarnKepUIUiK Ce31MiH KaJIBIMTACTBIP/bI KOHE OPTAK MAaKCaTKa KETy YIIiH BIHTBIMAKTACHII KYMBIC
icreyre yuperTi. TONTHIK dKYMBICTBIH IICHXOJOTHSIIBIK THIMIUTIIT OHBIH TOII IMIIHJIET 63apa KoJiaay
MEH CeHIMIe Heri3ieneTiHinae. 3epTTey HOTIXKeNepl KOpceTKeHel, OochlHaail opTana Oiurim
alyllibllap ©3 OWBIH allblK alTyFa, YITTHIK WACSHbI TaJKblIayFa »OHE OpTaK KYHJBUIBIKTapra
cyiienyre Oeitimaeneni.

[TcuXONMOTHANBIK TECTUIEY HOTIIKEIEPl /1€ MHTEPAKTUBTI SICTEPAiH OCEpiH HAKTHI JOJIENICH
tycti. A. PeanHblH «MOTHBaIMAIBIK KYpPBUIBIMY» oici OOMBIHIIA SKCIEPUMEHTTIK TOITAFbI
OKYUIBUIAP/bIH 1IIKI MOTHUBALMACHI MEH QJI€yMETTIK-a3aMaTThIK OaFbITTHUIBIFBI apTKaHbl OalKasibl.
An 1I. HIBapureiH «KyHABUIBIKTap KYHeci» TecTi HOTHXKenepi OOHbIHIIA Oyl TONTarbl OLTiM
TYIIBUIAPBIH «IOCTYP», «IIaTPUOTU3MY, «KAyalKEPUIUIIK» jKOHE «KOFaM UTLIIr» KYHIbUIBIKTapbIH
JKOFappl OarajaraHbl aHBIKTAIIBL. byl KepceTKiTep WHTEPAKTHBTI OMICTEpAiH TYJIFaHbBIH
KYH/IBUIBIKTBIK OaF1apiapblHa sKaFbIM/Ibl 9CEpiH Amenaeni[5s].

OMOIMOHATABI-TICUXOJIOTUSUTBIK ~ aCIIeKT ~ TYPFBICBIHAH, HMHTEPAKTHBTI cabakrap Ke3iHze
OKYIIBIIAP/IbIH KOHIUI-KYH1 KOTepiHKi, cabaKKa KbI3bIFYIIBUIBIFBI )KOFAphl 00J/bl. bakbuiay 6apeichIHAA
OKYIIBUTAPABIH Oip-0ipiMEH KapbIM-KAaThIHACKHI KAKCAPBII, ©3apa CHIMIACTBIK, YKBIMABIK PyX, OpTaK
JKayarKepuIunk cesimaepl HbIFaiiFanbl Oalikamapl. An  Oakpliay TOOBIHAA JOCTYpJl  oaicTep
KOJIJIaHBUTFaH/1a, OKYIIBUIAPABIH OCJICEHIUTIrT TOMEH, SMOIMOHAIIBI PEAKIUSUIAphl QJICi3, cabak
mpoueci maccuBTI cumarra Ooiabl. byn  alblpMamibUIblK  MHTEPAKTHBTI  OKBITY OAICTEPiHIH
NICUXOJIOTHSUIBIK  TYPFBIJAH MOTHBAIMSJIBIK JKOHE SMOIMOHAIABIK OCJCEHIUTIKTI apTTBIPYAaFrsl
THIMIUIITIH JoJIeAeiil.

3epTTey HOTIDKENEPIH TEOPHSUIBIK TYPFBIAAH TYCiHAipy OapeickiHma A. Macnoy wmen K.
PoxepcTiH r'yMaHUCTIK MCUXOJIOTHs Karuaajgapbl epeKile e3eKTiUlKKe ue 0oiabl. Macioy yChlHFaH
©31H-031 XKY3€ere achlpy KaKETTUIIr aJlaMHBIH KOFapbl PyXaHH JKOHE 9JISYMETTIK MOTUBTEPIMEH THIFbI3
OailnaHbICThl ekeHiH kopceredi. Ocbl TYPFBIAAH alFaH/ia, UHTEPAKTUBTI 9MICTEP OKYIIBUIAPABIH 1IIKi
QJIeyeTIH allyFa, 3 eJliHIH a3aMaTThIK OOJIMBICHIHA YJeC KOCyFa JIeT€H YMTBUIBICHIH Kymienreni. K.
PoxepcTin TyIIFaimbIK-0aFaapiibl TOCUI Jie OyJ1 3epTTey/ie KOpiHiC TalThl: OKYIIbUIAPbl €PKiH MiKip
Ounaipyre, ©31HIIK 1IeNIM KaObuigayra yipery oiapAblH «MeH» TYKbIpbIMAAMAaChIH JaMBbITyFa, SIFHU
NaTPUOTTHIK CE3IMHIH JKeKe TYJIFANIBIK JIeHIeiiie KalblNTacyblHa bIKIA eTTi[6].

ConpiMeH Oipre, 3epTTey HOTHXKENEpl YJITTHIK-PYXaHH KYHJBUIBIKTApJbl OKBITY HPOIECIHE
€HT13y/lIH MaHBI3JbUIBIFBIH aWKbIHAAAbl. VIHTEpakTUBTI OMICTEp apKbUIbI OUTIM ajdylisliap TeK
aKmapaTTHIK OLTIM aJiblll KaHa KOWMai, YITTBIK MOJICHHET, AOCTYP, TApUX JKOHE TiJT apKBLIBI TYJIFaJIbIK
ColKkecTiriH TepeH ce3iHe Oactaiiabpl. Meicanbl, «MeHiH OtanbiM — Ka3zakcTan» arThl TPEHHUHT
OapbICbIHAA OKYILIBLIAP €JJIIH TAOUFU OalJIbIFbl, MOIEHU MYpachl, MEMJIEKETTIK PaMI3IEp MEH TapUXH
TYIFajgap Typajibl akoapaTThl SMOLMOHAAbI KaObliAanbl. bya marpuoTH3MHIH KOTHUTHBTIK €MeC,
AMOIMOHANIBI ICHI €W Ie OPHBIFYbIHA KaF/Iai jKacabl.

OKCIIEpUMEHTTIK KOHE Oakpliay TONTApbIHBIH HOTHXKEJEpIH CaJbICTBIpMAlbl  Tajjay
KOPCETKEH IeH, NHTEPAKTUBTI SJICTEpl *KyHemnl TypAe KOJJaHy MaTpUOTTHIK ce3iMIi Jambityaa 30—
40%-ra nmeiiiH THIMIITIK Oepli. DKCIEPUMEHTTIK TONTAaFbl OKYIIBUIAP/IBIH ©31H-631 Oaranay JeHreii,
TONTHIK J>KYMBICKA KAaThICy OEJCEHIUTIT >XOHE AMOIMOHAIIBI TYPAKTBUIBIFBI JKOFapbl OOMabl. Al
Oakputay TOOBIHAA MyHJAMl alikelH OH e3repictep Oailikaamansl. byn nepekrep HMHTEpaKTUBTI
OKBITYJIBIH TYJIFaHBIH SMOIMOHAIBI JKOHE KYHABUIBIKTBIK JaMyblHAa KEHICHII ocep eTeTiHiH
kepceteni[7].

3epTTey OapbIChIHIA albIHFaH HOTIKENEPIH MPaKTUKaJIbIK MaHbI3bl 30p. MHTepakTuBTI
ozicTepi KyHeni eHri3y apKblIbl MEKTEIl IeH KOJUIE/DKIAepe NaTpUOTTHIK TopOue OarnapiamaiapbiH
KaHamra gopmarta YHpIMaacTeIpyFa Oonaapl. MyHail oicTep OKYIIBUIAPBIH MMACCHBTI THIHAAYIIIBI
emec, OelceHl KaTbICyIIbl PeTiHIEri peiliH KyuleWredi. Ocipece, aebaT, miKiprajac, KBECT MOHE
KO00abIK OKBITY CHSKTHI 9JicTep OUIIM alylIbUIapJblH YITTHIK CaHa-Ce3IMIH JaMbITYMEH KaTap,
HIBIFAPMAIIBUTBIK OiJIay MEH KOMMYHHUKATUBTIK JaF IbLIaP/IbI dKETUITIPEIi.
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[IcuXONOTHSsUIBIK TYPFBIIAH alfaHa, WHTEPAKTHBTI OMICTEp OULTIM alylIbUIapIblH ©31HIIK
TUIMAUTIK ce3iMiH apTThipaasl. Onap Tom iHIiHIE 3 MiKipiHIH KYHBUIBIFBIH Ce3iHelli, HOTHKECIHIe
TYIFAJIBIK CEHIMIUIIK KaJIBITITacabl. byJl CEHIM MaTpuOTTHIK CE3IMHIH JaMybIHa HeTi3 0oJajsl, ceOebi
©31He CeHIM/II a/1aM KOFaM aJIIbIH/IAFbl KayaKepIIUTIKTI Jie alKbIH Ce31HeIl.

CoHBIMEH KaTap, MHTEPAKTUBTI 9MICTEP/IIH THIMILIITT TeK MaTpUOTU3MMEH miekTenMeii. Onap
OUTIM anmymIBUIAPIBIH OJIEYMETTIK HMHTEUICKTIH, SMOIMOHANIL HMKEMJUITIH JKOHE MOPAJbIbIK
OarapbIHBIH TYPAKTBUIBIFBIH apTThIpaAbl. byl KacuerTtep Ka3ipri 3aMaHHBIH OCJICEH/II, JIiH CYHEeTiH,
JKayarThl a3aMaThIH KATBINITACTHIPY/Ia aca MAHBI3/IbI.

KophIThIHIBLIAM Kelle, 3epTTey OaphIChIHIA alIbIHFAH JEPEKTEP HHTEPAKTUBTI OKBITY dJIICTEPiHIH
NaTPUOTTHIK CE3IMJi JAaMBITy/a MCUXOJOTHSUIBIK TYPFBIAAH >KOFapbl THIMIUTITIH monenaenai. Omap
TYIFaHBIH OSMOIIMOHAJIBIK, MOTHBAIMSUIBIK YKOHE KYHIBUIBIKTBIK KYPBUIBIMAAPBIH — OCJICeH I
KaJIBIITACThIpYFa bIKHan erefi. OKBITY TpOLeciHAC WHTEPAaKTUBTI TocUIaepAl maiganaHy
OKYIIBUIAPJBIH YITTHIK CaHAa-CE3IMiH OATBHII KaHa KOMMaW, OJIapJblH a3aMaTThIK YCTaHBIMBIH
HBIFAUTAIbI, PyXaHU-aIaMT€pIILUTIK JyHHETaHBIMBIH KEHEHTE 1.

3epTTey HITH:KeNIepi. Byi 3epTTey OaphichiHIa aNbIHFAH HOTHXKENIEP MHTEPAKTUBTI 9/IICTEPIIH
OUTIM aTylIbIIap IbIH MATPUOTTHIK CE3IMIH IaMBITYAAFbl ICUXOJOTUSITBIK THIMIIUTITIH aifKBbIH KOPCETTI.

DKCHEPUMEHTTIK KoHE 0aKblliay TONTAPBIHBIH CABICTHIPMAIbl TAJAYbl HET131H1€ HHTEPAKTUBTI
omicTep TYIFAHBIH SMOIMSUIBIK, MOTHBAIMSUIBIK JKOHE KYHIBUIBIKTBIK JaMybIHIa MaHBI3IBI POl
aTKapaTbIHbI AJNENICH 1. 3epTTey HOTHXKEIepi TOMEH IET1 KopCeTKIITep OOoMbIHIIA OaraiaHIbl:

[TaTpuoTTHIK ce3iM AeHrek1
MoTuBaIUSUIBIK O€ICCHIUTIK
KyHIBUIBIKTBIK Oarmapiiap
DOMOIMOHAJIBI TYPAKTHLIBIK
TonTeIK ©3apa opekeT
A3aMaTThIK jKayanKepIIiIiK

ogakrwnE

1. Kecte. DOxcnepuMeHTTIK TONTarbl OUTIM  adylIbUIapAbIH OapiblK KOpCETKIITepl
Oakputay TOOBIHA KaparaHa €19yip KOFapbl OOJIbI.

Ne Kepcetkimrep OKCHEepUMEHTTIK Baxpuiay To0bI (%)
tot (%)

1 [TaTproTTHIK ce3iM 88 65
JIEHrei

2 MoTHUBAIHASIIBIK 84 68
OenceHIuTIK

3 KyHIBITBIKTBIK 86 70
Oarapiap

4 DOMOLIMOHAIIIEI 82 66
TYPaKTBUIBIK

5 TonTsIK ©3apa 90 71
opeKeT

6 A3aMaTTBIK 85 69
Kayankepuik
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NHTepakTuBTI agicTepaiH, NCUXONOrusanblK TUIMAINIri
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Jmarpamma/ia SKCIIEpUMEHTTIK TOIITHIH KOPCETKIIITEPl OapiblK OarbpITTap/Ia )KOFaphl €KeHI aHbIK
Oaifkamanael. Ocipece, «TONTHIK ©3apa apekeT (90%) xKoHe «maTpHOTTHIK ce3iM AeHreii» (88%)
KOPCETKIIITepI MHTEPAKTUBTI SMICTEPIiH YKBIMIBIK OCICEHAUTIK TMEeH YITTHIK CaHara BIKIAl €Ty
TIOPEXKECIHIH KOFapbl eKeHiH nanenzeiini. KopeITbiHAbUIAN Kelle, alblHFaH HOTHKEJIep MHTEPAKTHBTI
omicTepaiH MaTPUOTTHIK ce3imi JaMBITy 12 THIMOL EeKeHIH aNKbIH QJIEIAEH .
byn Tocinmep OuTiM amymibUlapAblH KEKE TYIFANBIK JaMyblHa, YITTBIK CaHa MEH pyXaHH
KYH/IBUTBIKTAP/Ibl CE31HYyTE, QJI€YMETTIK OeJICeHILTIKTI apTThIpyFa bIKNaNI eTe/i[8].

KopbITbiHabl. JKypriziireH 3epTTey HOTHKEIEepl WHTEPAaKTUBTI OKBITY OJAICTEpIiHIH OLIiM
AMyHIbUTAPABIH MATPUOTTHIK CE3IMIH KAJBINITACTHIPY MEH JaMBITYJa €peKIIe MCUXOJIOTHSIIBIK >KOHE
NeAaroruKaiblK TUIMIUTIKKE M€ €KeHIH allKbIH KOpCeTTi. 3epTTey OapbIChIH/Aa ajbIHFAH MOJIIMETTep
WHTEPAKTUBTI TOCUIAEPAIH OUTIM amylIbUIapAblH SMOIMOHANIB TYPAKTHUIBIFBIH, MOTHBAIUSIIBIK
OesiceHAUNIrH, KYHABUIBIKTHIK OarJapiapblH KoHE a3aMaTThIK JKayalnKepIIUIriH apTThIpy/ia OH bIKIaJ
eTeTIHIH Joenieli. DKCIepUMEHTTIK JKoHE OaKbuIay TONTApbIHBIH CAlbICTBIPMAaJbl KOPCETKIIITEpi
WHTEPAKTUBTI OMICTEPIH TYJIFAJIBIK JAaMyJaFbl apTHIKIIBUIBIFEIH aKbIH KOPCETTI: AKCIIEPUMEHTTIK
TONTAaFbI OapIIBIK KOPCETKIMITEP opTa ecernreH 15-25% >xorapbl HOTHXKE Oep/ii.

WNHTepakTUBTI OKBITY TOCUIIEP] OKYLIBUIAPABIH OKY MPOIECIHEr1 OeNCeH Il CyOBeKT peTiHerl
pOeJIlIH KYLIEHUTIN, ONapAblH ©3 OHbIH amiblK JKeTKI3yre, MiKIp ajJMacyfa, TOINTHIK TaJlKblIayFa
KaTbICybIHA MYMKIHIIK TYFbI3Abl. MyHAall opTaga OuliM amymipUiap TEK akKmapar ailylibl eMec,
COHBIMEH KaTap Wjes TYABIPYIIbI, TaJJayIllbl XoHE Oaranaylisl TyJFara alHaiael. [1aTpUOTTHIK
TaKBIPBINITaFbl cabakTapja, MiKipTanacTapa oHe PeIIiK OMbIHAapja ojap ©3 eNiHIH TapuXbIHa,
MOJICHUETIHE, OoJaImarbiHa JETEeH KayarnmKepIIUTKTI ce3iHe Oactansl. byn omapaplH pyxaHU KoHE
a3aMaTThIK CaHa-CEe3IMiHIH OCYiHe, eIDKaHABUIBIK KACUETTEPiHIH HBIFAlObIHA dCep €TTi.

3epTTey OapbIChlHIa MHTEPAKTUBTI SIICTEpAiH OlpHemie Typi (mikipranac, »K0OalblK OKBITY,
POJIIK OWBIH, TPEHUHT, MHFa IMa0ybIT KOHE KBECT AJIEMEHTTEpPi) KOJAAHBUIIBI. OPKaWCHICHIHBIH
©31HIIK TCUXOJIOTHSIIBIK 9Cep €Ty TeTiKTepl Oap eKeHl aHbIKTalbl. MbIcalibl, MiKipTauac meH aedar
omicTepi OKYIIBLIAP/IBIH CHIHU KOHE JIOTUKAIIBIK OMJIAybIH JAMBITCA, POIIAIK OUBIHIAP MEH TPECHUHITED
SMOLMSIIBIK KYHre ocep eTil, MaTpUOTTHIK CE3IMHIH IMIKI JEHreiiie OpHBIFybIHA BIKOAT €TTi. Al
JKOOANBIK JKYMBICTAP OKYIIBUIAP/IBIH IIBIFAPMAIIBUIBIK KaOUTETIiH JaMBITHIIN, €71 TaFIbIpbl MEH KOFaM
JTAaMyBIHA JKEKe YJIeC KOCY HUETIH OSTTHI.

WHTepakTUBTI 9MICTEP/IiH Tarbl Oip MaHBI3bl HOTHKECI OKYIIBUIAP/IBIH 1IIKI MOTHBAIUSCHIHBIH
apTybl. 3epTTey OapbhICBIHIA IKCIIEPUMEHTTIK TONTAFbl OUTIM amymbutapAbiH 82%-bI WHTEPAKTHBTI
cabakTapra KbI3bIFYIIBUIBIKIIEH KATHICKAHBIH JKOHE MATPUOTTHIK TAKBIPBIITAFbl TAIKbUIAYIAPIBIH
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ONIapbIH OMIpJIK YCTaHBIMBIHA OCep €TKEHIH aTam eTTi. byn aepexk WHTEpakTHBTI OKBITYIBIH
TYJIFaHbIH ©31H-031 TAHYBI MEH ©31H/IIK KYH/IBUIBIFBIH CE31HY1HE BIKIAJ €TETIHIH JSMIeIACHI].

[TcuxoMorusbIK TYPFBIIAH aFaH/a, MHTEPAKTUBTI OMICTEp OKYIIBLIAPABIH O31HIIK THIMIUIIK
cesimin (self-efficacy) »oHe TONTBIK YHIECIMAUTIKTI apTThIpaabl. MyHmal cabakTapja OKyIIbLIap o3
MIKipiH OULIIPYACH KOPBIKIAKIBI, KePICIHIIE o3apa KoJaay MEH CeHiM arMocdepachl opHaibl. by
OopTa 3MOIMOHAIIBl TYPAKTHUIBIKTBI KAJBINTACTHIPYFa KOHE OJCYMETTIK HMHTEIJUICKTIHI JaMBITyFa
MYMKIHJIIK Oepe/i.

CoHbIMEH KaTtap, 3epTTey HHTEPAKTHUBTI SAICTEPIiH YITTHIK-PyXaHH KYHBUIBIKTapAbI CIHIpYyAeri
peiiH ne akpiHaanbl. «Menig OtanbiM — Kazakcrany», «MeH o3 emimal CyiHeMiny) CHUSKTBl TPEHUHTTED
MeH jxo0anap OapbIChIHIA OKYIIBLIAp €71 TapUXbIHA, MOJCHH MYPACBIHA, TII MEH AOCTYpPre JereH
MaKTaHBII Ce3IMIH TepeH ce3iHai. by sMonmoHanapl ocep KOTHUTHBTI OUNIMMEH YINTACHIIL,
NATPUOTU3MHIH TYPaKThl KEKE KACHETKE aWHaIyblHA AaJFBIIAPT JKacadbl. 3epPTTEy HOTHKEIEePIH
JKMUHAKTall Keje, MHTEPAKTHBTI OIICTEPMIH HETI3T1 apTHIKIIBUIBIKTAPBIH TOMEHJETIeH TomnTayFa
Oomazpl:

o [1aTpHOTTBIK Ce31M/Ii IMOLUSIIBIK JKOHE TAHBIMJIBIK TYPFBIIaH KaTap JaMbITY;

ebinimM amymsapapiH OCNCEHIUIITIH apTThIpy JKOHE 63 MIKIpiH epKiH OUIipyre MyMKIHAIK
oepy;

® Y KbIMJIBIK KapPbIM-KaThIHACTHI dKOHE bIHTHIMAKTACTBHIKTHI KAIBIITACTBIPY;

o KyHIBITBIKTHIK OaFrjap MEH a3aMaTThIK KayanKepIIUTIKTI KYIISUTy;

o TynraHblH ©31H-631 JaMBITY JKOHE YITTBIK COWKECTITH TepeH Ce3iHy MYMKIHITIH apTThIPY.

3eprrey HoTmkenepi KazakcraHmarpl Kalmbl OpTa >KOHE KocinTik OumiM Oepy xylecinae
NaTPUOTTHIK TOpOUe OarbITHIHAAFBI >KYMBICTApbl >KETULIIpYre HaKThl YCBIHBICTap Oepexdi. Atar
alTKaHJa, WHTEPAKTHBTI OIICTEpIi OKYy OarmapiamaliapblHa >KYHel Typle €HTi3y, MyFaliMIep.IiH
WHHOBAIIMSIIBIK-TIEIarOTUKAIBIK KY3BIPETTUIITH apTTHIPY KOHE YITTHIK TOpOHe Ma3MYHBIH jKaHallla
o/licCHaMaJTbIK TYPFBIIa OAMBITY KaXKeT.

HNAHJAJAHFAH SJIEBUETTEP TI3IMI

1. AiirmambGeroBa, b.P. (2018). TynranblH NaTPpUOTTHIK CE31MIH KAJIBITITACTHIPYABIH MEarOTUKAIIBIK
Herizznepi. — Anmatsl: Ka3ak yHUBepCHUTETI.

2. Ceiicenbaena, XK. K. (2020). XXorapsl 0Ky OpbIHAAPBIHAA CTYACHTTEPIIH a3aMaTTHIK-TATPUOTTHIK
MOJIEHUETIH KaJblnTacThIpy konaapel. — Hyp-Cynran: binim Oacnachl.

3. Kamubekosa, ©O. (2017). MHTepakTHBTI 9JicTep JXOHE OJIAPABIH OKYy-TOpOHMEe MpOoIeCciHaeri
TUIMILUTITL. — AMaThl: PayaH.

4. MyxamberkanoBa, C. A. (2019). Oky mnporeciHaeri WHHOBAIMSIIBIK KOHE WHTEPAKTUBTI
texHosorusunap. — Kaparanapl: bonamak ynusepcuteti 6acnachl.

5. baiimyparoBa, A. T. (2021). [TaTpuoTTHIK TopOue Oepy omicTepi MEH 3aMaHayd Tociauepi. —
[emvkenT: OKMITY Gacmachr.

6. Kapaesa, JI. (2022). XKactapIpiH pyxaHH-aIJaMT€pIILUTIK TOPOUECIH JaMBITYIaFbl TICUXOJIOTHSUTBIK

acriekTiziep. — Anmatsl: JlapbIH.

XacanoBa, P. (2019). [TaTproTH3m *koHe YITTHIK caHa rnicuxosoruscel. — Hyp-Cyiran: A63a.

8. Vygotsky, L. S. (1978). Mind in Society: The Development of Higher Psychological Processes. —
Cambridge, MA: Harvard University Press.

~

144



Mex tyHapo iublii Hay4HbIi xypHat AKAJTEMUK Ne 2 (283) 2025 r.

COGNITIVE AND EMOTIONAL MECHANISMS OF HOW INDIVIDUALS ENGAGE WITH
POLITICAL CONTENT IN ALGORITHM-BASED ONLINE ENVIRONMENTS

Aiganym Ybyray™

Master’s Degree: Cultural Anthropology

Eétvés Lorand University (ELTE), Budapest, Hungary
aya.ibrayeva@gmail.com

Bolatova Gulzhaukhar Zhambylovna

Candidate of Philological Sciences, Associate Professor
Vice Dean of the Faculty of Journalism and Social Science
L.N. Gumilyov Eurasian National University
bolatova_gzh_1@enu.kz

Abstract. In today’s digital information environment, algorithmic curation is a decisive factor
shaping how citizens cognitively and emotionally engage with political content. This study
investigates the mechanisms behind such engagement, using evidence from a pre-registered audit of
Twitter’s engagement-based ranking algorithm and perspectives from cognitive psychology. The
analysis shows that engagement-driven algorithms systematically amplify emotionally charged and
out-group hostile content, while failing to align with users stated informational preferences.
Quantitative findings confirm that anger-laden and divisive posts are disproportionately promoted,
whereas qualitative insights—framed through dual-process theory—demonstrate how “system 17
intuitive reactions dominate algorithmic design at the expense of slower, reflective “system 2”
reasoning. Moreover, algorithms trained on automatic behaviours risk codifying unintended social
biases, with implications for both user well-being and democratic trust. The practical contribution of
this research lies in arguing that ranking systems should incorporate reflective preference signals,
thereby reducing polarisation, supporting healthier deliberation, and strengthening democratic
resilience in the algorithmic age.

Keywords: algorithmic curation; cognitive bias; emotional engagement; social media.

Introduction. Online platforms curate vast amounts of political content using algorithms that

optimise for engagement. These systems predict what users will like, share or comment on, and present
items in a personalised feed. While such ranking improves relevance, it also introduces concerns about
filter bubbles, political polarisation and emotional manipulation. Cognitive scientists distinguish
between fast, automatic responses (system 1) and slow, deliberative reasoning (system 2). Algorithmic
curation tends to exploit system 1 biases, favouring attention-grabbing and emotional content that
maximises clicks and dwell time. This article investigates the mechanisms by which algorithms shape
cognitive and emotional engagement and assesses whether alternative ranking strategies could mitigate
negative effects.

Literature review. Empirical evidence shows that engagement-based algorithms amplify
divisive content. In a pre-registered audit, Milli et al. compared Twitter’s engagement-based ranking
with a reverse-chronological baseline and found that the algorithm amplified emotionally charged,
out-group hostile content while failing to satisfy users’ stated preferences. The authors attributed this
effect to the algorithm’s optimisation for passive engagement behaviours such as lingering or watching

a video, which do not necessarily reflect users’ reflective values. Brady et al. argue that ranking
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algorithms systematically exploit human social-learning biases, amplifying prestigious, in-group,
moral and emotional (PRIME) content. Agan et al. note that because cognitive biases are more likely
during fast, intuitive thinking (“system 17), algorithms trained on impulsive behaviours replicate those
biases. Ludwig et al. further show that automatic choices (system 1) are more susceptible to prejudice
and that algorithms trained on such data codify bias more strongly. These findings suggest that
algorithmic design and data selection play pivotal roles in shaping political discourse and emotional
reactions.

The mechanics of algorithmic curation have evolved to prioritize not just relevance but engaging
emotional salience. Recent research clearly shows that engagement-based algorithms tend to select
content with higher emotional intensity, especially that evoking anger and animosity toward political
out-groups. For instance, one study observed that Twitter’s engagement-based algorithm surfaced 62%
angry political tweets with 46% out group animosity, compared to 52% and 38%, respectively, in the
reverse-chronological feed. This amplifies polarizing sentiments and reinforces emotional echo
chambers, even while not necessarily reducing cross-group exposure.

Moreover, McLoughlin et al. (2024) demonstrate how interactions between human emotional
biases and algorithmic mechanisms drive the spread of moral and emotionally-charged
misinformation—highlighting the potent synergy between human susceptibility and algorithmic
reinforcement. No less striking, the “polarization loop” concept posits that extreme messaging,
emotional engagement, and amplification by algorithms form a self-reinforcing cycle pushing users
toward radicalization. This model underscores the emotional underpinnings of online polarization and
the algorithmic fuel that accelerates it.

Intriguingly, some sources suggest that polarization is rooted not solely in algorithmic filtering
but in structural tendencies of networked interaction. A recent experimental study using Al bots to
simulate a social media network revealed that even without engagement algorithms, bots formed
political cliques, amplified extremist views, and allowed a small elite to dominate discourse. This
points to profound social-design dynamics inherent in networked platforms—independent of
algorithmic ranking—that facilitate echo chambers.

Rigorous algorithmic audits have become essential in unpacking subtle biases. A TikTok audit
from early 2025 demonstrated systematic skew: Republican-seeded accounts received approximately
11.8% more party-aligned recommendations than Democratic-seeded ones, while Democratic accounts
were slightly more likely to receive opposite-party recommendations. This asymmetry, consistent
across states and not fully explained by engagement metrics, raises pressing questions about
algorithmic neutrality in politically salient periods.

The good news: algorithms can be designed to mitigate polarization rather than exacerbate it. A

2024 project at Stanford embedded democratic values—such as reduced partisan animosity—into
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feed-ranking algorithms. The resulting feeds lowered partisan hostility while maintaining user
engagement comparable to traditional engagement-based feeds.

Similarly, Piccardi et al.’s field experiment on X/Twitter varied participants’ exposure to
antidemocratic and partisan-animosity content (AAPA). Reducing AAPA exposure led to more
positive feelings toward political out-groups, while increasing exposure intensified negative
emotions—yet engagement metrics remained largely unchanged. This suggests that curated
exposure—not sheer engagement—could foster healthier political affect.

Complementing this, Google’s Jigsaw initiative is developing classifiers that reward nuance,
evidence-based reasoning, and compassion over incendiary content, offering a technological path
toward more constructive online environments.

On the content level, emotional cues are powerful drivers of engagement and relational effects.
A study of U.S. senators’ social media posts revealed that emotional content—regardless of valence—
was pivotal in accruing followers and driving engagement. Elsewhere, Marino et al. (2024) articulated
the "polarization loop," linking emotional engagement with the diffusion of disinformation and
conspiracy narratives among extreme right movements—highlighting how emotionally charged
narratives propagate and morph online. These dynamics are also framed within broader structural
concepts such as the filter bubble and echo chamber, where personalized algorithms insulate users
within ideological silos and reinforce confirmation bias.

We are witnessing the rise of an “outrage industrial complex” in digital media, where moral
outrage isn’t just a spontaneous reaction—it’s meticulously engineered for attention and profit.
Platforms, influencers, and political operatives leverage outrage to escalate polarization. In the realm
of TikTok and short-form content, “rage-baiting” influencers intentionally provoke anger and
controversy to drive virality—evidencing an emerging genre of emotion focused tactic for engagement
maximization. In journalism, writers observe the broader “outrage machine” effect: emotionally-
loaded posts become viral catalysts, undermining critical thinking and dialogue—particularly during
heightened political moments like election seasons. Another notable insight comes from recent
research highlighting how a tiny minority of users shape public perception. According to a paper by
NYU professor Jay Van Bavel, just 10% of users account for 97% of political content on platforms
like X, while only 0.1% spread 80% of misinformation. Their disproportionate influence, combined
with algorithmic reward systems for sensationalism, distorts perceptions of public belief and fosters a
false sense of pervasive polarization.

Why This Matters: Scientific Significance and Contemporary Relevance

1. Melding Emotion and Cognition: This literature interweaves emotional contagion, cognitive
bias, and algorithmic design to explain how individuals engage—and sometimes get trapped—in

online political narratives.
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2. Structural & Algorithmic Roots: We move beyond blame on algorithms alone, recognizing
social architecture, design incentives, and hyperactive minorities as integral components.

3. Timely Audits & Interventions: The inclusion of live audits (TikTok, X) and active redesigns
(Stanford’s democratic-feed, Piccardi’s field experiment) illustrates our capacity for evidence-driven,
real-world algorithmic reform.

99 ¢

4. Polarization as a Systemic Loop: Concepts like the “polarization loop,” “outrage machine,”
and “filter bubble” indicate feedback mechanisms—not one-off effects—that continuously reinforce
division.

5. Practical Leverage Points: The findings suggest actionable strategies—such as value-
oriented ranking, emotional tone modulation, and exposure variation—that can inform both platform
engineering and policy frameworks.

Materials and methods. The research draws on two complementary approaches. First, it
synthesises data from a pre-registered algorithmic audit of Twitter/X (February 2023) in which
806 users were exposed to three timelines: the engagement-based ranking algorithm, a
reverse-chronological baseline and a counterfactual timeline based on users’ stated preferences. The
study measured the emotional intensity and partisan hostility of tweets across these conditions.
Second, a conceptual analysis uses dual-process theory to interpret how algorithms exploit
automaticity.

Results and discussion

Table 4 — Engagement-based ranking algorithms and features

Platform Algorithm features Evidence

Twitter/X Engagement-based ranking predicts ten types | Pre-registered audit
of user behaviours such as retweeting, | (2023)
replying, watching videos or lingering for at

least two minutes

TikTok Algorithm predicts how long users will | Reported examples
watch a video and whether they will like or

comment on it

Facebook News Feed News Feed ranks posts based on engagement | Audit of algorithmic bias

signals; training data consist of user scrolling | (Ludwig et al.)

behaviour
Facebook Suggests new friends using less automatic | Ludwig et al. audit
People You May Know behavioural data; shows no detectable

out-group bias
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Engagement-based algorithms rely heavily on observed user behaviours, many of which are
automatic. Twitter’s algorithm, for example, predicts whether a user will retweet, reply, or linger on a
post. Such predictions treat engagement as an expression of preference, ignoring the difference
between momentary interest and reflective endorsement. TikTok similarly prioritises video watch time
and likes. Ludwig et al.’s audit demonstrates that when algorithms are trained on automatic
behaviours, they inherit and amplify biases. By contrast, the Facebook friend-suggestion algorithm,

which uses less automatic data, exhibits no out-group bias.

Algorithmic Ranking vs Emotional Content

50

35

30

Share of Emotional Content (%)

Engagement-based Reverse Chronological Stated Preference
Algorithm

Timeline

B Engagement-based Algorithm Reverse Chronological B Stated Preference

Figure 1 — Emotional content across timelines

The bar chart illustrates the share of tweets containing emotional or out-group hostile content in
the engagement-based algorithmic timeline compared with the reverse-chronological baseline and a
stated-preference timeline.

The chart shows that the engagement-based algorithm surfaces roughly half of tweets with
emotional content, significantly more than the reverse-chronological feed (=35 %) and a timeline
curated from wusers’ stated preferences (=30 %). These data align with the finding that
engagement-based ranking amplifies partisan hostility and emotional intensity. Such amplification
may deepen political polarisation and reduce user well-being. An important nuance is that users did not
prefer the algorithmically ranked political tweets, indicating a divergence between revealed
engagement and reflective preference.

Table 5 — Results of the Twitter/X algorithmic audit

Outcome Engagement-based algorithm Reverse Stated-preference timeline

chronological
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baseline
Emotional content | High — amplified out-group | Moderate Lower — reduction in
hostility and anger angry and partisan content
User satisfaction | Underperformed in  satisfying | Baseline Higher satisfaction — more
users’ stated preferences aligned  with  users’
reflective preferences
Evidence of | Yes — algorithm  exploits | No direct | Reduced PRIME content
PRIME content | social-learning biases to prioritise | amplification
amplification prestigious, in-group, moral and
emotional posts

The audit reveals a trade-off between engagement and user satisfaction. The engagement-based

algorithm heightens exposure to emotionally charged and out-group hostile content, whereas users

report greater satisfaction with feeds curated according to their stated preferences. This suggests that

algorithms could be redesigned to optimise for reflective preferences without sacrificing user

experience. The presence of PRIME content (prestigious, in-group, moral and emotional) is a hallmark

of algorithmic amplification. Reducing such content could ameliorate partisan hostility.

Table 6 — Cognitive and emotional mechanisms in algorithmic environments

Mechanism Description Implications

System 1| Fast, automatic responses driven by | Leads to amplification of

processing heuristics; exploited by algorithms | emotional content and
optimised for quick engagement reproduction of biases

System 2 | Slow, deliberate reasoning reflecting | Alternative ranking

processing deeper preferences (stated-preference timelines)

leverages this, resulting in lower
emotional intensity and higher

satisfaction

Social-learning

Human tendency to pay attention to

Algorithms optimise for these

biases prestigious, moral, in-group and | signals, leading to divisive
emotional information (PRIME) content and misperception
Automaticity and | Algorithms trained on behaviours | Designing algorithms using less

bias

reflecting automatic choices codify

prejudice more strongly

automatic data can reduce

out-group bias
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The table synthesises cognitive theories with empirical findings. System 1 processing captures
attention quickly but is susceptible to biases and sensationalism, whereas system 2 processing reflects
considered judgments. Engagement-based algorithms exploit system 1, thereby amplifying divisive
content. Social-learning biases further exacerbate the problem by making users more responsive to
PRIME information. Algorithms that incorporate users’ reflective preferences—e.g., through explicit
feedback or stated-preference timelines—reduce the prominence of emotional content and align better

with user satisfaction.

Biases & Amplifiers

Social-learning biases PRIME content User Exposure
v
Automatic Reaction /
(System 1)
\ / ¥
Emotional Engagement Reflective Choice (System 2)

L~

Algorithm Ranking

Figure 2 — Cognitive-emotional feedback loop

When users encounter a political post, a fast, automatic reaction (system 1) produces an
emotional engagement that feeds back into the algorithm through clicks, shares or time spent. The
algorithm then uses these signals to prioritise similar content, creating a feedback loop. A slower,
reflective choice (system 2) can modify preferences but is often outweighed by automatic reactions.
Social-learning biases and the appeal of PRIME content amplify the cycle. Designing algorithms that
incorporate reflective feedback or reduce the weighting of automatic signals can mitigate polarisation.

Conclusion. The analysis demonstrates that engagement-based algorithms are not neutral; they
systematically amplify emotional and out-group hostile content, exploiting users’ automatic responses.
Audits show that such algorithms underperform in satisfying users’ reflective preferences and that
alternative ranking methods yield better outcomes. Dual-process theory helps explain why: system 1
automaticity is easily captured by metrics like dwell time, while system 2 deliberation is harder to

measure. Thus, based on the foregoing, we can conclude that responsible algorithm design should
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privilege stated preferences and reflective engagement over passive metrics to reduce bias and improve
the quality of political discourse.

Beyond identifying the biases inherent in engagement-based algorithms, this research
underscores a deeper challenge: the alignment of algorithmic optimisation with democratic values. The
evidence suggests that when political discourse is filtered through metrics that reward immediacy and
outrage, platforms risk privileging virality over veracity, emotional intensity over deliberation, and
division over dialogue. In this sense, algorithmic systems do not merely reflect user behaviour—they
actively shape the cognitive and emotional pathways through which political life is experienced. At the
same time, the results highlight a clear opportunity for innovation. Experimental interventions, such as
stated-preference timelines or algorithms calibrated to reduce partisan animosity, demonstrate that
alternative designs can mitigate hostility without compromising engagement. This points to the
feasibility of a paradigm shift: from platforms engineered for attention capture to platforms engineered
for reflective choice and civic trust. The scientific significance of this study lies in bridging cognitive
psychology with empirical algorithm audits, thereby providing a richer account of how digital
architectures interact with human decision-making systems. The practical implication is equally
urgent: policymakers, technologists, and scholars must collaborate to establish standards of
algorithmic accountability that safeguard not only user well-being but also the health of democratic
institutions.Thus, on the basis of the foregoing, we can conclude that future algorithmic governance
should integrate cognitive insights into design principles, ensuring that platforms do not inadvertently
amplify society’s most divisive tendencies, but instead foster conditions for informed deliberation,

pluralism, and resilience in the digital public sphere.
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PLACEMAKING ASATOOL FOR CREATING IDENTITY IN NEW URBAN DISTRICTS

Arailym Yeskendir

Abstract

New urban districts often face a challenge that cannot be solved by architecture alone: they may be
modern, technically efficient, commercially attractive, and well supplied with housing, but still lack a
recognizable identity and emotional connection with residents. Buildings, roads, retail units, parks,
courtyards, and amenities do not automatically create a “place.” They create physical space. A place
emerges when people attach meaning, memory, routine, emotion, and social life to that space.

Placemaking offers a practical and human-centered method for transforming newly built
environments into meaningful urban districts. It combines urban design, public space planning, social
infrastructure, cultural programming, community participation, interior design, landscape design, local
services, and long-term activation. This article examines placemaking as a strategic tool for creating
identity in new urban districts. It argues that strong district identity is not formed only through branding
or visual design, but through everyday use, resident participation, accessible public spaces, community
anchors, and repeated social experiences. Drawing on international urban policy and examples from
Denmark, Finland, Colombia, Singapore, Australia, the United States, and the United Kingdom, the
article proposes a practical framework for developers, designers, and project managers seeking to create
new districts that are not only functional, but also socially meaningful, emotionally recognizable, and
resilient over time.

Keywords: placemaking, urban identity, new urban districts, public space, social infrastructure,
residential development, community hubs, mixed-use spaces, place attachment, urban design, community
identity.

1. Introduction

The rapid growth of cities has created a new generation of urban districts. Many of them are built as
large residential complexes, mixed-use developments, satellite districts, or planned urban neighborhoods.
These projects often include high-rise housing, retail space, schools, roads, parking, playgrounds,
landscaping, and service facilities. However, one of the most difficult questions remains: how can a new
district become a real place rather than just a collection of buildings?

This question is becoming more important because urbanization continues to reshape how people
live. The United Nations projects that 68 percent of the world’s population will live in urban areas by
2050. In 2018, the figure was 55 percent, and in 1950 it was only 30 percent. This long-term demographic
shift means that the quality of urban districts will strongly influence the everyday lives of billions of
people. Cities are also central to economic development: the World Bank notes that cities generate around
80 percent of global GDP. Therefore, the identity and livability of urban districts are not only aesthetic
matters; they are social, economic, and developmental issues. (OOH)

New urban districts often struggle with anonymity. They may be physically complete but socially
unfinished. Residents may move into apartments, but they may not yet feel attachment to the district.
Public spaces may exist, but they may not yet be active. Retail units may open, but they may not create
local culture. Courtyards may be landscaped, but they may not become places where residents form
memories.

Placemaking responds to this problem. Project for Public Spaces defines placemaking as a
participatory process for shaping public space that uses the ideas and assets of people who live, work, and
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spend time there. The process begins with observing, listening, and asking questions in order to
understand people’s needs and aspirations before creating a shared vision for the place.

For new urban districts, placemaking is especially valuable because identity does not yet exist
naturally. It must be carefully cultivated. Placemaking helps turn new streets, courtyards, plazas, interiors,
and community facilities into meaningful places where people feel ownership, belonging, and
recognition.

2. From Physical Space to Meaningful Place

A “space” is a physical area. A “place” is a space with meaning. This distinction is central to urban
development.

A new district may have excellent architecture, but if people do not gather, interact, remember,
celebrate, or identify with it, the district remains incomplete. Place is created through use. A plaza
becomes a place when people meet there regularly. A courtyard becomes a place when children play there
after school and parents recognize one another. A café becomes a place when it becomes part of residents’
daily routine. A community hub becomes a place when it hosts workshops, celebrations, meetings, and
informal encounters.

This means that placemaking is not only about physical design. It is about creating the conditions
for social meaning. It connects design with human behavior.

Historic neighborhoods often develop identity slowly through time, local businesses, cultural
practices, public rituals, and collective memory. New districts do not have this advantage. They are often
built quickly and occupied by residents who may not know one another. Placemaking helps accelerate
identity formation by designing and programming shared experiences from the beginning.

3. Why Identity Matters in New Urban Districts

Urban identity matters because it affects how people feel, behave, and invest emotionally in their
environment. A district with strong identity is easier to recognize, easier to describe, and easier to care
about. Residents are more likely to feel pride, safety, and belonging when their district has a clear
character.

Identity also influences the long-term success of real estate projects. In competitive markets, many
residential developments offer similar apartment layouts, parking, retail, and basic amenities. What
differentiates a successful district is often not only the building itself, but the experience of living there.
Residents increasingly evaluate developments by atmosphere, convenience, community life, social
infrastructure, and emotional comfort.

The New Urban Agenda recognizes that well-planned urbanization can contribute to social and
economic value, improved quality of life, job creation, and livelihood opportunities. It also emphasizes
the role of public space and infrastructure in creating value for cities and neighborhoods.

Therefore, placemaking is not a decorative extra. It can support social connection, resident
satisfaction, public safety, local business activity, walkability, property attractiveness, and long-term
district reputation.

4. Placemaking as a Development Strategy

In traditional real estate development, project teams often prioritize land acquisition, zoning,
construction, financing, sales, commercial leasing, engineering, and building delivery. These elements are
necessary, but they do not automatically create community identity.

Placemaking adds another strategic layer. It asks:

Who will use this district every day?

Where will residents meet naturally?
What spaces will become community anchors?
What local story will the district communicate?
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How will children, families, elderly residents, young professionals, and visitors experience the
place?

What daily rituals will make the district feel alive?
How will the place change after residents move in?

This approach requires the project team to think beyond buildings. A successful new district must
include public spaces, semi-public interiors, active ground floors, pedestrian routes, local services,
community programs, cultural elements, and management systems.

Project for Public Spaces emphasizes that placemaking is not simply top-down design. It is a
collaborative process that strengthens the connection between people and the places they share. This is
important because a place cannot be imposed entirely from above. Residents must eventually recognize it
as theirs.

5. Main Components of Urban Identity

5.1 Physical character

Physical character includes architecture, streets, courtyards, facades, materials, lighting, signage,
greenery, public art, and interior design. These elements make a district visually recognizable. However,
physical character should not become superficial styling. It must support comfort, movement, safety, and
everyday use.

A district can have impressive architecture but still fail as a place if the spaces between buildings
are empty, windy, inaccessible, or uncomfortable. Strong physical character must be human-scaled and
usable.

5.2 Social infrastructure

Social infrastructure includes the spaces and institutions that support human connection: libraries,
community centers, neighborhood hubs, playgrounds, parks, schools, cafés, cultural rooms, sports
facilities, and shared lounges. These spaces allow people to meet repeatedly and form trust.

For new districts, social infrastructure is especially important because social networks are not yet
mature. A neighborhood hub, community room, children’s center, or flexible event space can become the
first platform where residents begin to know each other.

5.3 Local narrative

A district needs a story. This story may be based on nature, family life, innovation, wellness, local
history, culture, craftsmanship, education, creativity, or sustainability. Without narrative, new districts
may feel generic.

The narrative should be expressed not only in marketing materials, but also in design,
programming, public art, services, naming, and resident experience.

5.4 Everyday activity

Identity grows through repeated use. A weekend market, morning coffee routine, children’s
workshop, evening yoga session, local concert, or seasonal celebration can become part of the memory of
a place.

People remember what they do in a district, not only what it looks like.

5.5 Public and semi-public spaces

Public and semi-public spaces are the stages of community identity. These include plazas, parks,
courtyards, pedestrian streets, ground-floor cafés, lobbies, libraries, neighborhood hubs, and community
halls.

UN-Habitat’s SDG 11.7 focuses on universal access to safe, inclusive, accessible, green, and public
spaces, especially for women, children, older persons, and persons with disabilities. (UN Habitat) This
principle is directly relevant to new districts. Identity cannot be strong if the district excludes important
resident groups.
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6. Types of Placemaking

Urban planning scholar Mark Wyckoff describes different types of placemaking, including standard
placemaking, strategic placemaking, creative placemaking, and tactical placemaking. This distinction is
useful for new urban districts because different stages of development require different methods.
(AgriCollege)

Standard placemaking focuses on improving the quality of places through better design, public
space, and community use.

Strategic placemaking uses place quality to support economic development, talent attraction,
investment, and competitiveness.

Creative placemaking uses arts, culture, design, and creative activity to strengthen local identity.

Tactical placemaking uses small, quick, low-cost interventions to test ideas before permanent
investment.

For a new district, these approaches can work together. For example, a developer may create a long-
term public space strategy, use cultural programming to build identity, and test temporary events before
investing in permanent facilities.

7. International Experience

7.1 Copenhagen, Denmark: Human-scale public life

Copenhagen is widely recognized for its human-centered urbanism. The city’s public spaces,
cycling culture, waterfront areas, pedestrian streets, and neighborhood-scale design show how everyday
public life can become a central part of urban identity.

The lesson from Copenhagen is that identity is not created only by iconic buildings. It is created by
the comfort of daily life: walking, sitting, cycling, meeting friends, using public squares, and spending
time outdoors. For new districts, this means that pedestrian routes, benches, lighting, cafés, courtyards,
and small-scale public spaces are not minor details. They are identity-forming tools.

7.2 Helsinki, Finland: Civic identity through shared interiors

Helsinki’s Oodi Central Library demonstrates how a public interior can become a civic symbol.
Oodi functions not only as a library, but also as a public living room with reading areas, studios,
workshops, event spaces, children’s zones, and gathering areas.

For new districts, this case shows that identity can be created indoors as well as outdoors. A
neighborhood hub, library, resident center, or community space can become the symbolic heart of a
district if it is accessible, active, flexible, and meaningful.

7.3 Medellin, Colombia: Social urbanism and dignity

Medellin’s transformation is often associated with social urbanism: the use of public infrastructure,
libraries, cable cars, schools, and public spaces to improve inclusion and change the identity of
marginalized neighborhoods. The city’s library parks are frequently discussed as examples of how high-
quality public architecture can support education, dignity, and community pride.

The lesson from Medellin is that placemaking is not only about attractiveness. It can also be about
justice, dignity, and inclusion. When residents receive high-quality public spaces, they receive a message
that their community matters.

7.4 Singapore: Integrated neighborhood life

Singapore’s public housing and neighborhood planning model includes community clubs, hawker
centers, libraries, parks, public transport, and local services. These facilities help districts function as
complete living environments.

The lesson from Singapore is integration. Identity is created not only through design, but also
through everyday convenience and intergenerational use. A district becomes meaningful when people can
live, eat, learn, exercise, gather, and access services close to home.

7.5 Melbourne, Australia: Laneways and small-scale identity
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Melbourne’s laneways show how small spaces can become major identity assets. Through cafés,
murals, lighting, pedestrian activity, and cultural uses, narrow service lanes became internationally
recognized urban places.

The lesson is that placemaking does not always require large-scale monuments. Sometimes identity
emerges from small, human-scale, highly active spaces.

7.6 New York City, United States: Times Square and pedestrian transformation

Times Square’s redesign transformed a car-dominated space into a more pedestrian-oriented public
environment. The redesign increased pedestrian space and added seating, supporting a more flexible and
people-centered public realm.

The lesson is that changing how people use a space can change its identity. When a place becomes
more walkable, comfortable, and open to public activity, people experience it differently.

7.7 London, United Kingdom: King’s Cross regeneration

King’s Cross in London is an example of large-scale urban regeneration where historic buildings,
new public spaces, offices, housing, education, retail, and cultural programming were combined into a
new urban district. Its identity was shaped not only by architecture, but by adaptive reuse, public squares,
canalside spaces, events, and a strong mix of uses.

The lesson is that district identity becomes stronger when new development connects with memory,
heritage, public space, and active programming.

7.8 Barcelona, Spain: Superblocks and neighborhood identity

Barcelona’s Superblocks model reorganizes streets to reduce car dominance and create more
pedestrian-friendly neighborhood environments. Although the model is not only about new districts, it
shows how public space can be reclaimed for residents, children, walking, sitting, and community life.

The lesson for new urban districts is that streets should not be treated only as movement corridors.
They can also become places of social life.

8. Placemaking Tools for New Urban Districts

8.1 Community anchors

A new district needs recognizable anchor places. These may include a central square, neighborhood
hub, cultural space, children’s center, public library, market, café cluster, wellness center, or community
courtyard.

Without anchors, social life becomes scattered. With anchors, the district has places where identity
can concentrate.

8.2 Active ground floors

Ground floors are critical to urban identity. Blank walls, inactive lobbies, and closed fagades
weaken public life. Active ground floors with cafés, shops, community services, studios, and visible
interiors create movement and safety.

8.3 Public art and cultural storytelling

Public art can create recognition, but it should be connected to local meaning. Murals, sculptures,
installations, craft elements, cultural symbols, and digital storytelling can help residents understand the
district’s character.

8.4 Flexible public spaces

New districts need spaces that can change over time. A plaza may host a market on weekends,
children’s events during holidays, outdoor cinema in summer, and seasonal installations in winter.
Flexibility keeps the district alive.

8.5 Temporary activation
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Before permanent identity forms, temporary interventions can test what people need. Pop-up cafés,
outdoor furniture, pilot markets, temporary exhibitions, small concerts, and children’s programs allow
project teams to observe behavior and improve design.

Project for Public Spaces describes “Lighter, Quicker, Cheaper” improvements as small-scale
actions that can bring immediate benefits and help move from vision to implementation.

8.6 Resident participation

Resident participation can include surveys, workshops, digital feedback, community meetings, co-
design sessions, and volunteer programs. This helps avoid generic solutions and gives residents a sense of
ownership.

8.7 Programming calendar

A place needs rhythm. Annual programming may include:

family festivals;
children’s workshops;
sports and wellness activities;
local food markets;
cultural evenings;
art exhibitions;
outdoor cinema;
book clubs;
resident meetings;
holiday celebrations;
community clean-up days.

Repeated events create memory and tradition.

9. Practical Framework for Creating Identity in New Urban Districts

Stage 1: Context analysis

The project team should analyze location, climate, culture, demographics, transport, surrounding
neighborhoods, existing services, and market expectations. Identity should grow from context, not from
copied design trends.

Stage 2: Resident profile and lifestyle mapping

The team should identify who will live in the district: families, young professionals, elderly
residents, students, remote workers, entrepreneurs, children, and visitors. Each group uses space
differently.

Stage 3: Place vision

The project should define a clear identity direction. For example, a district may be family-centered,
creative, wellness-oriented, green, educational, cultural, smart, or community-focused.

Stage 4: Public space hierarchy

The district should have a hierarchy of places:

main public square;
neighborhood hub;
courtyards;
pocket parks;
pedestrian streets;
children’s areas;
quiet gardens;
active commercial streets;
semi-private resident lounges.
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Each space should have a different role.
Stage 5: Social infrastructure strategy
Social infrastructure should be planned from the beginning. It may include a community center,
children’s studio, library corner, co-working area, wellness room, flexible event hall, cultural room, or
service hub.

Stage 6: Design language

Architecture, interiors, landscape, signage, lighting, and materials should create a coherent identity.
The district should be recognizable, but not artificial.

Stage 7: Activation plan

The project should include an activation plan before residents move in. Early programming helps
the district feel alive from the beginning.

Stage 8: Governance and operations

Placemaking requires management. Someone must coordinate events, maintain public spaces,
collect feedback, manage partnerships, and adapt the strategy.

Stage 9: Measurement and improvement

The placemaking strategy should be evaluated regularly. Useful indicators include:

number of users in public spaces;
event attendance;
resident satisfaction;
sense of belonging;
perceived safety;
commercial foot traffic;
local business performance;
frequency of repeat visits;
social media mentions;
resident retention;
feedback from children, families, elderly residents, and visitors.

10. Role of the Developer and Project Manager

Placemaking requires coordination across many disciplines. Architects may design buildings,
landscape architects may design outdoor areas, interior designers may create community spaces,
marketing teams may shape the public image, leasing teams may bring commercial tenants, and property
managers may operate the district. Without coordination, these elements may not form one coherent
identity.

This is where the role of the project manager becomes essential. A project manager can connect the
original concept with practical execution. This includes:

coordinating architects, designers, engineers, contractors, operators, and service partners;
ensuring that the district identity is reflected in physical design;
aligning community spaces with real resident needs;
checking that public spaces are not only attractive but usable;
integrating interior community hubs with outdoor public spaces;
planning activation before and after opening;
helping create a management model for long-term use.

In this sense, placemaking is not only a design process. It is also a project delivery and operational
process.

11. Risks of Superficial Placemaking
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The popularity of placemaking has created a risk: some projects use the term as a marketing label
without real community value. Project for Public Spaces warns that using “placemaking” for projects that
are not rooted in public participation can dilute its value.

Common mistakes include:

copying international design trends without local relevance;
using public art as decoration rather than storytelling;
creating expensive but empty plazas;
designing spaces mainly for marketing photographs;
ignoring children, elderly residents, and people with disabilities;
over-commercializing public space;
failing to maintain and activate spaces after opening;
not collecting resident feedback;
creating a “brand identity” without real social identity.

True placemaking is not a one-time design decision. It is a long-term process of building meaning.

12. Conclusion

Placemaking is one of the most important tools for creating identity in new urban districts. It
transforms physical development into meaningful place. In a world of rapid urbanization, large residential
complexes, and expanding cities, new districts cannot rely only on architecture, infrastructure, and
commercial functions. They need public life, social infrastructure, local narratives, community anchors,
resident participation, and everyday rituals.

International experience shows that strong urban identity can be created through human-scale
design, shared interiors, public spaces, cultural programming, social infrastructure, adaptive reuse,
walkability, and inclusive access. Copenhagen demonstrates the value of human-scale public life.
Helsinki shows the power of civic interiors. Medellin shows how public architecture can create dignity.
Singapore shows the importance of integrated neighborhood services. Melbourne shows the identity
power of small spaces. New York shows how pedestrian transformation can change public life. London
shows how heritage and mixed-use regeneration can create district character.

For developers and project managers, placemaking should be understood as a strategic part of
modern residential development. It can improve resident experience, strengthen belonging, support long-
term value, and help new districts become recognizable communities rather than anonymous collections
of buildings.

The strongest urban districts of the future will not simply provide housing. They will create places
where people feel connected, represented, and proud to belong.
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